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Abstract
Consider the stochastic heat equation

oy (x) = %8§xu,(x) +b(u;(x)) + W[(x), te0,T], x e D,

where b is a generalized function, D is either [0, 1] or R, and W is space-time white
noise on Ry x D. If the drift b is a sufficiently regular function, then it is well-known
that any analytically weak solution to this equation is also analytically mild, and vice
versa. We extend this result to drifts that are generalized functions, with an appropriate
adaptation of the notions of mild and weak solutions. As a corollary of our results, we
show that for b € L,(R), p > 1, this equation has a unique analytically weak and
mild solution, thus extending the classical results of Gyongy and Pardoux (1993).
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1 Introduction

We consider the stochastic heat equation:

1 .
orus(x) = Eafxut(x) +b(us(x)) + Wi(x), tel0,T], x €D, (1.1)

where b is a generalized function (distribution) in the Besov space C* (R, R), @ € R, the
domain D is either [0, 1]or R, T > 0, and W is space-time white noise on [0, T] x D.
When the drift b is a measurable function, it is standard to define a solution to (1.1)
as either an analytically weak or an analytically mild solution, see Definitions 2.2
and 2.5. If b is sufficiently regular, it is well-known that these two notions coincide.
However, when b is a generalized function, one cannot immediately make sense of
these two notions, since it is unclear how to handle the term b(u,(x)). To overcome
this problem, [1] introduced a notion of a solution, which we refer here as a mild
regularized solution, see Definition 2.4. This notion coincides with the analytically
mild solution if the drift is sufficiently regular. In this paper, we extend the notion of an
analytically weak solution to the case where the drift b is a generalized function and
call it a weak regularized solution, see Definition 2.6. Theorem 2.10 shows that in the
entire range where the existence of a mild regularized solution is known, it coincides
with the weak regularized solution. As a corollary of this result, we extend seminal
works [9, 10] and show that if b € L,(R), p > 1, then equation (1.1) has a unique
analytically weak and analytically mild solution, see Corollary 2.12. Previously, the
existence of a unique solution was known only for p = oo (when b is bounded) for
mild solutions and for p > 2 for analytically weak solutions.

Let us recall that classically in the literature (see e.g. [17]), the above equation has
been well-studied for the case when b: R — R is a measurable function. Existence
and uniqueness of strong solutions were proved in [17] for the equations on a bounded
domain D and for b being a Lipschitz continuous function with no more than linear
growth. Later, strong existence and uniqueness of an analytically weak solution were
established in [9, 10] under much weaker assumptions: namely, when the drift b is
the sum of a bounded function and an L ,-integrable function, p > 2. Path-by—path
uniqueness of solutions to (1.1) for measurable bounded b was obtained recently in [4].
It is known that analytically mild and weak notions of solutions are equivalent if the
drift b is locally bounded ant is of at most most polynomial growth [12], see also [15].
A simple proof of this result for bounded drifts can be found in [14, Proposition 3.2].

Stochastic heat equation (1.1) with distribution-valued rather than function-valued
drift has attracted a lot of attention in recent years. In this case, equation (1.1) is not
well-posed in the standard sense: indeed if b is not a function but only a distribution
then the drift b(u;(x)) is a priori not well-defined pointwise. An interesting case of
b being a measure has been considered in [6]. A natural notion of solution to this
equation in the spirit of [2, Definition 2.1] was introduced in [1] via the approximation
of drift with a sequence of smooth functions. This procedure gives rise to what we
will call a mild regularized solution to SPDE (1.1). It was shown that equation (1.1)
has a unique strong (in the probabilistic sense) mild regularized solution if b € BY,

o — é > —1l,a > —l and ¢ € [1, oo] [1, Theorem 2.6]. Weak (in the probabilistic
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sense) existence and uniqueness of a mild regularized solutionifb € C%, o > — 3, was
obtained in [5, Theorem 2.13]. Stochastic heat equations with distributional drift and
multiplicative noise were studied in a very recent paper [7]. However, no analogues of
analytically weak solutions for equations with distributional drift have been considered
in the literature.

This leads to several natural questions: if b is a distribution, how should we define a
weak regularized solution that would be analogous to the analytically weak solution?
Is the weak regularized solution equivalent to the mild regularized solution? If b is an
integrable function, are regularized solutions equivalent to standard solutions? Finally,
are mild and weak solutions equivalent if b is not a locally bounded function? These
are the questions that we will address in this paper. More precisely, in Definition 2.6,
we introduce the notion of a weak regularized solution. We show the equivalence of
weak and mild regularized solutions in Theorem 2.10 under the same conditions for
which the existence of a solution is known. Finally, Theorem 2.11 and Corollary 2.12
show that all four notions of solutions are equivalent if b is an integrable function.

Convention on constants. Throughout the paper C denotes a positive constant
whose value may change from line to line; its dependence is always specified in the
corresponding statement.

2 Main results

Let us introduce the main notation. Let C;° = C;°(R, R) be the space of infinitely
differentiable real functions on R which are bounded and have bounded derivatives of
all orders. For B € R, g € [1, o], let Bg denote the (nonhomogeneous) Besov space
Bqﬂ,oo(R) of regularity 8 and integrability ¢, see, e.g., [16, Section 2.3.1]. If ¢ = oo,
we write C# = Bgo,oo. Let B(D) be the space of bounded measurable functions on D.
Let g;, t > 0 be the heat kernel on R, that is

x2
e 2, t>0,xeR,

1
& (x) = «/%

and let G be the corresponding semigroup. Let p/*" and ptN " be the the heat kernels
on [0, 1] with the periodic and Neumann boundary conditions, respectively. That is,

Pl @)=Y gt,x—y+n), >0 xyel01];
nez

P, y) =) (gt x — y+2m) + gt x +y+2n)), 1>0,x,y€[0,1].

nez

As in [1], we consider the stochastic heat equation (1.1) in three setups: on the
entire real line, on the interval [0, 1] with periodic boundary conditions, and on the
interval [0, 1] with Neumann boundary conditions. Let C;’,ﬁr([O, 1]) denote the space
of infinitely differentiable periodic functions on [0, 1]. Let C;,oeu [0, 1]) denote the
space of infinitely differentiable functions on [0, 1] satisfying f'(0) = f'(1) = 0
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forany f € Cg,, ([0, 1]). Finally, let Ss.; (R) denote the Schwartz space of rapidly
decreasing, infinitely differentiable functions.

To simplify the presentation of our results we introduce the following notational
convention.

Convention 2.1 Further, the triple (D, p, S(D)) stands for one of the following three
options: (R, g, Ssen(R)), (10, 11, pP*", C52,(10, 11), or ([0, 11, pVe*, C35,,, (10, 11)).
The corresponding semigroup is denoted by P.

For measurable functions f, g: D — R we write as usual

(f.g) = /D F)g() dx.

Fix now the length of the time interval 7 > 0, a probability space (£2, F, P)
equipped with a complete filtration (F;). We recall that a Gaussian process
W: Ly(D) x [0,T] x Q — R is called (F;)-space-time white noise if for
any ¢, € Ly(D) the process (W;(¢))sefo,77 is an (F;)-Brownian motion and
EW;(Y)Wi(p) = (s A t) fD (X)) (x)dx, where s, t € [0, T].

We define now the stochastic convolution process (the solution to the linear stochas-
tic heat equation)

t
Vi(x) :=/ / s (6 W (dr,dy), 30, x €D, @.1)
0 D

where the integration in (2.1) is the Wiener integral, see, e.g., [8, Section 1.2.4]. Recall
the definition of the analytically mild solution.

Definition 2.2 Let » : R — R be a measurable function and ug € B(D). A jointly
continous adapted process u: (0, T] x D x Q@ — R is called an analytically mild
solution of (1.1) with the initial condition u if for any x € D, t € [0, T] we have

!
/0/Dpt—r(x,y)lbl(ur(y))dydf”<OO, a.s.; 2.2
t
ur(x) = Prug(x) +/0 /I;pz—r(x, Wb(ur(y)dydr + Vi(x), a.s. (2.3)

Sometimes this concept of solution is called a ‘random field” solution. If there is
no risk of confusion, we will further sometimes refer to analytically mild solutions as
just mild solutions.

Remark 2.3 When the function b is unbounded it is not clear at all whether there exists
a set of full probability measure ' C € such that the integral in (2.2) is finite on
Q' forall x € D, t € [0, T]. Therefore, it is not obvious that there exists a universal
set €/, on which identity (2.3) holds for all x € D, t € [0, T]. Here we follow the
classical definition of a mild solution, see, e.g., [8, Definition 4.1.1], which allows the
good set Q' to depend on ¢, x.
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Next, we consider a related notion of a solution for the case when b is a generalized
function in the Besov space B’; , B € R, g €[l,o00]. This notion was introduced in
[1] motivated by the corresponding definition for SDEs [2, Definition 2.1].

Let f € B’ , where B € R and g € [1, oco]. We say that a sequence of functions
(fw)nez,,where f,: R — R, converges to f in 657 asn — ooifsup,cz, ”f””Bf; <
o0 and

lim | fu — fll g =0, forany g < .
n—o00 q

It is clear that for any f € B’ , there is a sequence of functions (f;)sez, C C;° such
that f, — f in Bqﬁ "~ asn — oo, for example one can take f, := Gi/u f.

Definition2.4 Let 8 € R,q € [1,00],b € Bg. Let ug € B(D). A jointly continuous
adapted process u: (0, T'] x D x Q — Ris called a mild regularized solution of (1.1)
with the initial condition u if there exists a jointly continuous process K : [0, T'] x
D x 2 — R such that

(1) we have P-a.s.
u;(x) = Prug(x) + K;(x) + Vi(x), xe D, te(0,T]; 2.4)

(2) for any sequence of functions (b"),ez, in C;° such that 5" — b in Bq’3 ~ we have
forany N > 0

t
sup  sup //prfr(x,y)b"(ur(y))dydr—Kr(x)
te[O,T]|;r|€<DN 0 JD

— 0 in probability as n — oo. 2.5)

When b € CP with B > 0, we can choose a sequence (b,) which converges to b
uniformly. Then it is immediate that, in this case, Definition 2.4 is equivalent to the
usual notion of a mild solution of (1.1) as in Definition 2.2.

Our third definition of a solution is the classical weak solution. For f € Lo ([0, T] x
D), we put

t 1
Wt(f)=/0 /0 fr,yyWdr,dy), te€][0,T].

Definition 2.5 Let » : R — R be a measurable function and ug € B(D). A jointly
continuous adapted process u: (0, 7] x D x 2 — R is called an analytically weak
solution of (1.1) if for any ¢ € S(D) we have P-a.s.

t t

(us, %Awds +/ (b(ug), @) ds + Wi(p), t€[0,T].
0
(2.6)

(ur, @) = (uo, ) +f

0
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and all the integrals are assumed to be well-defined.

We now introduce a new solution concept that extends the notion of a weak solution
of (1.1) to the case when b is a generalized function.

Definition2.6 Let 8 € R, g € [1,00],b € Bg. Let ug € B(D). A jointly continuous
adapted process u: (0, 7] x D x 2 — R is called a weak regularized solution
of (1.1) with the initial condition ug if there exists a continuous in time process
K:[0,T] x S(D) x £ — R such that

(1) for any ¢ € S(D) we have P-a.s.
! 1
(ur, 9) = (uo, @) +f0 (us, §A<p)ds +Ki(p) + Wilp), t€[0,T]; (2.7)

(2) for any sequence of functions (b"),cz, in Cp° such that b" — b in 85 ~ we have
for any ¢ € S(D)

sup
1€[0,T]

t
/ / @)D" (uy(x))dx dr — K;(¢)| — 0 in probability as n — oc.
0 JD

(2.8)

Remark 2.7 1f B > 0 we can choose a sequence (b,,) which converges to b uniformly
and the definition agrees with the usual notion of a weak solution as in Definition 2.5.

As it is standard in the analysis of SPDEs with distributional drift, we restrict
ourselves to solutions having certain regularity. We consider the following class of
processes initially introduced in [1].

Definition 2.8 Let « € [0, 1]. We say that a measurable adapted process u: [0, T] X
Dx Q2 — Rbelongstothe class V(«) if foranym > 2,sup vyeo,11xp 14 ()L, @) <
oo and

ler (x) — Vi(x) — (Pr—s[us — V1)L, ()
sup  sup < 000

(2.9
0<s<t<T xeD [t —s|*

Remark 2.9 1If u is a mild regularized solution to (1.1), then it can be decomposed as
MIZP[M()‘{‘Kt_“V[, t>07
see Definition 2.4. In this case, the numeratorin (2.9) is just || K; (x) — P, K (x) || ,, () -

Thus, class V (k) contains solutions of (1.1) such that the moments of their drift satisfy
certain regularity conditions.

We are now ready to state our main results. The first result states the equivalence
of the notions of weak and mild regularized solutions.
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Theorem 2.10 Let & > —3, b € C% ug € B(D). Let u: [0,T] x D x @ — R
be a measurable adapted process. Suppose that u € V(5/8). Then the following are
equivalent:

(a) u is a weak regularized solution to equation (1.1).
(b) u is a mild regularized solution to equation (1.1).

We note that the assumption o > —% andu € V(5/8) are precisely the assumptions
of [1, Theorem 2.6], which guarantees existense of a mild regularized solution to
SPDE (1.1).

We recall that the uniqueness theorem for equation (1.1) [1, Theorem 2.6] is appli-
cable to mild regularized solutions in the class V(3/4). Thus, in order to establish the
existence and uniqueness of analytically mild solutions when b € L,(R), p > 1,
one must show that any analytically mild solution is a mild regularized solution and
belongs to V(3/4). Similar problems appear in the proof of existence and uniqueness
of analytically weak solutions to (1.1). These questions are addressed in the following
theorem, which also shows the equivalence of all four notions of solutions when b is
an integrable function.

Theorem2.11 Letp > 1, b € L,(R), ug € B(D). Letu: [0,T] x D x Q@ — Rbea
measurable adapted process. Then the following are equivalent:

(a) u is an analytically weak solution to (1.1).
(b) u is a weak regularized solution to (1.1) in the class V(5/8).
(c) u is an analytically mild solution to (1.1).
(d) u is a mild regularized solution to (1.1) in the class V(5/8).

Moreover if any of (a)-(d) holds then u € V(1 — ﬁ).

We emphasize that in parts (a) and (c) of the theorem, we do not assume that u is
in the class V(). In fact, the non-trivial part of the proof is to show that any weak or
mild solution to (1.1) automatically belongs to V(1 — 41—1)) C V(3/4). This is achieved
using the stochastic sewing lemma with random controls [1, Theorem 4.7].

Corollary 2.12 Let p > 1, b € L,(R), ug € B(D). Then equation (1.1) has a unique
analytically mild solution and a unique analytically weak solution which coincide with
each other. The solutions are strong in the probabilistic sense.

Remark 2.13 We recall that the statements of Theorems 2.10 and 2.11 and Corollary
2.12 are valid in three different settings: on a bounded domain with periodic boundary
conditions, on a bounded domain with Neumann boundary conditions, and on R, see
Convention 2.1.

Note thatforb € L, (IR), the existence and uniqueness of analytically mild solutions
were previously known only for p = oo [9], and the existence and uniqueness of
analytically weak solutions were established only for p > 2 [10]. Corollary 2.12
improves these results, and shows the existence and uniqueness of both analytically
mild and weak solutions for p > 1.
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It is easy to show that if u is an analytically weak solution to (1.1), then u satisfies
Definition 2.2 for Lebesgue a.e. x € D. In particular, one can show that for any
t € [0, T] for Lebesgue a.e. x € D one has

t
//p,_r(x,y)|b|(ur(y))dydr<oo, a.s.
0 JD

The challenging part is to show that for all x € D this integral is actually P-a.s. finite.
Remark 2.14 For the case D = R, additional assumptions are sometimes imposed on
the class of solutions. For example, [15, Theorem 2.1] requires that for any t > 0,
we have u; € Cye,n (R) (the space of functions that grow slower than exp(X|x|) for
any A > 0). A careful application of Mitoma’s theorem [13] allows us to remove this
restriction, see the proof of Lemma 4.2.

The rest of the paper is organized as follows. We place a number of auxiliary
technical lemmas in Section 3. The proofs of the main results are given in Section 4.

3 Sewing lemmas and integral bounds

First, we set up some necessary notation. For 0 < S < T we denote by A(s, 7] the
simplex

At i={(s.0) € [0, TP :S<s<t<T)

Let (2, F, (F1)i>0, P) be a complete filtered probability space on which the the pro-
cesses below are defined. We will write E* for the conditional expectation given Fy

E°[]:=E[|F], s =>0.

Let0 < § < T.Let f:[S,T] x D x Q — R be a measurable function. For
te0,1],m> ldeﬁne

”f”COLm(ST]) = sup sup || f(, X)L, ©;

te[S,T]xeD
) I fi(x) = Pr—s f5s O, )
[flerL,qs.t) == sup  sup - .
(s,H)eA[s, 1) x€D |t - Sl

Recall the statement of stochastic sewing lemma with random controls.

Definition 3.1 ([1, Definition 4.6]) Let T > 0, A be a measurable function Ao 77 x
Q — R,. We say that X is a random control if forany 0 < s < u <t < T one has

A, u,w)+ Au, t,w) < A(s,t,w) a.s.
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Proposition 3.2 ( [I, Theorem 4.7]) Let m € [2,00). Let A be a random control.

Assume that there exist constants 'y, T2, a1, a2, B2, = 0, such that vy > %, ar+ By >
1 and

18As uillL, 2 < Tilt —s|*; 3.1
|E“SAgus| < Talt —s|2A(s, )2 as. (3.2)

for every (s,t) € Ajo,7) and u := (s + t)/2. Further, suppose that there exists a
process A = {A; : t € [0, T1} such that for any t € [0, T] and any sequence of
partitions Iy := {0 = tév, . tl?éN) =t} of [0, t] such that limy_,« |IIy| — 0 one
has

k(N)—1
Ay = lim A x - in probability. (3.3)
[

N—oo 4
i=0

Then there exists a measurable function B: A1) x @ — Ry and a constant
C = C(ay, a2, B2, m) > 0, such that for every (s, t) € Aqo,1]

|A, — As — A 4| < CTolt — s20(s, P2 + By, as.; (34)
I Bs.¢llz,, < CTylt —s|*. (3.5)

We use the stochastic sewing lemma with random controls in order to bound inte-
grals of a perturbation of the stochastic convolution V under very loose assumptions
on the perturbation. In particular, we do not assume that this perturbation has finite
moments or any regularity.

Lemma3.3 Lety € (—2,0), T € (0,1]. Let f : R — R be a bounded measurable
function. Let  : [0, T]x Dx 2 — R be ameasurable function adapted to the filtration
{F:). Assume that there exists a nonnegative stochastic process w: Ao, 71X D x Q —
[0, 0o) with the following properties: for any t € [0, T] there exists a set Dy C D
with Leb(D \ D;) = 0 such that for any (s, u) € Ao+, x € D;

[V (x) — P—s¥s (X)] < wyr(x) P—as.; (3.6)
Pr_ywys y (x) + wy  (x) < wy (x) P—as. (3.7

Then there exists a nonnegative stochastic process L: Ao X D x Q — [0, 00)
such that for any (s, t) € Aj,r), x € Dr

t
/fDpT—r(x,y)f(Vr(y)+1lfr(y))dydr
< Clifller (t — )% Pr_qwy () + Ly, (x), (3.8)
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where C = C(y). Further, foranym € [2, 00), there exists a constant C = C(y, m) >
0 such that for any x € Dt

1L )L, < Cllifllerlt — s 3.9)

Proof Step 1. Let f € C'(R). Fix x € Dy, T € (0, 1]. We would like to apply
stochastic sewing lemma with random controls (Proposition 3.2). For (s, t) € Ajo,7]
set

t
Ag 1 (x) :=/ poT—r(x,y)f(Vr(y)+Pr—s1ﬂs(y))dydr;

t
A (x) :=/0 /Dprfr(x,y)f(Vr(y)th/fr(y))dydr'

Let us verify that all the conditions of Proposition 3.2 are satisfied for the random
control

At (X) == Pr_jws (x), (s,1) € Ajo,1)-
Note that X is indeed a random control since for0 < s < u <t < T we have

)Ls,u(x) + )Lu,t(x) = PTfuws,u(x) + PTftwu,t(x) = PTft[Ptfuw,\',u + wu,t](x)~
(3.10)

Ift < T, then by (3.7), Pr—,ws,,(y) + wy(y) < wy,(y) for Lebesgue a.e. y € D.
Therefore, Pr_;[Pr—yws y + wy :1(x) < Pr—sws(x). If t = T, then since x € Dr
we have Pr_,wg , (x) + wy, 7(x) < ws,7(x) almost surely. Thus, in both cases (3.10)
implies thatforO < s <u <r < T

)\s,u(x) + )\u,t(x) < PT—tws,t(x) = )\s,t(x), P—a.s.,

and therefore A is a random control, see Definition 3.1.
Let (s, ) € Ajo,r), let u := (s +t)/2. Then we have

t
SAs,u,t(x) = / /\Dprr(xv WL V() + P55 (y))
_f(Vr(y) + Prfuvfu(y))] dydr'
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Applying consequently the Fubini theorem and [, (C.7), Lemma A.3(iv) and
Lemma C.3], we deduce that

|E*8 A, ()]

t
/ /D D1 WELF (Ve () + Prosths3)) — F Vo () + Prstbu )] dydr
t
< / fD 1 Gy Fllet | Poes s (3) = Pr—atra ()] dydr
t
<Cllfller / /D D1 (e  Prs s (3) — Pratra I — 07~V dydr,

for C = C(y), where we used the notation p;(x) := Var(V;(x)) and recall that G
denotes the Gaussian semigroup. Since r — u > 0, assumption (3.6) implies for any
yeD

| Pr—y¥u(y) — Pr—s s )| < Pr—y|Yu () — Pyu—s s (H(y) < Prfuws,u(}’)-

Therefore, we get

t
|E“6As,u,i ()| < Cll fller / / Pr—u (X, Vw0 — )YV dyar
u JD
341
< CHf”CV)VS,u(X)(I — u)(4+4)’

for C = C(y). As we have shown previously, (s, ) — A, /(x) is a random control.
Hence, the above estimate verifies (3.2). '
Foreachinteger j > 1,define v/ (x) := (¥, (X) Aj)VO, 9] ™ (x) := (=¥ (X)) A

HVO, v (x):=y!T(x) =y} (x),1 €[0,T],x € D.Clearly, 17 llcor,, qo.77) <
co. By [1, Lemma 5.1], we have for any (s, t) € Ajo,7,x € D

for C = C(y) > 0. By the Lebesgue monotone convergence theorem, we have

Y
<C t—s|'t7
by SCM sl =

t .
/ fD Prr (5 3) f(Ve3) + Pyt () dydlr |

lim Py T () = Pyt (), lim Py () = Pyt ()
J—> 0 j—o00

for every r, s, y. Then by the Lebesgue dominated convergence theorem, we see that

t
/ /;pT—r(xvy)f(Vr(y)+Pr—sl”s(y))dydr

Y
< Cllflerlt —s|' . (.11)

1461, = |

Ly

This estimate verifies assumption (3.1).
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Finally, it remains to verify condition (3.3). Fix ¢ € [0, T[ and let IT := {0 =
to, t1, ..., tx = t} be an arbitrary partition of [0, ¢]. Denote by |I1]| its mesh size. Then
we have

k-1
‘Az =Y Annin
i=0

k=1 et
< Z/ /DPT—f(xv W V) + ¥ () — FVe () + Prey ¥, ()| dydr
i=0 v

k-1 Liy1
< fller Z/ por—r(x,y)Iwr(y)—Pr_t,-wti(y)ldydr
i=0 1

fit1

k—1
<Ifler Y / Aipr (X)dr
i=0 1

i+l

k—1

<Ufle Y [ s
i=0 71

< f et (T

where in the third inequality we used (3.6) and that 7 — r > 0, and in the last two
inequalities we have used the fact that X is a control. Thus, condition (3.3) holds.

Thus all the conditions of Proposition 3.2 are satisfied. Hence we have for any
(s,t) € A[(),T],x € Dt

t
f /D pr—r e ) F (VoY) + () dydr
= A (x) — As ()]
< Clf llerhss ) — $)3TF 4+ By, (x) + | Ay o (1)

where || Bs,; (X)L, < Cllfllerlt — s|1+% uniformly in x € D7 for C = C(y, m).
To obtain (3.8), it suffices to put Ly ;(x) = By ;(x) + |As (x)| and use (3.11).

The extension from f € C! to a general f goes along the same lines as in, e.g., [3,
proof of Lemma 4.6].

Step 2. Assume now that f: R — R is a bounded continuous function. For k € N
put fr := Gy f. Then it is clear that f; converges to f pointwise and || fxllcy <
| fllcr. Since fi € C! for any k € N, inequality (3.8) for such f follows now directly
from Step 1 and Fatou’s lemma.

Step 3. Let f = 1y where U C R is an open set of Lebesgue measure ¢ > 0. By
Urysohn’s lemma, there exists a sequence of bounded continuous functions f,,: R —
[0,1],n € Z4 such that 0 < f, < 1y forany n € Z4 and f,,(x) — 1y (x) for any
x € Rasn — oo.Then f,(V:(y) +¥»(y)) = Ly (V;(y)+¥r(y)) asn — oo for any
rel[0,T],y € D, w € Q2. We apply the results of Step 1 with y = —1 and deduce
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forany s,t € Ajo,r], x € D7, there exists a random variable Lg,,(x) such that

t
/ /DPT—r(X,y)fn(Vr(y)+1ﬂr(y))dydr < Cll fulle-1rwo.r(x) + L, (x),
s
(3.12)
and for any m > 2 we have ||L{ ,(x)||L,, @) < C| fullc-1 for C = C(y, m).

By the embedding L (R) C C~!, wehave foranyn € Z4, | fulle-1 < 1 fullL,®) <
¢.Thus, defining L ; (x) := liminf, o LY ,(x), we getby Fatou’s lemma from (3.12)

t
//DPT—r(X,y)TlU(Vr(y)-H/fr(y))dde < Cewo,r(x) + Ly (%),

and for any m > 2 we have || L ;(x)|l1,, (@) < Ce for C = C(m).

Step 4. Let f be now a bounded measurable function. Fix arbitrary § > 0 and put
M = || fllL.®)- By Lusin’s theorem, there exists a bounded continuous function
fs: R — Rsuch that Leb({ f5 # f}) < and | fsllL,®) < M. Let Us be an open
set of measure 28 containing the set {fs # f}; such set exists since the Lebesgue
measure is regular. Then for any x € R we have

[fs(x) — f)] < 2M 1y, (x).

and

I fsller < Wfller +11fs = fller < Wfller + 11 fs = flle 1, ®
< flley +2M8YIN. (3.13)
Therefore, applying Step 2 of the proof to the continuous function f5 and using the

results of Step 3 we get that for any (s, t) € Ao, 7], x € D7 there exists a random
variable Lf, ,(x) such that

t
f/Dpr—r(x,y)f(Vr(y)+1ﬂr(y))dydr

<

/;/D pr—r (X, V) fs (Ve (¥) + ¥ () dydr‘
+2M /t/D pr—r(x, ¥) Lus (Ve () + ¥ () dydr
< Clfiler @ =) Propwes) + L, (x) + CM8wo,r(x)
and ||L ()l L@ < Cllfsller |t — s|'TT 4 €8 for C = C(y, m). By passing to the

limit in the above bound as § — 0 and using (3.13) and Fatou’s lemma, we get (3.8)
and (3.9). O

The following simple corollary removes the requirement that f is bounded.
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Corollary3.4 Let T € (0,1], p > 1. Let f : R — R be a measurable function. Let
Y [0, T] x D x 2 — R be a measurable function adapted to the filtration {F;}.
Assume that there exists a nonnegative stochastic process w: A7 X D x Q —
[0, oo) which satisfies all the conditions of Lemma 3.3. Then there exists a nonnegative
stochastic process L: Ajo,71 X D x Q — [0, 00) such that for any (s,t) € A,
X € DT

PT—r(x, WS Ve (y) + ¥ (v) dydr

1

3_
S ClIfllL, @t —s)* # Pr_jws (x) + Ls (%),

where C = C(y). Further, foranym € [2, 00), there exists a constantC = C(y, m) >
0 such that for any x € D

I Ls,: L@ < CUfllL,mlt — ks

Proof We clearly have

t
A pr—r (X, ) f(Ve(y) + ¥ () dydr

t
</ /Dpr—r(x,y)IfI(Vr(y)+1ﬁr(y))dydr- (3.14)

Let M > 0. Then applying Lemma 3.3 with y = —% to a bounded function
fm = 1fI A M we get that for any (s, 1) € Ajo,7], x € D7 there exists a random
variable L2, (x) such that

1

/ / pr—r X, V) fu (Ve (y) + Y- () dydr < Cli fliL, (R)(t_s)% 0 Pr_jws,; (x)

+LY (x),

1
and for any m € [2, 00) we have ||L O, < ClfllL,mlt — s| “ 4. Here

we used also the embedding C™ P C Lp(R) and that || fmllL,® < IIflL,®)- To
complete the proof of the corollary we pass to the limit as M — oo and use Fatou’s
lemma and (3.14). O

We also need the following integral bound obtained in [1].

Proposition3.5 Ler T € (0,1], v € [0, %), 0<T<1lye (=20, >0 Let
f:R—->R, X:[0,T) x D — R be measurable functions, and let {: [0, T] x D x
Q — R be a measurable function adapted to the filtration (F;)se(0,T]. Assume that

y+h>1;/ﬂx@m@<rq—nﬂ,temTy (3.15)
D
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(i) If f is bounded, then for any m > 2 there exists a constant C = C(y, v, T, m) >
0 such that for any (s, t) € Ao, 1)

L ()

t
/ /D X, () F(Vr(3) + vy () dydr
<CIfle T =9 (1 + Wlern, e -9 1. (3.16)

(it) If |f| € CY, then for any m > 2, ¢ > 0 there exists a constant C =
C(y,e,v,t,m) > 0 such that inequality (3.16) holds with the factor (t —
s)H'%_”_e in place of (t — s)H'%_”.

Proof 1If the function f is continuous, this statement is [1, Lemma 6.3]. The exten-
sion first to bounded f and then to general measurable f is done exactly as in [3,
proof of Lemma 4.6], see also proofs of Lemma 3.3 and Corollary 3.4 above. O

Finally, we provide here an immediate corollary of the Kolomogorov continuity
theorem which will be used in the paper.

Proposition 3.6 (see, e.g., [3, Proposition C.1]) Let y1, y» > 0. Let X" : [0, 1] x D x
Q — R, n € Z4 be asequence of jointly continuous processes such that X" (0, x) = 0
forany x € D, n € Zy. Assume further that for any m > 1 there exists a constant
C = C(m) such that the following bounds holds for any s,t € [0,1], x,y € D,
ne Z+.’

X", x) — X" (s, WL, < Clt —s|" + Clx — y|"; (3.17)
lim  sup sup [|X"(r,x) — X*(t, X)L, @ = 0. (3.18)

1n,k—=00 1¢0,1] xeD

Then there exists a jointly continuous process X : [0, 1] x D x Q — R such that
forany N > 0

sup sup |X(¢,x) — X"(t,x)| = O inprobability asn — oco. (3.19)
s,t€l0,1] xeD

RIS

4 Proofs of main results

To simplify the notation, without loss of generality, we assume that the time interval
is [0, 1]. Denote forn e N, ¢ € [0, 1]

Kkn(t) := |nt n"L.
Thus, «,(¢) is the gridpoint of the grid {0, 1/n, ..., 1} closest to ¢ from the left.
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For a function ¢ € S(D) introduce an increasing sequences of Hilbertian semi-
norms:

" .
9 2
lelsmym = Z/D(l + x| )| dx. m e L. @.1)
i=0

It is well-known and easy to check that these seminorms determine the usual Schwartz
topology, see, e.g., [11, Remark 1.3.1].

4.1 Taking the limit in the integral bounds

Let us recall that the class V (k) consists of functions that can be decomposed as the
sum of a stochastic convolution V and a sufficiently smooth perturbation. We show
that limits similar to (2.5) and (2.7) hold for any function in this class. Note that, at
this stage, we do not assume u to be a solution to any equation; it is simply considered
as a perturbation of V.

Lemma4.1 Lety € (=2,0), 71 € (0,1). Let f € CY andletu: (0,1] x D x 2 — R
be a jointly continuous adapted process. Suppose that u € V(t) and

y +4t > 1. “4.2)

Then the following holds:

(i) there exists a jointly continuous adapted process HY : [0, 11x D x 2 — R such
that for any sequence of functions (f")nez, in C;° with f" — fin CV™ we
have for any N > 0

sup sup
tel0,1] xeD
IxISN

t
/0 /Dpt—r(x,y)f"(ur(y))dydr—Hrf(X)

— 0 in probability as n — 00; 4.3)

(ii) forany test function ¢ € S(D) there exists a continuous process H' (¢): [0, 1]x
Q — R such that for any sequence of functions (f")nez, in C;° with f* — f
in C¥~ we have

sup
1€[0,1]

t .
/ / o(xX) " (uy(x))dx dr — H,f (p)| = O in probability as n — 0.
0o Jp
4.4)
Proof (i). Let (f"),ez, be any sequence of C;° functions such that " — finC¥~.

We apply the Kolomogorov continuity theorem in the form of Proposition 3.6 to the
sequence of processes

. t
H " (x) = /0 /Dpz—r(x, W@ () dydr, te€[0,1], x €D,
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where n € Z4. Let us verify that conditions (3.17) and (3.18) of the theorem are
satisfied. Letn € Z, (s, t) € Ajo,1}, X, y € D. Then for any m > 2 we get

. . t
11w = 8" Ol <[ [ [ o azar],

N
[ ] o= p o azar,
— (4.5)

By Proposition 3.5 applied to X := p;—,(x, ), v =0, and f" in place of f we get

Y
I < ClfMller =)'+ [ = Vierr,, qo.1n) (4.6)
for C = C(y, t,m) > 0. In a similar manner, we apply Proposition 3.5to T = s,

Xy == pr—r(x,:) — ps—r(y,-), where r € [0, s], and f" in place of f. We use [1,
Lemma C.2] to get for any v € (0, 1/2), r € [0, s)

/ |pr—r(x,2) — Ps—r (¥, D) dz < / Upr—r(x,2) = pr—r (¥, 2)I
D D

+1pr—r(y,2) — ps—r (¥, 2 dz
<=y + =" —r)"

Thus (3.15) holds with I' := |x — y|?¥ + (r — 5)". Hence we get
I < CllfMller (be =y + (¢ = )"+ [u = Vierz,qo,11)s

where C = C(y, v, 7, m) > 0. Combining this with (4.6) and (4.5), we finally obtain

fin _ fin n Y RN _
IH " (x) — Hg " (DIL, ) < Clf ey (x =177 + @ =) )+ [u— Vieep, (o,17))
where we used that v < 1/2 and 1 + % > 1/2. This shows (3.17) since
[u— VlerL,,qo.17) < oo thanks to the condition u € V(t) and sup,,cz, I f"llcr < o0
by the definition of convergence in C¥ ~.

To show (3.18), we pick any ¥’ < y such that y’ +4t > 1. This is possible thanks
to condition (4.2). We write for any n, k € Zy,t € [0, 1],x € D

. t
HHX”u)—ftﬂﬁxmLM9><H[;/;ppqcnzxf”—f*xumz»dzdr

<CIf" = Aoy A+ u = Vet o.11)s

L ()

where the last inequality follows from Proposition 3.5. Since as above u € V(r)
implies [u — Viecrp,, 0.17) < o0 and lim, 4o || f* — fk||Cy/ = 0 by the definition of
convergence in C¥~, we see that condition (3.18) holds. Therefore all the conditions
of Proposition 3.6 are satisfied and (3.19) implies (4.3).
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It is immediate to see that the limiting process H/ does not depend on the approx-
imating sequence (f"),cz, . Indeed, let ( FMnez . be any other sequence of C;°
functions converging to f in C”~. Then for the merged sequence (h"),cz, , given
by h?* = f" and h?"*! = " n € Z,, we have by (4.3) forany N > 0

t
sup  sup ‘/ / Pr—r(x, VR (ur (y)) dy dr — Htf(x) — 0 in probability as n — oo;
te(0,1] lx‘€<DN 0 JD

X|<

for a certain jointly continuous adapted process H7':10,1] x D x  — R. However,
recalling (4.3), we see that fé Jp pi—r(x, y)h2" (ur(v)) dy dr converges in probability

as n — oo uniformly on compacts to H,f (x). Hence a.s. we have H,f x) = ITI;f (x)
forall ¢ € [0, 1], x € D. Thus,

t _ t
/ / Pr—r(x, ) [ (ur(y)) dy dr :f f Pr—r(x, MR () dy dr — H,f(X)
0 JD 0 JD

in probability as n — 0o uniformly on compacts. Therefore, the limiting process H-/
does not depend on the approximating sequence.

(ii). We argue similarly to part (i) of the proof. Fix ¢ € S(D), m > 2. We would
like to apply Proposition 3.6 to the sequence of processes

t
H" :=/ fw(x)f"(uroc))dxdr, t € [0, 1],
0 JD

where n € Z . First, we verify that this sequence satisfies condition (3.17). We get

. t
" = e < [ [ /D 0 (X) " (uy () dx dr

Ly (€2)
Y
< CIfMler 19l oy @ = )5 (L [u = Vierr,, o),
where the last inequality follows from Proposition 3.5 applied to X := ¢, f” in place
of f,v = 0. Since u € V(r), we see that [u — V]crp, (0,17 < oo and thus (3.17)
holds.

Next, to show (3.18), we pick as above any ¥’ < y such that ¥’ + 4t > 1. Then
by Proposition 3.5, we get

t
" = e < | [ [ o0 = @ dzar
0o Jp L ()

<CIf" = Moy A+ u = Vierr, o)

We note that as above [u — Vcrr, (10,17) < oo thanks to the assumption u € V() and
thus (3.18) holds.

Thus, we have verified all the conditions of Proposition 3.6. The desired limit (4.4)
follows now from (3.19). Arguing exactly as in the end of part (i) of the proof, we

@ Springer



Stochastics and Partial Differential Equations: Analysis and Computations

see that the limiting process 7 (¢) does not depend on the approximating sequence
(fn)n€Z+ . [m}

4.2 From weak to mild formulation

Let us recall that our goal is to pass from the identities (2.6) and (2.7), which appear
in the definitions of analytically weak and regularized weak solutions, respectively, to
the identities (2.3) and (2.4). In this subsection, we take the first step in this direction,
which is common to both analytically weak and regularized weak solutions.

We begin by proving that (2.6) and (2.7) can be extended to accommodate test
functions ¢ that depend on time. Recall the definition of a seminorm|| - [|s(p),» in
4.1).

Lemma4.2 Let ug € B(D) and let u: (0, 1] x D x Q — R be a jointly continuous
process. Let H: [0, 1] x S(D) x Q@ — R be a continuous in time process. Assume
that for any ¢ € S(D) the following identity holds P-a.s.

4 1
<u,,¢>=<uo,¢>>+/0<us,§A¢>ds+Ht(w>+Wt(w>, fef0.1] @)

and all the integrals are finite. Then the following holds.

(i) There exists aset Q' C Q of full probability measure with the following property:
for any w € Q' there exist m = m(w) € Z4+, I' = '(w) > 0 such that for any
¢ € S(D)

sup [{ur (@), @) < T (@) @llSD).mw)- (4.8)
t€[0,1]

(ii) Foranyt € (0, 1], x € D we have
Pous_o(x) = us(x) a.s.ase — 0. 4.9)

(iii) Let f € C([0, 1], S(D)). Then there exists a continuous adapted process denoted
as fo Hds, f5): [0, 1] x Q — R such that for any t € [0, 1] we have

[nt] t
S, (o) = M (fiay [ cas, £ (4.10)
i=1

in probability as n — oo. Further, a.s. for any t € [0, 1]

' 3f,
(ur, fr) = (uo, fo) +/ (us, 8_f
0 s

! ‘ t
+—Aﬁ->ds+/ H(ds, fs)—i-//fs(x)W(ds,dx).
2 0 o Jp

.11
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Proof (i). We see that thanks to (4.7)
for any ¢ € S(D) the process r — (u,, ¢) is a.s. continuous. (4.12)

Then applying Mitoma’s theorem [13, Theorem 1 and formula (2.12)] to the Fréche
space S(D), we get precisely (4.8). (ii). Fixx € D,t € (0, 1].Let x: R — [0, 1] be a
C*°(R) function such that x (y) = 1if |y| < 1, x(y) = 0if|y| > 2,and x(y) € (0, 1)
for |y| € (1, 2). Then

Peui—¢(x) = (Ui—¢, pe(x,-))
= (Ur—e, Pe(x, I (6 =) + (ts—e, pe(x, )1 = x (x =)
2 J1(e) + Ja(e). (4.13)

Since u is a.s. continuous on [/2, t] x ([x — 2, x + 2] N D), it is easy to see that
Ji1(e) = us(x), as.ase— 0. (4.14)

To pass to the limit in J>(¢), we use part (i) of the lemma. It follows from (4.8) that if
w € Q' then for some m(w), I'(w) we have

[J2(e, )| < T ()| pe(x, A = x(x = DISD),m@) — 0, ase— 0.

Combining this with (4.13) and (4.14), we get (4.9). (iii). Fix f € C([0, 1], S(D)).
Let n € N. Using identity (4.7), we clearly have forany k = 1, ..., n a.s.

(u%,fg) = (u%,fg - fkn;l> + (u%,fkn;l)

= (ur, fr — fiz1)

n
k

+ (et fi) +ﬁi (s, 55 fict) ds +Ha (fiot) = Hict (fimt)

n n

n

+ Wi (fie1) = Wict (fier).
Summing these identities over k we derive for any ¢ € [0, 1]

(Uicy(1)s [1) = (Uiey(t)s Fint)) + Uiy (0)> Ft — Frnt))
= (uo, fo) + (e, (), J1 — fen®))
Ln] G
+ Sty = fi) [T e 5A o) ds

Lnt) Ken (1)
F 3O () = R (e + [

i=1 0

/D Sien ) () W(ds, dx).

(4.15)

@ Springer



Stochastics and Partial Differential Equations: Analysis and Computations

Fix now ¢ € [0, 1] and let us pass to the limit as n — oo in this identity. Using
(4.12) with ¢ = f; € S(D), we get

(Uieyt)s f1) = (us, fr), as.asn — oo. (4.16)
Next, we note
3 ’ o1
(a0 Ji = Jra@) + Z:(”%’ fi = fin) =/0 ey ()4 D ka0 g 95
- (4.17)

afs

We note that by (4.12) for any s € [0, ] we have (M(Kn(5)+%)/\lcn(l)’ 8a—f) — (us, 55)

a.s. as n — 00. By part (i) of the lemma, we get

sup sup |(u(K )+ D) Ak (1) 3_fr)| <00 a.s.
neN ref0,] R T

Hence by the Fubini theorem there exists a set Q" C  of full probability measure
such that if @ € Q”, then for Lebesgue almost all s € [0, 1] we have

8fs

nllg)lo( (kn ($)+5 )/\Kn(l)( ) )
Js af
= (ug, —) and sup sup |(u (w), )| < 00.
$ s neN ref0.¢] (kn (r)+ YAk ()

Thus, by the dominated convergence theorem we can pass to the limit in (4.17) and
get

! d fs LS
/(; <”(Kn(x)+%)mn(t)’ 8_s>ds — /0 (uy, a—s)ds, as.asn — oco. (4.18)

For the next term in (4.15) we have

Kkn (1) 1 t 1
/ (us, EAfKn(s)>dS = / (us, EAfK,l(s)>dS
0 0
! 1 ! 1
_/ (us, EAfKn(S)>ds - / (us, EAfs>dS
Ko () 0
4.19)

a.s. as n — o00. Here we used that thanks to part (i) of the lemma and the continuity
of f in S(D) topology

sup [us, A fi,s) — Afs) — 0 a.s. and sup [{us, Afy)] < oo a.s.
s€[0,7] s,rel0,t]
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Finally, using the Ito isometry, it is easy to see that for any § > 0

Kn (1) t
lim P(‘/ / et (V)W (ds, dx) —/ / fs(x)W(ds,dx)’ > 3) =0.
n—00 0 D 0 JD

Combining this with (4.16), (4.18), (4.19) and substituting into (4.15), we see that for
each f there exists a measurable process fo H(ds, f5): [0,1] x & — R such that
(4.10) holds and and for ¢ € [0, 1]

3 fs

B

<uf,ft>=<uo,fo>+/0 (s, 215 ag

t t t
+f <us,1Afx>ds+f H(ds,fs>+/ f (W (ds, d).
0 2 0 o Jp

This concludes the proof of the lemma. O

Now we are ready to show that if u satisfies a “weak-type” identity (4.7), then it
also satisfies a “mild-type” identity.

Lemma 4.3 Assume that the conditions of Lemma 4.2 are satisfied. Then there exists a
stochastic process Ry : [0, 1] x D x Q — R such that P-a.s. u satisfies the following
equation

u;(x) = Pug(x) + Ryg(t,x) + Vy(x), te[0,1], x € D. (4.20)

Further, Ry is a.s. continuous on (0, 1] x D and for any fixedt > 0, x € D we have

t—e¢
/ H(dr, pr—r(x,-)) > Ry(t,x) (4.21)
0

in probability as ¢ — 0.

Proof Step 1. Take arbitrary ¢ € S(D). Fix ¢ € [0, 1] and apply Lemma 4.2(iii) with
fs = P—sp, s €10, t]. Clearly, f € C([0, 1], S(D)). Therefore all the conditions of
Lemma 4.2(iii) are satisfied. Note that

afy 1
+=Af;, =0, sel0,r1].
as 2

Therefore, Lemma 4.2(iii) implies that there exists a process fo H(dr, Pi—r¢): [0, 1] x
Q — R, where the integral is defined in (4.10), such that

(ug, Pr—sp) = (uo, Prp) +/0 H(dr, Pi—r¢)

+/S/ P_ro(x)W(dr,dx), s €]0,t].
o Jp
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By choosing s = ¢, and using that P; is self adjoint we get

t t
(s @) = (P, ) + /0 H(dr, Prr) + fo /D Prro(W(dr,dx), 10, 1].
(4.22)

Step 2. For arbitrary fixed x € D, ¢ > 0, take ¢ := p(x, -). Clearly, ¢ € S(D).
Substituting this ¢ in (4.22) with ¢ — ¢ in place of ¢, we get for ¢ € [e, 1]

t—e t—e
Peuy—e(x) = Pruo(x) +/0 Hddr, pr—r(x,-) +/0 /Dpt—r(xv yW(dr,dy)

1—&
— Puo(x) + / Hdr, pry (6, ) + PVioo(x), P—as. (4.23)
0

Denote
Ry (t, x) == u;(x) — Prup(x) — Vi(x), xe D, t>0.

Then, by definition (4.20) holds. By Lemma 4.2(ii), Psut;—¢(x) — u;(x) a.s.ase — 0.
We also have by Ito’s isometry P, V;_.(x) — V;(x)in Lp(2) ase — 0. Thus, recalling
identity (4.23), we get (4.21). O

4.3 Proof of Theorem 2.10: (a) implies (b)

Let us recall that if u is a weak regularized solution, then, by definition, identity (4.7)
holds with H = C, where K is defined in Definition 2.6. Therefore, u satisfies identity
(4.20) for a process Ry defined in (4.21). Thus, it remains to show that Ry is, in fact,
the drift term K that appears in Definition 2.4.

It follows from Lemma 4.1, that the limit in (2.5) holds for a certain stochastic
process H; therefore, we have to show that Ry coincides with H. This is done in the
following lemma.

Lemma4.4 Leta > —3/2, b € C% ug € B(D). Let u be a weak regularized solution
of equation (1.1) with the initial condition uo and suppose that u € V(5/8).

Then for any sequence of functions (b"),ez. in C;° such that b" — b in C*~,
t €10, 1], x € D we have

1
/ / Dr—r(x, V)" (ur(y)) dydr — Ry (t, x) in probability as n — 0.
0 JD
4.24)
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To obtain this result we fix f € C)°,t € [0,1], x € D, e € (0,1), and use the
following decomposition

t
‘/0 /Dptfr(x, V) fur-(y))dydr — ch(fmc)(
t—e t—e
< v [ Pr—r(x,y) f(u,(y))dydr —/ K(dr, pi—r(x, -))(
0 D 0

t t—e
[ ] e s ondyar| + [Reeon = [ @ e, )
t—e

= IE(t,x) + I5(t, x) + 15 (2, x), (4.25)

Here and later on, for a suitable test function f € C([0, 1] x D, R), the nonlinear
integral fo K(ds, fy) is defined as in (4.10) with H = .
We begin with the analysis of the first term in (4.25).

Lemma 4.5 Assume that the assumptions of Lemma 4.4 holds. Let o’ € (— 3 ). Then
there exists a constant C = C(a, &) such that for any x € D, t € [0, 1], ¢ € (0, 1),
f eCr, 8 > 0we have

P(I{(t,x) > 8) < C§~ "+ [u— ]C . 1]))||f Dll e - (4.26)

Proof Fix x € D, t € [0,1],& € (0,¢t), 8 > 0. Take arbitrary n € N. We further
decompose I and write

Iy (t, x)

1—e
< ‘/o /D(Pt—r(X, V) = Pi—i,ir) (X, Y)) f(ur () dy dr‘

t—e
+ ‘/ f pt—K,,(r)(xa () dydr
0 D

[n(t—e)]
> i (pim1 () = Ko (py_) ()|
i=1
ln(t—e)]
Y ) K — [ K pe)
i=1
= I )+ I )+ 15 ). (4.27)

We bound Ilnf using Proposition 3.5 withy :==u—V, T =t —e,y =a, 7 = %,
X, = pi—r(x,*) = Pr—i,(r)(x, ), where r € [0, — €], v = 0. It is easy to see that
o + 4t > 1 thanks to the standing assumption « > —3/2. Further, for r € [0, t — €]

_ 1 1
/|p,_r(x,y)—pt_Kn(r)<x,y>|dy<c<z—xn(r)> 21r — iy ()| < Cnlem2,
D
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for some C > 0 independent of n, x, see, e.g. [1, Lemma C.2]. Thus, condition

(3.15) holds withI" = C n~'e~2. Therefore all the assumptions of Proposition 3.5 are
satisfied and we get from (3.16)

1
1177 (8 ) |y @) < Clifllcen™'e™2(1 4 [u — V] ), telell,xeD,

3 Ly(0.1])

for C = C(a). Since u € V(3), we have [u — V]
Chebyshev inequality,

5 < 00. Hence, by the
C8 Ly ([0,1])

lim P(Il"’f(t,x) >§)=0. (4.28)
n—o0 ?
Next, we bound / f; .Let 0M) ez . be a sequence of functions in C,‘]>o such that
bM — b in C*~. By the definition of K in (2.8).
n(t—e)]

> Ki(pm () =K (p_iz1 (x, )

i=1

kn (t—¢) M
= lim / Dit—icy (r) (X, NO” (ur(y))dydr,
0 D

M—o00

where the limit is in probability. Hence, Fatou’s lemma implies

t—e
s : M
156D < Jim | [ pevowons —ehaondvar|

+|

t—e
[ prwownsaonaar], o @29
kn(t—e) J D L(R2)

To bound both terms in the right-hand side of (4.29) the above inequality we take any
o € —%, «) and use again Proposition 3.5 with ¢y :=u — V, T ==t —¢,y = o/,
T = %, X, = Pi—i,(r)(x, ), where r € [0, 1 — €], v = 0. For the first integral term,

we take f — bM in place of f in the lemma. Since

/ pt—x,,(r)(xv ydy =1,
D

and @’ + 47 > 1, we see that (3.15) holds with ' = 1. Thus all the assumptions of
Proposition 3.5 are satisfied and we derive for any ¢ € [¢, 1], x € D

175 ()l a@) < C+ [u = V] fim |1 f = 6"l + 1720 fllgur)

C%Lz([o, l])) (M—>

<ca _ _ y —1/2 .
COtlu—Vg, o I(F =Dl +n"If lew).
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where C = C(a, @) and we used that P — b in C* because o’ < o and b¥ — b

in C*~. Using again that [u — V < 00, wWe get
gag [ ]Cst([ou) g

hm P(I”ze(t x)>8) <C8 M+ [u— V] L0 1]))”f —Dbllper- (4.30)

Finally, to bound 7 1”35 we apply Lemma 4.2(iii) for the function f, := p;—,(x, ),
r € [0,1 — ¢g]. It is easy to see that f € C([0, 1], S(D)). Thus, all the assumptions of
the lemma are satisfied. Hence, by (4.10) applied with # — ¢ in place of ¢ we get for
any 6 > 0

lim P(1{;(t,x) > ) =0. (4.31)
n— 00 ’
Recalling now decomposition (4.27), we get for any § > 0,n € N
& n,e n,e 8
PUy(t,x) > 8) < PUpy (1, x) > )+ P(I1 5 ot x) > )+ P15, x) > 5).

By passing to the limit in the right-hand side of the above inequality as n — oo, and
using (4.28), (4.30), (4.31), we finally get

PUT( ) > SCETH A+ = Vg o OIS = bllew

where C = C(«, «’), which is the desired bound (4.26). O

To treat the remaining terms in (4.25), we need the following useful bound.

Lemma 4.6 Under the assumptions of Lemma 4.4, there exists a constant C = C ()
such that for any § > 0, (s, t) € A1), x € D, f € C;°

t 1
—r (X, r dyd 8) < C‘S_l «(t —5)2(1 -Vl
| pr o o dydr| > ) Ifllcet =92 A+Tu=V]s o)

Proof We apply Proposition 3.5 with ¢y :=u — V, T :=t,y =, 17 = %, X, =
pi—r(x,-),wherer € [0, t),v = 0. Itis easy to see that « +47 > 1 because @ > —3/2
and

/ pi—r(x,y)dy = 1.
D

Thus, all the assumptions of Proposition 3.5 are satisfied and we get

D Pi—r(x, y) f(ur(y))dydr HLz(Q)

1
< «(t=s5)> (14 [u - D
Cllflextt =) A+ u=V]e 9 xe
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for C = C(w) independent of s, ¢, x, f. The statement of the lemma follows now
from the Chebyshev inequality. O

Now we are ready to prove Lemma 4.4.

Proofof Lemma 4.4 Fix 8 > 0.Letn e N,t € (0,1],x € D, &’ € (—32,a). We apply
Lemma 4.5 and Lemma 4.6 and use decomposition (4.25) with " in place of f. We
get for any ¢ € (0, 7]

t
P(]/ f Prr (e, VB () dy dr = Ric(t, )| > 8)
0 D
) ) )
<P, x) > g) +P(5(t, x) > 5) +P(I5(t, x) > §)

<C' A +[u—V] s (118" = bl o + ||b"||ca8%) + P51, x) > é)
C3 Ly([0,1]) ¢ 3 3
(4.32)

for C = C(a, @’). By Lemma 4.3, 138 (t,x) — 0in probability as ¢ — 0. Therefore,
we can pass to the limit in the right-hand side of (4.32) as ¢ — 0 and derive for any
teO,1,xe D

t
o[ [, ot - o] -

<csa - " — b
Col A+ Tu—Vlg, o I =Dle

for C = C(a, &) independent of n. Since b" — b in C*~, we have ||b" — blow — 0

asn — 00. Since u € V(%), we have [u — V] < 00. Thus, (4.24) holds. O

e Ly(0.1])
Proof of Theorem 2.10: (a) implies (b) Let u € V(%) be a weak regularized solution to
equation (1.1). We apply Lemma 4.1 withy = v andt = 5/8 and f = b. We see that
condition (4.2) holds since o > —%. Hence there exists a jointly continuous adapted
process H b.10,1] x D x € — R such that for any sequence of functions (b;)nez,
converging to b in C*~ we have

sup sup
tel0,1] xeD
[x|<N

— 0 1in probability as n — oo. (4.33)

13
/0 /Dpzfr(my)b”(ur(y))dy dr — H? (x)

On the other hand, by Lemma 4.3 u satisfies P-a.s.
u;(x) = Piug(x) + R (t, x) + Vi(x), te[0,1], x € D. (4.34)

Further, by Lemma 4.4 we have for any fixed ¢ € [0, 1], x € D
t
/ / Pi—r(x, V)" (uy(y)) dydr — Ric(t,x), in probability as n — oo.
0 JD
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Combining this with (4.33), we see that there exists a set Q' C  of full probability
measure such that H[b(x) = Ry(t,x) fort € [0,11NQ, x € D N Q. Since both H”
and Ry are continuous we see that on ' we have th (x) = Ric(t, x) forallt € [0, 1],
x € D. Thus,

t
sup sup ‘/ / pr—r(x, Y)B" (ur (y)) dydr — Ryc(t,x)| — 0 in probability as n — oo.
te[0,11xeD |JO JD

Recalling now (4.34), we see that all the conditions of Definition 2.4 are satisfied and
we can conclude that « is a mild regularized solution to equation (1.1). O

4.4 Proof of Theorem 2.10: (b) implies (a)

The first step is to show that if u is a mild regularized solution of equation (1.1), then
it satisfies (2.7) for some drift R, in place of K;(¢).

Lemmad4.7 Leta € R, b € C%, ug € B(D). Let u be a mild regularized solution of
equation (1.1) with the initial condition ug. Suppose that |[ullco,, 0,17 < 0°. Then
forany ¢ € S(D), t € [0, 1], there exists a continuous process Ry: [0, 1] x @ — R
such that

[nt]

D (Ki = P1Ki1,¢) = Ry(0) (4.35)

i=1

in probability as n — oo. Further, u satisfies a.s.

t '
(us, @) = (uo, @) +[0 (us, %A(p) ds + Ry (1) +/O /Dw(x)W(ds,dx), t €[0,1].
(4.36)

Proof We argue in a similar way to Lemma 4.2. Let ¢ € S(D), t € [0, 1]. First we
note that

Elul, lol) < llullcor, qo, (L lel) < 00

thanks to the assumption [lu{|coz, 0,17y < 0©- Thus, (|u¢|, [¢|) < 0o a.s. By a similar
argument, we see that

1
/ (lugl, |Ag|)ds < 0o a.s.
0

and thus all the integrals in (4.36) are well-defined as Lebesgue integrals.
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Using identity in part (i) of Definition 2.4, we clearly have for any n € N, k =
1,....n

Summing these identities over k, we derive for any ¢ € [0, 1]

[nt] |nt]
(e, (1), @) =(uo, @) + Z(M%, Pro—¢)+ Z(K;; —PiKi1,9)
i=1 i=1
Lnt]
+) (Vi = P1Via,g). (4.37)

i=1

Let us pass to the limit as n — oo in this identity. Fix N > 0. We have

[y ) — e, 03| < (e )] + e, o] L= n)
+ e, 0y, @ L)) — (e, @ L) (4.38)

Using that u is a.s. bounded and continuous on D N [—N, N], we easily get
[, 07, @ L1 <v) = urs @ L) = 0, (4.39)

a.s. as n — 00. Since

E{luw, )| + luels 1ol Lpzn) < C||u||COL1([o,1])/ N lp(x)|dx — 0,
x|>N

x>
as N — oo, we derive from (4.38) and (4.39)
(Uiey(t)» ¢) = (ur, @), in probability as n — oco. (4.40)
Next, we note

[nt] 1

Kn(t)
E (wi-1, Pro — @) = / (Ui (s) EAPS—K,,(S)§0>dS
; moon 0

i=l1

fen () 1
= / (”Kn(s)a EPtfxn(s) Ag)ds. (4.41)
0

We split the integration in the scalar product as before into two parts: over the compact
set DN[—N, N]and over the remainder DN (R\[—N, N]). Then for any fixed N > 0
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we have a.s.

) Kn (1) 1 t 1
nlggo‘/o {(ica6) L1 <N 5 Ps—sen(5) D) s —/0 (s L j<n, 7 Ap)ds| =0
(4.42)

On the other hand, we get

Kn (1) 1
E‘/ (Ui, (s) L)-I=N ERY—KH(S)A(p> ds‘
0

< ||“||COL1([0,1])/ sup P |Agpl(x)dx — 0;
|x|=N rel0,1]

fen (1) 1
e [ tpsn 380 ds| < lullen oy [ 180wldr -0
0 X|=N

=

as N — oo. Combining this with (4.41) and (4.42), we get

[nt] t
1
E (i1, Prop — @) — / (usy, EAq)) ds, in probability as n — co. (4.43)
n n 0

i=1
Finally, we derive

|nt] |nt]

tj
DUV = PiVii,g) = Z/ / / Pi—r(x, Y)W (dr, dy)p(x)dx
n n n l:1 D [171 D

i=1
fen (1)
:/0 /DPKn(r)+%7r(p(y)W(dr,dy).

It is not difficult to show that for any r € [0, 7]

lim [ (P yp1_,0() = @) dy =0.

n—oo D
Thus, using Ito’s isometry, we get

|nt] '
DAV = PiVia,g) — / / ¢IW(dr,dy), inLy(Q)asn — co.
l:1 n n n O D

Recalling now (4.40), (4.43) and substituting them into (4.37), we see that for each
¢ € S(D) there exists a measurable process R, : [0, 1] x € — R such that (4.35)
holds and u satisfies (4.36). m]

To complete the proof, we need to show that the process R, satisfies condition
(2.8), that is, it is a limit of the corresponding approximating sequence. We already
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know from Lemma 4.1(ii) that the approximating sequence converges, it remains just
to identify the limit.

Lemma4.8 Let o > —3/2, b € C%, ug € B(D). Let u be a mild regularized solution
of equation (1.1) with the initial condition ug and suppose that u € V(5/8).

Then for any sequence of functions (b™)pnez, in C;° such that b™ — b in C*~,
¢ € S(D), t €10, 1] we have

t
/ / @)D" (u,(x))dxdr — Ry(t) in probability asn — oco.  (4.44)
0 JD

Proof Fix t € [0, 1], a sequence of functions (b™),,ez, in C;° such that 5™ — b in
C*,¢p € S(D),and § > 0. We write forn € N

t
[ [ o wromarar - roo
0 JD
Kn (1)
<|[7 [ orm i dnar
0 D

Ken (1)
- ‘/(; ~/D/D¢(X)p’(n(r)+%—r(x’ y)bm(ur(y)) dxdydr

[nt]

fen (1)

+ ’/0 /D /D PP, ()41 (- Wb (ur(y)) dxdydr — X;(Klzl; —PiKi1.¢)
i=
[n1]
- \Z PiKi1.9) = Rp(0)] + f [ e o asar|
n ken (£
)+ L) 4 1@ + ). (4.45)
To bound I;"™ we use again Proposition 3.5 with f = 0",y = a, T = %,

T = ka(0), X, (y) == 0(y) = [p PP, ()1 (¥ Y) dx, v = 0. We get for any
r e [0, 1]

f‘fp(y)—/ w(x)p,cn(,)Jri_,(x,y)dX)dy< sup fl(p(y)—Psgo(y)Idy
D D " sef0,11/D
Cn M AglL, ),

for universal C > 0, where we also used that p,.(x, y) = p,(y, x) for any r > O,
x,y € D. Therefore, condition (3.15) holds with ' = Cn~! Al L, (p)- Thus, all the
assumptions of Proposition 3.5 are satisfied and we deduce from (3.16)

1" ) 2@ < CIB" llean™ 1 A@l Ly 0y (1 + [u — V] ). (4.46)

C3 Ly((0.1])
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Next, to bound 1,"" (¢), we rewrite it as

|nt] L
" or< Y (K - /0 /D Pi_, (B (ur (y)) dydr

i=1

lel)

[nt] i—1
+ P,(-,)Ki;m—f"/ o1 (2 D"y () dydr|dz, |gl).
;(/D 1 )| 2@ || P @b () dydr 2 lol)
4.47)
By part (2) of Definition 2.4, we have foreachi =1, ..., n
K —/ /m_r(uy)bm(ur(y))dydr
n O D n
= lim // P;,,(',y)(bM—b'”)(ur(y))dydr, (4.48)
M—o0 Jo D "

where the limit is in probability. Hence, by the Fatou’s lemma and Minkowski’s

inequality,

H(|K,% B /o /I)pﬁ"(" " (7)) dydr], |¢|>HL2(9>

< lim \\(|/0'[;/[)p;;,(‘,y)(bM—b’")wr(y))dydr

M—00

< Jim (| fo % fD Pi_, () BM =B () dydr

’ |¢|>HL2(SZ)

. 4.4
ey 10l 449)

M— o0

Similarly, we use (4.48) to treat the the second group of terms in the right-hand side

of (4.47). We get foreachi =1, ...,n

dz, |¢I)HL2(Q)

H(/D P;(-,z)(K,-nl(z)—/oi"l /D Pizt_, (2 )" (1) dydr

< lim H(/D P)l(-,z)\/oi"l po%_,@,y)(bM—b’")(m(y))dydr]dz, o)) e

M—o00

< Jim ([ prea| [ . [Pt @M = by yar|, o dzlel)
(4.50)

We fix now o € —%, «) and apply Proposition 3.5 with f = bM — ™, y = o/,
T = %, T =L, X.(y) = p;;fr(x,y), v = 0. Since poé;fr(x,y)dy = 1 and
a’ + 47 > 1, we see that all the conditions of the proposition are satisfied and we get
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foreachi =1, ...n,z€ D

|/ '% [ i@ =iy dyar|

< CIIbM = " || o (1 —V] s ,
|| low Ut = Vg, o)

for C = C(«, ’). We substitute this into (4.49), (4.50) and then sum over i to combine
with (4.47). Using that P — b in C*~ and thus ¥ — b in C*, we deduce

o < =" put 1 - 4.51
15" Ol < Crllb =B lgw @l (4w = Vg . @S

for C = C(a, o).
Next, we use Lemma 4.7 and (4.35) to bound /3 (). We get for any § > 0

Tim P(I15 (1)) > 8) = 0. (4.52)

Finally, we treat If " using again Proposition 3.5 with f = ",y =, T = %,
T =t X(y):=¢,v=0.Since t — k,(t) < n~! we get

1
e < Clp™ gun™ 1+ [u -
11, DLy < CIB" lcan™ 2 |l@llL,(py(1 + [u V]C%Lz([o,l]))

for C = C(«). Now we substitute this together with (4.46), (4.51), (4.52) into the
decomposition (4.45), use the Chebyshev’s inequality and get for any n,m € N,
§>0

t
P(‘/ f @(x)bm(ur(x))dxdr—R(p(t)‘ 28)
0 JD
n,m 8 n,m ) n ) n.m )
<PUT (@) > Z)+P(12’ () > Z)+P(I3 t) > Z)+P(I4’ ) > Z)

1
<8 lellL,py + 1Al L () +Tu— V] s (1B lcan™2 +nllb — " || o)

C8 L2([0,1])

FRULW) > ),

for C = C(a, @’). By passing to the limit in the above inequality as m — oo, we get

P(’/Othw(x)bm(ur(x))dxd" - Rw(t)‘ > 5)

1
<cn 287! A 1 -V b™ || cw
n (lellzy oy + 1A@llLy () (1 + [u ]C%Lz(loy”)) SEP 15" 1c

)
+ sup P(I3(1) > —),
r€[0,1] 4
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for C = C(a, ). Note that u € V(%) and therefore [u — V] < o0. Further,

e Ly(0.1])
sup,, 16™ llc« < oo by the definition of convergence in C*~. By passing to the limit in
the above inequality as n — oo and using (4.52), we get the desired result (4.44). O

Proof of Theorem 2.10: (b) implies (a) Let u € V(%) be a mild regularized solution to
equation (1.1). Let ¢ € S(D). Then by Lemma 4.7 u satisfies a.s.

! 1
(uts 90) = <M(), (p) +/ <MS5 §A¢> ds
0

t
—i—R(p(t)—i—/ /(p(x)W(ds,dx), telo,1]. (4.53)
0 JD

Let (0"),ez+ be a sequence of functions converging to b in C*~. Applying Lemma
4.1(G1) withy = o, T = 5/8, f = b (note that condition (4.2) holds because y > —%),
we get that there exists a continuous process H”(¢): [0, 1] x € — R such that

sup
1€[0,1]

'
/ / o(xX)b" (u,(x))dx dr — Hf((p)‘ — 0 in probability as n — oo.
0 JD

(4.54)

On the other hand, for any fixed ¢ € [0, 1] by Lemma 4.8

1
f / (X)) (uy (x)) dxdr — Ry(t) in probability as n — oo.
o Jp

Therefore there exists a set of full probability measure ' C €2 such that R, (1) =
Hﬁ’ (p) for t € [0, 1] N Q. Since both R, and HP® () are continuous, we see that

R,(1) =H’(p) forallz € [0,1]on Q. (4.55)

Now by (4.53), (4.54) and (4.55) we see that all the conditions of Definition 2.6 are
satisfied and u is a weak regularized solution to equation (1.1). O

4.5 Proofs of Theorem 2.11 and Corollary 2.12

The key step in proving Theorem 2.11 is to show that if b is an integrable function,
then any analytically weak or mild solution of equation (1.1) belongs to the class V (k)
for some k > %. This is done using Lemma 3.3 which in turn relies on the stochastic
sewing lemma with random controls. Once we establish that a solution belongs to
this class, we can show that it is also a regularized solution and thus the uniqueness
theorem for regularized solutions is applicable [1, Theorem 2.6]. As mentioned in
Section 2, it is relatively straightforward to show that any analytically weak solution
to (1.1) satisfies (2.3) for Lebesgue a.e. x € D. Therefore, the following statement is

crucial.
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Lemmad.9 Letp > 1,b € L,(R), ug € B(D). Letu: (0,1] x D x Q2 — R be a
Jjointly continuous adapted process. Suppose that for any t € [0, 1], for Lebesgue a.e.
x € D we have

!
/0 /Dp,_,(x,y)|b|(ur(y))dydr < o0 P-as. (4.56)

and
t
uz(X)=Pruo(x)+/0 /Dptfr(x,y)b(ur(y))dydwrVt(x) P-a.s. (4.57)

1
Thenu € V(1 — 5)'
To prove this lemma introduce the following set:
D; := {x € D : assumptions (4.56) and (4.57) hold}, (4.58)

where ¢ € [0, 1]. We show Lemma 4.9 in two steps: first we show that inequality (2.9)
in the definition of class V holds for Lebesgue a.e. x € D, and then we show this
inequality for all x € D using continuity of # and Fatou’s lemma.

Lemma 4.10 Assume that the assumptions of Lemma 4.9 are satisfied. Then for any
(s,T) € Ao, 1, x € Dt we have

Jor C =C(m, p, |bllL,®)) > 0 independent of x.

_ 1L
<CIT —s|'" .
L”l(Q)

T
/ /DPT—r(x,y)lbl(ur(y))dde

Proof Fix T € [0, 1]. We apply Convention 3.4 for f = |b|, ¥ := u — V and put for
(s,t) € Ajp,r,x €D

t
Wy 1 (X) = leep,/ /Dpt-r(x,y)lbl(ur(y))dydh

Let us verify conditions (3.6)—(3.7). Let ¢ € [0, T']. Then it follows from the definition
of the set D, that for x € D; we have

Wi (x) — Pr—s s (x)| =

t
/fDszr(x,y)b(ur(y))dydr

t
< / /D Do (6 1By () dydr = wy 1 (x)
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and thus (3.6) holds. Further for any (s, u) € Ao, x € D; we have

Plfuws,u(x) + wu,t(x) = / /; Pr—r(X, y)|b|(ur(y)) dydr
t
+ / /D Prr (. )bl () dydr
= ws,t(x)-

Hence condition (3.7) holds. Thus, all the conditions of Convention 3.4 are satisfied
and therefore we have for any (s, t) € Ao, 77, x € Dr

t
Pr_wy () = f f prr (e DBV () + ¥ () dydr
s D
31
< CollbllL, @t —s)* % Pr_jws 1 (x) + Ls, (x), (4.59)

where Cy = Co(p), and for any m > 2

1—-L
ILs,: ()L, < CrllblliL,m®lt — sl *,
for C; = Ci1(m, p). Let £ > 0 be such that

3o 1
CollbllL,me* * < .

[\

Then (4.59) yields for (s, 1) € Ao, 7y witht —s < £

1—-L
I Pr—sws.: ()L, @ < 2CilbllL, @t — s .

By splitting the interval [s, T'], where s € [0, T'], into [T — s/£] disjoint intervals of
length no bigger than ¢ and applying the above inequality to each of the intervals we
getfor x € Dr

1
<C(T—s) "%,
L (2)

T
/ /I‘)prr(x9y)|b|(Vr(y)+wr()7))dydr

for C = C(m, p, |bllL,®)- o
Now we are ready to prove Lemma 4.9.

Proof of Lemma 4.9 Let the set D, be as in (4.58). Fix arbitrary (s, t) € Ajo,13, x € D;.
Then for any m > 2 we have by Lemma 4.10

t
) = Vi) = Piestts = Vo = | [ [ prtx b aar],

1—-L
<Cle—s|
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for C = C(m, p, |IbllL,@®) > O independent of x. Since u and V' are continuous in
x, Fatou’s lemma implies

L
ity () = Vi () = Pr—s (it = Vo) @) | Ly < Cle — 51", (4.60)

for all x € D. Thus, (4.60) holds for all (s,#) € Ajp,1] and x € D and therefore
ueV(l— L) O

Next, as announced above, we show that any analytically weak solution to (1.1)
satisfies (2.3) for Lebesgue a.e. x € D.

Lemma4.11 Let b be a measurable function R — R, ug € B(D). Let u be an
analytically weak solution of equation (1.1) with the initial condition ug. Let f €
C([0, 1], S(D)) and assume additionally that

sup sup | f;(x)]e"! < oo. 4.61)
tel0,11 xeD

Then we have for any t € [0, 1]

t 0
(e, f1) = (wo. fo) + f s, 2y S agyds + / / by () f, (x) dxdr
/ / fs(x)W(ds,dx), P—a.s. (4.62)

Moreover, for any ¢ € S(D) with sup,.p lp(x)|e*! < oo, we have for any t € [0, 1]

t
(e, 0) = (uo. Prg) + /O /D Prr ()b, (x)) dxdr

¢
+/ / Pi_,o(x)W(dr,dx), P—a.s. (4.63)
0 JD

Proof First of all we note that a.s.

1
/‘/|b(ur(y))|€7|y‘dydr<oo. (4.64)
o Jp

Indeed, for all the three choices of (D, S(D)), see Convention 2.1, one can find a test
function ¢ € S(D), such that ¢(x) > e ™I, x € D. Thus, the integral in (4.64) is
well-defined as a Lebesgue integral by definition of an analytically weak solution u.

We apply Lemma 4.2(iii). Since u is an analytically weak solution to equation
(1.1), identity (4.7) holds for H;(p) := fé Jp b, (M)@(y)dydr, where ¢ € S(D).
Therefore all conditions of Lemma 4.2 are satisfied and therefore (4.10) and (4.11)
holds. Let us now identify the process fot ‘H(ds, fs) from (4.10).
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For f € C([0, 1], S(D)), t € [0, 1], we have
Lnt e (1)
ZH (f, 1) —Hi- 1(f, 1) —/ f b(ur () fe,in(y)dydr.  (4.65)

We see that for any » € [0,¢7], y € D we have b(u,(y)) fc, ) ) Lr<i,) —
b(u,(y)) fr(y) as n — oo thanks to the continuity of f. Moreover, by assumption
(4.61) we have for a universal constant C > 0

by () fenry | < Ce™ P b, (v)] € L1([0, 1] x D) ass.,

where we have also used (4.64). Thus, by the dominated convergence theorem

Ken (1) t
[ [ b fnosar = [ [ bwonsionar, as.asn - oc
(4.66)
On the other hand, by (4.10)
[nt]
Z(H (fz 1) —Hi- 1(f1 1)) — f ‘H(ds, fs), in probability as n — oo.

i=1

Recalling now (4.65), (4.66), we get that for any ¢ € [0, 1] we have

r r
/ H(ds,fs)zf fb(ur(y))fr(y)dydr a.s.
0 0 JD

Therefore, (4.62) follows now from (4.11).

To show identity (4.63), we fix ¢ € [0, 1]and take f, := Pi_,¢,r € [0, t],in (4.62).
This is valid because such a function f belongs to C([0, 1], S(D)) and satisfies (4.61).
For this choice of f, we have f +3 LA fs = 0, which implies (4.63). O

Corollary 4.12 Under the conditions of Lemma 4.11, for any t € [0, 1] we have for
Lebesgue a.e. x € D

t
/0 fD pi—r (e, DIy () dydr < 00 P —as. (4.67)

and
'
us(x) = Pruo(x) +/0 /Dpz—r(x, Nb(uy(y))dydr + Vi(x) P—a.s. (4.68)
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Proof We begin by observing that by Fubini’s theorem and (4.64) we have for any
tel0,1],x e D

t t
/ / / e p_, (v, )bl (s () dydrdx < C f / e M1bI(uy (1)) dydr < oo,
D JO D 0 D

where we also applied the elementary inequality —|x| < |x — y| — |y].
That is,

t
e—"‘/o /Dp,_r(-,y)|b|(ur(y>)dydreL1<D> P—a.s.

and thus P-a.s. the function x > f(; [p pi—r(x, Y)|bI(u, () dydr is finite for
Lebesgue a.e. x € D. This shows (4.67).

Next, we fix t € [0, 1], x € D and for arbitrary ¢ € (0, ) take in (4.63) t — ¢ in
place of r and ¢ := p.(x, ). We get

t—¢
Peur—e(x) = Prug(x) +/0 / Pr—r(x, Y)b(ur(y)) dydr + PeVi_¢(x), P—a.s.
D
(4.69)

By Lemma 4.2(ii), we have Pou;_(x) — u;(x) a.s. as ¢ — 0. Using Itd’s isometry,
we have P.V;_.(x) — V;(x) in probability as ¢ — 0. If x € D is such that the
integral fé Jp Pi—r(x, Y)|bI(u, () dydr is finite, then by definition

t—e& t
lim / / Prr (e, Wbty () dydr = / / Prs (6, Wby (7)) dydr.
0 D 0 D

e—0

Thus, for all such x we can pass to the limit in (4.69) as ¢ — 0 to deduce

t
() = Pruto(x) + /0 /D Prr (5 by () dydr + Vi(x), P—a.s.

which is (4.68). O
Now, after all the preliminary work, we are ready to prove Theorem 2.11.

Proof of Theorem 2.11 In Theorem 2.10 we have already shown that (b) is equivalent
to (d). Thus it remains to show that (a) is equivalent to (b) and (c) is equivalent to (d)
and that (a) implies that u € V(1 — 41—17).

Proof'that (a) impliesu € V(1 — 4i) and (b). Let u be an analytically weak solution
to (1.1). Then by Convention 4.12 for any ¢ € [0, 1] we have for Lebesgue a.e. x € D

t
/0 /Dpt_,(x, Wbl (ur(y))dydr < oo P —a.s.

@ Springer



Stochastics and Partial Differential Equations: Analysis and Computations

and
t
u;(x) = Pup(x) +/0 /Dpz_r(x, b, (y))dydr + Vi (x) P—as.

Therefore all the conditions of Lemma 4.9 are satisfied and u € V(1 — 4Lp) - V(%).
1
Next, note that L,(R) C C 7. Let us check that u satisfies the conditions of
Definition 2.6 with § = —%, q = oo. Fix any test function ¢ € S(D). We apply
Lemma4.1(ii) with t = %, y = —%. Since p > landu € V(%) by above, we see that
condition (4.2) holds. Therefore there exists a continuous process H(¢) : [0, 1]x Q2 —

_1_
IR such that for any sequence of C;° functions (b"),cz, convergingtobinC 7 we
have

sup
1€[0,1]

/ / ()" (u,(x))dx dr — Hf (¢)| — 0 in probability as n — oo.

4.70)
Next, we apply Proposition 3.5 with f = b" — b, y = —l - 4—1L t=3T =1,
X, (y) := ¢(y), v = 0. We see that y + 47 > 1 and condltlon (3. 15) holds with
I' = |l@llL,(p)- Thus, all the assumptions of Proposition 3.5 are satisfied and we
deduce from (3.16)

H/()I/Dw(yxb ~ o dydr|

< " ~ V] :
CleloIb" bl =Vl o) @7

_ 5 — -
for C = C(p). By above, u € V(3) and thus [u V]C%Lz([o,l]) < 00. By pass

ing to the limit as n — oo, we see that for any ¢ € [0, 1] we have H;(p) =
fot Jp b, (y))dydr as. This implies that there exists a set Q' C € of full
probability measure such that on " we have forany ¢ € [0, 1] N Q

! 1
(ur, @) = (uo, @) +/0 (s, 5 Ap)ds + Hi(g) + Wilg).

Since all the terms in the above identity are continuous in ¢ € (0, 1], we see that the
above equation holds on ’ for all ¢ € [0, 1]. Therefore, recalling (4.70), we see that
all the conditions of Definition 2.6 are satisfied and u is a weak regularized solution
of (1.1).

Proof that (b) implies (a). It follows from the definition of the weak regularized
solution u that for any test function ¢ € S(D) there exists a process KC(¢): [0, 1] x
Q — R with Ky(p) = 0, such that for ¢ € [0, 1]

! 1
(s, o) = (uo, ¢) +/0 (us, §A</9> ds + K (@) + Wi(9). (4.72)
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1
Set b" := Gy/ub. Then b" — binC » asn — oo and, by the definition of a
regularized weak solution, for any ¢ € [0, 1]

t
/ / o)D" (uy(y))dydr — K;(¢) — 0 in probability as n — oo.
0 JD

On the other hand, applying Proposition 3.5 to the functions f := b" — b, X, (y) =
¢(y) we see that inequality (4.71) holds. Since u € V(g) by assumption, we get

[u—V] s < o0 and thus
C8Ly([0,1])

t t
f()/Dw(y)b"(ur(y))dydr%/O /D<p(y)b(ur(y))dydr inLy(S2)asn — oo.

Therefore for every t € [0, 1] we have K, (¢) = fé Jp eMb(u, () dy dr as. Since
both C(¢) and the process ¢ — fot fD ¢ (¥)b(u,(y)) dy dr are continuous, we have

that a.s. for all # € [0, 1] we have K;(¢) = fé Jp 9Mb(u, () dy dr. Recalling now
(4.72), we see that u is an analytically weak solution to (1.1).

Proof that (c) implies (d). Let u be a mild solution to (1.1). Then from (2.3) we
have that for any x € D and ¢ € [0, 1]

t
uz(x)=quo(x)+/0 /Dp;_r(x,y)b(ur(y))dydﬂrVz(x), as. (4.73)

Thus, Lemma 4.9 implies u € V(%). Consider any sequence of functions (b"),¢z, in

1
C;° suchthath™ — binC » . Applying Proposition 3.5 to the functions f := b" —b,
X, (y) = pi—r(x,y) we see that

t
|[ [ e =oraionayar,

<CIb" —b 1 —v .
I IIC,%,%( + [u ]C%Lz([o,l]))

Since by above u € V(%), we get [u — V] < o0 and thus

C%Lz([(),l])

H /O l /D (6, ) (B" = b)(ur (y)) dy dr HL o0 (4.74)

asn — oQ.
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On the other hand, applying Lemma 4.1(i) with t = %, y = —+, we see that there

exists a continuous process H: [0, 1] x D x 2 — R such that ‘r%r any sequence of

1
C;° functions (b"),cz, convergingtobinC »  we have forany N > 0

t
sup  sup ‘/ / pr—r(x, V)b" (ur(y))dy dr — Hy(x)| — 0 in probability as n — oco.
tel0,1] |X\€<D 0 JD

XX

(4.75)

Comparing this with (4.74), we see that there exists a set Q' C  of full probability
measure such that on Q" we have forany 7 € [0,1]NQ,x e DNQ

t
Ht(x)=/ / Pi—r(x, y)b(u,(y))dydr.
0 JD

Using now (4.73) we see that on " we have forany r € [0, 11N Q,x € DNQ
ur(x) = Puo(x) + Hi (x) + Vi (x).

Since all the terms in the above identity are continuous in (¢, x) € (0, 1] x D, we see
that it holds for all # € [0, 1], x € D. This together with (4.75) shows that u satisfies
(1) and (2) of Definition 2.4 with K = H.

Proof that (d) implies (c). It follows from the definition of the solution u that a.s.
forany x € D, t € (0, 1]

ur(x) = Piup(x) + K, (x) + V; (x). (4.76)

1
Setb" := G/pb. Thenb” — binC » asn — oo and, by definition of a regularized
mild solution, for any x € D, t € (0, Tp]

!
/ / Pr—r (X, VD" (uy(y))dydr — K,(x) — 0 in probability as n — oo.
0 Jp

On the other hand, applying Proposition 3.5 to the functions f := b" — b, X, (y) =
pi—r(x,y), ' = 1, v = 0 we see that inequality (4.74) holds. Using that u € V(%) by

assumption, we get [u — V] s < 0o and thus
C¥ Ly([0,1])

t 13
/0 /D pr—r(x, WO (ur(y) dy dr — /0 /D pr—r(x, Y)b(ur (y)) dydr inLp(Q)asn — oo.
Therefore K, (x) = fot [p Pi—r(x, Y)b(ur(y)) dy dr as. Since u satisfies (4.76), we
get that u is a mild solution to (1.1). O

Proof of Corollary 2.12 By [1, Theorem 2.6], equation (1.1) has a mild regularized
solution, which is strong in the probabilistic sense. By Theorem 2.10 this solution is
analytically mild and analytically weak.
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To show strong uniqueness of solutions to equation (1.1), we note that any analyti-
cally mild solution as well as any analytically weak solution to this equation is a mild
regularized solution by Theorem 2.10 and belongs to the class V(1 — #) C V( %). By
[1, Theorem 2.6], equation (1.1) has a unique mild regularized solution in the class
V(%). Therefore, equation (1.1) has a unique analytically mild solution, which is also
analytically weak solution. O
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