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Translation and Datafication 

We live in a world increasingly saturated with, and shaped by, data. The concept of ‘datafication’, at 
its broadest, aims to account for this shift, referring to the increasing significance of data in 

contemporary society. Data is collected, processed and used on a (literally) industrial scale across 

almost all aspects of daily, and especially economic, activity: data analytics are increasingly 

important in health care, with companies such as the pharmaceuticals giant Roche offering 

‘personalised medicine’ aimed at ‘bringing together a unique understanding of human biology with 

new ways to analyse health data’ (Roche 2021); in the energy sector, wind turbines are filled with 

sensors providing real time data about vibration, particulate levels in lubricants, heat, tower sway, 

wind direction and more.1 In politics, fine grained demographic data is used to precisely target 

campaign materials to where they will be most effective (or so campaign managers hope). 

Description and analysis of datafication is the subject of a large and growing literature in fields 

including: education (Jarke and Breiter 2019; Selwyn and Gašević 2020; Williamson, Bayne, and Shay 
2020), media studies (Dijck van 2014; Livingstone 2019; Arsenault 2017), urbanism (Iveson and 

Maalsen 2019; Bibri 2019), health (Kuch, Kearnes, and Gulson 2020; Ruckenstein and Schüll 2017), 

sport (Fried and Mumcu 2017), epistemology (Bonde Thylstrup, Flyverbom, and Helles 2019) and 

postcolonialism (Couldry and Mejias 2019; Kotliar 2020). Entire journals, such as Big Data & Society, 

and nascent disciplines, such as Critical Data Studies and Critical Algorithm Studies, have emerged to 

make sense of it. 

Datafication has also transformed, and continues to change, the translation industry. From the 

development of translation memory (TM) tools in the 1990s to the increasing importance of cloud-

based translation management suites today, large scale data collection, processing and use is now a 

central part of the industry. It is therefore remarkable that it has received so little attention from 

translation scholars. Despite much, frequently insightful, discussion of translation technology over 

recent decades, the specific issues pertaining to datafication remain largely untouched. Jiménez-

Crespo’s recent review article ‘The “Technological Turn” in Translation Studies: Are we there yet?’ 
(2020), for example, makes no references to data or datafication at all. Of the 31 entries in The 

Routledge Handbook of Translation and Technology (O’Hagan 2020), none focus specifically on data 

or datafication. At the time of writing, searching for ‘datafication’ in the leading Translation Studies 

journals The Translator, Translation Studies, Meta and Target does not bring a single result. This 

suggests a major research gap. 

In this context, this chapter is intended to be largely programmatic. It begins with a brief overview of 

datafication as a phenomenon and its development. This is followed by discussion of three key ideas 

identified in the existing literature on datafication in terms of their implications for translation as a 

practice, industry and profession: 1) that it goes beyond digitisation insofar as the shift is not only 

from the analogue and towards the digital, but also towards the organisation of that digital 

information in such a way as to render it ‘indexable and thus searchable’ (Mayer-Schönberger and 

Cukier 2013: 84); 2) that it entails significant quantification of the human; 3) that it is closely 

connected to behavioural changes. Each is intended to highlight how the concept of datafication can 

enrich our understanding of translation and raise key questions for research over the coming years. 

My emphasis throughout will be on commercial translation on the basis that this is the area where 

the effects of datafication have so far been felt most keenly. Nonetheless, as time goes by, it is likely 

that its effects will also become increasingly apparent in other areas as well. In the concluding 

section, I reverse the focus and suggest that the theory of datafication also has much to gain from 

 
1 See, for example, the Moventas ‘Condition Management System’ (Moventas 2019). 



the contribution of translation scholars; it may be a relatively new phenomenon, but many of the 

issues it raises are closely related to those explored within Translation Studies for many years.   

Defining datafication  

It is undeniable that there is simply far more quantitative data flying around the world today than 

there was ten, five, or even two years ago. Nonetheless, a desire to understand the world 

quantitatively is by no means new. Consider, for example, Heidegger’s emphasis in his 1954 essay 

‘The Question Concerning Technology’ on the idea that ‘modern science’s way of representing 

pursues and entraps nature as a calculable coherence of forces’ (Heidegger 2013: 21); the desire of 

British colonial officials to produce accurate censuses of the empire’s subjects, seen as a necessary 

part of effective administration (Christopher 2008); or US Secretary of Defense Robert McNamara’s 
attempts in the 1960s to wage a ‘scientific’ war in Vietnam through the collection and analysis of 

large volumes of quantitative data (Harrison 1988; Tarpgaard 1995). Even so, the digitisation seen 

over recent decades was a prerequisite for the pervasive datafication we see today; as more and 

more of social, cultural and economic life has been carried out digitally, it has become immeasurably 

easier to collect and process data on a large scale. During the Vietnam war, collecting data about 

individual military operations was costly and slow, requiring paper forms to be filled in, physically 

moved from location to location, before being entered into computerised systems for analysis. With 

digitisation, on the other hand, the data needed for this kind of analysis is often already available in 

digital form. 

Digitisation was, however, a necessary but insufficient condition for datafication. A move to the 

digital makes the collection and processing of data much easier, but it does not necessarily demand 

it. Datafication, on the other hand, constitutes a specific way of taking up and responding to the 

possibilities offered by digitisation. In terms of translation, digitisation brought a shift from working 

with paper to electronic texts. Datafication has brought the practice of translators sending segment-

level TM data to language service providers (LSPs) to enable aggregation and the creation of large 

datasets. Not everything that happens digitally is necessarily recorded as data. Even in a world 

saturated by the digital, data does not occur naturally but must be generated through processes of 

selection and ordering. As the title of Gitelman’s influential edited volume attests, “Raw Data” is an 
Oxymoron (Gitelman 2013). There may be more data than ever but what can be seen in it depends 

on what is collected and what filtered out as noise – an issue to which we will return later as part of 

a discussion on the relationship between datafication and contemporary capitalism. As Meijas and 

Couldry put it, ‘in a network, nodes only recognise other nodes, and if something is not represented 

as a node it does not exist’ (Meijas and Couldry 2019: 4). Google researchers Caswell and Liang 

(2020), for example, emphasise that machine translation ‘performance on low-resource languages, 

like Yoruba or Malayalam, still leaves much to be desired’. That such languages may be used daily by 

tens of millions of people in digital communication and yet still be considered ‘low-resource’ 
emphasises that digitisation and datafication need not run in parallel. The uneven distribution of 

data, and its capacity to reinforce existing biases, is now the focus of a substantial literature in its 

own right (Noble 2018; Hamilton 2019; Obermeyer et al. 2019).  

Thinking in terms of data, then, is not grounded in a wholly new impulse. Datafication as a 

contemporary phenomenon, on the other hand, does represent a significant change even from the 

digital era, at least in terms of scale and tempo. The growth in data is both a requirement for and, as 

discussed below, a consequence of these changes. It is important to recall that it is not inevitable, 

all-encompassing, entirely negative in its effects, or immune to resistance. Nonetheless, it seems 

clear that major changes are underway.  



Searchability 

Every time I look out of my window, I experience what analytic philosophers such as Bertrand Russell 

and H.H. Price once referred to as ‘sense-data’. I might refer to a novel as the ‘data’ being analysed 
by one of my students. Yet neither of these examples constitutes data as understood in the context 

of datafication; the defining characteristic of data on this view is that it is searchable and indexable. 

It is difficult to overstate the importance of this distinction. The key requirement for datafication is 

not an increase in information as such, but in data in formats amenable to automated, computerised 

analysis. It is an increase in this specific type of data that has driven a significant shift towards 

quantitative and statistical methods of interpretation. Obviously, neither quantitative nor statistical 

analysis are new. The change brought with datafication is the extent of their spread. For present 

purposes, this change has two major implications. The first is a shift, clear-sightedly noted two 

decades ago by Manovic (2001), from the narrative, temporally-oriented logic which dominated 

much of human history to one much more strongly grounded in the non-linear, spatially-oriented 

retrieval based logic of the database. This does not mean that narrative has ceased to be relevant; 

stories remain important means for making sense of and operationalising non-narrative data, as I 

and others have previously argued (Sadler 2021; Hayles 2007; Dourish and Gómez Cruz 2018). All the 

same, it has brought with it a significant increase in the importance of quantified and spatially 

organised ways of understanding (Halpern 2015; Drucker 2014). We see this in the translation 

industry, for example, in the charts and tables of now ubiquitous ‘dashboards’ intended to provide 

‘insights’ into datasets.2 

A second, and comparatively more recent, shift following from the increased availability of 

searchable data has been an enormous growth in the importance of algorithms in many aspects of 

life.3 This is both a response to increased data – they help in interpreting otherwise overwhelming 

quantities of information – as well as a driver of it – an increased emphasis on algorithms creates an 

incentive to maximise the quantities of data available for them to work with. Initially, their 

significance was largely focused on facilitating, rather than replacing, human decision making. In 

2013, for example, Airbnb produced a basic Japanese version of their platform within a week using 

crowdsourced translation, using an algorithm to score the importance of different parts of the site to 

identify which content should be prioritised by translators (Airbnb 2013). In other cases, and with 

increasing frequency, decision making itself is outsourced to algorithms. In 2020, for example, the 

school leaving exams taken by 16- and 18-year-olds in the United Kingdom were suspended due to 

the Coronavirus crisis. In response, the UK government initially used an algorithm to determine 

results, factoring information such as teachers’ estimates of pupils’ likely grades along with historical 

data about schools’ past performance. Rather than feeding into a decision-making process, the 

algorithmically determined result was final.4 

The increased availability of searchable data has also had profound implications for translation. Most 

obviously, it has enabled the development of contemporary statistical approaches to machine 

translation which rely for their training data on large corpora of parallel texts which, beyond merely 

existing, must also be available in machine readable formats. Newer, and increasingly sophisticated, 

‘adaptive’ machine translation builds on this by using complex algorithms to combine information 

 
2 Consider, for example, the ‘Taus DQF’ Dashboard which puports to provide insights into the entire translation 

industry in real time - https://qd.taus.net/. 
3 Understanding the effects of algorithms is now the focus of a growing body of literature in its own right  (e.g. 

Bucher 2018; Gillespie 2018; Cohn 2019). 
4 Due to significant discrepancies in the results and public opposition, however, the approach was ultimately 

changed and the algorithmically determined grades abandoned in most cases (cf BBC 2020). 



from very large training sets with smaller datasets produced by individual translators to produce 

outputs which benefit from the scale of large datasets but also reflect something of the style of 

individuals. This is only possible when individual translators also produce machine readable data 

through the computer aided translation (CAT) tools they use. The necessary information may have 

existed in earlier periods – translation, after all, has happened for millennia.  But without 

datafication it was not effectively useable in this way.  

The translation industry is also making increasing use the availability of large, searchable datasets in 

other ways. Translation quality assurance, for instance, is becoming more datafied. As of the time of 

writing, the translation technology company memoQ, for example, provides both an ‘Automatic 
Quality Assurance’ tool to identify issues such as punctuation errors, missing numbers etc, and a 

‘Linguistic Quality Assurance’ tool, a platform for human reviewers to categorize mistakes and 

‘create error statistics to provide structured feedback to translators’ (memoQ n.d.). Atril’s ‘Déjà Vu’ 
software enables the creation of ‘User Tracking Reports’ which give ‘the Administrator and project 

managers… insight into user (translator) performance. Detailed statistics are provided for each user’s 
performance in each project based on the match types’ (Atril Solutions n.d.). Straker Translations, on 

the other hand, claims that their ‘X Ray’ analytics engine can calculate ‘What is the normal rate a 

translator will work on this type of content and language pair to predict time-frames’ and assist in 
‘[f]inding the most suitable translator for the type of content and languages of your project’ (Straker 

Translations n.d.). All, in different ways, rely on the availability of data readily amenable to 

automated analysis and interpretation by algorithms. 

It is not difficult to imagine how this might expand in the future. If data is collected continuously as 

translators work, it would be possible, for instance, for LSPs to see that a particular translator is 

typically more productive in the mornings than the afternoons or that their output tends to dip in 

the days following a period of intense work. This could be factored into decisions about which 

translators are commissioned and which passed over. As in other areas, algorithms could be used 

more extensively for automated, real-time surveillance of translators, continuing the gradual move 

seen over recent decades towards ‘disciplinary’ (Foucault 1977) modes of control in which 

employers specify not only the final product required, but also precisely control the manner of its 

production. All the data needed to make these possibilities a reality is already routinely collected – it 

would simply be a case of developing new ways of processing and utilising it. 

The quantification of the human 

Datafication has brought ever greater quantification of aspects of human existence which might, in 

the past, have been understood as beyond quantification. This is, again, not a new phenomenon in 

and of itself. The essays written by students taking degree programmes in the humanities, for 

example, are emphatically qualitative in nature and yet are typically assigned a single numerical 

grade to facilitate their being directly comparable with one another. Lyotard’s The Postmodern 

Condition: A report on knowledge (1984), first published in 1979, discussed at length the increasing 

externalisation, commodification and quantification of knowledge provoked by the, then still 

relatively new, technology of computers. He suggested it was greatly accelerating a long-standing 

process of separating knowledge from individual knowers which began with the development of 

writing and was at that time gaining pace through ‘microstorage, computerized data, and data banks 
of hitherto unimaginable proportions’ (Lyotard 1984: xii). This, for Lyotard, had the consequence 

that: 

The old principle that the acquisition of knowledge is indissociable from the training 

(Bildung) of minds, or even of individuals, is becoming obsolete and will become ever 



more so… Knowledge is and will be produced in order to be sold, it is and will be 

consumed in order to be valorized in a new production’ (Lyotard 1984: 4) 

As Lyotard has it, the separation of knowledge from knowers through quantification not only 

enables but is driven by a desire to commoditise and objectify knowledge, enabling it to be bought 

and sold. 

In the context of translation, this is exactly what we see with TMs. On an individual level, they allow 

for individual translators to externalise much of the factual information to which they refer in their 

daily work, storing it as electronic data rather than as biological memory. Once quantified and 

externalised as data, it can be assigned a price and traded, for example on the Taus ‘Data 
Marketplace’5 which offers translators the opportunity to ‘monetize data you collected overtime’. 
The ways in which translation data can be monetized also emphasise a need to rethink where the 

value of translated material lies. In isolation, a translated text functions as a non-fungible commodity 

– it is not directly substitutable in the sense that one translation cannot be simply swapped with 

another in the way that one barrel of oil can be substituted with another. It has little or no value 

beyond the specific context of its commissioning and use – a translation of a legal document 

pertaining to the divorce of Mr and Mrs Smith is of no direct value in the context of the separation of 

Mr and Mr Klein. As Lyotard suggests, and Sadowski (2019) addresses directly, datafication changes 

this. Once seemingly qualitative texts are quantified as indexed and searchable data, and aggregated 

with data generated from other texts, they are transformed into something more like a kind of 

capital which can be ‘valorized in a new production’ (Lyotard 1984: 4) which need not be directly 

connected to the circumstances of its original creation. As Sadowski (2019: 4), drawing on Marx, puts 

it, ‘the capitalist is not concerned with the immediate use of a data point or with any single 

collection, but rather the unceasing flow of data-creating’. 

Quantification of the human also has profound existential implications. In his early works, Heidegger 

(2010; 1982) demonstrates the inadequacy of thinking of human existence in terms of autonomous 

individuals.6 He emphasises instead the central importance of what he calls ‘Dasein’ – ‘being-there’ 
in the sense that all being happens in particular contexts and through its interconnections with the 

environment. The salient part of Heidegger’s approach for the present discussion is the central role 
he assigns to ‘equipment’ understood as ‘the nearest things that surround us’ (Heidegger 1982: 

163). He argues that in dealing with equipment, we do not ‘grope forward from one to the next, 

progressively taking the single things together’ but proposes that rather there is ‘always already a 
manifold of equipment’ that ‘environs us’. This ‘contexture’ shapes what it means to exist in the 

particular place and manner of our existing: it is ‘the prius, within which specific beings, as beings of 
this or that character, are as they are and exhibit themselves correspondingly’ (Heidegger 1982: 

164). From this basic account, we begin to see that the existence of a translator is grounded not in 

an autonomous Cartesian individual, but in the ensemble of the translator along with the equipment 

that they use. In a very real sense, a translator who routinely works with CAT tools as a core part of 

their practice cannot be understood as the same translator without that equipment.7 

 
5 https://datamarketplace.taus.net/ 
6 From a Translation Studies perspectives, there are some parallels between Heidegger’s approach and 
Blumczynski’s (2016) emphasis on thinking about translation, and ontology more broadly, in terms of ‘how-

ness’ rather than ‘what-ness’.   
7 There are parallels between this idea and work on translation as ‘extended cognition’ (Risku and Windhager 

2013; Risku 2014) and ‘human-computer interaction’  (O’Brien 2012; Paulsen Christensen and Schjoldager 
2010; Bundgaard, Paulsen Christensen, and Schjoldager 2016). Heidegger’s ontological perspective, 



Datafication does not undermine the centrality of equipment to human existence. Nonetheless, it 

does further extend it. In thinking about what makes a given translator the translator that they are, 

it is increasingly necessary to consider the data they use as a basic part of the existential ensemble. 

In more concrete terms, when a client hires a translator, they hire not just a person but the whole 

ensemble of the translator and their data. Indeed, the suitability of a translator for a given task may 

lie as much in the data at their disposal as in their skills. The TM is, therefore, not something simply 

bolted on to an otherwise autonomous translator – the TM is a key part of what constitutes their 

being as a translator at its most basic. For a translator to lose access to their TM data could be as 

drastic as a woodworker losing a hand or a musician having their instrument destroyed. In each case, 

the translator, woodworker or pianist would not simply cease to exist. Nonetheless, their way of 

being a translator, pianist or woodworker would significantly change. Conversely, this also suggests 

limits to the commodification and sale of translation data. If a translator is only the translator that 

they are with their data, the data is only the data that it is along with the individual translator. 

Elements cannot simply be removed from the ensemble and continue to function in precisely the 

same way. 

The quantification of the human also contributes to changing how the world is understood on a 

basic level. In his later work, Heidegger argues that the ‘essence of [modern] technology is by no 

means anything technological’ but rather lies in a particular way of encountering the world. 8 He 

proposes that with the gradual shift from artisanal craftwork to the era of ‘machine-powered 

technology’ (Heidegger 2013: 13), the distinctly technological way of encountering the world 

became to cease to see things as objects and begin to engage with them as ‘Bestand’ – a standing 

reserve of resources to be exploited. He proposes, then, that woodland comes to be seen solely as a 

source of timber, a river as a source of hydroelectric power and so on. As he puts it in relation to 

passenger aeroplanes: 

Yet an airliner that stands on the runway is surely an object. Certainly. We can 

represent the machine so. But then it conceals itself as to what and how it is. 

Revealed, it stands on the taxi strip only as standing-reserve, inasmuch as it is 

ordered to ensure the possibility of transportation. For this it must be in its whole 

structure and in every one of its constituent parts, on call for duty, i.e., ready for 

takeoff (Heidegger 2013: 17) 

Its meaning comes to lie solely in the uses to which it can be put and it no longer comes into view as 

an object in and of itself. 

Translation remains, to a significant degree, an industry of craftwork rather than mass production; 

translators continue to produce individual translations in response to individual source materials. 

The transformation of translations into capital wrought by datafication, however, allows translated 

material to subsequently come into view as Bestand in Heidegger’s sense for perhaps the first time. 
Once broken into segments, quantified and indexed within databases, the notion of the text 

dissolves. They cease to exist as objects understood in the sense of their being defined through their 

differentiation from other objects. Instead, they are absorbed within a larger standing reserve of 

data, ordered to ensure the possibility of the extraction of future value. They are no longer valuable 

in themselves, but in terms of the use that might later be gleaned from them. We might therefore 

 
nonetheless, leads us to situate tool-use as a basic component of existence itself, assigning it a far more 

fundamental role than that typically seen in Translation Studies.  
8 As this suggests, Heidegger’s understanding of ‘technology’ is very different to how it is typically understood 
in Translation Studies. 



say that datafication is not itself something technological in that it does not refer to any particular 

technology. Nonetheless, it arises from the essence of technology as Heidegger describes it, bringing 

with it equally profound implications. 

The modification of human activity 

It will be clear from the preceding sections that datafication is associated with changes, of varying  

importance, to human behaviour. In some cases, they follow datafication that has already taken 

place. In others, changes are engineered specifically to enable the generation of data to facilitate the 

advancement of datafication – they are a requirement for datafication, rather than a simple 

consequence of it. Social media platforms, for example, not only enable human sociality in a such a 

way that it can be recorded and become productive of valuable data but are designed to encourage 

it to take place in this way. One purpose of Google Maps is to make it easier to find your way 

around; another is to collect data about its users’ movements to facilitate the development of 

individualised advertising profiles. One purpose of CAT tools is to make translation faster for 

translators; another is to generate data useable by agents other than the translator. 

This pattern of changing existing behaviours, or adding new ones, to either generate new data or 

capitalise on existing data is a recurrent one. Face-to-face conversations create no usable data; 

Facebook messenger conversations do. Paper shopping lists create no usable data; shopping list 

apps such as ‘Out of Milk’ and ‘Mealime’ do. Going for a run, in itself, produces no data; running 

while having location, heartrate, duration, speed etc tracked by an app such as Apple Health does. 

Visiting a beach generates no data, ‘checking in’ to the beach with Instagram does. In each of these 

instances, seemingly small changes of behaviour are required to transform activities which do not 

produce data into those that do. This can, in turn, lead to larger behavioural changes – rather than 

simply using Google Maps to find my way to restaurants, I may start following its recommendations 

about which restaurants to go to in the first place; rather than simply checking in with Instagram at 

the beach, I may start visiting places specifically so that I can check in there.9 Rather than simply 

taking advantage of the data generated when translators use CAT tools, an LSP may start requiring 

them to use them specifically so that more data can be collected. 

Several important points arise. First, this is an ambivalent process. The datafication involved in each 

of these examples is valued, albeit to varying degrees, by their users.10 The behavioural changes 

wrought by datafication are not necessarily for the worse. Google Maps’ data-driven service, for 

example, makes finding a hotel in an unfamiliar city hugely easier than it used to be without it. In 

other cases, the benefits of behavioural changes accrue predominantly to the institutions 

encouraging the changes. There are few obvious benefits to Facebook users, for instance, of the 

company’s practice of semi-covertly collecting data about its users’ location either from 
smartphones’ own location services or via the EXIF data attached to photos uploaded to the site or 

sent through its Messenger app (Doffman 2020). 

Second, in many cases, datafication is intimately connected to contemporary forms of capitalism 

which emphasise generating monetary value and exerting disciplinary control through the collection 

 
9 There is growing evidence, for example, that social media has a significant impact on choices of travel 

destination, both in terms of it shaping perceptions of destinations and people traveling specifically to create 

social media content (Smith 2018; 2019; The Economist 2019). 
10 Just how valuable, however, remains a subject of debate. Recent studies have suggested, for example, that 

the amount the average Facebook user would have to be paid to deactivate their account for a year ranged 

from $453 (Brynjolfsson, Eggers, and Gannamaneni 2018) to over $1000 (Corrigan et al. 2018). When asked 

the same question about search engines, on the other hand, far higher figures were given – a median of 

$17,530 in Brynjolfsson, Eggers and Gannamaneni (2018: 30) 



and manipulation of data.11 The behavioural changes described in the previous paragraph are all 

intended to generate data which is commercially useful and can be monetized. Google, for example, 

uses data to build detailed profiles of its users: their likes and dislikes, their patterns of daily 

movements, health, shopping habits etc. This information, as well as access to users, can then be 

sold at a premium to advertisers. This model has been remarkably successful – Google Ads 

generated $147 billion in 2020 (Graham and Elias 2021). Not all datafication is motivated by 

capitalism. Neither the datafication of health in the UK National Health Service or of authoritarian 

surveillance in China, for example, are aimed at serving the needs of capital. But the technology 

firms which have played such a central role in driving datafication do so squarely in the pursuit of 

economic capital, even as they espouse techno-utopian discourses of positive data-driven 

transformation. This emphasises a need to be critical with the behavioural changes associated with 

datafication. 

Third, a major question remains as to the extent of choice available. On the one hand, runners need 

not log their runs with Strava or communicate using Facebook Messenger. Nonetheless, the 

datafication of society means that social life increasingly happens in and through tools like these – 

not merely recording activities which would have otherwise taken place in the same way, but rather 

modifying the activities themselves and identities which go with them. For club cyclists, for instance, 

group rides may be organised on Facebook and recording and uploading data to tracking services 

can be an important part of what it means to be part of the club. While it is therefore not impossible 

to opt out of at least some aspects of datafication, it can be difficult. As Lanier (2013: 207) puts it, 

‘what might have started out as a choice is no longer a choice after a network effect causes a phase 
change. After that point we effectively have less choice. It’s no longer commerce, but soft blackmail’. 

These issues also arise with, and influence, translation. As already discussed, the practice of 

translation, especially in its commercial forms, has been greatly influenced by the emergence and 

now dominance of CAT tools. Consequently, translation practices have changed. It has been routine 

for many years for LSPs to require translators to submit TM data at the end of each task they 

complete so that it can be monetised. It is now routine for LSPs and TTPs to collect data on anything 

and everything possible, even if ‘the amounts collected may vastly exceed a firm’s imaginative reach 

or analytic grasp’ (Fourcade and Healy 2017: 13). In the context of post-editing, for example, the 

availability of data on editing time and edit distance per segment has allowed for new types of 

benchmarking and comparison between translators. Quoting for jobs may now involve using services 

such as ‘memoQ project manager’ which can produce a preliminary ‘analysis report’ which: 

Shows the size of the project and the savings from translation memories, LiveDocs 

corpora, and homogeneity. This is where you get the word counts that you use to 

create a quote for your client and estimate the costs of running the project.12 

Which tasks an LSP does or does not accept along with the prices they charge, then, comes to 

depend not only the intrinsic complexity of the text, turnaround time, availability of translators, for 

example, but also on the data that they currently hold. Likewise, a difficult text which otherwise 

might seem to offer little prospect of turning a profit taken in isolation may become more appealing 

if completing it will generate data which can be exploited in the future. The shift to cloud-based 

translation management means that very large volumes of aggregate data are now routinely 

supplied to TTPs. The opportunities such platforms offer for real-time monitoring of individual 

 
11 Data’s role in capitalism is the focus of growing literature. For example: Chandler and Fuchs (2019); Iveson 

and Maalsen (2019); Zuboff (2015); Sadowski (2019). 
12 https://www.memoq.com/products/memoq-project-manager 



translator contributions allows larger tasks to be shared between many different translators without 

specific parts being allocated to individuals; since the contributions of individual translators are 

logged as they are made, payment can be made according to individual contributions once the task 

is completed. 

Individual translators’ behaviours have also changed. Most obviously, their decision to use CAT tools 

will be influenced by the datafication of the industry more widely which has changed expectations as 

to the volume a translator can be expected to translate each day and the potential benefits of 

datafying their own work, in terms of time saved in the future. A translator deciding to adopt cloud-

based working practices may do so because of a perceived need to obtain a ranking useful for 

getting future work (cf Garcia 2017: 67/68).13 The shift to thinking in terms of segments rather than 

texts is both a response to existing datafication (because it is at the level of the segment that 

suggestions from TMs can be most effectively made) and driven by its future needs (it is also the 

level at which the most useful data is generated). The operative unit of translation as a practice is 

changed from the chunks most amenable to human interpretation to the units which are most 

useful for serving the needs of data.  

As with datafication more broadly, these changes are not amenable to easy appraisals as positive or 

negative. The datafication of the translation industry is clearly grounded in contemporary capitalism. 

As seen in the discussion so far, and noted by Garcia (2017), the benefits accruing to LSPs are clear in 

terms of the surplus value that can be generated: datafying translators’ working practices facilitates 

control and maximises revenue.14 The situation for individual translators is more complex. TMs 

reduce the time translators must spend on dull, repetitive work and, in building their own TMs as 

they work, allow them to also generate surplus value in each task they complete. They also accrue 

data capital over time and there is little doubt that datafication enables translators to handle larger 

volumes of words per day than they otherwise could, even if there is some evidence that it comes at 

a cost to creativity (Kenny and Winters 2020). Data on translator incomes is notoriously scarce, but 

increased productivity has been matched by changed perceptions as to what rate of work can 

reasonably be expected of translators, exerting downward pressure on per-word payment. 

It is more difficult to see benefits for translators themselves from the more recent shift to cloud-

based platforms. These changes enable the breaking down of complex tasks into many small tasks, 

distributed among many providers. Moorkens’ (2020) associates this kind of ‘digital taylorism’ with 
reduced job satisfaction for translators. The data tracked by CAT tools are those of value to capital 

rather than necessarily those that matter most to human translators: words, productivity and edit 

distance rather than weekends lost to unreasonable client demands, or support labour provided by 

partners and families. Constant monitoring costs translators autonomy and privacy but gains them 

little. The extra surplus value produced by metadata accrues almost entirely to LSPs since it is most 

useful when aggregated with data from other translators. This may partly explain why the parts of 

translation technology company websites promoting cloud-based services to translators frequently 

make little or no mention of monitoring while they often feature prominently in materials targeted 

to project managers. 

There are also limits to the extent to which translators can opt out of datafication, as with the 

phenomenon more broadly. A translator might choose not to use any CAT tools at all, therefore not 

 
13 This also emphasises the possibility of datafication to lead to ‘stratifying effects’ as data contributes to the 

establishment and maintenance of new hierarchies (Fourcade and Healy 2017). 
14 Although it is important to note, as Sadowski (2019: 4) highlights, much data collection happens ‘without 
specific uses in mind’, with collection becoming an end in itself in a context of intense datafication. 



enabling the collection of segment-level data on their translation process. This approach remains 

viable in some case – perhaps in literary and academic contexts. In others, such as legal and 

commercial translation, however, commissioners frequently stipulate the use of specific CAT tools 

when advertising for translators. In keeping with the dominance of capital over labour in 

contemporary capitalism, a power dynamic clearly visible in the translation industry, LSPs are far 

more strongly placed to dictate terms than individual translators. Even where translators are not 

explicitly required to use CAT tools, a translator opting not to use them would likely struggle to 

compete with competitors using them. An alternative might be to use CAT tools but refuse to use 

cloud-based platforms collecting real-time data or refuse to send exported TM data at the 

conclusion of jobs. Such a stance would nonetheless be difficult to maintain without the cooperation 

of LSPs, given the significant power imbalances at play; they may determine that it is easier to simply 

find another translator willing to hand over TM data and permit remote surveillance than to 

negotiate with one who is not.  

Conclusions and what translation has to offer 

Datafication, then, brings a host of issues for Translation Studies. Changes in the industry have been 

well researched over the years but the central role of data in driving them, as part of a much broader 

societal change, requires greater attention than it has so far received. In this chapter, I have sought 

to raise a number of questions to be explored in depth in future work. An emphasis on searchability 

introduces subtle, but significant, changes to what data is understood to be, and to the kinds of 

analysis and uses to which it can be put. At the same time, a massive emphasis on quantifying 

human activity hugely increases the amount of information that can be understood, and exploited, 

as data in this way. Taken together, these factors have led to significant behavioural changes, both in 

response to the analysis of data and to enable the generation of data in the first place. All three 

trends reach far beyond translation. Yet their effects have been, and continue to be, keenly felt by 

translators, even if they have not been extensively researched by translation scholars. 

In the final paragraphs, nonetheless, I want to emphasise that translational thinking has a great deal 

to offer thinking on datafication: first, datafication involves constant movement between signifying 

systems. This does not mean between different natural languages as emphasised in much traditional 

translation research but rather across ‘membranes’ in the broader sense proposed by Marais (2019). 

This kind of translation itself happens in two major ways: 1) from ‘non-data’ to ‘data’ – e.g. in the 

quantification of biological and physical processes such as human experience, the growth of a plant, 

or the functioning of a weather system. 2) Between datatypes: formats differ in how they work and 

what they enable to be done; it is possible to convert between them, but, as anyone who has tried 

to convert a PDF into a Word document will know, this is not necessarily a straightforward process. 

In both cases, the conceptual tools and experience available to Translation scholars mean that they 

are strongly positioned to investigate these transitions, along with the losses and opportunities 

which result. 

Second, datafication in no way diminishes the importance of culture. Rather, it has led to the 

emergence of ‘data cultures’ (Albury et al. 2017) regulating how data is produced, cultivated and 

used. Furthermore, data does not necessarily remain within a single data culture but frequently 

moves between them. This can lead to complex intercultural interactions of a kind familiar to 

translation scholars. With regard to data collection and handling, for instance, the practices of major 

American technology companies such as Facebook, Uber, and Google are tightly connected to their 

technocapitalist cultures which prize the acquisition of the maximum possible volumes of data and 



place very little emphasis on privacy and transparency.15 As their global influence has spread, 

tensions have arisen as they have attempted to apply that model within different data cultures – for 

example, in the European Union, their approach has clashed with legal structures and social norms 

strongly emphasising individual privacy, leading to the enactment of the sweeping General Data 

Protection Regulation in 2018 to control data storage, transfer, and collection. Authoritarian regimes 

in countries such as Turkey, Egypt and China, have strongly opposed American technology 

companies’ reluctance to share user data with state authorities. Again, these are issues that 

translation scholars are very well placed to address given their expertise in thinking cross-culturally. 

Third, datafication does not reduce the importance of human interpretation. Databases and 

algorithms are built by humans. All databases are grounded in human decisions about what is and is 

not important, what should and should not be acknowledged as salient. The creation of databases is 

a translational process, to transform otherwise unmanageable volumes of information into useable 

data. Many algorithms also serve a similarly translational function: in processing data, they render 

comprehensible what is otherwise largely incomprehensible through a process of mediation. Even 

so, further acts of translation are often needed. At the turn of the millennium, Manovich lamented a 

situation in which there was  ‘too much information and too few narratives to tie it all together’ 
(Manovich 2001: 217). Datafication is a way of interpreting the world but, all too often, its outputs 

are difficult for non-specialists to interpret and act upon. This establishes a need for what a 2018 

paper by the management consultancy McKinsey describe as ‘analytics translators’ as the ‘new 
must-have role’ to mediate between technical specialists and other parts of businesses (Henke, 

Levine, and McInerney 2018). Translation scholars are ideally positioned to theorise such acts of 

translation and, perhaps in the future, also to prepare students for this type of work in translator 

training programmes. 

 

 

 

  

 
15 Indeed, in commercial contexts, the term ‘data culture’ is frequently conflated with ‘data-driven culture’ and 
understood in terms of maximising the monetary value generated from data (e.g. Kalb 2021; Díaz, 

Rowshankish, and Saleh 2018; Rollings, Duncan, and Logan 2020; Cuelogic 2021). 
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