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Anthropogenic impacts are typically detrimental to tropical coral reefs, but the effect 
of increasing environmental stress and variability on the size structure of coral com-
munities remains poorly understood. This limits our ability to effectively conserve 
coral reef ecosystems because size specific dynamics are rarely incorporated. Our aim 
is to quantify variation in the size structure of coral populations across 20 sites along 
a tropical-to-subtropical environmental gradient on the east coast of Australia (~ 
23 to 30°S), to determine how size structure changes with a gradient of sea surface 
temperature, turbidity, productivity and light levels. We use two approaches: 1) lin-
ear regression with summary statistics (such as median size) as response variables, a 
method frequently favoured by ecologists and 2) compositional functional regression, 
a novel method using entire size–frequency distributions as response variables. We 
then predict coral population size structure with increasing environmental stress and 
variability. Together, we find fewer but larger coral colonies in marginal reefs, where 
conditions are typically more variable and stressful, than in tropical reefs. Our model 
predicts that coral populations may become gradually dominated by larger colonies 
(> 148 cm2) with increasing environmental stress. Fewer but bigger corals suggest low 
survival of smaller corals, slow growth, and/or poor recruitment. This finding is con-
cerning for the future of coral reefs, as it implies that current marginal populations, or 
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future reefs in increasingly stressful environmental conditions may have low recovery potential. We highlight the importance 
of continuously monitoring changes to population structure over biogeographic scales.

Keywords: compositional functional regression, coral reef, environmental gradient, population structure, probability density 
function, size-frequency distribution 

Introduction

Population size has been a primary metric of population per-
sistence and viability for decades (Shaffer 1981, Dietzel et al. 
2021). However, the size structure of a population (i.e. 
how many individuals of a given size range there are in the 
population) is as important, if not more so, for determin-
ing persistence and viability, especially in slow growing, ses-
sile organisms (McClanahan et al. 2008, Riegl et al. 2012, 
Cousins et al. 2014). The structure of a population details 
important features regarding individual heterogeneity that 
ultimately predict population outcomes better than simply 
population size (Hunter et al. 2010, Radchuk et al. 2013). 
Consequently, in recent decades, population structure has 
become the focus of demographic models (Easterling et al. 
2000, Caswell 2001, Merow et al. 2014). 

External abiotic factors such as climate change 
(Radchuk et al. 2013, Vetter et al. 2020) can lead to shifts 
in population structure when the underlying vital rates (e.g. 
survival, change in size, reproduction) are affected differently. 
For example, Radchuk et al. (2013) showed that increases 
in temperature improve the fecundity of female bog fritil-
lary butterflies Boloria eunomia and the survival of most life 
stages, except for the overwintering larvae. Yet the viability 
of the butterfly population is highly sensitive to the survival 
of overwintering larvae (Radchuk et al. 2013), meaning that 
low larval survival, as a result of warming, would be detri-
mental to the viability of this population. However, warming 
is not constant, and is only one of many aspects of climate 
change (Dixon et al. 2021), to which species and population 
responses are complex and poorly understood (Lawson et al. 
2015, Tavecchia et al. 2016). Therefore, creating meaning-
ful and realistic experimental manipulations to understand 
future anthropogenic impacts on population structure might 
be resource-intensive and not always practical (Kreyling et al. 
2014), and especially logistically challenging in the marine 
environment. An alternative approach to understand the 
directional effect of environmental change on populations 
is to sample from natural populations exposed to a gradi-
ent of environmental conditions (shift in mean conditions, 
increased variability and extremes), e.g. at the biogeographic 
scale (Beier et al. 2012, Kreyling et al. 2014, Elmendorf et al. 
2015). Gradient approaches have been shown to give larger 
estimated effects than experimental studies conducted in 
terrestrial grassland ecosystems, likely because they reflect 
long-term responses, while experiments highlight short term 
plasticity (Wolkovich et al. 2012, Elmendorf et al. 2015). 
Since changes to population processes can take years before 
detection is possible (Evers et al. 2021), it is a reasonable 

approach for predicting the long-term effects of environmen-
tal change on population viability.

Coral reefs are challenged by many anthropogenic per-
turbations, with climate change being the dominant threat 
(Pandolfi 2015, Hoegh-Guldberg et al. 2017, Hughes et al. 
2017a). Climate change will continue to increase thermal 
stress (Dixon et al. 2022), flooding (Vitousek et al. 2017) 
and storm intensity (Reguero et al. 2019). These disturbances 
directly and indirectly influence coral mortality, changes in 
community composition (Hughes et al. 2012, Ceccarelli et al. 
2020, Brunner et al. 2021) and coral population size struc-
ture (Hughes et al. 2018, Pisapia et al. 2019, Dietzel et al. 
2020, Lachs et al. 2021). Considering that the vital rates of 
survival, growth, and reproduction follow consistent allo-
metric scaling in corals (Dornelas et al. 2017, Madin et al. 
2020), changes to coral population size structure will have 
major consequences for their population dynamics and via-
bility. Indeed, small corals tend to have a higher probability 
of whole-colony mortality, while larger corals have higher 
partial mortality (i.e. shrinkage) and fission (Hughes and 
Connell 1987, Hughes and Tanner 2000, Madin et al. 2020). 
Large corals also have higher reproduction, but lower relative 
growth rates (Connell 1973, Dornelas et al. 2017). Because 
of these allometric relationships, investigating differences 
in size structure across populations experiencing increased 
disturbance can help reveal the ecological mechanisms that 
underlie population viability, such as differences in survival, 
growth and reproduction rates. For example, over the length 
of the entire Great Barrier Reef, Dietzel et al. (2020) found 
decadal declines in the abundance of large coral colonies in the 
northern and central regions, but an increase in the southern 
region compared to historical baselines. The spatial variation 
in the decline of large corals might indicate the depletion of 
coral brood stocks in some regions (Hughes et al. 2019) but 
not others, thereby affecting population viability differently.

Previous studies have examined changes in coral popula-
tion size structure using summary statistics such as mean size, 
variance, skewness, and kurtosis (Bak and Meesters 1998, 
Anderson and Pratchett 2014). These metrics character-
ize aspects of the shape of the size–frequency distribution. 
However, the summary statistics approach involves making 
arbitrary choices about which statistics to include, and does 
not use all the information in the distribution (Talská et al. 
2018). Also, the ecological interpretation of measures such 
as kurtosis is not straightforward. Adjeroud et al. (2007) 
observed negative kurtosis (a flattened distribution, with a 
wide peak around the mean) for a fast-growing species, and 
the opposite for a slow-growing species. Since then, coral reef 
ecologists have related this metric to population growth and 
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turnover rates (Anderson and Pratchett 2014, Kramer et al. 
2020), but the conditions under which the proposed rela-
tionship between kurtosis and growth rate holds are unclear. 
The assessment and comparison of entire coral size–frequency 
distributions as probability density functions can overcome 
these challenges. Recent advances in functional data analysis 
(Ramsay et al. 2009, Talská et al. 2018) remove the need to 
arbitrarily select a few summary statistics as response vari-
ables. Since the entire probability density function is treated 
as the response variable (Talská et al. 2018), the method can 
accurately quantify which coral sizes are most affected by the 
explanatory variables. This approach is likely to better capture 
the effects of long-term environmental stress on coral size–
frequency distributions than summary statistics, allowing for 
improved comparisons and understanding of their dynamics. 

Here, we examine the changes of scleractinian coral popu-
lation size structure over 900 km in eastern Australia. Using 
the tropical to subtropical gradient as a proxy for increas-
ing environmental stress (Kreyling et al. 2014), we aim to 
understand how coral population size structure responds 
to, or is locally adapted to increasingly marginal conditions. 
We use two methodologies: 1) linear regression with sum-
mary statistics as response variables, an approach classically 
favoured by coral reef ecologists and 2) a novel compositional 
functional regression approach (Talská et al. 2018) that has 
never been used in this context. We use both methods here 
to demonstrate their respective strengths and weaknesses. At 
higher latitudes, where conditions are harsh due to extremes 
in temperature, light levels and storm events, we expect fewer 
small coral colonies, because coral mortality rates are gener-
ally highest for the smallest corals (Connell 1973), and sex-
ual recruitment rates are low in these comparatively harsher 
conditions (Harriott and Banks 1995, Abrego et al. 2021, 
Cant et al. 2022). Potential differences in population size 
structure of corals along this environmental gradient might 
indicate the effect of stress on coral population dynamics, 
providing a lens to the future, where reefs might be affected 
by increased disturbances as a result of climate change.

Material and methods

Data collection

The eastern Australian biogeographic transition zone is 
a unique region in which to observe coral population 
dynamics. There, coral communities occur from tropical 
Queensland’s Great Barrier Reef (GBR) to the temperate, 
sometimes kelp-dominated rocky reefs in New South Wales 
(~ 23 to 30°S). With increasing latitude, sea surface tempera-
ture and incident light intensity decline, while storm inten-
sity and frequency increase (Pepler and Coutts-Smith 2013), 
making the reef habitat increasingly marginal for tropical 
hard corals (Harriott and Smith 2000, Sommer et al. 2018). 
Multiple oceanographic currents are present in the region, 
with the Eastern Australian Current (EAC) being the larg-
est (Baird et al. 2008). The EAC runs approximately 50 km 

offshore (Malcolm et al. 2011), transporting warm, tropical 
waters from the Coral Sea poleward. The current may also be 
a source of fresh genetic material for the downstream reefs 
(Beger et al. 2014, Sommer et al. 2014). Though we note 
that a recent study suggested that coral larvae dispersed from 
the southern GBR have a low probability of being received 
at higher latitude reefs (Mizerek et al. 2021), where endemic 
coral species are increasingly found (Schmidt-Roach et al. 
2013, Baird et al. 2017). Nonetheless, the eastern Australian 
biogeographic transition zone represents a natural laboratory 
that allows the examination of differences in coral population 
size structure with increasing marginality. 

We sampled coral populations across 20 sites in the eastern 
Australian biogeographic transition zone using underwater 
photographic benthic transect surveys. Twelve sites were sam-
pled in September 2018, while the eight other sites were sam-
pled in either 2010, 2011, 2012 or 2016 (Fig. 1, Supporting 
information). At each site, three 30 m belt transects were 
haphazardly run at 8–10 m water depth. Downward-facing 
photographs were taken every metre, from approximately 70 
cm above the benthos. Each included a 50 cm calibration 
stick held at the level of the substrate (as in Sommer et al. 
2011). Two cameras were used: a Canon S90 with a wide-
angle lens at most sites, and a Sony RX100V with a Nauticam 
WWL-1 wide angle lens at Julian Rock Nursery, Cook Island 
and Flinders Reef. Since the field of view of the two cameras 
varied, images from the Sony RX100V were batch processed 
and cropped in ImageJ (Schindelin et al. 2012) to ensure 
comparability, such that each frame captured approximately 
1 m2 of seabed. 

On each image, coral species were visually identified to 
the lowest taxonomic classification possible (usually genus) 
using Coral Finder 2021 (Kelley 2021) and Corals of the 
World (Veron et al. 2016). Coral morphological types were 
also included and standardised following the classification 
of Sommer et al. (2021). Where variable growth forms are 
observed for the genera Montipora, Porites and Turbinaria, 
they were placed into categories of ‘branching,’ ‘encrusting, 
‘laminar’ and ‘massive’. For Acropora, the categories were 
‘arborescent,’ ‘corymbose,’ ‘digitate,’ ‘hispidose’ and ‘tabular,’ 
following Kelley (2021). For each coral colony, the follow-
ing were recorded: 2D planar area, taxonomic identity, and 
whether the colony was partially out of frame. This proce-
dure was conducted using the freely available ‘SizeExtractR’ 
(Lachs et al. 2022) workflow in ImageJ (Schindelin et al. 
2012) and R (www.r-project.org). We traced each coral 
colony manually, added relevant alphanumeric annotations, 
and compiled the resulting size data into a single database. 
Transect images that did not visibly contain corals were 
skipped. In total, 16 598 coral colonies were examined across 
1426 images, capturing 41 coral taxonomic entities (species, 
genera, family or groups with uniquely identifiable morpho-
logical characteristics, for details see Supporting information). 

Light limitation, temperature minima, and fluctuations 
determine the distribution and abundance of corals in our 
study region (Sommer et al. 2018). To characterise and com-
pare long-term environmental trends among our study sites, 
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we extracted 4 km monthly chla (chlorophyll a concentration 
– a proxy for productivity), kd490 (diffuse attenuation coef-
ficient at 490 nm – a proxy for turbidity), and PAR (photo-
synthetically available radiation) from January 2003 to April 
2019 (NOAA 2022a, b, d); and 1 km monthly sea surface 
temperature (SST) from June 2002 to May 2019 (NOAA 

2022c). The minima, maxima, means, and standard devia-
tions of each environmental variable were calculated for each 
site, resulting in a total of 16 variables. A principal compo-
nent analysis (PCA) was used for dimension reduction of 
these environmental factors (Fig. 2). The first axis (PC1) 
explains 63% of the observed variance and reflects a gradient 
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Figure 1. Survey design of the study, showing (a) the location of the 20 sampling sites in eastern Australia; image examples of the outlined 
coral communities from (b) Lady Elliot Island and (c) Black Rock. The 0.5 m black and yellow graduated calibration stick is visible. Corals 
that were not completely in frame, like the largest one in (c) were not included in the final dataset.
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from warmer, brighter environments with low turbidity and 
productivity (negative PC1 scores) to darker, colder envi-
ronments with high turbidity and productivity (positive 
PC1 scores). The second axis (PC2), explaining 17% of the 
variance, is driven by minimum productivity, turbidity and 
variation in light availability. Negative PC2 scores reflect 
environments that have the lowest productivity and turbidity, 
yet unstable light regimes, while positive scores reflect sites 
whose lowest turbidity and productivity is the least extreme 
and have the most stable light regimes. 

Coral taxonomic identity along the environmental 
gradient

For the purpose of quantifying population size structure, we 
did not differentiate between taxonomic groups and consider 
all corals from the same site a ‘population’ to overcome having 
small sample sizes in some marginal reefs. We acknowledge 
the limitations of this in the discussion. We used canonical 
correspondence analysis (CCA) to examine differences in tax-
onomic composition along the environmental gradient (PC1 
and PC2 scores), as environmental tolerances vary among 
species (Sommer et al. 2014). We showed that some taxa 

were shared among sites but along the gradient there were 
likely different dominant taxa for each morpho-taxa group 
(Supporting information). 

Data analyses

Colony sizes were natural log-transformed to normalise 
their distribution for subsequent analyses and increase the 
resolution of the highly abundant smaller size classes (Bak 
and Meesters 1998). Throughout, log refers to natural loga-
rithm. Colonies marked partially out of frame were excluded 
as we lacked their true size. This filter resulted in 12 224 
coral colonies from 1321 images, corresponding to 41 coral 
taxonomic entities. We used two methods to characterise the 
coral population size structure and establish its relationship 
with environmental covariates. The first was the calculation of 
summary statistics (Bak and Meesters 1998, Adjeroud et al. 
2007, Anderson and Pratchett 2014) followed by linear 
regression with the scores of PC1 and PC2 and their interac-
tion as explanatory variables. The model combinations were 
evaluated using Akaike’s information criterion (AIC). For 
each site, the summary statistics calculated were: 1) average 
coral size (both mean and median), a surrogate for coral age 

Figure 2. Biplot showing the PCA ordination of our 20 coral populations (Fig. 1a) using the 16 environmental variables. Reef names are 
labelled in grey, the blue arrows are the environmental factors which include the minima (min), maxima (max), means and SD of chloro-
phyll a concentration (chla), diffuse attenuation coefficient at 490 nm (kd490), sea surface temperature (sst) and photosynthetically avail-
able radiation (PAR). The first and second axes jointly explain 80% of the environmental variation in this region. 
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and fecundity (Soong and Lang 1992). We used the median 
in linear regressions as it is not strongly influenced by extreme 
colony sizes, which are common in our study populations. 2) 
Coefficient of variation, which allows the comparison of size 
variation across different sites. 3) Skewness, which measures 
the asymmetry of size-frequency distributions, with left or 
right skew indicating the dominance of larger and smaller 
corals, respectively. 4) Kurtosis, which measures the relative 
peakedness of a distribution, and has been used to repre-
sent growth and recruitment rates (Bak and Meesters 1998, 
Adjeroud et al. 2007, Anderson and Pratchett 2014). 

We then used compositional functional regression 
(Talská et al. 2018) to test the effect of environmental covari-
ates (PC1 and PC2 scores) on the entire size–frequency dis-
tribution. The benefit of this approach is that it is possible to 
examine how the entire distribution changes, as opposed to a 
single summary statistic, which does not capture all relevant 
properties of the size distribution. Compositional functional 
regression is needed here because our response variable (coral 
size–frequency distribution) is a probability density function. 
Probability density functions must be non-negative every-
where and integrate to one (note that non-negativity is a 
property of the function, the probability density, rather than 
the value of the argument to the function, log coral size). 
Standard functional regression, where the response variable is 
a continuous function instead of a number (Yen et al. 2015) 
is already familiar to some ecologists, but does not ensure that 
the predicted response is a valid probability density function. 
Compositional functional regressions overcome this problem 
by working in a real vector space (Bayes space) (Egozcue et al. 
2013), whose elements are continuous probability density 
functions (Egozcue et al. 2006, van den Boogaart et al. 2014) 
on which we can do ‘addition’ and ‘scalar multiplication’ 
operations, such that the result is always a probability den-
sity function (see Supporting information for more details). 
Once these operations are defined, we can write down a linear 
regression model for probability density functions. Consider 
the standard linear regression response = intercept + explana-
tory variable × coefficient + error; then the analogous compo-
sitional functional regression equation takes the form

Response function Intercept function

explanatory variable coe

=

Å � ffficient function

error function,

( )
Å

where the error function has a mean of zero. In our particular 
case, the regression model is

yi = ( )Å ( )ÅÅbb bb bb ee0 1 1 2 2x xi i i, , ,� �   (1)

where yi is the response, a probability density function rep-
resenting the log coral size–frequency distribution at the ith 
site, the explanatory variables x1,i and x2,i are the PC1 and 

PC2 scores at the ith site, the intercept β0 is the size–fre-
quency distribution when each explanatory variable has the 
value 0, coefficients β1 and β2 are probability density func-
tions describing the effect of a unit increase in PC1 and PC2 
respectively on the size-frequency distribution, and the error 
εi is a probability density function representing the residual 
or error at the ith site. 

Estimating densities (continuous size–frequency distribu-
tions) to use as the response variable is a necessary step in 
compositional functional regression. We binned the individ-
ual log coral area observations from each site into a histogram, 
and smoothed the data to obtain a continuous approxima-
tion to the histogram, over the entire observed range across 
all sites (Talská et al. 2018). The number of bins for each 
site was chosen using Sturges’ rule (Sturges 1926). Where 

there were empty bins, we replaced the zeros by 2
3

1æ
è
ç

ö
ø
÷´
æ

è
ç

ö

ø
÷ni

, 

where ni is the number of corals observed at that site (Martín-
Fernández et al. 2003, Machalová et al. 2021). We followed 
typical practice in the field, but the theory on how density 
estimation affects subsequent results is not yet well developed 
(Petersen et al. 2022, sections 3 and 5). We therefore checked 
the robustness of our compositional functional regression 
results to different bin numbers used in histogram smooth-
ing, as well as to sites with only very few corals (Supporting 
information).

Then, the size–frequency distributions were centred log-
ratio (clr) transformed to give standard addition and scalar 
multiplication operations, which allows for easier compu-
tation (van den Boogaart et al. 2014). The clr transformed 
size–frequency distributions were smoothed using cubic com-
positional splines (ZB spline basis functions (Machalová et al. 
2021)) with four knots. The optimum smoothing parameter 
alpha was chosen by generalized cross validation for each site. 
The compositional regression model given in Eq. 1 was fit-
ted to the binned and smoothed size-frequency distributions 
(Machalová et al. 2021). Approximate 95% confidence bands 
were obtained using bootstrap approximations. We calcu-
lated pointwise and global R2 which measure proportions of 
variation explained by the model in an analogous way to the 
usual coefficient of determination (Talská et al. 2018). 

To determine whether the estimated effects of PC1 and 
PC2 could be distinguished from zero (no effect), pointwise 
and global permutation F-tests were performed with the 
observed pointwise F-statistic, and its maximum over the 
whole interval, respectively (Ramsay et al. 2009). The F-tests 
were carried out by permuting rows of the ZB-spline coef-
ficients and re-estimating the regression model 9999 times. 
We compared observed pointwise and max F-statistics with 
the distributions of these statistics from permutations. The 
residual functions were plotted (and coloured by PC1 score) 
to check for systematic departures from the model. The coef-
ficient functions β0, β1 and β2 on the clr scale were plotted 
to visualize the size–frequency distribution at the mean of 
PC1 and PC2 (β0) and the effects of each. On the clr scale, 
positive values of the coefficient functions β1 and β2 suggest 
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an increase in density at a given log area per unit increase in 
the explanatory variable, and vice versa. Because PC1 seemed 
to capture most of the environmental variability in our study 
region, we visualised its effect by plotting the predicted coral 
size–frequency distributions at the mean value (0) of PC2, 
for ten equally spaced values of PC1 from its minimum to 
its maximum.

Size-biased sampling

Size–frequency distributions estimated from photographs 
are subject to sampling bias. The larger a coral colony, the 
less likely it is to fit entirely in the sampling window. Thus, 
including only those colonies that fit in the sampling window 
(‘minus sampling’ (Baddeley 1998)) as we have in this study, 
biases the estimated size–frequency distribution towards 
smaller colonies. There are ways to avoid such sampling bias 
but these require information from outside the sampling 
window (Baddeley 1998, sections 2.2–2.4, 2.6, Zvuloni et al. 
2008), which is unavailable in our data. In the Supporting 
information, we show that this sampling bias does not affect 
estimates of the coefficient functions for the effects of explan-
atory variables (β1 and β2) in a compositional functional 
regression, although the bias does affect the estimated inter-
cept function β0. These coefficient functions are only defined 
over the interval of sizes that could fit in the sampling win-
dow, so we have no information about effects on the density 
of colonies larger than the window. Summary statistics and 
the effects of explanatory variables on the summary statistics 
will also be subject to sampling bias, but we currently do not 
have simple solutions to account for these biases. 

Model sensitivity to the 2016 bleaching event

In 2016, severe coral bleaching was recorded in northern and 
central GBR (Hughes et al. 2017b). Although bleaching was 
less severe in the southern GBR and at the high latitude east-
ern Australian reefs (Hughes et al. 2017b, Kim et al. 2019), 
the anomalous thermal stress in the region could have had 
unobserved impacts on corals leading to potential changes in 
population size structure. For this reason, we examined the 
temporal effect of our data by adding a categorical explana-
tory variable of pre- or post- bleaching to both the linear 
regression and the compositional functional regression analy-
ses (Supporting information).

Results

Summary statistics and linear regression

Sites had between 38 (Woolgoolga Reef ) and 2101 (Lady 
Musgrave Island) colonies (median 526, first quartile 148, 
third quartile 718). Statistical summaries of the coral size–
frequency distributions are reported in the Supporting 
information. Colder, darker reefs with higher turbidity and 
productivity (high PC1 scores) had fewer coral colonies (F2,17 

= 6.80, p = 0.007, R2 = 0.379; Fig. 3a; Supporting informa-
tion), but with larger median sizes (F1,18 = 10.7, p = 0.004, 
R2 = 0.338; Fig. 3c, Supporting information), and were more 
negatively (left) skewed (F2,17 = 7.45, p = 0.005, R2 = 0.404; 
Fig. 3, 4, Supporting information). Reefs with more con-
stant light levels and less extreme minima in turbidity and 
productivity (high PC2 scores) were associated with more 
coral colonies and a positive skew in the population size 
structure (Fig. 3b, e, Supporting information). Weak evi-
dence showed that CV and kurtosis were lower at high PC1 
scores, suggesting that colony size variation was lower (F1,18 = 
2.35; p = 0.143; R2 = 0.066), and that coral population size 
structure was flatter (F1,18 = 2.54; p = 0.128; R2 = 0.075) at 
colder, darker reefs with higher turbidity and productivity 
compared to warmer, brighter and less turbid environments 
(Supporting information). 

Compositional functional regression

Compositional functional regression showed that as PC1 
increased, reflecting the transition from warmer, brighter 
environments to more productive and turbid environments, 
a higher proportion of corals were bigger: the mode of the 
predicted distribution of log coral area moved to the right, 
and the predicted distribution became broader and flatter 
(Fig. 5, red to blue lines). At the lowest PC1 score, the pre-
dicted modal log coral area was approximately 3.5 log cm2 
(33.1 cm2, Fig. 5, red), while at the highest PC1 score, the 
predicted modal log coral area was approximately 5 log cm2 
(148 cm2, Fig. 5, blue). Thus, large changes in coral size–fre-
quency distributions along the environmental gradient were 
plausible. We further showed that increases in PC1 may be 
associated with lower densities of small to moderate sized cor-
als (~ 2–4 log cm2) (Fig. 6, interval where the 95% confi-
dence band did not cross zero). The global R2 for our model 
was 0.18, so that the model explained relatively little of the 
variation in size–frequency distributions, although with 
higher amounts of variation explained at coral sizes 2–4 log 
cm2 (Supporting information). Similar peaks were observed 
for the pointwise F test statistics (Supporting information). 
However, because the maximum pointwise F statistic did not 
exceed the 0.95-quantile of the distribution of such maxima 
anywhere (Supporting information), it was plausible that 
from the compositional functional regression alone, neither 
PC1 nor PC2 affected coral size–frequency distributions (dis-
cussion). For the effect of the intercept and PC2, model fit 
and residual diagnostics, see the Supporting information. 

Discussion

Understanding the drivers of change in population size 
structure is fundamental to robust predictions of popula-
tion dynamics (Edmunds and Riegl 2020, Edmunds 2021). 
Here, examining population size structure of corals across 
20 reefs along the tropical to subtropical transition zone in 
Eastern Australia, we found fewer but bigger corals in sites 
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characterised by greater environmental stress and temporal 
variability compared to sites that have a more stable envi-
ronmental regime. It is plausible that the high coral cover in 
Australian high-latitude coral communities (Harriott et al. 
1994, Sommer et al. 2014) is created by few large coral colo-
nies. This supports the idea that the lower growth rates and 
higher fission rates of larger corals (Dornelas et al. 2017) 
could be the main driver of coral persistence in marginal 
reefs (Cant et al. 2022). We hypothesise that future reef 
persistence might be governed by low growth and recruit-
ment, and be reliant on the survival and higher fecundity 
of larger corals (Bak and Meesters 1999, Cant et al. 2020, 
Dietzel et al. 2020). 

This is the first study to use compositional functional 
regression (Talská et al. 2018) to examine population size 
structure changes along a large biogeographic gradient. The 
ability to model the entire probability density curve allows us 
to determine the effects of environmental drivers on corals 
of different sizes. Specifically, we show that with increasing 
environmental stress and variability, we risk losing small to 
medium sized corals at 7–55 cm2. This cannot be concluded 
from linear regressions of summary statistics. Furthermore, 
many ecologically important properties are functions of 
size, including carbonate production and linear extension 
for corals (Carlot et al. 2021). Compositional functional 
regression will allow us to link predictions about changes in 

Figure 3. (a) The number of coral colonies decreases with PC1 and (b) increases with PC2. (c) Median coral colony size increases with PC1. 
(d) Skewness of the coral size–frequency distribution decreases with increasing PC1 and (e) increases with PC2. The black line is the line of 
best fit, and the grey region is the 95% confidence band. The explanatory variables plotted here were chosen based on model selection 
(Supporting information). For (a, c and d), more positive PC1 scores represent lower sea surface temperature and photosynthetically avail-
able radiation (PAR), i.e. colder and darker, and high chlorophyll a concentration and turbidity (kd490), i.e. more productive and more 
turbid. In (b) and (e) more positive PC2 scores represent higher minima of chlorophyll a concentration and kd490 i.e. lowest turbidity and 
productivity is least extreme; and lower standard deviations of PAR i.e. more stable light regimes.
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size distributions to changes in these ecologically important 
properties. For example, given a predicted change in size 
distribution with respect to an environmental variable (e.g. 
increasing SST), and the relationship between the property 
of interest (e.g. carbonate production) and size, we can cal-
culate the predicted population-level change in the value of 
the property (e.g. mean carbonate production per colony) 
with respect to the environmental variable. In contrast, gen-
erally it is not possible to do such calculations given estimated 
effects on a summary statistic. Similarly, size distributions, 
rather than summary statistics, are required for modern 
demographic techniques such as Integral Projection Models 
(IPMs) (Kayal et al. 2018, Cant et al. 2020). 

Both linear regression and compositional functional 
regression results identified fewer but bigger corals in mar-
ginal reefs, although the evidence from the latter was weaker. 
Nevertheless, the observed change in summary statistics such 
as the median (for which there is strong evidence) imply 
changes in the size–frequency distribution, so that the com-
bined evidence from both methods suggests an effect. The 
difference in strength of evidence could simply be method-
ological, i.e. having to consider the effect of the environmen-
tal covariates on the entire size-frequency distribution at each 

reef in compositional functional regression, as opposed to 
just a single value (of a summary statistic) in linear regression. 
It is possible that there is simply a relatively large amount 
of (random) variation in the density functions (size distri-
butions) among our twenty sites. Although we did not find 
strong support for temporal effects considering the results 
from both methods, there was weak evidence that median 
coral size was smaller and CV was greater at sites surveyed 
after the 2016 bleaching event (Supporting information). 
This finding suggests that where time series data are available, 
exploring how major disturbances affect size structure over 
time will be a worthwhile endeavour. Indices summarising 
local threat levels from human activity (Burke et al. 2011) 
might also explain some of the variation in size distributions. 

In addition to the environmental parameters examined, 
other variables could also have acted on the coral size–fre-
quency distributions. For example, storm waves can differ-
entially overturn corals of different sizes and growth forms 
(Madin et al. 2014), indicating that high latitude environ-
ments could well select for larger, more stable horizontally 
spreading morphologies in our study region (Sommer et al. 
2014); and the morphology, taxonomic identity and life-
history of corals (Darling et al. 2012) can determine the sizes 

Figure 4. Histograms showing coral colony size structure for each of the 20 reefs. All plots are on the same scale. Blue dashed lines are den-
sity estimates. Red solid lines are the site-wise mean log coral colony size. Red dotted lines show the global mean log coral colony size (3.82 
log cm2) over all 12 224 coral colonies. (a–t) are ordered from low to high PC1 scores. Increases in PC1 represents increasingly marginal 
conditions (colder, darker, more turbid and productive waters).
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to which they could grow. There is already some evidence of 
this across our sites (Supporting information). For example, 
both the encrusting Micromussa lordhowensis, and laminar 
Turbinaria are commonly observed on subtropical reefs in 
this region, but M. lordhowensis colonies are generally much 
smaller. Recent observations of speciation of endemic corals 
also indicate that evolutionary processes are at play in this 
region (Schmidt-Roach et al. 2013, Baird et al. 2017). Where 
sample sizes are large enough, it will be meaningful to investi-
gate taxa specific population size structure (Rich et al. 2022, 
Bernard et al. 2023) along this environmental gradient. Reefs 
with higher rugosity and thus complexity could support 
more smaller corals (Crabbe 2010), meaning reef topogra-
phy could also be relevant. Competition for space can also 
reduce the rate at which corals grow (Chadwick and Morrow 
2011), including competition with other non-coral, sessile 
benthic organisms like algae, corallimorpharians and zoan-
thids that are abundant on high-latitude reefs (Abrego et al. 
2021, Reimer et al. 2021). 

Our work assessing coral population size structure over 
a large biogeographic scale offers a glimpse into a possible 
response of coral assemblages to environmental change. Our 
main finding of increasingly marginal conditions selecting 
for fewer but larger coral colonies, echoes previous findings 
that larger corals remain post-disturbance (Bak and Meesters 
1998, Dietzel et al. 2020, Lachs et al. 2021), but see also 

Pisapia et al. (2020) for examples of colonies becoming 
smaller. The demographic mechanisms that can lead to the 
prevalence of fewer but bigger corals are likely a combination 
of low recruitment, partial mortality and slow growth. As 
ongoing climate change leads to more variable and extreme 
environmental conditions (Spady et al. 2022), it is pos-
sible that some corals in biogeographic transition zones are 
adapting to changing conditions. Through this observational 
study, we hypothesise that on a population level, marginality 
could select mechanisms that shift the population size struc-
ture of reef corals towards a larger proportion of bigger indi-
viduals, or towards a composition with species that can reach 
larger sizes. Such a shift is concerning because coral popu-
lations with fewer smaller corals (juveniles) suggest recruit-
ment failure, and thus a lowered recovery potential following 
further disturbances (Riegl et al. 2012, Pisapia et al. 2019, 
Dietzel et al. 2020, Lachs et al. 2021). In addition, small coral 
fragments broken off from mature colonies retain their repro-
ductive capacity (Rapuano et al. 2023), but have a higher 
relative growth rate compared to the original colony, due to a 
reduction in size. This indicates that smaller corals (both coral 
recruits and those fragmented from larger corals by natural 
processes) could be disproportionately important for popula-
tion persistence. Thus, we recommend improving our under-
standing of coral reproduction, dispersal and recruitment 
dynamics along latitudinal gradients (Mizerek et al. 2021), 
as it can provide an insight into how coral populations persist 

Figure 5. As PC1 increases, the predicted distributions of log coral 
area become broader and flatter, and the mode increases from ~ 3.5 
to 5 log cm2. Increases in PC1 represents increasingly marginal con-
ditions (colder, darker, more turbid and productive waters). Red to 
blue lines correspond to predicted distributions for ten equally 
spaced PC1 scores, from the minimum (–4.33, darkest red) to the 
maximum (6.11, darkest blue). PC2 values are kept constant at 0 
(the mean). The coefficient function β1 determines how the shape of 
the distribution changes with PC1 but individual distributions are 
also affected by β0 (the intercept) and thus by the sampling bias (S3: 
Size-biased sampling). 

Figure 6. Increases in first axis (PC1) scores mean lower densities of 
corals at ~ 2–4 log cm2. Increases in PC1 represents increasingly 
marginal conditions (colder, darker, more turbid and productive 
waters). The black line is the estimated centred log-ratio (clr) trans-
formation of the coefficient function β1, which measures the effect 
of a unit increase in PC1 on the probability density of a given log 
coral area. Positive values on the y-axis suggest that the correspond-
ing log coral area on the x-axis becomes more likely as PC1 increases, 
and negative values suggest that the corresponding log coral area 
becomes less likely. The shaded region is the bootstrap 95% confi-
dence band. The horizontal dashed line represents no effect of PC1 
on the probability density of log coral area.
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and recover despite suboptimal conditions. Further demo-
graphic work in this region would be insightful for continu-
ous monitoring and the ground-truthing of our hypothesis.

Climate change will continue to affect population dynam-
ics worldwide (Lawson et al. 2015). Thus, it remains per-
tinent for ecologists to examine changes in population size 
structure at biogeographic scales through time (Riegl et al. 
2012, Dietzel et al. 2021). Advances in compositional func-
tional regression (Talská et al. 2018) provide a comprehen-
sive tool for ecologists to examine population size structure, 
allowing us to gain insight into how environmental extremes 
and variabilities affect population dynamics (Kreyling et al. 
2014). Collectively, our work on the coral population size 
structure of reefs in the eastern Australian biogeographic 
transition zone highlights fundamental differences along the 
~ 900 km tropical to subtropical gradient, where bigger cor-
als are likely selected for in marginal conditions. While the 
survival of larger corals allows for the persistence of reef habi-
tats, the lack of smaller corals indicates recruitment failure 
and could signify a lowered resilience to further disturbances. 

Acknowledgements – The authors thank colleagues from the 
Marine Transitions Lab (Beger lab) and the SalGo team for their 
constructive feedback on this manuscript. This research would not 
have been possible without the research permits provided by the 
Solitary Islands Marine Park branch of the NSW Department of 
Primary Industries (SIMP 2016/002V2, MEAA 20/45) and the 
Great Barrier Reef Marine Park Authority (G19/42221.1). 
Funding – FC is supported by the Panorama Doctoral Training 
Partnership (NE/S007458/1), the University of Hull and a JSPS 
London short-term pre-doctoral fellowship (PE22726). We 
acknowledge funding from the Australian Research Council Centre 
of Excellence for Environmental Decisions (CE110001014), an 
EU Marie Skłodowska-Curie Fellowship (TRIM-DLV-747102), 
and a Winifred Violet Scott Estate grant to MB; a CSIRO top-up 
scholarship, an Australian Research Council Discovery Early Career 
Research Award (DE230100141), a University of Sydney Fellowship 
and a Chancellor's Postdoctoral Research Fellowship from the 
University of Technology Sydney to BS. Fieldwork was further 
supported by two Australian Research Council Centre of Excellence 
awards (CE0561435 and CE140100020) to JMP and others.

Author contributions

Fiona Chong: Conceptualization (equal); Data cura-
tion (equal); Formal analysis (lead); Investigation (equal); 
Methodology (equal); Project administration (equal); 
Software (equal); Validation (equal); Visualization (lead); 
Writing – original draft (lead); Writing – review and edit-
ing (lead). Brigitte Sommer: Conceptualization (equal); 
Investigation (equal); Methodology (equal); Supervision 
(supporting); Writing – original draft (supporting); Writing 
– review and editing (equal). Georgia Stant: Data curation 
(equal); Investigation (equal); Writing – review and editing 
(equal). Nina Verano: Data curation (equal); Investigation 
(equal); Writing – review and editing (equal). James Cant: 
Conceptualization (equal); Investigation (supporting); 
Methodology (supporting); Writing – review and editing 

(equal). Liam Lachs: Conceptualization (supporting); Data 
curation (equal); Investigation (supporting); Methodology 
(supporting); Writing – review and editing (equal). Magnus 
L. Johnson: Data curation (supporting); Resources (equal); 
Supervision (equal); Writing – review and editing (equal). 
Daniel R. Parsons: Funding acquisition (equal); Resources 
(equal); Supervision (equal); Writing – review and edit-
ing (equal). John M. Pandolfi: Conceptualization (equal); 
Funding acquisition (equal); Resources (equal); Writing 
– review and editing (equal). Roberto Salguero-Gómez: 
Conceptualization (supporting); Investigation (equal); Project 
administration (equal); Supervision (equal); Visualization 
(supporting); Writing – original draft (supporting); Writing 
– review and editing (equal). Matthew Spencer: Formal 
analysis (equal); Methodology (equal); Software (equal); 
Validation (equal); Visualization (equal); Writing – original 
draft (supporting); Writing – review and editing (equal). 
Maria Beger: Conceptualization (equal); Data curation 
(supporting); Formal analysis (equal); Funding acquisition 
(equal); Investigation (equal); Methodology (equal); Project 
administration (equal); Resources (equal); Supervision (lead); 
Visualization (supporting); Writing – original draft (support-
ing); Writing – review and editing (equal).

Transparent peer review

The peer review history for this article is available at https://
publons.com/publon/10.1111/ecog.06835.

Data availability statement

Data are available from the Dryad Digital Repository: https://
doi.org/10.5061/dryad.76hdr7t13 (Chong et al. 2023).

Supporting information

The Supporting information associated with this article is 
available with the online version.

References

Abrego, D., Howells, E. J., Smith, S. D. A., Madin, J. S., Som-
mer, B., Schmidt-Roach, S., Cumbo, V. R., Thomson, D. P., 
Rosser, N. L. and Baird, A. H. 2021. Factors limiting the 
range extension of corals into high-latitude reef regions. – 
Diversity 13: 632. 

Adjeroud, M., Pratchett, M. S., Kospartov, M. C., Lejeusne, C. and 
Penin, L. 2007. Small-scale variability in the size structure of 
scleractinian corals around Moorea, French Polynesia: patterns 
across depths and locations. – Hydrobiologia 589: 117–126. 

Anderson, K. D. and Pratchett, M. S. 2014. Variation in size-fre-
quency distributions of branching corals between a tropical 
versus sub-tropical reef. – Mar. Ecol. Prog. Ser. 502: 117–128. 

Baddeley, A. J. 1998. Spatial sampling and censoring. – In: Barn-
dorff-Nielsen, O. E., Kendall, W. S. and van Lieshout, M. N. 
M. (eds), Stochastic geometry: likelihood and computation, 1st 
edn. Routledge.

 16000587, 2023, 12, D
ow

nloaded from
 https://nsojournals.onlinelibrary.w

iley.com
/doi/10.1111/ecog.06835 by T

est, W
iley O

nline L
ibrary on [19/06/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://publons.com/publon/10.1111/ecog.06835
https://publons.com/publon/10.1111/ecog.06835
https://doi.org/10.5061/dryad.76hdr7t13
https://doi.org/10.5061/dryad.76hdr7t13


Page 12 of 14

Baird, M. E., Timko, P. G., Middleton, J. H., Mullaney, T. J., Cox, 
D. R. and Suthers, I. M. 2008. Biological properties across the 
Tasman Front off southeast Australia. – Deep Sea Res. Part I: 
Oceanogr. Res. Pap. 55: 1438–1455. 

Baird, A. H., Hoogenboom, M. O. and Huang, D. 2017. Cyphas-
trea salae, a new species of hard coral from Lord Howe Island, 
Australia (Scleractinia, Merulinidae). – ZooKeys 662: 49–66. 

Bak, R. P. M. and Meesters, E. H. 1998. Coral population struc-
ture: the hidden information of colony size-frequency distribu-
tions. – Mar. Ecol. Prog. Ser. 162: 301–306. 

Bak, R. P. M. and Meesters, E. H. 1999. population structure as a 
response of coral communities to global change. – Am. Zool. 
39: 56–65. 

Beger, M., Sommer, B., Harrison, P. L., Smith, S. D. A. and Pan-
dolfi, J. M. 2014. Conserving potential coral reef refuges at high 
latitudes. – Divers. Distrib. 20: 245–257. 

Beier, C., Beierkuhnlein, C., Wohlgemuth, T., Penuelas, J., Emmett, 
B., Körner, C., De Boeck, H., Christensen, J. H., Leuzinger, 
S., Janssens, I. A. and Hansen, K. 2012. Precipitation manipu-
lation experiments - challenges and recommendations for the 
future. – Ecol. Lett. 15: 899–911. 

Bernard, G. G. R., Kellam, A. L. and Szereday, S. 2023. Differen-
tial colony size frequency distribution of hard corals across 
physical reef health gradients in Northeast Peninsula Malaysia. 
– Reg. Stud. Mar. Sci. 61: 102872. 

Brunner, C. A., Uthicke, S., Ricardo, G. F., Hoogenboom, M. O. 
and Negri, A. P. 2021. Climate change doubles sedimentation-
induced coral recruit mortality. – Sci. Total Environ. 768: 
143897. 

Burke, L., Reytar, K., Spalding, M. and Perry, A. 2011. Reef at risk 
revisited. – World Resources Institute. 

Cant, J., Salguero-Gómez, R., Kim, S. W., Sims, C. A., Sommer, 
B., Brooks, M., Malcolm, H. A., Pandolfi, J. M. and Beger, M. 
2020. The projected degradation of subtropical coral assem-
blages by recurrent thermal stress. – J. Anim. Ecol. 90: 237–247. 

Cant, J., Cook, K., Reimer, J., Takuma, M., Masako, N., O'Flaherty, 
C., Salguero-Gómez, R. and Beger, M. 2022. Transient ampli-
fication enhances the persistence of tropicalising coral assem-
blages in marginal high latitude environments. – Ecography 
2022: e06156. 

Carlot, J., Kayal, M., Lenihan, H. S., Brandl, S. J., Casey, J. M., 
Adjeroud, M., Cardini, U., Merciere, A., Espiau, B., Barneche, 
D. R., Rovere, A., Hédouin, L. and Parravicini, V. 2021. Juve-
nile corals underpin coral reef carbonate production after dis-
turbance. – Global Change Biol. 27: 2623–2632. 

Caswell, H. 2001. Matrix population models: construction, analy-
sis and interpretation, 2nd edn. – Oxford Univ. Press. 

Ceccarelli, D. M., Evans, R. D., Logan, M., Mantel, P., Puotinen, 
M., Petus, C., Russ, G. R. and Williamson, D. H. 2020. Long-
term dynamics and drivers of coral and macroalgal cover on 
inshore reefs of the Great Barrier Reef Marine Park. – Ecol. 
Appl. 30: e02008. 

Chadwick, N. E. and Morrow, K. M. 2011. Competition among 
sessile organisms on coral reefs. – In: Dubinsky, Z. and Stam-
bler, N. (eds), Coral reefs: an ecosystem in transition. Springer 
Netherlands, pp. 347–371.

Chong, F., Sommer, B., Stant, G., Verano, N., Cant, J., Lachs, L., 
Johnson, M. L., Parsons, D. R., Pandolfi, J. M., Salguero-
Gómez, R., Spencer, M. and Beger, M. 2023. Data from: High-
latitude marginal reefs support fewer but bigger corals than 
their tropical counterparts. – Dryad Digital Repository, https://
doi.org/10.5061/dryad.76hdr7t13.

Connell, J. H. 1973. Population ecology of reef-building corals. – 
In: Jones, O. A. and Endean, R. (eds), Biology and geology of 
coral reefs, vol. 2. Academic Press, pp. 205–245. 

Cousins, S. R., Witkowski, E. T. F. and Pfab, M. F. 2014. Elucidat-
ing patterns in the population size structure and density of Aloe 
plicatilis, a tree aloe endemic to the Cape fynbos, South Africa. 
– S. Afr. J. Bot. 90: 20–36. 

Crabbe, M. J. C. 2010. Topography and spatial arrangement of 
reef-building corals on the fringing reefs of North Jamaica may 
influence their response to disturbance from bleaching. – Mar. 
Environ. Res. 69: 158–162. 

Darling, E. S., Alvarez-Filip, L., Oliver, T. A., McClanahan, T. R. 
and Côté, I. M. 2012. Evaluating life-history strategies of reef 
corals from species traits. – Ecol. Lett. 15: 1378–1386. 

Dietzel, A., Bode, M., Connolly, S. R. and Hughes, T. P. 2020. 
Long-term shifts in the colony size structure of coral popula-
tions along the Great Barrier Reef. – Proc. R. Soc. B 287: 
20201432. 

Dietzel, A., Bode, M., Connolly, S. R. and Hughes, T. P. 2021. The 
population sizes and global extinction risk of reef-building coral 
species at biogeographic scales. – Nat. Ecol. Evol. 5: 663–669. 

Dixon, A. M., Forster, P. M. and Beger, M. 2021. Coral conserva-
tion requires ecological climate-change vulnerability assess-
ments. – Front. Ecol. Environ. 19: 243–250. 

Dixon, A. M., Forster, P. M., Heron, S. F., Stoner, A. M. K. and 
Beger, M. 2022. Future loss of local-scale thermal refugia in 
coral reef ecosystems. – PLoS Clim. 1: e0000004. 

Dornelas, M., Madin, J. S., Baird, A. H. and Connolly, S. R. 2017. 
Allometric growth in reef-building corals. – Proc. R. Soc. B 
284: 20170053. 

Easterling, M. R., Ellner, S. P. and Dixon, P. M. 2000. Size-specific 
sensitivity: applying a new structured population model. – 
Ecology 81: 694–708. 

Edmunds, P. J. and Riegl, B. 2020. Urgent need for coral demog-
raphy in a world where corals are disappearing. – Mar. Ecol. 
Prog. Ser. 635: 233–242. 

Edmunds, P. J. 2021. Vital rates of small reef corals are associated 
with variation in climate. – Limnol. Oceanogr. 66: 901–913. 

Egozcue, J. J., Díaz–Barrero, J. L. and Pawlowsky-Glahn, V. 2006. 
Hilbert space of probability density functions based on aitch-
ison geometry. – Acta Math. Sin. 22: 1175–1182. 

Egozcue, J. J., Pawlowsky-Glahn, V., Tolosana-Delgado, R., Ortego, 
M. I. and Van Den Boogaart, K. G. 2013. Bayes spaces: use of 
improper distributions and exponential families. – Rev. Real 
Acad. Ciencias Exactas Fis. Nat. Ser. A. Mat. 107: 475–486. 

Elmendorf, S. C., Henry, G. H. R., Hollister, R. D., Fosaa, A. M., 
Gould, W. A., Hermanutz, L., Hofgaard, A., Jónsdóttir, I. S., 
Jorgenson, J. C., Lévesque, E., Magnusson, B., Molau, U., 
Myers-Smith, I. H., Oberbauer, S. F., Rixen, C., Tweedie, C. 
E. and Walker, M. D. 2015. Experiment, monitoring, and gra-
dient methods used to infer climate change effects on plant 
communities yield consistent patterns. – Proc. Natl. Acad. Sci. 
USA 112: 448–452. 

Evers, S. M., Knight, T. M., Inouye, D. W., Miller, T. E. X., Sal-
guero-Gómez, R., Iler, A. M. and Compagnoni, A. 2021. 
Lagged and dormant season climate better predict plant vital 
rates than climate during the growing season. – Global Change 
Biol. 27: 1927–1941. 

Harriott, V. and Banks, S. 1995. Recruitment of scleractinian cor-
als in the Solitary Islands Marine Reserve, a high latitude coral-
dominated community in Eastern Australia. – Mar. Ecol. Prog. 
Ser. 123: 155–161. 

 16000587, 2023, 12, D
ow

nloaded from
 https://nsojournals.onlinelibrary.w

iley.com
/doi/10.1111/ecog.06835 by T

est, W
iley O

nline L
ibrary on [19/06/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://doi.org/10.5061/dryad.76hdr7t13
https://doi.org/10.5061/dryad.76hdr7t13


Page 13 of 14

Harriott, V. J. and Smith, S. D. A. 2000. Coral population dynamics 
in a subtropical coral community, Solitary Islands Marine Park, 
Australia. – Proc. 9th Int. coral reef symposium, Bali, Indonesia.

Harriott, V. J., Smith, S. D. and Harrison, P. L. 1994. Patterns of 
coral community structure of subtropical reefs in the Solitary 
Islands Marine Reserve, Eastern Australia. – Mar. Ecol. Prog. 
Ser. 109: 67–76. 

Hoegh-Guldberg, O., Poloczanska, E. S., Skirving, W. and Dove, 
S. 2017. Coral reef ecosystems under climate change and ocean 
acidification. – Front. Mar. Sci. 4: 158. 

Hughes, T. P. and Connell, J. H. 1987. population dynamics based 
on size or age? A reef-coral analysis. – Am. Nat. 129: 818–829. 

Hughes, T. P. and Tanner, J. E. 2000. Recruitment failure, life his-
tories, and long-term decline of Caribbean corals. – Ecology 
81: 2250–2263. 

Hughes, T. P., Baird, A. H., Dinsdale, E. A., Moltschaniwskyj, N. 
A., Pratchett, M. S., Tanner, J. E. and Willis, B. L. 2012. 
Assembly rules of reef corals are flexible along a steep climatic 
gradient. – Curr. Biol. 22: 736–741. 

Hughes, T. P., Barnes, M. L., Bellwood, D. R., Cinner, J. E., Cum-
ming, G. S., Jackson, J. B. C., Kleypas, J., Van De Leemput, I. 
A., Lough, J. M., Morrison, T. H., Palumbi, S. R., Van Nes, E. 
H. and Scheffer, M. 2017a. Coral reefs in the Anthropocene. 
– Nature 546: 82–90. 

Hughes, T. P. et al. 2017b. Global warming and recurrent mass 
bleaching of corals. – Nature 543: 373–377. 

Hughes, T. P., Kerry, J. T., Baird, A. H., Connolly, S. R., Dietzel, 
A., Eakin, C. M., Heron, S. F., Hoey, A. S., Hoogenboom, M. 
O., Liu, G., McWilliam, M. J., Pears, R. J., Pratchett, M. S., 
Skirving, W. J., Stella, J. S. and Torda, G. 2018. Global warm-
ing transforms coral reef assemblages. – Nature 556: 492–496. 

Hughes, T. P., Kerry, J. T., Baird, A. H., Connolly, S. R., Chase, T. 
J., Dietzel, A., Hill, T., Hoey, A. S., Hoogenboom, M. O., 
Jacobson, M., Kerswell, A., Madin, J. S., Mieog, A., Paley, A. 
S., Pratchett, M. S., Torda, G. and Woods, R. M. 2019. Global 
warming impairs stock–recruitment dynamics of corals. – 
Nature 568: 387–390. 

Hunter, C. M., Caswell, H., Runge, M. C., Regehr, E. V., Amstrup, 
S. C. and Stirling, I. 2010. Climate change threatens polar bear 
populations: a stochastic demographic analysis. – Ecology 91: 
2883–2897. 

Kayal, M., Lenihan, H. S., Brooks, A. J., Holbrook, S. J., Schmitt, 
R. J. and Kendall, B. E. 2018. Predicting coral community 
recovery using multi-species population dynamics models. – 
Ecol. Lett. 21: 1790–1799. 

Kelley, R. 2021. Coral finder 2021. Byoguides. – https://byoguides.
com/products/coral-finder-2021.

Kim, S. W. et al. 2019. Refugia under threat: mass bleaching of 
coral assemblages in high-latitude eastern Australia. – Global 
Change Biol. 25: 3918–3931. 

Kramer, N., Tamir, R., Eyal, G. and Loya, Y. 2020. Coral morphol-
ogy portrays the spatial distribution and population size-struc-
ture along a 5–100 m depth gradient. – Front. Mar. Sci. 7: 615. 

Kreyling, J., Jentsch, A. and Beier, C. 2014. Beyond realism in 
climate change experiments: gradient approaches identify 
thresholds and tipping points. – Ecol. Lett. 17: 125-e121. 

Lachs, L., Sommer, B., Cant, J., Hodge, J. M., Malcolm, H. A., 
Pandolfi, J. M. and Beger, M. 2021. Linking population size 
structure, heat stress and bleaching responses in a subtropical 
endemic coral. – Coral Reefs 40: 777–790. 

Lachs, L., Chong, F., Beger, M., East, H. K., Guest, J. R. and Som-
mer, B. 2022. SizeExtractR: a workflow for rapid reproducible 

extraction of object size metrics from scaled images. – Ecol. 
Evol. 12: e8724. 

Lawson, C. R., Vindenes, Y., Bailey, L. and Van De Pol, M. 2015. 
Environmental variation and population responses to global 
change. – Ecol. Lett. 18: 724–736. 

Machalová, J., Talská, R., Hron, K. and Gába, A. 2021. Composi-
tional splines for representation of density functions. – Com-
put. Stat. 36: 1031–1064. 

Madin, J. S., Baird, A. H., Dornelas, M. and Connolly, S. R. 2014. 
Mechanical vulnerability explains size‐dependent mortality of 
reef corals. – Ecol. Lett. 17: 1008–1015. 

Madin, J. S., Baird, A. H., Baskett, M. L., Connolly, S. R. and 
Dornelas, M. A. 2020. Partitioning colony size variation into 
growth and partial mortality. – Biol. Lett. 16: 20190727. 

Malcolm, H. A., Davies, P. L., Jordan, A. and Smith, S. D. A. 2011. 
Variation in sea temperature and the East Australian Current in 
the Solitary Islands region between 2001–2008. – Deep Sea 
Res. Part II: Top. Stud. Oceanogr. 58: 616–627. 

Martín-Fernández, J. A., Barceló-Vidal, C. and Pawlowsky-Glahn, 
V. 2003. Dealing with zeros and missing values in composi-
tional data sets using nonparametric imputation. – Math. Geol. 
35: 253–278. 

McClanahan, T. R., Ateweberhan, M. and Omukoto, J. 2008. 
Long-term changes in coral colony size distributions on Kenyan 
reefs under different management regimes and across the 1998 
bleaching event. – Mar. Biol. 153: 755–768. 

Merow, C., Dahlgren, J. P., Metcalf, C. J. E., Childs, D. Z., Evans, 
M. E. K., Jongejans, E., Record, S., Rees, M., Salguero-Gómez, 
R. and McMahon, S. M. 2014. Advancing population ecology 
with integral projection models: a practical guide. – Methods 
Ecol. Evol. 5: 99–110. 

Mizerek, T. L., Madin, J. S., Benzoni, F., Huang, D., Luiz, O. J., 
Mera, H., Schmidt-Roach, S., Smith, S. D. A., Sommer, B. and 
Baird, A. H. 2021. No evidence for tropicalization of coral 
assemblages in a subtropical climate change hot spot. – Coral 
Reefs 40: 1451–1460. 

NOAA 2022a. Chlorophyll-a, aqua MODIS, NPP, L3SMI, Global, 
4km, science quality, 2003-present (monthly composite). – 
NOAA NMFS SWFSC ERD. https://coastwatch.pfeg.noaa.
gov/erddap/griddap/erdMH1chlamday.html.

NOAA 2022b. Diffuse attenuation K490, aqua MODIS, NPP, 
L3SMI, global, 4km, science quality, 2003-present (monthly 
composite). – NOAA NMFS SWFSC ERD. https://coastwatch.
pfeg.noaa.gov/erddap/griddap/erdMH1kd490mday.html.

NOAA 2022c. Multi-scale ultra-high resolution (MUR) SST anal-
ysis fv04.1, global, 0.01°, 2002-present, monthly. – NOAA 
NMFS SWFSC ERD and NOAA NESDIS CoastWatch 
WCRN. https://coastwatch.pfeg.noaa.gov/erddap/info/jpl-
MURSST41mday/index.html. 

NOAA 2022d. Photosynthetically available radiation, aqua MODIS, 
NPP, L3SMI, global, 4km, science quality, 2003-present (monthly 
composite). – NOAA NMFS SWFSC ERD. https://coastwatch.
pfeg.noaa.gov/erddap/griddap/erdMH1par0mday.html.

Pandolfi, J. M. 2015. Incorporating uncertainty in predicting the 
future response of coral reefs to climate change. – Annu. Rev. 
Ecol. Evol. Syst. 46: 281–303. 

Pepler, A. and Coutts-Smith, A. 2013. A new, objective, database 
of East Coast Lows. – Aust. Meterol. Oceanogr. J. 63: 461–472. 

Petersen, A., Zhang, C. and Kokoszka, P. 2022. Modeling probabil-
ity density functions as data objects. – Econ. Stat. 21: 159–178. 

Pisapia, C., Burn, D. and Pratchett, M. S. 2019. Changes in the 
population and community structure of corals during recent 

 16000587, 2023, 12, D
ow

nloaded from
 https://nsojournals.onlinelibrary.w

iley.com
/doi/10.1111/ecog.06835 by T

est, W
iley O

nline L
ibrary on [19/06/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://byoguides.com/products/coral-finder-2021
https://byoguides.com/products/coral-finder-2021
https://coastwatch.pfeg.noaa.gov/erddap/griddap/erdMH1chlamday.html
https://coastwatch.pfeg.noaa.gov/erddap/griddap/erdMH1chlamday.html
https://coastwatch.pfeg.noaa.gov/erddap/griddap/erdMH1kd490mday.html
https://coastwatch.pfeg.noaa.gov/erddap/griddap/erdMH1kd490mday.html
https://coastwatch.pfeg.noaa.gov/erddap/info/jplMURSST41mday/index.html
https://coastwatch.pfeg.noaa.gov/erddap/info/jplMURSST41mday/index.html
https://coastwatch.pfeg.noaa.gov/erddap/griddap/erdMH1par0mday.html
https://coastwatch.pfeg.noaa.gov/erddap/griddap/erdMH1par0mday.html


Page 14 of 14

disturbances (February 2016–October 2017) on Maldivian 
coral reefs. – Sci. Rep. 9: 8402. 

Pisapia, C., Edmunds, P. J., Moeller, H. V., M. Riegl, B., McWil-
liam, M., Wells, C. D. and Pratchett, M. S. 2020. Chapter two 
– Projected shifts in coral size structure in the Anthropocene. 
– In: Riegl, B. M. (ed.), Advances in marine biology, vol. 87. 
Academic Press, pp. 31–60. 

Radchuk, V., Turlure, C. and Schtickzelle, N. 2013. Each life stage 
matters: the importance of assessing the response to climate 
change over the complete life cycle in butterflies. – J. Anim. 
Ecol. 82: 275–285. 

Ramsay, J., Hooker, G. and Graves, S. 2009. Functional data anal-
ysis with R and MATLAB. – Springer. http://ebookcentral.
proquest.com/lib/hull/detail.action?docID=450961. 

Rapuano, H., Shlesinger, T., Roth, L., Bronstein, O. and Loya, Y. 
2023. Coming of age: annual onset of coral reproduction is 
determined by age rather than size. – iScience 26: 106533. 

Reguero, B. G., Losada, I. J. and Méndez, F. J. 2019. A recent 
increase in global wave power as a consequence of oceanic 
warming. – Nat. Commun. 10: 205. 

Reimer, J. D., Wee, H. B., López, C., Beger, M. and Cruz, I. C. S. 
2021. Widespread Zoanthus and Palythoa Dominance, barrens, 
and phase shifts in shallow water subtropical and tropical 
marine ecosystems. – In: Hawkins, S. J., Lemasson, A. J., All-
cock, A. L., Bates, A. E., Byrne, M., Evans, A. J., Firth, L. B., 
Marzinelli, E. M., Russell, B. D., Smith, I. P., Swearer, S. E. 
and Todd, P. A. (eds), Oceanography and marine biology. CRC 
Press, pp. 533–557.

Rich, W. A., Carvalho, S., Cadiz, R., Gil, G., Gonzalez, K. and 
Berumen, M. L. 2022. Size structure of the coral Stylophora 
pistillata across reef flat zones in the central Red Sea. – Sci. Rep. 
12: 13979.

Riegl, B. M., Bruckner, A. W., Rowlands, G. P., Purkis, S. J. and 
Renaud, P. 2012. Red sea coral reef trajectories over 2 decades 
suggest increasing community homogenization and decline in 
coral size. – PLoS One 7: e38396. 

Schindelin, J., Arganda-Carreras, I., Frise, E., Kaynig, V., Longair, 
M., Pietzsch, T., Preibisch, S., Rueden, C., Saalfeld, S., Schmid, 
B., Tinevez, J.-Y., White, D. J., Hartenstein, V., Eliceiri, K., 
Tomancak, P. and Cardona, A. 2012. Fiji: an open-source plat-
form for biological-image analysis. – Nat. Methods 9: 676–682. 

Schmidt-Roach, S., Miller, K. J. and Andreakis, N. 2013. Pocillo-
pora aliciae: a new species of scleractinian coral (Scleractinia, 
Pocilloporidae) from subtropical Eastern Australia. – Zootaxa 
3626: 576–582. 

Shaffer, M. L. 1981. Minimum population sizes for species conser-
vation. – BioScience 31: 131–134. 

Sommer, B., Harrison, P. L., Brooks, L. and Scheffers, S. R. 2011. 
Coral community decline at Bonaire, southern Caribbean. – 
Bull. Mar. Sci. 87: 541–565. 

Sommer, B., Harrison, P. L., Beger, M. and Pandolfi, J. M. 2014. 
Trait-mediated environmental filtering drives assembly at bio-
geographic transition zones. – Ecology 95: 1000–1009. 

Sommer, B., Beger, M., Harrison, P. L., Babcock, R. C. and Pan-
dolfi, J. M. 2018. Differential response to abiotic stress controls 
species distributions at biogeographic transition zones. – Ecog-
raphy 41: 478–490. 

Sommer, B., Butler, I. R. and Pandolfi, J. M. 2021. Trait-based 
approach reveals how marginal reefs respond to acute and 
chronic disturbance. – Coral Reefs 40: 735–749. 

Soong, K. and Lang, J. C. 1992. Reproductive integration in reef 
corals. – Biol. Bull. 183: 418–431. 

Spady, B. L., Skirving, W. J., Liu, G., De La Cour, J. L., McDon-
ald, C. J. and Manzello, D. P. 2022. Unprecedented early-
summer heat stress and forecast of coral bleaching on the Great 
Barrier Reef, 2021–2022. – F1000 Res. 11: 127. 

Sturges, H. A. 1926. The choice of a class interval. – J. Am. Stat. 
Assoc. 21: 65–66. 

Talská, R., Menafoglio, A., Machalová, J., Hron, K. and Fišerová, 
E. 2018. Compositional regression with functional response. 
– Comput. Stat. Data Anal. 123: 66–85. 

Tavecchia, G., Tenan, S., Pradel, R., Igual, J.-M., Genovart, M. and 
Oro, D. 2016. Climate-driven vital rates do not always mean 
climate-driven population. – Global Change Biol. 22: 
3960–3966. 

van den Boogaart, K. G., Egozcue, J. J. and Pawlowsky-Glahn, V. 
2014. Bayes hilbert spaces. – Aust. N. Z. J. Stat. 56: 171–194. 

Veron, J. E. N., Stafford-Smith, M. G., Turak, E. and DeVantier, 
L. M. 2016. Corals of the World. – http://www.coral-
softheworld.org/page/home.

Vetter, S. G., Puskas, Z., Bieber, C. and Ruf, T. 2020. How climate 
change and wildlife management affect population structure in 
wild boars. – Sci. Rep. 10: 7298. 

Vitousek, S., Barnard, P. L., Fletcher, C. H., Frazer, N., Erikson, 
L. and Storlazzi, C. D. 2017. Doubling of coastal flooding fre-
quency within decades due to sea-level rise. – Sci. Rep. 7: 1399. 

Wolkovich, E. M., Cook, B. I., Allen, J. M., Crimmins, T. M., 
Betancourt, J. L., Travers, S. E., Pau, S., Regetz, J., Davies, T. 
J., Kraft, N. J. B., Ault, T. R., Bolmgren, K., Mazer, S. J., 
McCabe, G. J., McGill, B. J., Parmesan, C., Salamin, N., 
Schwartz, M. D. and Cleland, E. E. 2012. Warming experi-
ments underpredict plant phenological responses to climate 
change. – Nature 485: 494–497. 

Yen, J. D. L., Thomson, J. R., Paganin, D. M., Keith, J. M. and 
Mac Nally, R. 2015. Function regression in ecology and evolu-
tion: free. – Methods Ecol. Evol. 6: 17–26. 

Zvuloni, A., Artzy-Randrup, Y., Stone, L., Van Woesik, R. and 
Loya, Y. 2008. Ecological size-frequency distributions: how to 
prevent and correct biases in spatial sampling. – Limnol. 
Oceanogr. Methods 6: 144–153. 

 16000587, 2023, 12, D
ow

nloaded from
 https://nsojournals.onlinelibrary.w

iley.com
/doi/10.1111/ecog.06835 by T

est, W
iley O

nline L
ibrary on [19/06/2024]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

http://ebookcentral.proquest.com/lib/hull/detail.action?docID=450961
http://ebookcentral.proquest.com/lib/hull/detail.action?docID=450961
http://www.coralsoftheworld.org/page/home
http://www.coralsoftheworld.org/page/home

	Introduction
	Material and methods
	Data collection
	Coral taxonomic identity along the environmental gradient
	Data analyses
	Size-biased sampling
	Model sensitivity to the 2016 bleaching event

	Results
	Summary statistics and linear regression
	Compositional functional regression

	Discussion
	References

