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Aims Over the last ten years, virtual Fractional Flow Reserve (vFFR) has improved the utility of Fractional Flow Reserve (FFR), a 
globally recommended assessment to guide coronary interventions. Although the speed of vFFR computation has acceler-
ated, techniques utilising full 3D computational fluid dynamics (CFD) solutions rather than simplified analytical solutions still 
require significant time to compute.

Methods 
and results

This study investigated the speed, accuracy and cost of a novel 3D-CFD software method based upon a graphic processing 
unit (GPU) computation, compared with the existing fastest central processing unit (CPU)-based 3D-CFD technique, on 40 
angiographic cases. The novel GPU simulation was significantly faster than the CPU method (median 31.7 s (Interquartile 
Range (IQR) 24.0–44.4s) vs. 607.5 s (490–964 s), P < 0.0001). The novel GPU technique was 99.6% (IQR 99.3–99.9) 
accurate relative to the CPU method. The initial cost of the GPU hardware was greater than the CPU (£4080 vs. 
£2876), but the median energy consumption per case was significantly less using the GPU method (8.44 (6.80–13.39) 
Wh vs. 2.60 (2.16–3.12) Wh, P < 0.0001).

Conclusion This study demonstrates that vFFR can be computed using 3D-CFD with up to 28-fold acceleration than previous techni-
ques with no clinically significant sacrifice in accuracy.
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†Drs Newman and Borker contributed equally and are joint first authors.
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Graphical Abstract

Keywords Fractional flow reserve • Computational fluid dynamics • Computer modelling

Introduction
Fractional flow reserve (FFR) is the gold-standard assessment of physio-
logical lesion significance in the cardiac catheter laboratory and is useful 
in guiding percutaneous coronary intervention. It has a class 1A indica-
tion in the major international clinical guidelines being shown to reduce 
mortality, myocardial infarction, healthcare costs, and stent deploy-
ments.1,2 Fractional flow reserve is the ratio of the time averaged pres-
sure distal to a coronary stenosis to that proximal. Fractional flow 
reserve is a semiquantitative index used as a surrogate for the percent-
age flow limitation due to epicardial coronary artery disease. Fractional 
flow reserve, however, remains underused due to the requirement 
for an expensive, single-use pressure wire, and the induction of hyper-
aemia.3,4 In well-resourced settings, FFR use is 10–20%, but in less well- 
resourced health services, the use of pressure wires is close to zero. 
Methods have therefore been developed to derive FFR from the angio-
gram, without the need for a pressure wire or inducing hyperaemia. 
Since the original method described by Morris et al. in 2013, several sys-
tems have become approved for clinical use, typically designated as 

angiography-derived or ‘virtual’ FFR (vFFR).5,6 Virtual fractional flow re-
serve predicts invasive FFR with a 95% confidence interval of around 
FFR ±0.12, predicts physiological significance (FFR ≤0.80) with ∼85– 
95% accuracy, and has recently been shown to result in improved 
clinical outcomes compared to traditional angiographic guidance.6

Methods for deriving vFFR from the angiogram require two 
2-Dimensional (2-D) angiographic projections to be reconstructed 
into a 3D model of the diseased artery. Flow computation based 
upon the laws of fluid dynamics is used to calculate the translesional 
pressure drop, from which the vFFR is calculated as the ratio of the dis-
tal and proximal pressures. Three-dimensional computational fluid dy-
namics (CFD) is widely regarded as the gold-standard mathematical 
solution relying on the Navier–Stokes equations that describe the 
dynamics of incompressible, viscous fluids.7,8 This approach, however, 
requires substantial computer processing time and power, solving in 
several minutes or even hours. For this reason, many commercial 
vFFR methods apply simpler, analytical solutions based upon the laws 
of Bernoulli and/or Poiseuille for instantaneous calculation. These 
are more attractive for providing immediate ‘on-table’ results for 
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supporting clinical decision making, but the use of a simplified solution 
could neglect components of complex translesional physiology that 
may adversely affect the accuracy of vFFR.

In 2013, the original vFFR method using CFD took >24 h to com-
pute, based upon a fully transient, 3D-zero-dimensional coupled mod-
el.5 In 2017, an accelerated method was developed that retained the 
benefits and accuracy of full 3D-CFD, but enabled 500-fold acceler-
ation, with results in 3 min.9 The aim of this study was to develop 
and validate an even faster 3D-CFD method capable of accurate 
vFFR results in <30 s. We compared the new method against the cur-
rent gold-standard 3D-CFD method.

Methods
This study was performed at the University of Sheffield, UK and at Ansys Inc, 
Research and Development Department, Canonsburg, USA. The Sheffield 
team collected the clinical data and constructed the coronary models, and 
the Ansys team performed the CFD analyses. The study was approved by 
the regional institutional and ethics boards. All data underlying this study 
are included in the manuscript or the supplementary appendix.

Clinical data collection
Anonymized imaging data were collected from 35 patients with coronary 
artery disease who underwent invasive angiography for chronic coronary 
syndromes at Sheffield Teaching Hospitals NHS Trust, UK. Patients were 
included if they had coronary disease with one or more diameter stenosis 
30–90% by visual estimation as agreed by three experienced cardiologists. 
Anonymized data regarding comorbidities and demographics were also col-
lected. Coronary angiography and measurement of invasive FFR were per-
formed using standard techniques.9,10 Invasive FFR was performed based 
upon operator discretion for clinical assessment rather than for research 
purposes.

Computing virtual fractional flow reserve
Coronary anatomy was reconstructed using the VIRTUheart™ (University 
of Sheffield, UK) model of coronary physiology. Digital Imaging and 
Communications in Medicine (DICOM) data from the coronary angiograms 
were reconstructed from paired images acquired ≥30° apart using an epi-
polar line transection method that corrects for between-acquisition move-
ment of the patient and table and validated previously.11,12 A .stl computer 
file was generated that defined the 3D anatomy of the diseased coronary 
arterial lumen. This was used as the basis for CFD simulation. Both CFD 
methods compared in this study used paired steady-state simulations at 1 
and 3 mL/s with a plug velocity profile and a uniform zero-pressure outlet. 
The results of this analysis were used to derive the linear (viscous) and 
quadratic (inertial) terms within a quadratic equation that characterized 
the relationship between pressure and flow for each case. The vFFR was 
then calculated using the pseudo-transient method described previously.9

This approach was not altered, but the technique of solving the CFD equa-
tions was, using either a novel graphics processing unit (GPU)-based ap-
proach that was compared to the reference method that was the central 
processing unit (CPU) method. Virtual fractional flow reserve was mea-
sured at the same point along the artery in both CPU and GPU methods. 
This was identical to the in vivo measured FFR if performed or from the pos-
ition it would have been measured as determined by the senior clinical op-
erator if it was not measured in vivo.

Central processing unit reference method
Simulations were performed using parallel processing on four cores of an 
Intel Xeon 6136 Gold CPU (Intel Corporation, USA). Ansys Fluent™ 

(Ansys Inc., USA) was used as the benchmark CFD solver. It uses the 
well-established finite volume method to discretize the incompressible 
Navier–Stokes equations and solves them using a pressure based solver 
to steady-state flow.13,14 Ansys Fluent™ meshing was used to generate 
unstructured poly meshes with prism layers at the boundary. Meshes 
had between 1 and 2 million cells depending upon the geometry of the 
angiogram. For the size of meshes used here, reduction in simulation 

duration does not scale linearly with the number of processor cores 
greater than four, so no additional cores were used. The results from 
this approach represent the current gold-standard benchmark and are re-
ferred to as the CPU method.

Graphics processing unit method
Ansys Discovery Explore™ was used as the experimental CFD solver. It uses 
the CFD methods described above as in Fluent™ but the meshes used to dis-
cretize the geometry are automatically generated in Discovery™. The time 
required for meshing was not measured or included for either CPU or 
GPU methods in this assessment although meshing duration tends to be fas-
ter in the integrated workflow of the GPU method. In this study, multiple 
mesh fidelities (resolutions) were tested, with mesh sizes ranging from 1 to 
10 million cells. A higher fidelity implies that more cells (equivalent to pixels 
in images) are used to represent the geometry. Fidelity is varied using a slider 
control in the user interface from 1% to 100%, in which higher percentages 
reflect higher cell discretization. In this study, five levels of fidelity were tested; 
10, 25, 50, 75, and 100%. Unlike the CPU method, Discovery Explore™ runs 
exclusively on a GPU. The performance of the Discovery Explore solver is 
not affected by the specification of the CPU on the computer. This novel 
method is referred to as the GPU method.

In this study, both CPU and GPU simulations were performed on the 
same computer equipped with an Nvidia RTX 6000 GPU paired with an 
Intel Xeon 6136 Gold CPU. The Nvidia RTX 6000 is a mid- to high speci-
fication GPU with a memory of 24GB. The Xeon 6136 Gold is also mid- to 
high specification with a total of 12 total cores and maximum frequency of 
3.7 GHz although only four cores were utilized in this experiment as de-
scribed above. These systems are both in common use in hospitals and re-
search institutions.

Accuracy and duration analysis
The primary outcome measures of this study were the speed and accuracy of 
the novel GPU method, compared with the CPU method. The time taken for 
each modality to complete CFD simulation and produce a vFFR result was 
recorded, in seconds. Accuracy was calculated as the percentage difference 
in the GPU-derived vFFR relative to the CPU-derived result given by

1 −
|vFFRGPU − vFFRCPU|

vFFRCPU

􏼒 􏼓􏼒 􏼓

× 100.

Assessing the cost of computing the virtual 
fractional flow reserve
The cost of computing vFFR was assessed by two metrics: the initial acqui-
sition cost of the hardware; and the energy required to run the simulation. 
The Intel Xeon 6136 Gold CPU draws an average power of 150 W to sup-
ply its 12 cores. Because only four cores were used in this study, and the 
power to core profile is not known, PCPU = 50 W was used as a conserva-
tive estimate of average power consumption for four cores. The Nvidia 
RTX 6000 GPU has a maximum power consumption of 295 W that was 
used as the average power consumption.

Statistical analysis
Analysis and data recording were performed with Microsoft Excel 
(Microsoft Corporation, Washington, USA) and GraphPad Prism 9.3.1 
(GraphPad Software Inc.). Data were assessed for parametric distribution 
using the Shapiro–Wilk test. Parametric data were summarized with 
mean +/−95% confidence interval and non-parametric summarized with 
median +/− interquartile range (IQR) and results presented in the same 
way. When comparing results at different fidelities, each angiogram was 
analyzed at each fidelity, so results are paired. Paired non-parametric com-
parisons were tested using the Wilcoxon sign rank test. To assess accuracy 
of the GPU method at different fidelities Bland–Altman plots of the differ-
ence between the vFFR computed by the CPU method and the GPU meth-
od at different fidelities against the mean vFFR. Simple linear regression was 
used to explore the relationship between CPU vFFR and the accuracy of the 
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GPU technique at different fidelities. GraphPad Prism’s inbuilt test to com-
pare slopes was used equivalent to the analysis of covariance.15

Results
Forty-two angiograms from 35 patients were obtained. Meshes of two 
vessels could not be created in the CPU method, but could be in the 
GPU method, and these were excluded from comparative analyses. 
Therefore, 40 angiograms from 34 patients underwent simulation by 
both the CPU and GPU methods and were included in the final analysis. 
The baseline patient and vessel characteristics are summarized in 
Table 1. Of the 40 ‘meshable’ coronary arteries, 22 were of the left an-
terior descending (LAD), seven left circumflex (LCx), eight right (RCA), 
two obtuse marginal (OM), and one left main stem (LMS). The median 
lesion stenosis was 60% (IQR 50–70%) and median invasively measured 
FFR 0.78 (0.69–0.86). Data regarding characteristics and comorbidities 
were missing for one patient with data regarding percentage stenosis 
and FFR missing for two angiograms.

Simulation duration
The median CPU simulation duration was 607.5 (IQR 490–964)s, signifi-
cantly longer than the median GPU simulation duration that, with all fi-
delities pooled, was 31.7 (24.0–44.4)s (P < 0.0001). Of the GPU 
fidelities, 10% fidelity produced the fastest results [21.5 (17.0–29.1)s], 
and 100% fidelity was the slowest [40.5 (34.2–49.9)s] (Figure 1). Each 
higher increment in fidelity led to a statistically significant increase in 
the simulation duration (Table 2). These differences were small but con-
sistent with the stepwise increase in fidelity. The maximum difference in 
simulation duration on the same angiogram when fidelity was varied from 
10% to 100% was 72.5 s (16.7 s at 10% to 89.3 s at 100%). Comparing 
the median of all angiogram results, the GPU method was 93.3% faster 
when comparing 100% fidelity with the CPU method and 96.5% faster 
when comparing the 10% fidelity method with CPU computation.

Simulation accuracy
Accuracy of each fidelity of GPU simulation was compared against the 
CPU method (Figure 2). The lowest level of accuracy for any single 
simulation was 97.5% with a median accuracy of 99.6% (IQR 99.3– 
99.6%) when results were pooled across all fidelities. Ten per cent fidel-
ity had the lowest median accuracy of 99.1% whilst 100% fidelity had 
accuracy of 99.8%. Each increase in fidelity produced a small but statis-
tically significant gain in accuracy (Table 3). The effect of measuring vFFR 
at different points along the angiogram was also compared in four ex-
amples covering the range of vFFRs computed (see Supplementary 
material online, Appendix section A.2).

Accuracy at different fidelities was also explored by Bland–Altman 
analysis (Figure 3). At 10% fidelity, the mean difference in vFFR was 
+0.0066 [95% limits of agreement (LOA) −0.0023 to 0.0155]. At 
100% fidelity, the mean difference in vFFR was reduced to +0.0028 
(95% LOA −0.0028 to 0.0084).

The impact of disease severity measured by CPU vFFR upon the ac-
curacy of the GPU method, as assessed at all five fidelities using linear 
regression models (Figure 4), revealed that lower vFFR values were as-
sociated with lower accuracy. This relationship was strongest at 10% 
fidelity (R2 

= 0.81) and weakest at 100% fidelity (R2 
= 0.52) (Prism 

Internal Slope Comparison P < 0.0001). There was no significant 
change in the relationship between accuracy and vFFR when the 
GPU fidelity was set at 50% and 100% (P = 0.52) and 75% and 100% 
(P = 0.76). At all GPU fidelities, there was 100% concordance between 
CPU and GPU methods either side of the ≤0.80 vFFR threshold. The 
GPU method, therefore, never produced a result that would prompt 
the clinician to perform angioplasty where the CPU method would 
not, and vice versa.

Comparison of costs and energy 
consumption
At the time of writing, the CPU used in this study, an Intel Xeon 6136 
Gold processing unit, costs £2876. The GPU used, an Nvidia RTX 6000, 
costs £4080 GBP. The power consumption of each method is shown in 

. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .

Table 1 Characteristics of patients and vessels

Patient characteristics Median (IQR)/frequency (%)

Patients 34

Age (years) 64 (57–69)

Female 9 (27.3)
Overweight or obese (BMI >25) 20 (60.6)

White ethnicity 31 (93.9)

Patient comorbidities
Diabetes 7 (21.2)

Current smoker 6 (18.2)

Prior myocardial infarction 11 (33.3)
Hypertension 24 (72.7)

Hyperlipidaemia 25 (75.8)

Vessel characteristics n = 40
LAD 22 (55%)

LCx 7 (17.5%)

RCA 8 (20%)
OM 2 (5%)

LMS 1 (2.5%)

Percentage stenosis 60 (50–70%)
FFR 0.78 (0.69–0.86)

n = 33 for all patient variables and n = 38 for percentage stenosis and FFR. 
LAD, left anterior descending artery; LCx, left circumflex artery; RCA, right coronary 
artery; OM, obtuse marginal artery; LMS, left main stem.

Figure 1 Simulation duration of different simulation methods. Dots 
represent each case simulated, horizontal bars the median value of 
that method, and vertical bars the interquartile range. Note logarith-
mic y axis.
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(Figure 5). The median energy consumption per case using the CPU 
method was 8.44 (IQR 6.80–13.39) Watt hours (Wh). Significantly 
less energy was consumed per case by the GPU method when results 
were pooled across all five fidelities; 2.60 (IQR 2.16–3.12) Wh (P <  

0.0001). This difference remained significant when the CPU method 
was compared to the 100% fidelity method [3.32 (IQR 2.81–4.09) 
Wh (P < 0.0001)]. The power consumed at 100% fidelity was signifi-
cantly greater than that at 10% fidelity [1.77 (IQR 1.40–2.38) Wh 
(P < 0.0001)]. Using an approximate cost of 25 pence per kWh, the 
median cost of 1000 simulations using the CPU method would be 
2110 GBP (8440 kWh) vs. 830 GBP for the GPU method at 100% fidel-
ity (3320 kWh) and 442 GBP at 10% fidelity (1768 kWh).

Discussion
We have developed and validated a new 3D-CFD method that calcu-
lates vFFR in ∼4% of the time taken by the previous fastest method, 
without a clinically significant reduction in accuracy relative to our cur-
rent best technique. The novel method is now capable of ‘on-table’ re-
sults in ∼30 s, appropriate for live clinical decision making, and requires 
no additional medications or use of a pressure wire just substitution of 

software within the clinical application and utilization of a GPU 
equipped computer. A summary of the computational workflow is 
show in Supplementary material online, Appendix Section A.3.

The convenience, speed, and accuracy of this technique have implica-
tions for computing intracoronary physiology. In addition, this tech-
nique is more energy efficient than existing methods, improving the 
sustainability of coronary physiological assessment. This study was 
not a validation of vFFR accuracy against in vivo measurements, which 
has been studied extensively elsewhere, rather it was an assessment 
of the speed, accuracy, and cost of a new approach to how vFFR is com-
puted, relative to our established gold-standard method.6,16–18

Furthermore, recent work has highlighted additional personalization re-
quired to make accurate comparisons between measured and virtual 
FFR, data that was not available to us in this study.19

Existing methods for deriving FFR from angiography with compar-
able processing times apply simpler mathematical concepts that quan-
tify the inertial and viscous energy losses along a diseased artery, based 
upon the laws of Bernoulli and Poiseuille. Although this may be suffi-
cient to characterize the more dominant translesional fluid dynamics, 
their inherent assumptions can neglect important subtleties since 
they are based on fluid flow in straight conduits, under steady-flow con-
ditions, conditions that are contrary to human coronary anatomy and 

. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .

Table 2 Results of Wilcoxon sign rank pair testing 
comparing simulation duration using different 
computation methods

Comparison Median of difference in 
simulation duration (s) 

[96.15% confidence 
interval]

P value

GPU 10% vs. GPU 25% 4.62 [4.11–5.92] <0.0001

GPU 25% vs. GPU 50% 4.63 [4.12–5.68] <0.0001

GPU 50% vs. GPU 75% 4.75 [3.97–5.93] <0.0001
GPU 75% vs. GPU 100% 3.72 [2.81–4.40] <0.0001

GPU 10% vs. GPU 100% 18.49 [16.17–21.11] <0.0001

Median of all GPU vs. CPU 581 [517–703] <0.0001

. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .

Table 3 Results of Wilcoxon sign rank pair test 
comparisons of simulation accuracy using different 
computation methods relative to the central processing 
unit method

Comparison Median of difference in 
accuracy (%) [96.15% 
confidence interval]

P value

GPU 10% vs. GPU 25% 0.15 [0.10–0.23] <0.0001

GPU 25% vs. GPU 50% 0.11 [0.07–0.20] <0.0001

GPU 50% vs. GPU 75% 0.04 [0.03–0.09] <0.0001
GPU 75% vs. GPU 100% 0.02 [0.01–0.05] <0.0001

GPU 10% vs. GPU 100% 0.34 [0.25–0.47] <0.0001

Figure 2 The impact of varying fidelity on simulation accuracy and simulation duration. Plots of median +/− IQR.
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physiology.20,21 Moreover, these simpler laws may predict full pressure 
recovery distal to a stenosis where the reference arterial diameter is 
restored. In reality, flow distal to a stenosis becomes disturbed and 
the disturbed, non-laminar flow patterns exert less pressure on the ves-
sel walls.7 Computational fluid dynamics is capable of taking account of 
this variability relative to the angiographic geometry, improving the ac-
curacy of simulation relative to real life.

This study builds upon existing work and is consistent with results 
found using other CFD software.6 The GPU method uses a well vali-
dated and commercially available piece of software used mainly by en-
gineering companies that is well supported and under continual 

development and improvement. The close match of the GPU and 
CPU method solutions supports its accuracy and reliability. We used 
a computer equipped with hardware realistically affordable by most 
cardiac catheter laboratories. A strength of this study was that the me-
dian measured FFR was 0.78 with 75% of the lesions tested having a 
measured FFR between 0.69 and 0.86. The results of this study there-
fore reflect accuracy of the GPU method closely around the decision 
making threshold of FFR ≤0.80. Despite this, not a single case crossed 
the threshold as a result of GPU computation, and results of the novel 
method were always concordant with our current gold-standard tech-
nique of CPU vFFR measurement. This means that no cases would have 

Figure 3 Bland–Altman plots of mean virtual fractional flow reserve (x axis) vs. difference in virtual fractional flow reserve between central processing 
unit and graphics processing unit methods (y axis) at 10% fidelity (left) and 100% fidelity (right). Difference was calculated as central processing unit 
virtual fractional flow reserve minus graphics processing unit virtual fractional flow reserve at a given fidelity. vFFR, virtual fractional flow reserve; 
CPU, central processing unit; GPU, graphics processing unit.

Figure 4 Plot of accuracy of each simulation relative to the central processing unit virtual fractional flow reserve for each graphics processing unit 
fidelity. Lines represent the simple linear regression model for each graphics processing unit fidelity. Symbols represent individual simulation values for 
10, 50 and 100% graphics processing unit fidelity. CPU, central processing unit; vFFR, virtual fractional flow reserve; GPU, graphics processing unit.
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received a different treatment (coronary stenting vs. medical therapy) 
based on the method used to compute vFFR.

Nonetheless, this study has some limitations. The power con-
sumption calculations were based upon assumptions rather than ac-
tive measurements, although any comparisons tended to favour the 
existing rather than the novel techniques. For example, it was as-
sumed that the average power consumption of the GPU was its max-
imum, 295 W. At lower fidelities, however, this was likely to be an 
overestimate. The GPU method also demonstrated a trend towards 
lower accuracy at lower vFFRs and a wider spread of accuracies. This 
is consistent with what is expected with CFD encountering tighter 
stenoses therefore having to simulate more unpredictable distur-
bances in flow. The strength of relationship shown by the linear re-
gression at 10% GPU fidelity demonstrated that a simple numerical 
correction using this equation could be an option to maintain the 
speed and low power consumption of this method variation. It is 
also important to note that this was a study of 40 cases, a relatively 
small number, and further validation in vivo is required to confirm 
these findings.

Future work will address the ability of the method to assess vessels with 
more than one stenotic lesion during a single simulation. Furthermore, the 
correction of the 10% fidelity GPU method using the equation derived 
from linear regression could be explored to test whether this would 
make any clinically significant improvement in accuracy. Direct assessment 
of power consumption using the GPU method could also be performed 
to improve economic and sustainability analyses.

Conclusions
Graphics processing unit-based methods that use full 3D-CFD can 
compute vFFR accurately, expediently, and economically with almost 
identical results to established CPU-based CFD methods. Compared 
with established methods, the GPU method computed vFFR with up 
to 28-fold acceleration, yet no significant sacrifice in accuracy. This ap-
proach appears apposite for clinical workflows.
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Supplementary material is available at European Heart Journal – Digital Health.

Funding
P.D.M. was funded by the Wellcome Trust [214567/Z/18/Z]. For the 
purpose of Open Access, the author has applied a CC BY public copy-
right licence to any Author Accepted Manuscript version arising from 
this submission.

Conflict of interest: R.B., J.H., and D.C. are employees of Ansys 
Inc. This is independent research funded by The Wellcome Trust and 
carried out at the National Institute for Health and Care Research 
(NIHR) Sheffield Biomedical Research Centre (BRC). The views 
expressed are those of the authors and not necessarily of the 
Wellcome Trust, the NIHR or the Department of Health and Social 
Care.

Data availability
All data used for this study are in the manuscript or supplementary ma-
terial. Requests for additional data will be considered by the corre-
sponding author on reasonable request.

References
1. Neumann FJ, Sousa-Uva M, Ahlsson A, Alfonso F, Banning AP, Benedetto U, et al. 

2018 ESC/EACTS guidelines on myocardial revascularization. Eur Heart J 2019;40: 
87–165.

2. Lawton JS, Tamis-Holland JE, Bangalore S, Bates ER, Beckie TM, Bischoff JM, et al. 2021 
ACC/AHA/SCAI guideline for coronary artery revascularization: a report of the 
American College of Cardiology/American Heart Association joint committee on clin-
ical practice guidelines. J Am Coll Cardiol 2022;79:e21–e129.

3. Demir OM, Schrieken C, Curio J, Rahman H. Behavioural determinants impacting the 
adoption rate of coronary physiology. Int J Cardiol [Internet] 2021;330:12–14.

4. Parikh R V, Liu G, Plomondon ME, Sehested TSG, Hlatky MA, Waldo SW, et al. 
Utilization and outcomes of measuring fractional flow reserve in patients with stable is-
chemic heart disease. J Am Coll Cardiol 2020;75:409–419.

5. Morris PD, Ryan D, Morton AC, Lycett R, Lawford P V, Hose DR, et al. Virtual fractional 
flow reserve from coronary angiography: modeling the significance of coronary lesions. 
Results from the VIRTU-1 (VIRTUal fractional flow reserve from coronary angiog-
raphy) study. JACC Cardiovasc Interv [Internet] 2013;6:149–157.

6. Ghobrial M, Haley HA, Gosling R, Rammohan V, Lawford P V, Hose DR, et al. The new 
role of diagnostic angiography in coronary physiological assessment. Heart 2021;107: 
783–789.

7. Morris PD, Narracott A, Von Tengg-Kobligk H, Soto DAS, Hsiao S, Lungu A, et al. 
Computational fluid dynamics modelling in cardiovascular medicine. Heart 2016;102: 
18–28.

8. Hose DR, Lawford P V, Huberts W, Hellevik LR, Omholt SW, van de Vosse FN. 
Cardiovascular models for personalised medicine: where now and where next? Med 
Eng Phys [Internet] 2019;72:38–48.

9. Morris PD, Silva Soto DA, Feher JFA, Rafiroiu D, Lungu A, Varma S, et al. Fast 
virtual fractional flow reserve based upon steady-state computational fluid dy-
namics analysis: results from the VIRTU-Fast study. JACC Basic to Transl Sci 2017; 
2:434–446.

10. Pijls NHJ, Van Son JAM, Kirkeeide RL, De Bruyne B, Gould KL. Experimental basis of 
determining maximum coronary, myocardial, and collateral blood flow by pressure 
measurements for assessing functional stenosis severity before and after percutaneous 
transluminal coronary angioplasty. Circulation 1993;87:1354–1367.

11. Solanki R, Gosling R, Rammohan V, Pederzani G, Garg P, Heppenstall J, et al. The im-
portance of three dimensional coronary artery reconstruction accuracy when comput-
ing virtual fractional flow reserve from invasive angiography. Sci Rep [Internet] 2021;11: 
1–12.

12. Sprague K, Drangova M, Lehmann G, Slomka P, Levin D, Chow B, et al. Coronary 
X-ray angiographic reconstruction and image orientation. Med Phys 2006;33: 
707–718.

13. Ansys Inc. Spacial Discretization [Internet]. 2009 [cited 2022 Nov 13]. Available from: 
https://www.afs.enea.it/project/neptunius/docs/fluent/html/th/node366.htm

14. Ansys Inc. Pressure Based Solver [Internet]. 2009 [cited 2022 Nov 13]. Available from: 
https://www.afs.enea.it/project/neptunius/docs/fluent/html/th/node361.htm

15. Motulsky H. Comparing Slopes and Intercepts [Internet]. GraphPad Curve Fitting 
Guide. [cited 2022 Nov 13]. Available from: https://www.graphpad.com/guides/prism/ 
latest/curve-fitting/reg_comparingslopesandintercepts.htm

16. Xu B, Tu S, Song L, Jin Z, Yu B, Fu G, et al. Angiographic quantitative flow ratio-guided 
coronary intervention (FAVOR III China): a multicentre, randomised, sham-controlled 
trial. Lancet 2021;398:2149–2159.

Figure 5 Plot of median +/− IQR power consumed per simulation 
for different computation methods.

Rapid virtual fractional flow reserve using 3D computational fluid dynamics                                                                                                       289
D

o
w

n
lo

a
d
e
d
 fro

m
 h

ttp
s
://a

c
a
d
e
m

ic
.o

u
p
.c

o
m

/e
h
jd

h
/a

rtic
le

/4
/4

/2
8
3
/7

1
3
5
7
2
6
 b

y
 g

u
e
s
t o

n
 2

6
 J

a
n
u
a
ry

 2
0
2
4

http://academic.oup.com/ehjdh/article-lookup/doi/10.1093/ehjdh/ztad028#supplementary-data
https://www.afs.enea.it/project/neptunius/docs/fluent/html/th/node366.htm
https://www.afs.enea.it/project/neptunius/docs/fluent/html/th/node361.htm
https://www.graphpad.com/guides/prism/latest/curve-fitting/reg_comparingslopesandintercepts.htm
https://www.graphpad.com/guides/prism/latest/curve-fitting/reg_comparingslopesandintercepts.htm


17. Westra J, Andersen BK, Campo G, Matsuo H, Koltowski L, Eftekhari A, et al. Diagnostic 
performance of in-procedure angiography-derived quantitative flow reserve compared 
to pressure-derived fractional flow reserve: the FAVOR II Europe–Japan study. J Am 
Heart Assoc 2018;7:1–9.

18. Fearon WF, Achenbach S, Engstrom T, Assali A, Shlofmitz R, Jeremias A, et al. Accuracy 
of fractional flow reserve derived from coronary angiography. Circulation 2019;139: 
477–484.

19. Gosling RC, Gunn E, Wei HL, Gu Y, Rammohan V, Hughes T, et al. Incorporating clinical 
parameters to improve the accuracy of angiography-derived computed fractional flow 
reserve. Eur Hear J—Digit Heal [Internet 2022;3:481–488.

20. Shi Y, Lawford P, Hose R. Review of zero-D and 1-D models of blood flow in the car-
diovascular system. Biomed Eng Online 2011;10:1–38.

21. Lee J, Smith NP. The multi-scale modelling of coronary blood flow. Ann Biomed Eng 
2012;40:2399–2413.

290                                                                                                                                                                                         T. Newman et al.
D

o
w

n
lo

a
d
e
d
 fro

m
 h

ttp
s
://a

c
a
d
e
m

ic
.o

u
p
.c

o
m

/e
h
jd

h
/a

rtic
le

/4
/4

/2
8
3
/7

1
3
5
7
2
6
 b

y
 g

u
e
s
t o

n
 2

6
 J

a
n
u
a
ry

 2
0
2
4


	Rapid virtual fractional flow reserve using 3D computational fluid dynamics
	Introduction
	Methods
	Clinical data collection
	Computing virtual fractional flow reserve
	Central processing unit reference method
	Graphics processing unit method
	Accuracy and duration analysis
	Assessing the cost of computing the virtual fractional flow reserve
	Statistical analysis

	Results
	Simulation duration
	Simulation accuracy
	Comparison of costs and energy consumption

	Discussion
	Conclusions
	Supplementary material
	Funding
	Data availability
	References


