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ABSTRACT
In diagnostic test accuracy studies, authors sometimes only report results for a range of cutoffs around data-driven “optimal” cutoffs. We assessed selective cutoff reporting in studies of the diagnostic accuracy of the Patient Health Questionnaire-9 (PHQ-9) depression screening tool. We compared conventional meta-analysis of published results only to individual patient data meta-analysis of results from all cutoffs, using data from 13 of 16 studies published from 2004-2009 included in a published conventional meta-analysis. For the “standard” cutoff of 10, 11 studies published accuracy results. For all other relevant cutoffs, 3-6 studies published results. For all cutoffs examined, specificity estimates in conventional and individual patient data meta-analyses were within 1%. Sensitivity estimates were similar for cutoff 10, but differed 5-15% for other cutoffs. In samples where the PHQ-9 was poorly sensitive at the standard cutoff, authors tended to report results for lower cutoffs that yielded optimal results. When the PHQ-9 was highly sensitive, authors more often reported results for higher cutoffs. Consequently, in the conventional meta-analysis, sensitivity increased as cutoff severity increased across part of the cutoff range, an impossibility if all data are analyzed. In sum, selectively reporting well-performing cutoffs can bias accuracy estimates in meta-analyses using published results only.
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Depression screening is controversial (1-3), and guidelines and policies vary substantially. In the US, the US Preventive Services Task Force recommends depression screening for adults in primary care settings (4). Depression screening is necessary for accreditation for many healthcare providers (5), and it is a required component of Medicare’s Annual Wellness Visit (6). In the UK, on the other hand, neither the National Institute for Health and Care Excellence (7) nor the UK National Screening Committee (8) recommends routine depression screening. The UK Quality and Outcome Framework incentivized depression screening in primary care from 2006 to 2013, but discontinued the program due to disappointing outcomes (9, 10). In Canada, the Canadian Task Force on Preventative Health Care previously recommended depression screening in primary care (11), but recommended against it in their most recent guideline (12). In their recommendation, the Canadian Task Force raised the concern that existing research may exaggerate the diagnostic accuracy of depression screening tools (12).
To date, there are no clinical trials that have randomized untreated patients prior to screening for depression and then provided the same depression treatment to patients identified as depressed in both unscreened and screened trial arms (13). If published evidence concerning the diagnostic accuracy of depression screening tools is indeed exaggerated, the potential effectiveness of screening programs that are currently in place might be dramatically different than expected. Exaggerated estimates of accuracy could lead to inappropriate clinical decisions, including a potentially high rate of overdiagnosis and, subsequently, over-treatment (14, 15).
One mechanism by which publications of research studies could overstate diagnostic accuracy is through selective reporting. Selective reporting occurs when multiple analyses are conducted in a study, and the decision of which to report depends on the results (16). The selective reporting of statistically significant, favourable outcomes and non-reporting of non-significant outcomes is well-established as an important source of bias in clinical trials (16-21), but has received less attention in diagnostic test accuracy studies. Selective reporting may occur in these studies when different cutoff thresholds can be used to classify test results as positive versus negative. Often, only results from a single cutoff, selected from multiple possible cutoffs, are reported in published studies. If reported cutoffs are selected based on maximizing accuracy estimates, then resulting accuracy estimates will tend to overestimate what would occur in practice. The same problem may arise when results for a small range of cutoffs around the optimal cutoff are reported.
Generally accepted “standard” cutoffs have been published for many depression screening tools. These are often based, however, on early studies that included too few depression cases to be confident that the best cutoff was identified (22, 23). Meta-analyses have the potential to overcome limitations due to small samples in primary studies. Results, however, are likely to be biased if primary studies selectively publish results from cutoffs that optimize accuracy. Selective cutoff reporting may be common in depression screening tool studies. A meta-analysis of the depression subscale of the Hospital Anxiety and Depression Scale (24), for instance, excluded 16 of 41 (39%) otherwise eligible studies because they only reported results from study-specific optimal cutoffs and not from standard cutoffs, which were meta-analyzed. In another example, a Patient Health Questionnaire-9 (PHQ-9) meta-analysis (25) evaluated sensitivity and specificity for cutoffs 7-15, including the standard cutoff of 10 (23, 26-29). Sensitivity and specificity were estimated at each cutoff by analyzing data from all primary studies that reported results for the cutoff. Due to incomplete reporting, however, estimates of sensitivity actually improved as cutoffs increased from 9 (less severe symptoms) to 11 (more severe symptoms). This would be mathematically impossible if complete data were analyzed. 
No studies have examined patterns of selective cutoff reporting in studies of the diagnostic accuracy of depression screening tools or how selective cutoff reporting may influence results. Thus, in the present study, we re-analyzed studies included in the most recently published meta-analysis of the PHQ-9 (25), which included only published results. Our objective was to dissect how bias operates by comparing results of a conventional meta-analysis of published results to results from an individual patient data (IPD) meta-analysis of both published and unpublished results. For every potentially relevant cutoff, we assessed how reporting choices were associated with perceived sensitivity, specificity, overall diagnostic performance and heterogeneity.

METHODS
Data source
The PHQ-9 (23, 28, 29) is a 9-item measure of depressive symptoms that is increasingly used in medical populations (26, 27). The maximum score is 27, and higher scores represent more severe symptoms. The standard cutoff to identify possible depression is 10 (23, 26-29), which originates from the first PHQ-9 study, which included only 41 depression cases (total N = 580) (23, 29).
We used the most recently published PHQ-9 meta-analysis (25) as a framework to explore bias related to selective cutoff reporting. Studies were eligible for the original meta-analysis (25) if they (1) defined major depressive disorder (MDD) according to standard classification systems; (2) used a validated diagnostic interview for MDD as the reference standard; and (3) provided sufficient data to calculate 2x2 contingency tables. The meta-analysis included 18 primary studies with 17 unique patient samples. One study, however, did not publish accuracy results and was included by integrating individual patient data. Thus, there were 16 unique studies with published results available to assess selective cutoff reporting patterns. We contacted the authors of all 16 studies and invited them to contribute de-identified primary data. The Research Ethics Committee of the Jewish General Hospital in Montreal approved the study.

Data Preparation
From the publications associated with each primary study, we extracted study country, setting, reference standard, and the cutoffs for which accuracy results were reported. From each primary dataset, we extracted PHQ-9 scores and MDD diagnostic status for each patient, as well as information pertaining to weighting. For studies where sampling procedures merited weighting, but the original study did not weight (30, 31), we constructed appropriate weights using inverse selection probabilities. This occurred, for instance, when all patients with positive screens, but only a random subset of patients with negative screens, were administered a diagnostic interview. 
We compared patient characteristics and published diagnostic accuracy results with results obtained using the raw datasets. When primary data and original publications were discrepant, we resolved discrepancies in consultation with the original investigators. When 2x2 tables in study publications could not be reproduced using the data due to errors in the publications, we corrected the published results using the raw data and confirmed with the authors (see Web Table 1). We used corrected results because our objective was to evaluate differences in estimates when including all versus only some cutoffs, not the extent or influence of unintentional error. 

Data Analysis
First we performed a conventional meta-analysis, where for each cutoff from 7-15, we included data from the studies that reported results for the cutoff in the original publications. For instance, if a study published results for cutoffs 9-13, study data were included in our meta-analyses of cutoffs 9-13, but not our meta-analyses of cutoffs 7, 8, 14 or 15. Second, we performed an IPD meta-analysis, where for each cutoff from 7-15, we included data from all studies.
For both meta-analyses, bivariate random-effects models were estimated via Gauss-Hermite adaptive quadrature, as described in Riley et al. (32), for cutoffs 7-15 separately. This approach models sensitivity and specificity at the same time, accounting for the inherent correlation between them and for the precision of estimates within studies. A random-effects model was used so that sensitivity and specificity were assumed to vary across primary studies. For each cutoff, for conventional and IPD meta-analyses separately, this model provided an estimate of overall pooled sensitivity and specificity. In order to examine differences in results produced by conventional and IPD meta-analyses, we used the results of the random-effects meta-analyses at each cutoff to construct separate pooled receiver operator characteristic curves for each method.

Differences in Sensitivity and Specificity Estimates using Published vs. All Data
We compared sensitivity and specificity estimates based on published results to estimates using all data. To do this, we calculated differences in sensitivity and specificity estimates between the two methods at each cutoff. Confidence intervals for the differences were constructed via the “cases bootstrap” approach, as described by van der Leeden et al. (33, 34), resampling at the study and subject level.

Reporting Patterns
We assessed whether primary studies tended to preferentially report low or high cutoffs depending on their optimal cutoff. In each primary study, we defined the optimal cutoff as the cutoff maximizing Youden’s J statistic (sensitivity + specificity – 1) (35). Youden’s J does not necessarily reflect decision-maker preferences for the use of tests (36), but is commonly used to select optimal cutoffs in depression screening tool accuracy studies. For each study, we plotted the optimal cutoff, along with all other cutoffs for which results were published. We noted whether the reported cutoffs tended to be low or high.

Comparison of Results from Standard and Optimal Cutoffs
We compared results from our IPD meta-analysis of the standard cutoff of 10 to an additional IPD meta-analysis of results from each primary study’s optimal cutoff (i.e., the cutoff that maximized Youden’s J). We hypothesized that heterogeneity in sensitivity when all studies used the standard cutoff would be reduced when results from optimal cutoffs were combined, but that substantially different optimal cutoffs would be identified across studies. We compared forest plots of sensitivities and specificities using first a cutoff of 10 for each study, then, the optimal cutoff for each study. We also quantified heterogeneity by reporting the estimated variances of the random effects for sensitivity and specificity (2 and estimating R, which is the ratio of the estimated standard deviation of the pooled sensitivity (or specificity) from the random-effects model to the estimated standard deviation of the pooled sensitivity (or specificity) from the fixed-effects model (37). Additionally, we compared results from optimal versus the standard cutoff for studies that reported results from low-value cutoffs, high-value cutoffs, or only the standard cutoff.

RESULTS
We successfully obtained 13 of 16 eligible datasets. The 3 studies (23, 38, 39) for which data were not obtained were published between 2001 and 2006, and the authors indicated that data were no longer retrievable. Of the 5743 total patients and 1103 depression cases in the 16 eligible studies, we obtained data for 4589 patients (80%) and 1037 depression cases (94%). Characteristics of included studies are shown in Table 1. Sensitivity and specificity estimates for each cutoff, for each primary study, are shown in Web Table 1.
As shown in Table 2, 11 of 13 studies (83% of patients; 70% of MDD cases) published accuracy results for the standard cutoff of 10, whereas for other cutoffs, only 3-6 studies published results (21-46% of patients; 14-53% of MDD cases per cutoff). 
As shown in Figure 1, the receiver operator characteristic curve based on published data only (Figure 1A) illustrates the distortions that occurred due to reporting results from some cutoffs but not others in primary studies. The receiver operator characteristic curve based on all data (Figure 1B), on the other hand, presents a plausible pattern of joint sensitivity and specificity across cutoffs. Youden’s J was maximized at cutoff 11 based on published data and at the standard cutoff of 10 based on all data. 

Differences in Sensitivity and Specificity Estimates using Published vs. All Data
Table 3 summarizes discrepancies in sensitivity and specificity for each cutoff based on published data versus all data. For the cutoff of 10, where results were available from 11 of 13 studies, estimates of sensitivity and specificity were similar. For all other cutoffs, where less than half of patient data were available, sensitivity estimates deviated by 5-15%. For all cutoffs, specificity estimates based on published data and all data were within 1%. 

Reporting Patterns
Cutoff reporting patterns from the 13 primary studies are shown in Figure 2. In studies where the PHQ-9 was poorly sensitive at the standard cutoff of 10 (sensitivity 0.47-0.75) (30, 40-43), optimal cutoffs were less than 10. In these studies, accuracy results tended to be reported for low cutoff values up to the standard of 10. In studies where the PHQ-9 was highly sensitive at the standard cutoff (sensitivity 0.88-1.00) (31, 44-47), optimal cutoffs were > 10 with one exception where cutoffs 10 and 11 performed equivalently (44). In these studies, results tended to be reported for the standard cutoff of 10 and above. Three studies reported only the standard cutoff of 10 (48-50). Of these, two (49, 50) had good sensitivity (0.91 and 0.93) and specificity (0.89 and 0.85), whereas the third (48) had low sensitivity (0.75) and good specificity (0.91).
As shown in Table 3, this pattern of reporting results from cutoffs close to the optimal cutoff in each study led to the underestimation of sensitivity in published data for cutoffs < 10, and overestimation for cutoffs > 10. All primary studies published results from the study-specific optimal cutoff, and 7 of the 13 studies published results from only 1-3 cutoffs in the cutoff range of 4-16.

Comparison of Results from Standard and Optimal Cutoffs
Forest plots of sensitivity estimates using the standard cutoff of 10 for all studies (Figure 3A) versus the optimal cutoff for each study (Figure 3B) are shown in Figure 3, while those for specificity estimates are shown in Figures 4A and 4B, respectively. There was relatively low heterogeneity in specificity estimates (Figure 4A, cutoff of 10, 2 = 0.18, R = 2.68; Figure 4B, optimal cutoff, 2 = 0.46, R = 4.71). However, there was a high degree of heterogeneity in sensitivity estimates using cutoff 10 for all studies (Figure 3A, 2 = 1.95, R = 5.63), but much less with the optimal cutoff for each study (Figure 3B, 2 = 0.68, R = 2.51) (Figure 3). Optimal cutoffs, however, were highly disparate (5 to 15) (Figure 2).
For all 13 studies, Youden’s J for with a cutoff of 10 (Table 2; Youden’s J = 0.75) and based on optimal cutoffs was similar (sensitivity = 0.92, 95% CI = 0.86, 0.95; specificity = 0.85, 95% CI = 0.79, 0.89; Youden’s J = 0.77). When the 5 studies that reported optimal cutoffs < 10 (30, 40-43) were analyzed separately, Youden’s J was 0.10 greater for optimal cutoffs (sensitivity = 0.88, 95% CI = 0.80, 0.93; specificity = 0.74, 95% CI = 0.71, 0.77; Youden’s J = 0.62) than for the standard cutoff of 10 (sensitivity = 0.63, 95% CI = 0.51, 0.73; specificity = 0.89, 95% CI = 0.87, 0.91; Youden’s J = 0.52). For the 4 studies that reported optimal cutoffs > 10 (not counting one study (44) where cutoffs of 10 and 11 performed equivalently) (31, 45-47), Youden’s J was 0.05 higher for the optimal cutoffs (sensitivity = 0.94, 95% CI = 0.87, 0.98; specificity = 0.87, 95% CI = 0.79, 0.92; Youden’s J = 0.81) compared to the standard cutoff (sensitivity = 0.95, 95% CI = 0.88, 0.98; specificity = 0.82, 95% CI = 0.75, 0.87; Youden’s J = 0.77). For the 3 studies that reported results only for the standard cutoff of 10 (48-50), and the 1 study where cutoffs 10 and 11 performed equivalently (44), estimated sensitivity was 0.94 (95% CI = 0.77, 0.99) and estimated specificity was 0.92 (95% CI = 0.84, 0.96). Sensitivity, specificity, and Youden’s J for each primary study, based on the standard cutoff and the optimal cutoff, are shown in Web Table 2.

DISCUSSION
This is the first study, to our knowledge, that has used IPD meta-analysis to examine selective cutoff reporting patterns in diagnostic test accuracy studies. Using studies from the most recently published meta-analysis of the PHQ-9 (25), we compared published results from primary studies, most of which reported results from only a subset of potentially relevant cutoffs, to results using IPD meta-analysis, where results from all relevant cutoffs for all studies were included.
For the standard PHQ-9 cutoff score of 10, 11 of 13 included studies published accuracy results. Sensitivity and specificity estimates were similar using published results and using all data. For all other cutoffs evaluated, however, fewer than half of the studies published accuracy results. For those cutoffs, specificity estimates were similar across the two meta-analytic methods, but sensitivity estimates differed by 5-15%. Studies where the PHQ-9 was poorly sensitive at the standard cutoff of 10 identified optimal cutoffs < 10 and tended to publish results from only lower cutoff scores up to cutoff 10. On the other hand, studies where the PHQ-9 was highly sensitive at cutoff 10 identified optimal cutoffs > 10 and tended to publish results for cutoffs 10 and above. When only published data were considered, sensitivity was underestimated for cutoffs below 10, but overestimated for cutoffs above 10. As a result, instead of seeing reductions in sensitivity as cutoff severity increased, the published data suggested an implausible increase in sensitivity estimates.
When we compared all primary studies using the same cutoff score of 10, there was substantial heterogeneity in sensitivity estimates. When we evaluated each study using the optimal cutoff, sensitivity estimates were generally homogeneous, but optimal cutoffs across studies ranged from 5-15, a range far too wide to meaningfully help clinicians determine how to use the PHQ-9 in practice. 
The standard cutoff score of 10 for the PHQ-9 was based on only 41 cases from the first PHQ-9 study (23, 29). Subsequent studies did not report accuracy results from other cutoffs consistently enough to compare accuracy across cutoffs, but the IPD meta-analysis results suggest that a score of 10 may maximize combined sensitivity and specificity. The purpose of this study, however, was not to identify the cutoff that maximizes sensitivity and specificity. It is possible that when additional data are accumulated, this result may not replicate. Other depression screening tools have standard cutoffs that were also determined using small numbers of patients and have not been revised as evidence has accrued. For instance, the standard cutoff of 11 for “definite” cases of depression using the Hospital Anxiety and Depression Scale, which is the most commonly used depression screening tool in medically ill patients (51, 52), was based on 12 cases, while the cutoff of 8 or higher for “probable” cases was based on 22 cases (22). One Hospital Anxiety and Depression Scale meta-analysis excluded 16 of 41 (39%) otherwise eligible studies because they reported only optimal cutoffs, but not results from either of the standard cutoffs (8 and 11) (24). Other Hospital Anxiety and Depression Scale meta-analyses integrated results from different cutoffs into the same meta-analysis as if all studies used the same cutoff, including many studies that only published non-standard optimal cutoffs, making it impossible to compare accuracy across cutoffs (53, 54).
Outside of mental health, simulation studies have demonstrated that using data-driven cutoff thresholds to estimate diagnostic accuracy generates overly optimistic estimates, particularly when sample sizes are small (55, 56). We were able to identify only one meta-analysis that attempted to compare sensitivity and specificity from studies that used data-driven optimal cutoffs versus using pre-determined cutoffs. In that study, which evaluated D-dimer for suspected deep vein thrombosis, estimates of sensitivity, but not specificity, were significantly higher in studies that used data-driven cutoffs (57). However, the determination of whether a primary study cutoff was pre-determined versus data-driven was based on author report in the primary studies, and the wide range of cutoffs described as “a priori” suggests that some may not actually have been established as target cutoffs in advance. Among 91 analyses using an enzyme-linked immunoassay test, the 76 cutoffs described as a priori ranged from 40-1000 ng/mL, while the 11 described as post-hoc ranged from 50-2000 ng/mL. In 4 analyses, there was no indication of how the cutoff was determined.
Riley et al., have developed models for dealing with missing threshold data in meta-analyses of diagnostic test accuracy (58). These models, however, assume that missing data are missing at random. Thus, they cannot be used in situations where selective cutoff reporting is apparent, as the missingness within the studies is not random. The Quality Assessment of Diagnostic Accuracy Studies-II tool (59) includes an item assessing whether reported cutoffs were chosen a priori or post-hoc; however, this classification is based solely on how authors report that they chose their cutoffs. In studies where index test data are ordinal, as is the case with depression screening tools, one potential solution to overcome selective reporting is to require all authors to provide diagnostic accuracy data (e.g., sensitivity, specificity, positive predictive value and negative predictive value; or, alternatively, 2x2 raw tables of true positives, false positives, true negatives and false negatives) for all potentially relevant cutoffs in an appendix. In studies where the index test is continuous, a potential solution is to require authors to make their data publicly available upon publication, which is already expected in some journals. IPD meta-analyses can also be used, but they are time- and resource-intensive, and their quality depends on the ability to obtain representative data (60).
A potential limitation of our study is that we were unable to acquire data for 3 eligible studies included in the original meta-analysis that we replicated. However, we were able to include data for 80% of patients and 94% of cases from the original meta-analysis. Our IPD meta-analysis included data from over 4500 patients, including more than 1000 depression cases. More primary studies using the PHQ-9 have been conducted subsequently, however, and ideally our findings will be replicated in larger samples and with other screening tools. Additionally, it should be noted that while we preformed our study under the assumption that authors selected cutoffs to maximize Youden’s J, it may be the case that other processes were used in primary studies, such as selecting the highest possible threshold that would preserve some minimal level of sensitivity.
The objective of our study was to replicate an existing meta-analysis that included only published data and to examine how selective reporting of results from some cutoffs and not others influences diagnostic accuracy estimates. The intent was not to evaluate the accuracy of the PHQ-9 or to examine potential sources of heterogeneity in accuracy estimates. Thus, consistent with the original meta-analysis, we did not evaluate the quality of primary studies, conduct moderator analyses, or seek to explain inter-study heterogeneity. Currently, work has begun on identifying and gathering primary data to conduct a full IPD meta-analysis of the PHQ-9 (61), which will address these considerations.
In summary, this study demonstrates that in the presence of selective cutoff reporting, when there is a cutoff considered “standard”, estimates of sensitivity may be systematically underestimated for cutoffs below the standard and overestimated for cutoffs above the standard. Because standard cutoffs often originate from preliminary studies with few cases, selective reporting in subsequent studies may impede our ability to use conventional evidence synthesis methods to identify optimal cutoff scores. More work is needed to understand the influence of selective cutoff reporting in studies of the diagnostic test accuracy of depression screening tools and in studies of other types of tests. Users of meta-analyses should be aware of the possibility that meta-analyses based on published data alone may not accurately portray diagnostic accuracy. Similar to movements towards open data access in other fields of research, researchers should routinely report diagnostic test accuracy results for all relevant cutoffs, or make data accessible upon publication. 
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Table 1. Characteristics of Included Primary Studies of the Diagnostic Accuracy of the PHQ-9 (2004 – 2009)

	First Author, Year 
	Country
	Population
	Diagnostic Interview
	Classification System
	Published Cutoffs
	Total N
	Major Depressive Disorder

	
	
	
	
	
	
	
	N
	%

	Azah, 2005 (30)
	Malaysia
	Family medicine clinic patients
	CIDI
	ICD-10
	5 to 12
	180
	30
	17

	De Lima Osório, 2009 (44)
	Brazil
	Females in primary care
	SCID
	DSM-IV
	10 to 21
	177
	60
	34

	Fann, 2005 (46)
	United States
	Adults within one year of traumatic brain injury
	SCID
	DSM-IV
	10, 12
	135
	45
	33

	Gilbody, 2007 (47)
	United Kingdom
	Primary care patients
	SCID
	DSM-III-R
	9 to 13
	96
	36
	38

	Gjerdingen, 2009 (48)
	United States
	Mothers registering their newborns for well-child visits, medical or paediatric clinics
	SCID
	DSM-IV
	10
	438
	20
	5

	Gräfe, 2004 (45)
	Germany
	Psychosomatic patients and patients at walk-in clinics and family practices
	SCID
	DSM-IV
	10 to 14
	521
	71
	14

	Lamers, 2008 (42)
	Netherlands
	Elderly primary care patients with type 2 diabetes or chronic obstructive pulmonary disease
	MINI
	DSM-IV
	6 to 8
	611
	277
	45

	Lotrakul, 2008 (43)
	Thailand
	Primary care patients
	MINI
	DSM-IV
	6 to 15
	279
	19
	7

	Stafford, 2007 (40)
	Australia
	Coronary artery disease patients
	MINI
	DSM-IV
	5, 6, 10
	193
	35
	18

	Thombs, 2008 (41)
	United States
	Cardiology outpatients
	C-DIS
	DSM-IV
	4 to 10
	1024
	224
	22

	Williams, 2005 (49)
	United States
	Stroke patients
	SCID
	DSM-IV
	10
	316
	106
	34

	Wittkampf, 2009 (50)
	Netherlands
	Primary care patients
	SCID
	DSM-IV
	10, 15
	435
	77
	18

	Yeung, 2008 (31)
	United States
	Chinese American primary care patients
	SCID
	DSM-IV
	15
	184
	37
	20


Abbreviations: PHQ-9: Patient Health Questionnaire-9; C-DIS: Computerized Diagnostic Interview Schedule; CIDI: Composite International Diagnostic Interview; DSM: Diagnostic and Statistical Manual of Mental Disorders; ICD: International Classification of Diseases; MINI: Mini International Neuropsychiatric Interview; SCID: Structured Clinical Interview for DSM Disorders.
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Table 2. Comparison of Results from Meta-Analyses of Studies Published 2004-2009 with Published Data Only Versus All Data1
	Published Data (Conventional Meta-analysis)
	
	All Data (IPD Meta-analysis)a

	Cutoff
	N Studies
	N Patients
	N MDD
	% MDD
	Sensitivity
	95% CI
	Specificity
	95% CI
	
	Sensitivity 
	95% CI
	Specificity 
	95% CI

	7
	4
	2094
	550
	26
	0.85
	0.70-0.94
	0.73
	0.62-0.81
	
	0.97
	0.91-0.99
	0.73
	0.67-0.78

	8
	4
	2094
	550
	26
	0.79
	0.63-0.89
	0.78
	0.71-0.85
	
	0.93
	0.85-0.97
	0.78
	0.74-0.82

	9
	4
	1579
	309
	20
	0.78
	0.56-0.90
	0.82
	0.75-0.88
	
	0.89
	0.79-0.95
	0.83
	0.80-0.86

	10
	11
	3794
	723
	19
	0.85
	0.71-0.93
	0.88
	0.85-0.91
	
	0.87
	0.75-0.94
	0.88
	0.85-0.90

	11
	5
	1253
	216
	17
	0.92
	0.58-0.99
	0.90
	0.81-0.95
	
	0.83
	0.68-0.92
	0.90
	0.88-0.92

	12
	6
	1388
	261
	19
	0.82
	0.65-0.92
	0.92
	0.87-0.96
	
	0.77
	0.63-0.87
	0.92
	0.90-0.94

	13
	4
	1073
	186
	17
	0.82
	0.75-0.87
	0.94
	0.84-0.98
	
	0.67
	0.56-0.77
	0.94
	0.92-0.95

	14
	3
	977
	150
	15
	0.71
	0.57-0.83
	0.97
	0.87-0.99
	
	0.59
	0.48-0.70
	0.96
	0.94-0.97

	15
	4
	1075
	193
	18
	0.61
	0.52-0.70
	0.98
	0.96-0.99
	
	0.52
	0.42-0.62
	0.97
	0.96-0.98


1 10 is the standard cutoff for identifying MDD with the PHQ-9 (8, 10-14)
a For all cutoffs, N Studies = 13; N Patients = 4589; N MDD = 1037
Abbreviations: CI: confidence interval; IPD: individual patient data; MDD: major depressive disorder
Table 3. Discrepancies in Sensitivity and Specificity Across Cutoffs from Meta-Analyses of Studies Published 2004-2009
	Cutoff
	Percentage of Patients Included in Published Results
	Percentage of Cases Included in Published Results
	SensitivityPublished – SensitivityAll Data
(Conventional - IPD)
	SpecificityPublished – SpecificityAll Data
(Conventional - IPD)

	
	
	
	Estimate
	95% CI
	Estimate
	95% CI

	7
	46
	53
	-0.12
	-0.30, -0.01
	0.00
	 -0.08, 0.12

	8
	46
	53
	-0.14
	 -0.33, -0.01
	0.00
	 -0.06, 0.09

	9
	34
	30
	-0.11
	 -0.37, 0.03
	-0.01
	 -0.04, 0.09

	10
	83
	70
	-0.02
	 -0.09, 0.03
	0.00
	 -0.02, 0.00

	11
	27
	21
	0.09
	 -0.15, 0.18
	0.00
	 -0.05, 0.08

	12
	30
	25
	0.05
	 -0.09, 0.16
	0.00
	 -0.04, 0.05

	13
	23
	18
	0.15
	 0.01, 0.25
	0.00
	 -0.05, 0.07

	14
	21
	14
	0.12
	 -0.10, 0.25
	0.01
	 -0.04, 0.05

	15
	23
	19
	0.09
	 -0.09, 0.25
	0.01
	 -0.03, 0.01


Abbreviations: CI: confidence interval; IPD: individual patient data


Figure legend/titles

Figure 1. Receiver Operating Characteristic Curves Produced by A) Conventional Meta-Analysis Using Published Data Only and B) Individual Patient Data Meta-Analysis Using All Data
Numbers within Receiver Operating Characteristic curves indicate each of the Patient Health Questionnaire-9 cutoffs between 7 (right) and 15 (left).

Figure 2. Patient Health Questionnaire-9 Reporting Patterns in the Original Studies
Cells shaded in grey represent cutoffs for which diagnostic accuracy results were reported in the original reports. Cells marked with an “O” represent each study’s optimal cutoff (the cutoff maximizing Youden’s J). For the Azah et al study, the optimal cutoff determined in the original study was using unweighted data and based on “any depression” rather than MDD. This table replicates the original decision on which cutoffs to publish. The study by de Lima Osório et al published cutoffs 10 through 21. For the study by Yeung et al, the optimal cutoff was determined using unweighted data rather than weighted, as the original study did not include weighted analyses.

Figure 3. Forest Plots of Sensitivity Estimates Using A) the Standard Cutoff 10 for Each Study and B) the Optimal Cutoff from Each Study. The square boxes represent the point estimates of sensitivity for each study, while the bars extending from each box represent the 95% confidence intervals.

Figure 4. Forest Plots of Specificity Estimates Using A) the Standard Cutoff 10 for Each Study and B) the Optimal Cutoff from Each Study. The square boxes represent the point estimates of specificity for each study, while the bars extending from each box represent the 95% confidence intervals.
