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ABSTRACT

ChatGPT has revolutionized the travel industry. This study employs the stimulus-organism-
response (SOR) model to develop and validate a conceptual model for ChatGPT acceptance.
Social influence and perceived value emerge as key determinants of user cognitive appraisals of
ChatGPT'’s expertise, trustworthiness, and emotional connections through parasocial interaction.
These factors subsequently influence traveler acceptance of ChatGPT for travel-related services.
Findings reveal that social influence is the most potent predictor of ChatGPT acceptance, while
perceived trust directly impacts user acceptance during the cognitive process. These insights

ARTICLE HISTORY
Received 27 November 2023
Revised 27 March 2024
Accepted 17 May 2024

KEYWORDS

ChatGPT; chatbot; parasocial
interaction; generative Al;
acceptance; tourism

advance research on parasocial interaction, while providing valuable guidance for implementing

ChatGPT in tourism services.

Introduction

The integration of artificial intelligence (Al) in the tourism
and travel industry has become commonplace in recent
years, primarily driven by its potential for reducing labour
costs and improving service efficiency (Hwang et al,, 2022;
Lv et al., 2022). The use of applications such as Al-powered
chatbots has become widespread in travel services, from
simple hotel reservations to personalized travel recom-
mendations (Zhang et al, 2024; Y. Zhu et al., 2023).
Statista (2023) reported that the percentage of revenue
generated by Al-influenced travel companies is expected
to increase from 21% to 32% by 2024. In particular, recent
development of advanced natural language processing
(NLP) models, such as ChatGPT (Generative Pre-trained
Transformer), developed by OpenAl in November 2022,
has attracted attention for its potential applications in the
travel and tourism domain (Demir & Demir, 2023).
ChatGPT, a large language model (LLM) built on
a transformer-based neural network and trained on mas-
sive text, is revolutionizing the travel and tourism indus-
try by enabling human-like text generation from input
prompt (Haleem et al., 2022; Lecler et al., 2023).
ChatGPT-powered chatbots are becoming increasingly
popular with hotels, airlines, and online travel agencies
(OTAs), with one of the most significant applications
being 24/7 automated customer service (Bulchand-

Gidumal, 2022; Lv et al., 2022). These chatbots can
respond promptly to customer inquiries, thereby
improving customer satisfaction and reducing labour
costs (Calvaresi et al.,, 2021). For example, Trip.com,
a Singapore-based OTA, launched TripGen in
February 2023, a chatbot powered by OpenAl that
recommends flights, hotels, and other travel services to
its mobile app users. By providing personalized recom-
mendations anywhere and at anytime, optimizing cus-
tomer service, and improving trip planning efficiency,
ChatGPT has the potential to reshape the overall tourist
experience and facilitate better travel decision-making
process (Dwivedi, Pandey, et al., 2023). Despite the high
potential of ChatGPT for application across the tourist
decision journey and benefit to travel-related services,
empirical research from the tourist perspective regard-
ing consumer acceptance and use of ChatGPT remains
limited. As Gursoy et al. (2023) noted, research on
ChatGPT is still at an early stage, and more empirical
studies are needed to understand how consumers
accept ChatGPT applications for travel-related services.
Driven by the surge of Al innovations such as service
robots, autonomous driving and virtual tour guide, exten-
sive research has explored consumers’ acceptance of
these technologies within the travel and tourism industry
(Au & Tsang, 2022; Cai et al., 2022; H. Kim et al,, 2023;
Ribeiro et al., 2022; J. Wang et al, 2023). Studies
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underscore various factors influencing the adoption of
new technology, including trust (Chi et al,, 2021; Seo &
Lee, 2021), perceived usefulness (Ariza-Montes et al., 2023;
Tavitiyaman et al,, 2022), perceived ease of use (Pillai &
Sivathanu, 2020; Pillai et al.,, 2020), perceived value-
cocreation (Demir & Demir, 2023; Sthapit et al.,, 2023),
perceived intelligence (Pillai & Sivathanu, 2020), anthro-
pomorphism (Cai et al., 2022; Roy et al., 2020), social
influence (Ribeiro et al.,, 2022; Solakis et al., 2022) and
perceived risk (Habib & Hamadneh, 2021; Ribeiro et al.,
2022). Notably, research indicate that emotional
responses elicited through Al interactions (e.g. human-
robot interaction) significantly impact tourists’ long-term
intention to use Al technologies for travel and tourism
purpose (Au & Tsang, 2022; Yang et al.,, 2022).

While existing research on consumer acceptance of Al
technologies in travel and tourism emphasizes utilitarian
factors such as perceived usefulness and perceived ease
of use, the nuanced differences across diverse Al technol-
ogies and their distinct embodiments necessitates tech-
nology-specific investigation (Ribeiro et al., 2022). Al-
consumer interactions span a spectrum, from basic chat-
bots with limited convers ability to sophisticated service
robots. ChatGPT represents a new class of conversational
agent enabled by advanced natural language processing
and deep learning. Compared to previous chatbots and
service robots, ChatGPT facilitates more anthropo-
morphic, context-adaptive and fluent dialogues.
Consequently, consumers may prioritize the value
brought by ChatGPT for travel information retrieval, plan-
ning and, translation over the perceived usefulness of
physical service robots or the ease of use of traditional
chatbots. This study thus focuses more on exploring the
broad value of ChatGPT in understanding consumer
acceptance. Moreover, Al-powered agents like ChatGPT
exhibit capabilities beyond simply answering user queries.
They can leverage their interactive nature to not only
provide solutions, but also recognize and respond to
user emotions. This “emotional intelligence” foster para-
social interaction, where users subconsciously develop
rapport with the chatbot, perceiving it as a human travel
consultant. The emotional connections induced by
ChatGPT may play a mediating role in consumer accep-
tance behaviour. Given ChatGPT's innovative attributes,
technology-specific investigation is required to provide
a comprehensive explanation of tourist attitudes and
behaviours towards this novel Al system. Specifically,
this study aims to answer the following research
questions:

RQ 1: What factors influence tourists’ acceptance and
adoption of ChatGPT for travel-related services?

RQ 2: How does parasocial interaction with ChatGPT
mediate the relationship between perceived intelli-
gence/competence and intention to adopt ChatGPT for
travel-related services?

This study employs the Stimulus-Organism-Response
(SOR) framework, which provides a broader perspective
to addresses how external stimuli influence users’ inter-
nal psychological states to elicit responses and beha-
viours. While established theories such as the
Technology Acceptance Model (TAM), Unified Theory
of Acceptance and Use of Technology (UTAUT), Al
Device Acceptance Model (AIDUA), and Theory of
Planned Behaviour (TPB) have been widely applied to
study consumer acceptance of new technologies, they
have some limitations in explaining acceptance of emer-
ging Al technologies such as ChatGPT. A key aspect is
that these theoretical frameworks were developed to
explain adoption of more productivity-oriented technol-
ogies (e.g. smartphone apps) rather than technologies
like ChatGPT that may elicit emotional responses
through human-Al model interaction, which are not
captured in these frameworks. Furthermore, key con-
structs such as perceived ease of use and behavioural
control may not apply as well to Al systems like ChatGPT
that require minimal effort for users to engage with.
Therefore, drawing upon on the SOR framework, this
study proposes a context- specific ChatGPT acceptance
model that elucidates the psychological factors influen-
cing tourists’ adoption of ChatGPT for travel services.
The proposed model explains how external factors (e.g.
perceived value, social influence) interact with tourists’
cognitive appraisals (e.g. perceived expertise, trust in
ChatGPT information) and emotional responses (e.g.
parasocial interaction) to determine tourists’ behaviour.
By extending SOR theory’s application to the novel con-
text of predicting tourist use ChatGPT for travel-related
services. This study aims to provide both theoretical and
practical insights.

This study’s finding will contribute to the literature on
Al technologies adoption. The results will also provide
valuable practical insights within travel and tourism
industry, Al developers, and policymakers by elucidating
the key factors influencing consumer adoption of
ChatGPT within the travel and tourism domain.
Moreover, the findings can assist destination manage-
ment organizations, governments and tourism business
to develop strategies for integrating Al systems like
ChatGPT more effectively. Overall, the theoretical and
practical contributions will be valuable for both tourism
practice and social science research investigating atti-
tudes, decision-making, and behaviour in light of emer-
ging Al technologies and models.



Theoretical background and hypotheses
development

ChatGPT in tourism

ChatGPT revolutionizes tourists’ travel information
search and decision-making by providing personalized
and interactive assistance across all travel stages (Gursoy
et al,, 2023). Specifically, in the pre-trip planning stage,
ChatGPT transforms how tourists explore destination
options, obtain personalized recommendations, and
acquire detailed travel information about attractions,
accommodations, and transportation options. For exam-
ple, consider a tourist planning a 7-day trip to Thailand
for two adults and two children, with a budget of $3,000
USD and Phuket as one of their destinations. As illu-
strated in Figure 1, ChatGPT can rapidly generate rele-
vant responses, supplemented by appropriate travel
guidance, based on the tourist’s requirements and set
conditions. By leveraging its capabilities for contextual
understanding and learning from vast data, ChatGPT
profoundly transforms how tourists search for travel-
related information and make travel plans, substantially
enhancing the travel information searching experience
and reducing the need for offline travel consultants.
During the trip, ChatGPT can serve as an intelligent
virtual assistant, providing a wide range of on-site sup-
port, including real-time navigation, localized recom-
mendations, and facilitation of communication with
local service providers. It can also function as virtual
tour guide, providing information on local attractions,
history, and traditions (Gursoy et al., 2023). Additionally,

Certainly! Based on your preferences for a 7-day trip to Thailand with 2 destinations

including Phuket and a family-friendly itinerary, here's a suggested travel plan:

Overview Travel Plan:

Day Destination Activity Hotel

Flight Recommendations:

Departure: Macau to Phuket (round trip)

Phuket to Bangkok (one-way)
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ChatGPT can assist with unexpected trip challenges by
quickly providing relevant details, such as the locations
of key services such as a children’s hospital and police
stations. Notably, ChatGPT can bridge language and
cultural barriers by conversing with tourists in their pre-
ferred languages and tailoring advice to their needs.
Such interactive nature of ChatGPT significantly
enhances tourists’ travel experiences by enabling them
to make informed decisions. Figure 2 shows ChatGPT
recommending activities suitable for Chinese teens
aged 10-15years old in Phuket Island and providing
responses in Chinese, English, and Thai languages.
ChatGPT’s recommendations, including Thai addresses,
help tourists better understand local information and
communicate more effectively with local drivers, thereby
bridging communication gaps between tourists and
residents, reducing trip-related inconveniences, and
enhancing their travel experience and satisfaction
(Carvalho & Ivanov, 2023). While the post-trip stage is
traditionally not considered as part of the travel deci-
sion-making process, ChatGPT enables tourists to share
post-trip experiences, which helps it improve future
recommendations and enables others to discover new
destinations and activities (Carvalho & lvanov, 2023;
Gursoy et al., 2023).

ChatGPT’s potential to trigger parasocial bonds
between individuals and the Al-powered language
model is another notable characteristic that has attracted
significant attention from tourism scholars and practi-
tioners (Demir & Demir, 2023; Zhang et al., 2024). As
travellers repeatedly interact with ChatGPT during the

Hotel Recommendations:

Phuket: Choose a family-friendly resort with beach access for a relaxing stay.

Bangkok: Opt for a hotel located near family attractions and transportation links.
Destinations & Activities:

Phuket: Enjoy the beautiful beaches, visit the Phuket Aquarium, and watch the Phuket
Fantasea Show.

Phi Phi Islands: Embark on a full-day island hopping tour to explore the stunning Phi Phi
Islands.

Bangkok: Experience the fun at Safari World & Marine Park, visit Dusit Zoo, and explore

KidZania Bangkok.
Important Tips:

Consider pre-booking island hopping tours and attractions to secure your spots and avoid
last-minute disappointments

Keep a balance between sightseeing and relaxation, especially when traveling with children.
Check for family-friendly amenities and services at hotels, such as swimming pools, kids'

clubs, and babysitting services.

With this itinerary, you can have a wonderful family vacation in Thailand, visiting kid-friendly
destinations and enjoying a leisurely yet exciting trip. Feel free to adjust the plan based on

your family’s interests and preferences. Have a fantastic journey!

Figure 1. Recommended trip itinerary by ChatGPT. (Source: Author’s conversation with ChatGPT)
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Iam currently visiting Phuket Island with two Chinese children between the ages of 10-15

years old. Could you please suggest 3 educational or interactive activities that would appeal

to Chinese youths of this age group?

Please provide the recommended activities and fees in a table with the following information

in English and Chinese and addresses in Thai:

Certainly! Here are 3 recommended educational and interactive activities in Phuket that

would appeal to Chinese youths aged 10-15 years old, along with the fees and information in

English, Chinese, and addresses in Thai:

Description Description
Activity {English) (Chinese)
Phulket Aninteractive 3D
Trickeaye art museum with
Museum optical illusion

artworks for fun

photos. e
Flying An exciting zipline e R R
Hanuman adventure ERIFHER,
Zipline through the
Adventure rainforest canopy.
Phuket Family-friendly ESERERKEE
Aquarium aquarium with P, BTSN

marine life

BT s

exhibits and iB.
interactive touch

pool.

A
Fee &=

Address in Thai (THB) %)
vivissiouy Trickeye 500 500
nufia 09/6 auu e
177 6IA WIRNLTY
dunaidias afia
83000 Yszma vy
Flying Hanuman 1,900 1,800
Phukat, 89/16 wsivi
& waban iz
a.neyi avfim 83120
tsamavg
andaihafia 51 300 300

. AnfeAt dua
Yiim dwnaulas
aviim aviia 83000

tszmaivy

Please note that the fees mentioned above are approximate and may vary based on the

season, promotions, and any additional inclusions. Also, make sure to check the operating

hours and availability of the activities before planning your visit. These activities are

designed to entertain and engage children in an enjoyable and educational way. Have a

wonderful time exploring Phuket with your kids!

Figure 2. ChatGPT recommendations for Chinese teens in three languages. (Source: Author’s conversation with ChatGPT)

journey, they may begin to perceive it as a trusted virtual
companion rather than just an Al tool, leading to
increased dependence and emotional attachment. This
connection can significantly influence tourists’ accep-
tance and willingness to use the Al model as a travel
agent. While previous tourism research has explored
human-robot interactions (Chi et al., 2021; Murphy et al.,
2019), limited research has been directed towards eluci-
dating how tourists interact with Al-powered language
models like ChatGPT that lack physical forms. Therefore,
more work is needed to better understand their emer-
gence and impact on tourists’ intentions to accept and
use such Al models in the tourism and travel domain.

Stimulus-organism-response models

The stimulus-organism-response (SOR) paradigm devel-
oped by Mehrabian and Russell (1974) forms the

theoretical foundation for this study. The SOR framework
outlines three components: stimulus, which refer to exter-
nal triggers; an organism, representing an individual’s
internal cognitive and affective evaluations of those sti-
muli; and responses, or the behavioural outcomes
(Mehrabian & Russell, 1974; Tung & Tse, 2023).
Grounded in environmental psychology, SOR theory
posits that external cues and social influences elicit men-
tal and emotional reactions, subsequently driving beha-
viour. Stimuli encompass object stimuli, linked to tangible
product/service attributes like price and functionality, and
social-psychological stimuli, tied to peer norms and pres-
sures (S. Lee et al.,, 2011). In this study on ChatGPT adop-
tion for travel or tourism purposes, perceived value
constitutes a key object stimulus and social influence
represents a salient social-psychological stimulus.
Although SOR model has been extensively employed by
tourism researchers to examine how various external



stimuli predict consumer responses and behaviours in
information technology contexts, including travel app
experience (S.-E. Kim & Jung, 2022; Wu et al., 2021), virtual
reality tourism experience (Chua et al., 2023; Shin & Jeong,
2022), robot service and among other areas (Tung & Tse,
2023; Y. Zhu et al., 2023), it has rarely been extended to
encompass Al-powered technologies, such as ChatGPT.
Therefore, the present study aims to expand the model’s
scope by incorporating ChatGPT.

The SOR framework guides this study in exploring rela-
tionships between external environmental influences (sti-
mulus), users’ internal evaluations (organism), and
acceptance behaviours (response) in the context of using
ChatGPT for travel information and travel- related solutions.
Specifically, perceived value and social are positioned as
external that may motivate users to consult ChatGPT. In the
organism phase, perceived trust in ChatGPT’s information,
perceived expertise of ChatGPT, and parasocial interaction
with ChatGPT represent internal variables that reflect how
a user cognitively and emotionally evaluates ChatGPT.
Finally, at the response phase, tourist acceptance behaviour
toward using ChatGPT for travel-related services is exam-
ined as the key outcome. Figure 3 illustrates the fundamen-
tal variables associated with each phase of the SOR model.

Social influence and perceived value

Within the context of tourism technology, the stimulus
component of the SOR framework can be categorized
into two main areas: 1) social influence, and 2) perceived
value of the technology. Social influence refers to the
extent to which a particular attitude or behaviour is
considered important by an individual’s social group
(Ma & Li, 2022; Solakis et al., 2022). In the context of
this study, social influence pertains to how tourists’
social groups, including friends, family, and social net-
works, perceive the use of ChatGPT for travel-related or
tourism-related purposes such as travel planning, infor-
mation search, and translation, in alignment with their
social group norms (Venkatesh et al., 2012). If members
of a tourist’ social group positively evaluate ChatGPT’s
usefulness in enhancing travel experiences and
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recommend its adoption, this social influence can
shape tourists’ own perceptions of the value of
ChatGPT. Researchers have acknowledged that travel-
lers’ adherence to their social groups’ norms plays
a key role in the early stages of new technology accep-
tance (Taylor & Todd, 1995) and user adoption intention
(Lopez-Nicolas et al., 2008; Ribeiro et al., 2022). Several
studies have identified the significant influence of social
groups on tourist behavioural intentions, including
acceptance of mobile services in mature tourism market
(Bader et al., 2012), travel blogging for travel-related
service (H.-Y. Wang, 2012), adopting autonomous vehi-
cles (Park et al., 2021; Ribeiro et al., 2022), and online
hotel bookings (Confente & Vigolo, 2018; Ma & Li, 2022).
Social influence is therefore predicted to be a crucial
stimulus influencing tourists’ acceptance of ChatGPT
for tourism and travel services.

H1: Social influence will positively influence tourists’
acceptance of using ChatGPT for travel-related purposes.

Perceived value refers to users’ assessments of the ben-
efits a new technology offers, weighted against costs
and risks (M. Choi et al., 2023; X. Wang et al., 2022). In
the context of conversational Al, perceived value refers
to travellers’ appraisals of ChatGPT’s potential functional
benefits such as its 24/7 availability to provide quick
answers to trip planning questions, tailored to indivi-
duals’ preferences, and multi-lingual translation and
information search (Carvalho & Ivanov, 2023; Demir &
Demir, 2023). Tourists who recognize and believe in its
value, usefulness, convenience, personalization, and pro-
blem-solving capabilities are more likely to be motivated
to try and accept ChatGPT for travel and tourism pur-
poses. Previous studies suggest that tourists’ perceived
value can directly and strongly impact users’ acceptance
and usage of technology (M. Choi et al., 2023; Sarkady
et al., 2021). For example, de Kervenoael et al. (2020)
found perceived value positively influenced tourists’
acceptance of social robots in tourism services. J. Wang
et al. (2023) found that the perceived value of cashless

Stimulus

—)

Organism

Response

—

* Social Influence
* Percevied Value

¢ Cognitive evaluation

> Perceived trust in ChatGPT's information

»  Perceived expertise of ChatGPT's information
¢ Affective evaluation

»  Parasocial Interaction with ChatGPT

Acceptance Behaviour

Figure 3. Fundamental variables associated with each stage of the SOR Model.
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payment positively related to usage intention during the
COVID-19 pandemic. Therefore, it is reasonable to
hypothesize that tourists’ perceived value of ChatGPT
serves as a significant stimulus influencing its accep-
tance for tourism and travel services.

H2: Perceived value of ChatGPT will positively influ-
ence acceptance of using ChatGPT for travel-related
purposes.

Perceived trust and perceived expertise

Tourists’” willingness to rely on Al-powered ChatGPT
recommendations is influenced by two key organism
variables: perceived trust and perceived expertise.
Perceived trust refers to tourists’ confidence in
ChatGPT'’s ability to provide truthful, accurate, and
timely travel information (Palos-Sanchez et al., 2021).
Percevied expertise refers to tourists’ assessment of
ChatGPT’s competence and skills in delivering high-
quality travel information (Ohanian, 1990). Perceived
trust and expertise are essential dimensions of source
credibility that influence information acceptance (Y. Choi
et al, 2021; Jang et al,, 2021), especially for information
provided by novel technologies like ChatGPT, where
limited user familiarity and experience may pose risks
(Pavlou, 2003). Tourists who doubt ChatGPT'’s trust-
worthiness or expertise will likely avoid relying on it for
travel-related services (Dwivedi, Kshetri, et al., 2023).

Social influence enhances perceptions of reliability
and expertise in tourism, as individuals seek social
recognition, approval, and belongingness (G. Zhu
et al,, 2017). Social information processing theory sug-
gests people rely on trusted friends or peers to evalu-
ate new technologies (Fulk et al., 1987). Early ChatGPT
adopters in tourism may lack personal experience and
rely heavily on others’ opinions to form initial percep-
tions of its competence. For example, if experienced
travel bloggers express confidence that conversational
Al like ChatGPT can offer useful personalized recom-
mendations and practical trip planning advice, this
positive evaluation from important referents may
enhance tourist users’ own beliefs in ChatGPT’s exper-
tise, ultimately motivating intentions to adopt
ChatGPT. Previous studies have shown that social
influence plays a vital role in fostering consumers’
perceived trust and expertise in various contexts,
such as UGC websites, online banking services, and
service robots (Chaouali et al., 2016; Della Corte
et al., 2023; Hazari et al., 2017).

Perceived value is a critical antecedent of perceived
trust and expertise, particularly when adopting new tech-
nologies (B. Hu et al., 2023; Uzir et al.,, 2021). This is
because users who perceive new technologies as valuable
are more motivated to overcome risks and trust them (Xie
et al., 2021). The large language model like ChatGPT, still
in their infancy in tourism, may raise concerns among
potential users due to limited familiarity (B. Hu et al,,
2023; Xie et al., 2021). However, recognizing ChatGPT’s
functional benefits and added value can enhance tourists’
beliefs in its ability to deliver reliable and professional
information that meets their travel needs. Moreover,
rational decision-making theory suggests that individuals
perform a mental cost-benefit analysis and are motivated
to maximize perceived gains when evaluating new inno-
vations (Kleijnen et al., 2007). Thus, when tourists believe
ChatGPT can offer value-added services exceeding tradi-
tional search engines and real-person travel consultants,
this high perceived value can boost their confidence in
ChatGPT's competence and qualifications to give helpful
and accurate travel recommendations (Gursoy et al.,
2023). Based on above discussion, the following hypoth-
eses are proposed:

H3: Social influence will positively influence perceived
expertise in information provided by ChatGPT.

H4: Social influence will positively influence perceived
trust in information provided by ChatGPT.

H5: Percevied value will positively influence perceived
expertise in information provided by ChatGPT.

H6: Percevied value will positively influence perceived
trust in information provided by ChatGPT.

H7: Percevied expertise will positively influence tour-
ists’ acceptance of ChatGPT for travel-related purposes.

H8: Percevied trust will positively influence tourists’
acceptance of ChatGPT for travel-related purposes.

Parasocial interaction

Parasocial interaction (PSI) is a one-sided emotional inti-
macy relationship that audiences develop with fictional
or media personalities (Horton & Richard Wohl, 1956).
Parasocial relationship often emerge between readers
and fictional literary characters (Giles, 2002). In the era
of social media, PSI has become increasingly prevalent as
audiences have more opportunities to interact with



Youtubers, TikTok creators and social media influencers
(Rasmussen, 2018). Though these parasocial relation-
ships, people tend to image media characters as if they
are real-life friends (Giles, 2002; M. Lee & Park, 2022;
Haobin Ye et al., 2021). While the specific targets of
parasocial interaction may differ, the nature of parasocial
interaction remains the same: these relationships appear
bidirectional but are actually one-sided, with the target
character is unaware of the other people’s parasocial
relationships (Gomez-Morales et al., 2022; Jarzyna,
2021). Parasocial interaction theory has been extensively
used to explain the effect of various types of target
characters, such as video bloggers (Sakib et al., 2020;
Yousaf, 2022), film celebrities (Bonus et al., 2021;
Tucker, 2020) and social media influencers (Yang & Ha,
2021; Yuan & Lou, 2020), on consumers’ attitudes
towards brand marketing and consumer purchasing
decision. These studies support that parasocial relation-
ships play an important role in shaping people’s atti-
tudes and behaviours.

User interaction with ChatGPT contribute to its devel-
opment of parasocial relationships can be categorized
into three key aspects. First, ChatGPT adapt its language
style to user-defined roles, enhancing users’ perceived
expertise in information it provides and facilitating rela-
tional bounds (Klaus & Zaichkowsky, 2020). For example,
users may request ChatGPT act as a tourism ambassador,
providing personalized recommendations tailored to
their travel preference. When responding to user
queries, ChatGPT not only provides trusted information
and practical solutions, but it may also address users as
“honoured guests” or “distinguished guests” to elicit
positive emotional responses.

Second, ChatGPT can provide great emotional value
to users through its supportive and affirming interaction
style. Self-determination theory posits that relatedness is
a key need individuals require when accepting a new
technology (Zhang et al., 2024). A sense of relatedness is
the desire to feel cared for and connected with others
(Ruan & Mezei, 2022). Unlike a human tourism consul-
tant, ChatGPT is designed without any self-interest, so it
does not exhibit impatience in the face of constant
questions and requests from the users. Moreover,
ChatGPT often initiates conversations with affirmations
or expressions of appreciation, such as “certainly,” “of
course,” or “you are right” to convey empathy and
understanding towards users.

Third, ChatGPT’s advanced memory function allows
it to learn a user's viewpoints, preferences and other
personal characteristics through frequent conserva-
tions. As users disclose more information, ChatGPT
can tailor its conversational style to align with users’
perspectives and preferences. Social penetration
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theory suggests that relationships progress through
gradually increasing self-disclosure (Altman & Taylor,
1973). This cumulative process of self-disclosure may
enable users immerse themselves in their chosen con-
versation roles and believe they are cognitively and
emotionally engaged in a two-way dialogue
(Labrecque, 2014; Pentina et al., 2023). Such parasocial
interactions can further develop to the point where
consumers begin to view ChatGPT more as a trusted
friend or a professional travel assistant rather than
a virtual Al model (Pentina et al., 2023; Stern et al.,
2007). Consequently, users may become more willing
to rely on ChatGPT for travel-related services. In sum-
mary, this study posits that parasocial interaction plays
a mediating role between tourists’ perceptions of
trustworthiness and expertise in the information pro-
vided by ChatGPT and their acceptance of ChatGPT for
travel-related services. Based on above discussion, the
following hypotheses are proposed:

H9: Perceived information expertise provided by
ChatGPT will positively influence parasocial interaction.

H10: Perceived trust in the information provided by
ChatGPT will positively influence parasocial interaction.

H11: Parasocial interaction will positively influence
acceptance of ChatGPT for travel-related purposes.

Methodology
Participants and procedure

To understand whether users accept ChatGPT for travel-
related services and how parasocial interaction influ-
ences their acceptance, tourists with a minimum of six
months of experience using ChatGPT were recruited as
participants. In order to obtain more accurate results
with a larger sample size, an online questionnaire was
utilized to collect data for this study. The questionnaire
was distributed via Wenjuanxing (www.wenjuanxing.
com), the largest online survey platform in China, from
April to July 2023. The target respondents were those
who had utilized ChatGPT for travel-related purposes, so
submissions were only collected from users who passed
the two screening questions (i.e. had used ChatGPT for
over six months and had ever used ChatGPT for travel-
related purposes). Online surveys are commonly
employed in existing technology acceptance investiga-
tions (e.g. Chi et al., 2023; Gursoy et al., 2019) as they can
approach much broader users and provide a more
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representative sample than traditional on-site data col-
lection methods (Buhrmester et al., 2011).

Before the main study, a pilot on-site survey was
conducted at three universities in Macau to test the
questionnaire’s reliability and validity. The target respon-
dents were university students, teachers, and staff who
had experience using ChatGPT for travel-related pur-
poses. This population was selected based on their for-
ward-thinking mindset and recognition of the value of
technology in both professional and personal aspects.
Given these characteristics, they were considered more
likely to adopt ChatGPT for travel-related services. The
questionnaire was a Likert-type survey in which
responses were measured on a 5-point scale ranging
from 1 (strongly disagree) to 5 (strongly agree). As
a result, the pilot survey yielded 117 valid questionnaires
from respondents meeting the screening criteria (50.4%
female, 58.12% with a master’'s degree, and 76.24% in
the 18-30 age group). Next, the pilot data were analysed
to ensure the reliability of the selected measures. Results
demonstrated acceptable Cronbach’s alpha value
exceeding .70 for all measures, indicating adequate
internal consistency for broader investigations with
more diverse populations (Taber, 2018).

After the pilot study, the questionnaire was distrib-
uted online. Two screening questions were still
included at the beginning of the online survey: “Have
you ever used ChatGPT over six months?” and “Have
you ever used ChatGPT for travel-related purposes?” to
filter respondents. Only respondents who answered
“Yes” to both questions were considered eligible to
participate. In total, 450 responses were recorded, of
which 331 responses were retained after excluding
those with short answer times (less than 10 minutes)
or pattern answers. This yielded an effective response
rate of 73.56% for data analysis. This study employed
25 question items to evaluate the proposed frame-
work. Hair et al. (2012) recommends a sample-to-
variable ratio of 5-10, suggesting a minimum sample

Table 1. Profile of survey respondents (n =331).

size of 125-250. With 313 valid responses, our study
exceeds this ratio, ensuring sufficient data for reliable
and valid results. Participants worked in a variety of
occupations, including managerial (37.5%), student
(32%), professional (19.6%), and sales (9.7%). The
detailed demographic characteristics are presented in
Table 1.

Measures

To ensure our measures’ initial reliability and validity, all
scales used in this study have previously been validated in
earlier studies. Social influence was measured using
a 5-item scale adapted from Ribeiro et al. (2022). The
four measures for perceived value were adapted from
de Kervenoael et al. (2020) and Lalicic and Weismayer
(2021). Expertise and trust were each measured with 4
items adapted from Muda and Hamzah (2021). Parasocial
interaction was assessed using a 4-item scale from I. Kim
and Kim (2017). Finally, acceptance of ChatGPT for travel
services was evaluated with a scale adapted from Ivanov
et al. (2017), Melian-Gonzalez et al. (2021) and Ribeiro
et al. (2022). All the constructs were measured on
5-point Likert scales (1=strongly disagree to 5=strongly
agree). Since all scales were derived from English litera-
ture, a rigorous translation and back-translation process
was performed to accurately translate them into Chinese.
Table 2 shows the variable used to test the model.

Data analysis

Structural equation modelling (SEM) was utilized to test
the hypothesized relationships and validate the pro-
posed conceptual model (See Figure 4). Partial least
squares SEM (PLS-SEM) was conducted using SmartPLS
(version 4.0.9.2) to estimate the measurement and struc-
tural models. PLS-SEM was selected as the variance-
based approach is better suited for predicting key target

Variables n % Variables n %

Gender Occupation
Male 177 535 Student 106 32.0
Female 154 46.5 Professional 65 19.6

Age Managerial 124 375
18-30 195 58.9 Sales 32 9.7
31-40 128 38.7 Homemaker 1 0.3
41-50 7 2.1 Other 3 0.9
51 and above 1 0.3 Monthly household income (RMB)

Education Level 5,000 or less 29 8.8
Less than high school 2 0.6 5,001-10,000 40 121
High school graduate 4 1.2 10,001-15,000 46 13.9
Professional training 12 36 15,001-20,000 55 16.6
Bachelor's degree 222 67.1 20,001-25,000 42 12.7
Master’s degree 85 25.7 25,001-30,000 43 13.0
Doctorate 6 1.8 30,001 or more 76 229
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Table 2. Reliability and validity indicators, and scale items of the model.

Composite

Variables Factor reliability Cronbach-
Scale Items Loading AVE (CR) Alpha
Social Influence 0.671 0.911 0.878
SI Many people who | know use ChatGPT travel planning purposes. 0.817
SI2 People who influence my behaviour use ChatGPT for travel purposes. 0.820
SI3 People whose opinions that | value would prefer that | use ChatGPT for travel purposes. 0.821
Sl4 People in my social networks who would use ChatGPT for travel purposes have high profiles. 0.792
SI5 People who are important to me would encourage me to use ChatGPT for travel purposes. 0.846
Perceived Value 0.606 0.860 0.783
PV1 Compared to the time traditional service is provided, the use of ChatGPT for travel purposes 0.778

is worthwhile to me.
PV2  The use of ChatGPT for travel purposes delivers a satisfactory experience. 0.747
PV3  Compared to the cost of service | need to pay, the use of ChatGPT for travel purposes offers 0.756

value for me.
PV4  Using ChatGPT for travel purposes is a good deal. 0.831
Expertise 0.613 0.864 0.789
E1 ChatGPT is experienced in answering travel-related questions. 0.807
E2 The content provided by ChatGPT can rival that of a professional travel consultant. 0.788
E3 | believe ChatGPT is qualified to provide relevant travel advice to users. 0.757
E4 ChatGPT is quite proficient in mastering the information of relevant travel products and 0.779

services.
Trust 0.613 0.864 0.789
T | trust travel-related information acquired from ChatGPT because it is reliable. 0.808
T2 | believe that the travel-related information provided by ChatGPT is usually answered 0.745

honest.
T3 | depend on ChatGPT for acquiring travel-related information that | need. 0.768
T4 | consider ChatGPT as a trustworthy channel for providing travel-related information. 0.808
Parasocial Interaction 0.540 0.824 0.716
PI1 ChatGPT can understand the questions | want to ask very well. 0.754
P12 When | consult ChatGPT, | feel that it can treat me as its customer. 0.703
PI3 Consulting ChatGPT helps me form opinions about travel-related topics and issues. 0.703
P14 The personality of ChatGPT makes me feel comfortable, as if | am with my friends. 0.777
Acceptable Behaviours 0.593 0.854 0.772
AB1 | will be willing to recommend that others use ChatGPT for travel purposes. 0.742
AB 2  When required, | will use ChatGPT for travel purposes. 0.761
AB 3 lintend to use ChatGPT for travel purposes in the future. 0.777
AB 4 | think that more and more people will use ChatGPT travel purposes. 0.800

constructs and testing exploratory relationships (J. Hair  internal consistency reliability, convergent validity, and
et al., 2023). discriminant validity. Item loadings, Cronbach’s a, and

The two-stage PLS-SEM method outlined by Henseler ~ composite reliability (CR) were used to evaluate internal
(2017) was applied. In the first stage, the measurement  consistency reliability. Convergent validity was assessed
(outer) model was examined by assessing item loadings, based on average variance extracted (AVE) exceeding 0.50

Social
Influence

H2

Acceptance
Behaviour

Perceived
Value

Figure 4. Research model.
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(J. F. Hair et al., 2013). Discriminant validity was estab-
lished using the Fornell-Larcker criterion by comparing
the square root of the AVE values with inter-construct
correlations (Fornell & Larcker, 1981). In the second
stage, the structural (inner) model was analysed to test
the hypothesized relationships between constructs.
Bootstrapping with 5,000 subsamples was used to gener-
ate standard errors and t-values (J. Hair et al., 2023).

Common method variance (CMV) was also assessed
prior to analysing the PLS-SEM model since this study
relied on self-reported data collected through a single
questionnaire, which have the potential to result in
inflated correlations between focal constructs
(Podsakoff et al., 2003). To mitigate this issue, both
procedural and statistical remedies were implemented
to control for CMV. Procedurally, confidentiality, anon-
ymity, and no right or wrong answers were emphasized
in the online survey introduction, which are recognized
methods for minimizing CMV (Podsakoff et al., 2003).
Statistically, Harman's single factor was performed (Min
et al., 2016). The results indicated that the first factor
explained only 38.52% of the variation in each measured
item without rotation, which is below the accepted
threshold of 50% (J. Hair et al., 2023). Based on these
results as not a significant concern in this study.

Results
Measurement model

Reliability

Data normality was confirmed prior to evaluating the mea-
surement model. Kurtosis and skewness values ranged
from —0.50 to 1.50 across all items, indicating approximate
normality (J. F. Hair et al.,, 2013). To evaluate the internal
consistency reliability of the scales, both Cronbach’s alpha
and composite reliability (CR) values were examined
(J. F. Hair et al.,, 2013). While Cronbach’s alpha assesses
the lower bound estimate of reliability, CR represents the
upper-bound value. Generally, values exceeding 0.70 for
Cronbach’s alpha and 0.80 for CR indicate satisfactory relia-
bility (Nunnally & Bernstein, 1994). The overall scale
demonstrated strong internal consistency, with
a Cronbach’s alpha of 0.939. The Cronbach’s alpha for
each individual construct also exhibited good reliability
(See Table 2): social influence (a=.878), perceived value
(a=.783), expertise (a=.789), trust (a=.789), parasocial
interaction (a=.716) and acceptance behaviour (a=.772).
Furthermore, CR values ranged from 0.824 to 0.911, also
exceeding the recommended level of 0.80 (J. F. Hair et al.,
2013). Thus, these results provide evidence for the cred-
ibility and internal consistency of the scales used in this
study.

Evaluation of the measurement model fit

The PLS-SEM assesses model fit by examining the stan-
dardized root mean square residual (SRMR) values using
a bootstrapping procedure. According to J. F. Hair et al.
(2013) and L.-T. Hu and Bentler (1998), a SRMR value less
than 0.1, or more conservatively 0.08, indicates accepta-
ble fit. Besides, Henseler (2017) suggest a SRMR value
below the 95% bootstrap quantile (HI95 of SRMR) and
dULS value below 95% bootstrap quantile (HI95 of dULS)
are indicative of good model fit. In the current study,
these requirements for adequate model fit are satisfied
as the obtained SRMR value is 0.065, below the accep-
table 0.08 threshold (Henseler, 2017). Specifically, the
dULS value of 1.364 is below the 95% bootstrap quantile
value of 1.386 obtained through 5000 resamples.

Convergent validity

Convergent validity was assessed by examining the
outer loadings of the indicators and the average var-
iance extracted (AVE) values (J. F. Hair et al., 2013).
Indicator loadings were significant (p <.001) and
exceeded the recommended threshold value of 0.7,
with values ranging from 0.742 to 0.846 (See Table 2).
Additionally, the AVE values for all constructs surpassed
the suggested cutoff value of 0.5, ranging from 0.540 to
0.671 (Fornell & Larcker, 1981; J. F. Hair et al., 2013).
These results confirm that the indicators effectively cap-
tured variance in their respective constructs, demon-
strating adequate convergent validity.

Discriminant validity

Discriminant Validity was assessed using the heterotrait-
monotrait ratio (HTMT) technique (Henseler, 2017).
HTMT values between all reflective construct pairs were
below the conservative threshold value of 0.85, ranging
from 0.342 to 0.729 (See Table 3). Furthermore, the
Fornell-Larcker criterion analysis revealed that the
square root of the AVE for each construct exceeded
inter-construct correlations (Fornell & Larcker, 1981).
Together, these findings provide evidence that the con-
structs measure distinct concepts, establishing satisfac-
tory discriminant validity.

Hypothesis testing

Hypotheses were tested using 5000 bootstrap subsamples.
The results revealed support for most hypotheses, except
for H1 and H7 (See Table 4 and Figure 5). Contrary to our
predictions, social influence did not directly affect adoption
behaviour (f =-0.022, p>.005), rejecting H1. However,
there was a significant direct effect between perceived
value and ChatGPT adoption for travel (=0.265,
p <.001), supporting H2. This suggests that tourists’



Table 3. Discriminant validity.
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Sl PV ET TR PI AB
Social Influence (SI) 0.819 0.681 0.764 0.721 0.700 0.554
Perceived value (PV) 0.642 0.779 0.833 0.759 0.827 0.725
Expertise (ET) 0.636 0.718 0.783 0.891 0.871 0.707
Trust (TR) 0.639 0.679 0.732 0.783 0.841 0.768
Parasocial Interaction (PI) 0.559 0.679 0.657 0.657 0.735 0.756
Acceptance Behaviour (AB) 0.462 0.603 0.557 0.599 0.567 0.770

The lower triangular matrix (Pearson correlation) present the Fornell-Larcker criterion. Values on the bolded diagonal are square root of

the AVE.

The upper triangular matrix presents the Heterotrait-Monotrait Ratio of Correlations (HTMT).

perceived value of ChatGPT is a strong predictor with their
adoption of ChatGPT for travel purposes. Moreover, the
results indicated a significant positive relationship between
the two stimuli cues of social influence (3 =0.297, p <.001)
and perceived value (3 =0.527, p <.001) with expertise in
Chat GPT provided information, supporting H3 and H5.
Social influence (3 =0.345, p <.001) and perceived value
(B=0.458, p<.001) were both positively related to user
trust in ChatGPT information, supporting H4 and Hé.
While trust directly and significantly influenced intention
to adopt Chat GPT for travel purposes (3 = 0.264, p <.001),

Table 4. Path estimates and hypothesis testing.

supporting H8; the direct effect of expertise was not sig-
nificant (f=0.069, p >.005), rejecting H7. Finally, higher
perceived expertise (B=0.379, p<.001) and trust
(B = 0.380, p<.001) in Chat GPT information yielded
a higher level of parasocial interaction with Chat GPT, and
intention to adopt ChatGPT for travel purposes (3 =0.181,
p <.001), supporting H9, H10, and H11.

The predictive power of the model was assessed
using the coefficient of determination R% The R? value
indicates the proportion of variance in an endogenous
construct explained by its predictor variables. In this

Hypothesis no. Hypothesis path Path coefficients () t-Value P value Support
H1 Social influence -> Acceptance behaviour —-0.022 0.370 712 No
H2 Perceived Value -> Acceptance behaviour 0.265 3.381 .001 Yes
H3 Social influence -> Expertise 0.297 5.524 .000 Yes
H4 Social influence -> Trust 0.345 6.219 .000 Yes
H5 Perceived Value -> Expertise 0.527 9.962 .000 Yes
H6 Perceived Value -> Trust 0.458 7417 .000 Yes
H7 Expertise -> Acceptance behaviour 0.069 0.930 352 No
H8 Trust -> Acceptance behaviour 0.264 3.576 .000 Yes
H9 Expertise -> Parasocial Interaction 0.379 6.038 .000 Yes
H10 Trust -> Parasocial Interaction 0.380 6.060 .000 Yes
H11 Parasocial Interaction -> Acceptance behaviour 0.181 2.618 .009 Yes

Social Influence

Perceived Value

Hypothesis Supported

Hypothesis Rejected

Figure 5. SEM results.

Parasocial
Interaction
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study, the R? values demonstrated that the model
accounted for a substantial amount of variance in per-
ceived expertise (56.8%), trust (53.2%), parasocial inter-
action (49.9%), and intention to adopt Chat GPT for
travel purposes (44.9%). Overall, these results provide
evidence that the key variables in proposed model
have good explanatory power for the endogenous
constructs.

Discussion

Grounded in S-O-R theory, this study developed and
tested a conceptual model elucidating the mechanisms
driving tourists’ acceptance of utilizing ChatGPT for tra-
vel and tourism services. The model identified social
influence and perceived value as two key external sti-
muli that activate tourists’ perceived trust and expertise
in the travel information provided by ChatGPT (cognitive
process) and parasocial interaction with ChatGPT (psy-
chological process) and determine tourists’ adoption
intentions and behaviour towards ChatGPT.

Firstly, the results suggest that social influence is a key
external stimulus that positively shapes the tourists’ per-
ceived trust and expertise in the travel information pro-
vided by ChatGPT. This finding is consistent with prior
technology acceptance research (Ladeira et al., 2023; Lu
et al,, 2019), which highlights the importance of group
norms and social approval in users’ appraisals of an Al-
powered language models. Specifically, when tourists
perceive that their important social groups (e.g. family
and friends) encourage using ChatGPT for tourism and
travel-related service, they likely develop more favour-
able evaluations of ChatGPT’s capabilities. However,
social influence does not directly affect tourists’ inten-
tions to use ChatGPT for travel-related services. This
suggests that while social group can help to shape
tourists’ perceptions of ChatGPT's expertise and trust,
additional factors beyond expertise and trust are needed
to determine adoption behaviour. This aligns with dual-
process theory (Frankish, 2010; McCabe et al., 2016),
whereby both implicit social influences and explicit
deliberative evaluations jointly shape individual deci-
sions and behaviours.

Secondly, the results indicate that perceived value is
the most influential determinant of adoption of ChatGPT
for travel-related purposes. It was found to affect
ChatGPT acceptance both directly and indirectly. The
direct impact of perceived value on behaviour is consis-
tent with previous consumer research emphasizing its
importance in adoption decisions (M. Choi et al., 2023;
Shaw & Sergueeva, 2019). This direct effect suggests that
tourists perform a rational cost-benefit analysis when

evaluating ChatGPT for travel-related services.
Specifically, when functional, economic, or emotional
benefits of using ChatGPT for travel-related service are
perceived to outweigh costs, tourists exhibit a stronger
willingness to adopt. On the other hand, the perceived
value also indirectly influenced tourists’ acceptance
intentions by enhancing their perception of ChatGPT's
expertise and trust. This finding reveals that when tra-
vellers perceive greater overall value in using ChatGPT,
they develop more favourable evaluations of its recom-
mendations and provided information.

Thirdly, the results reveal that perceived trust and
expertise in the information provided by ChatGPT are
important factors that influence travellers’ parasocial
interactions with ChatGPT and their willingness to use
it for travel-related services. Specifically, beyond per-
ceived functional or economic benefits, when travellers
view ChatGPT as a trusted and professional virtual advi-
sor, they are more likely to anthropomorphize ChatGPT
and develop one-sided emotional bonds with it. This
highlights the significance of parasocial phenomena in
shaping users’ acceptance and use of ChatGPT. In
essence, despite realizing ChatGPT was not human, tra-
vellers engage with it parasocially as if it were a trusted
travel expert. Our study thus extends previous academic
findings, which have focused more narrowly on audi-
ence and media characters relationship (S. Choi et al,,
2019; Haobin Ye et al., 2021), to human-Al-powered
language model interaction. Additionally, this study
found that perceived trust in information provided by
ChatGPT directly influenced travellers’ adoption and
usage of ChatGPT for travel and tourism purposes. In
contrast, perceived expertise in ChatGPT’s information
did not directly affect traveller's adoption behaviours.
This discrepancy highlights the unique importance of
trust in shaping Al-powered language model adoption,
like ChatGPT, for travel-related services.

Theoretical implications

This study makes significant theoretical contributions by
advancing the understanding of tourist acceptance for
emerging conversational Al like ChatGPT in travel and
tourism. Addressing a crucial gap where established
models (e.g. TAM, UTAUT) often fall short in capturing
nuances of human-computer interaction, the current
study employs SOR theory as a foundation. Building
upon it, this study proposes and validate a conceptual
framework tailored specifically to ChatGPT acceptance
for travel-related purposes. This framework incorporates
key factors unique to this context, including social influ-
ence, perceived value, trust, expertise, and parasocial



interaction, providing a more nuanced understanding of
user acceptance.

Secondly, the findings suggest that fostering posi-
tive perceptions of trust and expertise in information
provided by ChatGPT is crucial for enhancing tourists’
parasocial interaction with ChatGPT and their willing-
ness to utilize ChatGPT for travel and tourism pur-
poses. To augment the Al model’s knowledge base in
the context of travel and tourism, destination man-
agers can establish channels for tourists to provide
feedback on the accuracy and relevance of information
delivered by ChatGPT. This feedback can then be
relayed to Al model developers, who can utilize it to
consider specialized training for the Al model. This will
ensure that tourists can make informed decisions
based on reliable information. Furthermore, the
research findings indicate that the perceived trust-
worthiness of information provided by ChatGPT exerts
a stronger direct influence on tourists’ acceptance of
ChatGPT. Consequently, destination managers should
prioritize effectively communicating the trustworthi-
ness and reliability of ChatGPT to users, fostering tour-
ists’ confidence in relying on ChatGPT for travel advice
or other tourism-related services.

Thirdly, this research expands the boundaries of para-
social interaction theory, extending its applicability to
the novel realm of human-Al interaction. This study
empirically demonstrate that tourists develop parasocial
bonds with ChatGPT, akin to human friendship (Perse &
Rubin, 1989). The current study provides empirical evi-
dence that people can form parasocial bounds with Al
model similar to human friendships. Just as audiences
build imaginary relationships with media influencers
they perceive as a friend, the results of this study indi-
cate that tourists develop parasocial bonds with
ChatGPT, treating it as a helpful travel assistant.
Moreover, this study reveals tourists’ perceptions of
ChatGPT's expertise and trustworthiness increase their
parasocial engagement with the Al. This reinforces in
human-Al model relationship, parasocial interaction the-
ory's emphasis on perceived expertise and trust as key
antecedents of imaginary relationships (Horton &
Richard Wohl, 1956).

Finally, the proposed theoretical framework compre-
hensively explains how functional and social factors
interact to influence users’ adoption of ChatGPT for
travel and tourism purposes. The results indicated both
the objective qualities of Al-provided information as well
as subjective psychological engagement determine the
likelihood of adoption. This study thus advances knowl-
edge and enriches theories of Al adoption by examining
these cognitive-psychological factors behind ChatGPT’s
adoption.
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Practical implications

The findings of this research offer several valuable man-
agerial insights for various stakeholders, including desti-
nation managers, Al model developers and policy
makers. Firstly, to boost the adoption of Al models like
ChatGPT application for travel purposes, destination
manager should recognize that perceived value of
ChatGPT, compared to social influence, is a key driver
of adoption. Therefore, they can focus on promotions
and conveying the practical benefits and advantages of
using such systems. For example, they can place
a ChatGPT plugin on the official destination website
and encourage tourists to use it to find relevant informa-
tion, plan their itineraries, or ask for personalized recom-
mendations. As perceived value has a strong and direct
impact on tourists’ acceptance of ChatGPT for travel-
related purposes, this is a critical step. Additionally, as
Al technology is continually evolving, Al model devel-
opers should make continuous improvements and reg-
ular updates and enhancements based on user
feedback. This will help to ensure that ChatGPT is more
effective application in tourism domain.

Secondly, the research findings suggest that fostering
positive perceptions of trust and expertise in informa-
tion provided by ChatGPT is crucial for enhancing tour-
ists’ parasocial interaction with ChatGPT and their
willingness to utilize ChatGPT for travel and tourism
purposes. To augment the Al model’s knowledge base
in the context of travel and tourism, destination man-
agers can establish channels for tourists to provide feed-
back on the accuracy and relevance of information
delivered by ChatGPT. This feedback can then be relayed
to Al model developers, who can utilize it to consider
specialized training for the Al model. This will ensure
that tourists can make informed decisions based on
reliable information. Furthermore, the research findings
indicate that the perceived trustworthiness of informa-
tion provided by ChatGPT exerts a stronger direct influ-
ence on tourists’ acceptance of ChatGPT. Consequently,
destination managers should prioritize effectively com-
municating the trustworthiness and reliability of
ChatGPT to users, fostering tourists’ confidence in rely-
ing on ChatGPT for travel advice or other tourism-related
services.

Thirdly, the findings underscore the significance of
parasocial interaction as crucial mediating factor in tour-
ists" acceptance of ChatGPT for travel and tourism pur-
poses. Destination marketers can strategically identify
scenarios that encourage tourists to adopt ChatGPT for
relevant services, thereby enhancing their comfort and
facilitating a strong connection between tourists and Al-
driven conservational models. For example, destination



968 H. XU ET AL.

managers can actively encourage tourists to adopt
ChatGPT for routine itinerary recommendations. By
deploying ChatGPT with features such as multi-
language support and 7/24 availability, it can reinforce
tourists parasocial interaction with Al, thereby reducing
the operation cost of tourism company. However, it is
essential to recognize that ChatGPT may not be the ideal
choice for scenario such as emergency situation or guid-
ing outdoor adventures, where safety is a major concern
due to heightened risks associated with such activities.
In such scenarios, ChatGPT's inability to provide detailed
and real-time information can not only diminish para-
social interaction but also potentially pose safety risks.
Therefore, the selection of suitable scenarios for
ChatGPT interaction with tourists is crucial to ensure
both their satisfaction and safety during travels.

On the other hand, while fostering parasocial interac-
tion with ChatGPT can significantly enhance tourists’
acceptance of Al-powered language model in tourism
and travel services, it also raises ethical considerations.
Tourism policymakers must collaborate with stake-
holders to establish comprehensive ethical guidelines
for the use of Al-driven conservational models like
ChatGPT in the tourism domain. These guidelines should
encompass various aspects, including safeguarding data
privacy during Al interactions, ensuring transparency in
Al's role within the destination’s services, and addressing
potential biases in Al algorithms. Additionally, tourists
should be informed that while Al can provide valuable
assistance, connecting with real people and immersing
oneself in the local culture remain essential for a more
enriching and authentic travel experience. Therefore,
responsible Al-model deployment, ethical considera-
tions, and transparency are crucial aspects that should
be integrated into the fabric of Al integration in the
travel and tourism industry.

Limitations

This study acknowledges some limitations that present
opportunities for future research. Firstly, the data was
solely collected from tourists in China through an online
survey. This limits the generalizability of the findings to
tourists from other cultural backgrounds. Future research
could employ a cross-country approach to investigate
how travellers from diverse cultures interact with and
perceive ChatGPT for travel and tourism services.
Examining the impact of parasocial interaction across
cultures would significantly enrich this area of study.
Secondly, this study relied on a single survey methodol-
ogy. Future research could employ a mix of complemen-
tary methodologies for a more comprehensive
investigation. Thirdly, this study tested a model with

a limited set of variables explaining Al-powered language
model acceptance in tourism and travel domain. Building
on this study’s findings, future studies could incorporate
additional factors like perceived usefulness, risk, and priv-
acy concerns to provide a more comprehensive under-
standing of tourists’ Al model adoption decisions. Lastly,
this research exclusively focused on ChatGPT acceptance.
As new Al-powered language models emerge, such as
Microsoft Bing, Claude 2, and Google Bard, researchers
should explore acceptance of these alternative Al models.
Comparing perceptions of different Al models would
provide a more complete picture of Al models’ evolving
role in the travel and tourism domain.
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