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Abstract

The narrative of biodiversity decline in response to human impacts is overly simplistic 
because different aspects of biodiversity show different trajectories at different spa-
tial scales. It is also debated whether human- caused biodiversity changes lead to sub-
sequent, accelerating change (cascades) in ecological communities, or alternatively 
build increasingly robust community networks with decreasing extinction rates and 
reduced invasibility. Mechanistic approaches are needed that simultaneously recon-
cile different aspects of biodiversity change, and explore the robustness of commu-
nities to further change. We develop a trophically structured, mainland- archipelago 
metacommunity model of community assembly. Varying the parameters across model 
simulations shows that local alpha diversity (the number of species per island) and 
regional gamma diversity (the total number of species in the archipelago) depend on 
both the rate of extirpation per island and on the rate of dispersal between islands 
within the archipelago. In particular, local diversity increases with increased disper-
sal and heterogeneity between islands, but regional diversity declines because the 
islands become biotically similar and local one- island and few- island species are ex-
cluded (homogenisation, or reduced beta diversity). This mirrors changes observed 
empirically: real islands have gained species (increased local and island- scale commu-
nity diversity) with increased human- assisted transfers of species, but global diversity 
has declined with the loss of endemic species. However, biological invasions may be 
self- limiting. High- dispersal, high local- diversity model communities become resist-
ant to subsequent invasions, generating robust species- community networks unless 
dispersal is extremely high. A mixed- up world is likely to lose many species, but the 
resulting ecological communities may nonetheless be relatively robust.

K E Y W O R D S

Anthropocene, biodiversity, community assembly, community dynamics, dispersal, ecology, 
invasion, simulation

www.wileyonlinelibrary.com/journal/gcb
mailto:
https://orcid.org/0000-0002-8451-920X
https://orcid.org/0000-0002-8756-0902
https://orcid.org/0000-0003-3146-5401
https://orcid.org/0000-0003-2822-1334
http://creativecommons.org/licenses/by-nc/4.0/
mailto:brennen.fagan@york.ac.uk
http://crossmark.crossref.org/dialog/?doi=10.1111%2Fgcb.16948&domain=pdf&date_stamp=2023-10-11


2  |    FAGAN et al.

1  |  INTRODUC TION

Multiple human- associated pressures are driving changes to biolog-
ical diversity worldwide, leading to both academic and popular con-
cern over the impending ‘biodiversity crisis’ and possible ‘Sixth Mass 
Extinction’ (Kolbert, 2014; Wilson, 2016). In particular, there is great 
concern that the number of species per unit area (alpha diversity) 
is declining due to land use changes and intensification (Newbold 
et al., 2015), that species- level rates of endangerment and extinction 
are increasing thus reducing the total number of species (gamma di-
versity; Ceballos et al., 2015; Pimm et al., 2014), and that land use 
change combined with the transport of species between different 
geographic locations is resulting in biological homogenisation (re-
duced beta diversity), as well as causing the extinction of localised 
species whose ranges have been invaded (Blackburn et al., 2004; 

Magurran et al., 2015; Olden et al., 2018). Taken together, these 
works strongly support the contention that ‘biodiversity’ is threat-
ened, however it is measured.

In contrast, other studies suggest that alpha, beta and gamma 
diversity trajectories depend on the spatial scale and locations 
studied (McGill et al., 2015). Many studies have found that local 
alpha diversity is increasing in some locations while declining in 
others, with average alpha remaining similar, or possibly even in-
creasing slightly (Dornelas et al., 2014; Thomas & Palmer, 2015; 

Vellend et al., 2013). At a larger scale, regional diversity has mainly 
increased despite reduced global (gamma) diversity: the number 
of plant species on oceanic islands has increased with plant inva-
sions despite the extinctions of many island- endemic species (Sax 
& Gaines, 2008), the number of plant species per country or state 
is increasing despite regional losses (Vellend et al., 2017), and 
the number of mammal species has increased in most European 
countries over the last 8000 years despite many species having 
become extinct globally (Hatfield et al., 2022). And, in contrast to 
studies reporting homogenisation at some scales (above), land use 
changes may have increased beta diversity at many spatial scales 
for most of the last millennium because different species are as-
sociated with different ‘natural’ and human- modified ecosystem 
types (Martins et al., 2022). This flurry of studies generating dif-
ferent directions and strengths of alpha, beta and gamma diversity 
change in different spatial, temporal and geographical contexts 
has led to confusion and disputes in the literature, undermining 
the development of consensus measures to manage biodiversity 
(e.g. Leung et al., 2020; Leung et al., 2022; Leung et al., 2022a, 
2022b, 2022c; Loreau et al., 2022; Mehrabi & Naidoo, 2022; Mu-
rali et al., 2022; Puurtinen et al., 2022).

Further confusion relates to the extent to which these derived 
ecosystems and ecological communities become more or less re-
sistant to further biological change through time. Invasion biology 
identifies the potential for community ‘cascades’ and ‘collapse’ in 
which community turnover, both losses and invasions of species, 
begets further turnover (Kehoe et al., 2021; Polis et al., 2000). This 
perspective holds that the initial changes to community food webs 
lead to successive changes, resulting in further losses and increased 

potential for subsequent invasions as community networks reor-
ganise. Adaptive community dynamics (Carroll et al., 2023; Vel-
lend, 2016), in contrast, holds that changes to the identities and 
relative abundances of species in a given location should generally 
increase the robustness of certain community properties as they 
adjust to both the (new) biological and physical environments, po-
tentially increasing their resistance to further invasion. Thus, the 
dynamic processes of community reorganisation as well as the out-
comes, especially scales of diversity change, are debated.

Community ecology has already seen that altered rates of move-
ment (inter- patch mixing) drive local diversity and homogenisation 
simultaneously (Gilbert et al., 1998; Mouquet & Loreau, 2003), as 
in Figure 1. We further develop the theory of inter- patch mixing, 
henceforth dispersal, and how dispersal affects not only the ob-
served patterns of biodiversity across scales but also ongoing and 
future changes to communities by considering temporal turnover 
and invasibility. Using a mainland- archipelago model, we find that 
changing the rate of dispersal of organisms between heterogeneous 
islands within the archipelago is qualitatively sufficient to generate 
the variety of contrasting biodiversity trends observed in nature; 
while immigration events and local extirpations do generate ongo-
ing community dynamics, high dispersal generally produces com-
munities that are robust to further invasion. Simple dynamics in the 
model can generate multiple patterns in the simulated communities 
in space and time, helping to resolve several apparent paradoxes in 
assessments of different aspects of biodiversity change.

F I G U R E  1  Hypothesised relationships of local and regional 
diversity with dispersal. In communities with negligible dispersal 
(top), local communities (alpha) support few species (here, one 
critter species per patch/island), but different species (high beta), 
creating high regional gamma diversity (here, three critter species 
in total). High dispersal (bottom) generates richer local communities 
(here, two per patch) but the communities are the same as one 
another due to species mixing, and hence total regional diversity 
is only two species. At intermediate mixing (middle panel), various 
outcomes are possible, here showing local communities as diverse 
as complete mixing, and regional richness as diverse as no mixing 
(one variant of the intermediate dispersal hypothesis).
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    |  3FAGAN et al.

2  |  MATERIAL S AND METHODS

To investigate the relationship between dispersal, heterogeneity, 
measures of biodiversity across scales, and robustness to change, 
we develop a model of community assembly. We begin by placing 
the model we develop in an ecological context. We then describe 
the construction of our model mathematically, beginning with the 
(singular) pool and average interaction matrix. We discuss how we 
combine multiple patches, dispersal and the inclusion of stochastic 
events. We finally describe the numerical evaluation of our model, 
before finishing with a discussion of how we varied parameters and 
analysed results.

Pseudocode for the core processes is provided in the sup-
plemental information for transparency and replication (Janssen 
et al., 2020), and the full simulation code is available (see Data Avail-
ability Statement, Fagan (2023)).

2.1  |  Model description

Community ecology is no stranger to contradictory or counter- 
intuitive results and a mismatch between data and theory, including 
May's seminal result that complex communities are unlikely to be 
stable (May, 1972), a view not necessarily held by empirical ecolo-
gists (Allesina & Tang, 2015). The ensuing debates have required 
ecologists and mathematicians to understand which mechanisms 
and assumptions need to be changed in order for models to usefully 
reflect reality, leading to valuable developments in theory (Allesina & 
Tang, 2015) and in the interpretation of empirical data (Chase, 2003; 

Coyte et al., 2021; Pennekamp et al., 2018). Both theoretical and 
empirical studies consistently point to the importance of size-  and 
trophic structure in shaping local communities, and to the role of 
community assembly in forming functional ecosystems, where by 
community assembly we mean the sequential local rearrangement 
of communities based on arrivals— long distance dispersal— and 
extinctions (Chase, 2003; Coyte et al., 2021; Fukami, 2015; Law & 
Morton, 1996; Massol et al., 2017; Morton & Law, 1997). The im-
portance of both the structure of communities and space, which 
affect dispersal and interactions, have been emphasised in recent 
studies (Coyte et al., 2021; Galiana et al., 2018; Qian & Akçay, 2020; 

Serván & Allesina, 2021). Increased dispersal can potentially lead to 
complex biodiversity trends. Examples include increased alpha by 
enlarging the effective immigrant pool, but reduced beta via ho-
mogenisation of communities or the maximisation of local diversity 
at intermediate dispersal (Mouquet & Loreau, 2003), but still more 
complex patterns may emerge (Haegeman & Loreau, 2014; Kneitel 
& Miller, 2003). Our simulations that incorporate both dispersal and 
local community dynamics generate peak local diversities at inter-
mediate dispersal when environments differ between patches with 
the peak height increasing with the heterogeneity between patches, 
and contrasting patterns in alpha, beta and gamma diversity.

Our model is an extension of community assembly, which mirrors 
island biogeography, and our analyses include inter- patch mixing. In 

a community assembly method, one seeks stable and complex sys-
tems by constructing a regional pool (a metaphorical mainland) from 
which species can migrate to initially empty patches (islands) via 
small initial populations. This method is known to successfully create 
systems of moderate size that can be resistant to further invasion 
from the pool in a theoretically robust and consistent manner (Law 
& Morton, 1996; Morton & Law, 1997). Thus, we have two major 
components to the model: community interactions and movement. 
We summarise the model in Figure 2 and briefly touch on its features 
here; we describe them further in the following sections and Supple-
mental Information.

The community interactions are created by following the pro-
cess of Law and Morton (Law & Morton, 1996). First, the numbers of 
basal and consumer species in the species pool are decided, and then 
each species is randomly assigned a body size. Body sizes are then 
used to determine species properties, trophically structured interac-
tions and interaction strengths. These are then considered fixed for 
the duration of an assembly simulation. While size- structured in that 
basal species function as autotrophs and consumers as heterotrophs 
that exploit autotrophs and other heterotrophs within a size range 
smaller than themselves, in principle similar outcomes are expected 
for any kind of consumer– consumed interaction network. Commu-
nity interactions are normally assumed to take place in between 
arrivals— time scale separation— but we allow them to proceed con-
tinuously in parallel to facilitate the study of dispersal. We also then 
allow interaction strengths to vary between patches to reflect how 
environmental conditions may influence interspecific interactions.

In the model, we differentiate species movement between 
long- range pool– patch immigration and short- range patch– patch 
dispersal. The simulations begin with the species pool (conceptual 
mainland with fixed species properties and populations) and no 
species present within a focal network of similar but not identical 
patches (the conceptual archipelago, see our section entitled Multi-
ple patches). Species immigrate to the archipelago (drawn at random 
from the pool, a neutral process) by sending a sub- population into 
a single patch (conceptual island; dashed arrows in Figure 2, sub- 
populations do not deplete pool population). The rate of immigration 
can be varied, although we focus here on one rate of immigration 
which is similar to the rate of community interactions but consider 
sensitivity to this variable in the Supplemental Information. If immi-
grants of a new species establish a population, it results in colonisa-
tion. Hence it is possible to evaluate the robustness of communities 
to subsequent colonisation as the fraction of possible immigration 
events resulting in colonisation; conceptually the invasibility of com-
munities. At the end of a simulation, we test the capacity of each 
community (considering each patch separately) to resist invasion 
by deliberately and separately introducing each species not already 
present from the species pool.

As communities establish in each patch, individuals from those 
communities are neutrally mixed with individuals (‘dispersal’) from 
other communities (see our section entitled Dispersal between 
patches, vertical arrows in Figure 2), varying from zero mixing to com-
plete mixing. The patches— in our case 10— are arranged in a ring, so 
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4  |    FAGAN et al.

communities are up to five dispersal steps away from one another. 
Thus, our island archipelagos operate as metacommunities. When dis-
cussing variation in dispersal, we focus here on this between- patch 
mixing rate. We refer to pool- to- patch movement of species as ‘immi-
gration’ and patch- to- patch movement as ‘dispersal’ (Figure 2).

Species extirpations, that is, losses from a single patch, and extinc-
tions, that is, losses from the entire archipelago with re- invasion pos-
sible from the pool, take place (dash- dotted arrows in Figure 2). These 
are commonly driven by community dynamics, but we also include a 
stochastic element, applied at the patch level as is commonly adopted 
in stochastic metapopulation and metacommunity models to mimic 
local disasters including potentially human- mediated ones (see Sup-
plemental Information for the no stochastic extirpation case). Thus, 
we include both deterministic (via community network dynamics) and 
stochastic components of species removals from communities.

Our simulation results allow us to explore the interactions be-
tween an ecologically justified model, dispersal, heterogeneous 
environments and the pool– patch structure. These simple modifica-
tions to community assembly are sufficient to recreate the observed 
phenomenon of per island alpha diversity increases and archipelago- 
scale gamma diversity declines. They are also sufficient to allow us 

to explore the impacts of our parameter choices on beta diversity 
measured as the spatial Jaccard dissimilarity index between patches 
at an instant in time, the temporal turnover measured as the Jaccard 
dissimilarity index through time within a patch and the final invasi-
bility of the system (see Sections 2.7.1 and 2.7.2), which characterise 
whether our communities stabilise through time within islands and 
across the entire archipelago.

2.2  |  Pool and interaction matrix construction

A mainland (species pool)– island (patch, local community) frame-
work was selected to consider the impacts of different (inter- patch) 
dispersal rates on the balance between local community diversity 
(patch- level �) and regional (all patches �) scales, and the composi-
tional differences between communities (�). This approach was both 
computationally tractable and relevant to the real world, where 
numbers of species per oceanic island have often grown with in-
creased human- assisted dispersal (increased �), while the extinction 
of endemic species (reducing global �) associated with biological in-
vasions (new community interactions and structures) is greatest in 

F I G U R E  2  Model set- up at multiple scales. Our model begins with a fixed size- structured pool of species (left) with size- structured 
predation relations (histogram of size (vertical axis), with green for basal species and yellow for consumer species) and a fixed number 
of patches. The patches are allowed to differ abiotically from each other, slightly changing the strengths of interspecific interactions. 
Throughout the simulation, immigration can occur in which a sub- population of a species is drawn randomly from the pool and ‘tries’ to 
colonise a randomly selected patch (dashed lines). The sub- population successfully establishes if its per- capita growth rate is positive for 
the given patch without dispersal. Species that successfully establish are then subject to community dynamics within their patch food webs 
(with the size of each circle corresponding to a species' biomass and thickness of connecting lines representing the amount of flow), and 
can disperse in proportion to their abundance (along the double- headed arrows) to neighbouring patches (here patches are connected as a 
ring). Dot- dash lines from each patch indicate both deterministic extirpations (arising from community interactions) and also random, neutral 
extirpation events. The histogram here represents the pool used for the simulations in Figure 3, and the patch networks are representatives 
from a single time step of the no dispersal simulation. Network visualisation uses foodwebviz (Pawluczuk & Iskrzynski, 2022).
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    |  5FAGAN et al.

such locations (Duncan et al., 2013; Sax & Gaines, 2008). The meth-
odology for constructing a species pool and the notation (including 
the numbering on parameters k1 through k6) used follow previous 
literature by Law and Morton (1996), whose approach was informed 
by Cohen et al. (1993).

A pool of 100 species, 34 basal and 66 consumer, is constructed by 
first assigning each species a number qi drawn from uniform distribu-
tions on ( − 2, − 1) if basal and ( − 1, 0) if a consumer unless otherwise 
specified. The size of species i  is then si = 10

qi [henceforth labelled 
grams, but in principle representing a general measure of size (Law 
& Morton, 1996)]. Basal species have positive intrinsic growth rates 
and negative intraspecific interactions, but do not interact with other 
basal species. As a result, basal species abundance decreases primarily 
as a result of consumer consumption. Consumer species eat anything 
smaller than themselves [but have a built- in size preference as in real- 
world food webs (Cohen et al., 1993)], have negative intrinsic growth 
rates (that result in death if they run out of prey), and have no intraspe-
cific interactions. Both basal and consumer species can be eliminated 
via too much consumption by their own consumers.

In what follows, we provide an explicit mathematical descrip-
tion of how the average growth rate (ri for species i ) and interaction 
terms (ai,j for species i  and j) are calculated. We then explain how 
these terms can be modified between patches to allow patch- level 
environmental heterogeneity to be captured.

2.2.1  |  Intrinsic rate of increase

To construct species i 's intrinsic growth (or loss) rate ri (units per 
day), the mean is set to

The basal intrinsic growth rate is empirically motivated (Blue-
weiss et al., 1978; Fenchel, 1974): a linear relationship is fitted to 
log r as a function of log body weight (see appendix of Law & Mor-
ton, 1996). Consumers rely on consuming prey to balance their in-
trinsic loss rate in order to survive/avoid starvation.

2.2.2  |  Species intra- actions and basal biomass

To construct basal species i 's intraspecific interactions (ai,i), we set 
the mean to

where k5 = 100 (grams times species abundance density) determines 
the basal equilibrium biomass. This is so that each basal species has 
the same maximum carrying capacity when measured in terms of bio-
mass with no consumers and we thus constrain the maximum basal 

biomass that a patch supports to 3400 g per volume (patch). As noted 
above, consumer species i  has ai,i = 0 (i.e. no intra- specific competi-
tion or density- dependent growth).

2.2.3  |  Species interactions

To construct average species interactions ai,j, i ≠ j, we compare the rela-
tive sizes and types of the species. We take the constants k1 = 0.01 

(units per time and species abundance density) to be the scale of the 
interaction strength relative to the growth rates, take k2 = 10 to be the 
preferred size ratio of predator to prey, take k3 = 0.5 to be the willing-
ness to deviate from the preferred prey size and take k4 = 0.2 to be the 
energy efficiency from consuming prey (Law & Morton, 1996).

Then the mean effect of species j on species i  is

Here, a basal species does not interact with species smaller than 
itself. If the larger species j is a consumer, then the inner expression of 
−
(

log10

(

k2si

sj

)

∕k3

)2

 provides diminishing returns as the prey deviates 
from the consumer's preferred size: k2 determines the location of the 
maximum and k3 the penalty for deviation. The size ratio and efficiency 
k4 are then used to convert the abundance density from prey species 
to consumer species. Note that the gain to a consumer from consum-
ing the prey and the loss to the prey from being consumed are not 
independent and are of opposite sign.

2.2.4  |  Lotka– Volterra model

The average interactions ai,j then can be used as a 100 × 100 Lotka– 
Volterra interaction matrix. In this case, the model in the absence of 
dispersal and environmental heterogeneity is

for species 1 ≤ i ≤ 100 with the abundance density of species i  writ-
ten as xi and its time derivative as ẋi. The term 

�

ri +
∑100

j=1
ai, jxj

�

 is the 
per capita growth rate of species i , which can be used to determine if 
species i  could grow from a small population. Finally, we note that this 
system of equations captures all community-  or patch- scale ecological 
dynamics with linear responses.

2.3  |  Parallel community assembly

We now highlight our additions to and points of departure from the 
Law and Morton model of the previous section.

ri =

⎧
⎪
⎨
⎪
⎩

10
−1−0.25qi for i basal

−0.1 for i consumer.

ai,i = − risi ∕k5

ai,j =

⎧
⎪⎪⎪⎨⎪⎪⎪⎩

0 if larger of i, j is basal

−k1exp

�
−

�
log10

�
k2si

sj

�
∕k3

�2
�

if si < sj and j consumer

−aj,ik4sj∕si if sj < si and i consumer.

ẋi = xi

(

ri +

100
∑

j=1

ai, jxj

)
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2.3.1  |  Multiple patches

Instead of considering only a single community assembly pro-
cess, we now construct multiple communities which model small 
environmental differences between discrete patches. We set a 
number of patches, here 10, fix the species pool, and then used 
the mean interactions ai,j exactly as defined above, to generate 
patch specific interactions pai,j (unless there is no environmental 
heterogeneity).

For a patch p, each element of the associated interaction matrix 
is given by a random sample from a normal distribution truncated at 
0 to preserve the sign of the element. That is

where sgn is the sign function, TruncatedNormal(0,∞) is the trun-
cated normal distribution (i.e. the distribution conditional on the 
event that a draw is from the range (0, ∞) (Chopin, 2011), imple-
mented in the rtnorm R package (Dzemski, 2018)), ∣ ⋅ ∣ takes 
the absolute value, and k6 = 0.1 is the coefficient of variation of 
the underlying normal distribution. Since k6 = 0.1, we expect all 
interaction matrices to be broadly similar, but to differ in exact 
magnitude (but not the sign of the interaction). Our highly hetero-
geneous environments case doubles k6 to 0.2, while the homoge-
neous case takes pai,j = ai,j. (All draws from the truncated normal 
distributions are independent.)

As all patches in a given run of the simulation share the same 
pool, we need not vary the pool in the same way. We still allow for 
variation in the parameters of the basal and consumer species by 
sampling the intrinsic growth/loss rates analogously with a fixed co-
efficient of variation:

2.3.2  |  Dispersal between patches

We also allow movement between patches following a network that is, 
in principle, arbitrary but in practice set to a one- dimensional torus (a 
ring). For each pair of patches we set a (positive) resistance to disper-
sal defined between them (taken, but not required, to be symmetric). 
If the resistance is infinite, no dispersal can occur directly between 
those two patches. We take the lower bound in our simulations to be 
a resistance of 1, at which ‘full dispersal’ takes place. Each species is 
then assigned a ‘speed’ (taken to be 1 for all species here), and together 
these define a dispersal (rate) matrix D which describes how quickly 
species abundance densities move between patches. We take the di-
agonal of D to be the negative of the (non- diagonal elements of the) 
column sums to conserve mass. Note that D is banded, correspond-
ing to preventing abundance from changing species when dispersing 

from one patch to another. Hence, for species i  on patch p, the rate of 
change of its abundance density is

where the additional labels capture the patch and the additional term 
captures movement of species i  to and from patch p.

2.3.3  |  Events and time scales

The Law and Morton model results in final, static, uninvasible com-
munities (or cycles of communities) using time scale separation and 
by alternating between community dynamics and migration dynam-
ics. We instead simultaneously assemble multiple interconnected 
communities to examine how they change through time. In addition 
to (neutral, local) immigration events, we first add their complement: 
extirpation (neutral, local extinction) events. This replicates local 
stochastic disasters. The implementation is similar for both. For im-
migration events, a species i  is selected uniformly at random from 
the pool and a destination patch p is selected uniformly at random 
from the patches. If the per capita growth rate (see Lotka– Volterra 
model, above) is positive a small initial population (abundance of 0.4) 
is added to that patch (see Section S5.A.1). For extirpation events, if 
the species i  is present on patch p, it is instead removed by setting 
its local abundance density pxi to 0.

To numerically resolve the differences in time scale between 
immigration and extirpation events and community dynamics, we 
assign to each event an exponential waiting time. The exponential 
distribution's rate is the magnitude of the largest eigenvalue of the 
interaction matrices multiplied by a multiplier (taken to be 0.1, 1 or 

10 independently as a simulation parameter for each of immigration 
and extirpation, as seen in Figure S11). The largest eigenvalue of the 
interaction matrices can be interpreted as the natural rate at which 
the interactions as a whole take place. Hence, the events should take 
place on a similar time scale as the fluctuations induced by commu-
nity dynamics. We then numerically resolve our simulations using R's 
deSolve package (Hindmarsh, 1983; R Core Team, 2021; Soetaert 
et al., 2010), which implements the lsoda algorithm (Petzold, 1983) 
and can handle discrete events with continuous dynamics. This is as 
an alternative to permanence methods, which require time scale sep-
aration (see Hofbauer & Sigmund, 1988, 1998; Law & Morton, 1996).

2.4  |  Meta- analysis

Our results in Figure 4 include only some of the parameter varia-
tions simulated. Here, we detail how the various runs differ from 
each other. Parameters and their combinations are given explicitly 
in Tables S1– S3. We also note our usage of R's tidyverse package for 
data handling and plotting (Wickham et al., 2019), the patchwork 

pai,j = sgn
(

ai,j
)

p
�i,j

p�i,j ∼TruncatedNormal(0,∞)

(

�= ∣ai,j ∣, �=k6 ∣ai,j ∣
)

ri = sgn
(
ri

)
�i

�i ∼TruncatedNormal(0,∞)

(
�= ||ri

||, �=0.1||ri
||
)
.
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100
∑
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package for plotting (Pedersen, 2020) and the foreach package for 
parallelisation (Microsoft & Weston, 2020).

2.4.1  |  Number and configuration of simulations

For a given parameter set, 10 different pools, each with 10 differ-
ent patches, are generated. For simplicity, patches are configured 
in a ring (i.e. … ↔ 10 ↔ 1 ↔ 2 ↔ …) whose links are each assigned 
a single dispersal value; see the construction of D above. Each pool 
is then assigned 10 independent histories, which define 10 different 
simulation runs, allowing for the possibility of exploring pool- related 
emergent structure. Each run then contains 10 � values through time, 
1 � value through time, 45 spatial � values through time, 10 temporal 
� values through time (we fix the time difference to 1∕100th the 
simulation length for computational efficiency) and 10 patch- level 
end of simulation invasibility calculations. These are all derived from 
the presence and absence of species in the 10 communities in the 
system.

2.4.2  |  Variation of parameters

We vary the following parameters: the basal size lower bound, the 
consumer size upper bound, the coefficient of variation when sam-
pling the interaction matrices, the (multiplier on the) rate of immigra-
tion events, the (multiplier on the) rate of extirpation events up to the 
exclusion of such events and the rate of dispersal (see Table S2). All 
other parameters in the system are fixed (see Table S1). We provide a 
full table of the parameters and how we vary them in combination in 
the Supplemental Information (Table S3). We vary these parameters 
as a robustness check on our parameter choices and conclusions. As 
discussed elsewhere in the main text, we provide alternative plots in 
the Supplemental Information. We finish with ∼ 27,900 simulations 
completed. The remainder (∼ 7500) failed due to memory or comput-
ing time constraints as discussed in the Supplemental Information.

To combine the results into Figure 4; Figures S10 and S11, for each 
simulation we take the median values of �, spatial � and temporal � 

(among all patches and over all times between 1 × 10
4 and 6.5 × 10

4 

time units) and median values of � (over all times) and end of simulation 
invasibility (see below). Figure 4 is then composed of these values for 
simulations with immigration and extirpation rate multipliers of 1 and 

no changes to the pool parameters (see Pool and Interaction Matrix 
Construction), with values aggregated by dispersal and interaction 
matrix coefficient of variation and presented using standard notched 
box- and- whisker plots (Wickham, 2016) and means (shown as lines 
and crosses). This prevents simulation length from biasing the analysis.

2.4.3  |  Jaccard index

In order to quantify how patches differ from each other within a time 
step (spatial dissimilarity, spatial �) or how patches differ from themselves 

across time (temporal turnover, temporal �), we use the Jaccard (dissimi-
larity) index on the corresponding presence– absence data from our simu-
lations as implemented in the vegan R package (Jaccard, 1912; Oksanen 
et al., 2022). Specifically, if A is the set of species present in one patch and 
B is the set of species present in a different patch at the same time (spatial 
�) or the same patch at a different time (temporal �), then we calculate

2.4.4  |  Quantifying invasibility

Quantifying � and � is straightforward; we identify which species 
are present within patches and within the overall system. Quantify-
ing invasibility is less clear. We quantify invasibility as the number 
of species in the pool that could both establish in a patch (positive 
local per capita growth rate) and then subsequently survive the full 
community and dispersal dynamics for five times the inverse of the 
magnitude of the largest eigenvalue of the interaction matrix (which 
is the inverse of the rate of interactions and events and thus sets a 
natural time scale). The invasibility values reported in Figure 4 then 
correspond to the median invasibility of a patch (computed over all 
patches) at the end of the simulation.

3  |  RESULTS

3.1  |  Example runs

Figure 3 illustrates three runs with the same pool of species, same 
set of patch environments and precisely the same history of immi-
gration and extirpation events (which does not guarantee the same 
history of successful establishments if the communities differ, e.g. 
due to dispersal). The only difference in parameters is the change 
in dispersal from no dispersal between patches (zero inter- patch 
mixing case), to ‘medium’ and full dispersal cases, in which some or 
nearly all of the abundance on a patch can have moved to an adja-
cent patch in a single time unit respectively. These example pools, 
environments and histories have been selected at random. The no- 
dispersal example has many transient species represented by short 
horizontal dashes in the panels of Figure 3a, most of which occur in 
only a small number of patches at any one time (yellow), whereas the 
high dispersal example shows a smaller number of species present in 
most patches (purple) for most of the simulation run (long dashes); 
medium dispersal is intermediate.

In these three example simulations, exactly the same species 
immigrated at exactly the same time. This means that all of the spe-
cies that successfully established in at least one patch in the zero 
(between patch) dispersal scenario also arrived in the corresponding 
patch in the full dispersal simulation, but many of them failed to es-
tablish at all. The long purple horizontal lines in Figure 3a indicate 
communities with limited (temporal) turnover— either extinction or 
establishment of new species. The high dispersal simulation gener-
ates communities that are robust to further invasion and successful 

� = 1 −
∣ A ∩ B ∣

∣ A ∪ B ∣
.
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across heterogeneous environments once established, whereas im-
migrants are more likely to establish in isolated (no dispersal) com-
munities. When patches are homogeneous, even medium levels of 
dispersal are sufficient to generate high community stability and 
uniformity (i.e. they look like the high dispersal scenario in heteroge-
neous environments), shown in Figure 4. Furthermore, the time se-
ries of events, that is, the colonisations, extinctions and extirpations, 
at both regional and local scales show clear evidence of temporal 
clustering, potentially indicative of cascades of change, and this 
clustering increases as dispersal does (see Figure S9). However, the 
increase in clustering with dispersal is primarily generated by some 
species establishing temporarily in otherwise robust communities, 
uninterrupted by other species (establishments followed by ex-
tinction of the same species; Figure 3a). Hence, these are not ‘true’ 
cascades in which establishment would lead to increased rates of 
establishment and extirpation by other species thereafter.

These dynamics result in low species richness on patches in the 
zero dispersal example but a large regional total number of species 

because the species present differ among patches due to environ-
mental heterogeneity and local extirpation (high spatial dissimilarity; 
Figure 3). In contrast, full mixing generates higher local richness, but 
lower regional richness because the species are shared (low Jaccard 
values) among patches. While medium dispersal generates interme-
diate regional richness and dissimilarities among islands, it has the 
highest richness per island (Figure 3, bottom- left panel), supporting 
the hypothesis that intermediate dispersal can result in the highest 
levels of local diversity. Dispersal is the primary driver of trends; sim-
ilar plots can be constructed for the varying immigration and extir-
pation rates, see Figures S3– S8.

3.2  |  Metasimulation study

To investigate the influence of dispersal (mixing rate) and patch het-
erogeneity on local richness and regional richness, we conducted 
a large family of simulations in which we varied the dispersal rate, 

F I G U R E  3  Three example simulation runs. Patch outcomes differ greatly dependent on the amount of dispersal permitted between the 
heterogeneous patches. Each simulation had the same neutral immigration and neutral extirpation history of 9370 events, and the same 
set of patch dynamics, but different dispersal rates (burnt- in for the first 10,000 time units prior to extracting results). Panels (a) show the 
occurrence of species, with horizontal lines indicating species identities, the duration of their presences in the patch network, and the 
number of patches they were present in (‘count’ colour shading) for the three dispersal rates (no dispersal: 0 dispersal rate, med.: 2 × 10

−5,  
full: 0.86). Species are ranked by size, with the horizontal red lines separating basal species (below) and consumer species (above the red 
lines). Panels (b) show the resulting local richness as the number of species per patch through time, the regional richness as the total number 
of species in the network and the extent to which species were shared among patches or communities contained different species in each 
patch at a given time as Jaccard dissimilarity index values near 0 or 1 respectively. The dark regions in the local richness (among 10 individual 
patches) and spatial dissimilarity plots (in pairwise comparisons between patches) correspond to 80% intervals, whereas there is only a single 
value for the total number of species present in the entire metacommunity at a given time (lower middle panel).
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neutral immigration rate, neutral extirpation rate, pool struc-
ture and the presence of noise in the interaction matrices. See 
Tables S1– S3 in the Supplemental Information for details on pa-
rameter variations.

Figure 4 represents the overall relationship across 3300 simu-
lations between dispersal rate and our measures of diversity, eco-
logical differentiation (temporal turnover and spatial community 
dissimilarity) and the resistance of the ‘end of simulation’ com-
munities to subsequent invasion from the mainland species pool. 
Additional simulation results are shown in the supplemental infor-
mation, Figures S11 and S12. The relationship described in the three 

examples holds in general. Local richness (Figure 4 top row, red; the 
number of species per patch) peaks at intermediate dispersal rates, 
although barely when patch environments are homogeneous, con-
firming this hypothesis, while regional richness appears to reduce 
with increasing dispersal rates (top row, yellow). Broadly then, local 
and regional richness show opposing trends with increasing dis-
persal, until one reaches very high dispersal, when both local and 
regional richness values decline. The latter likely arises if species 
suited to particular patches, which differ somewhat in environmen-
tal conditions in the heterogeneous and highly heterogeneous cases, 
may be swamped out in runs with full dispersal. These results are 

F I G U R E  4  Metasimulation results for different biodiversity measures. The species richness (top row), community dissimilarity (middle 
row) and invasibility (bottom row) of communities vary with the dispersal rate, but are nuanced by the amount of heterogeneity between 
environments (homogeneous, heterogeneous or highly heterogeneous (left to right columns)); dispersal increases from left to right within 
each panel (proportions of individuals mixed between adjacent patches per time interval), covering the range from flightless sedentary 
organisms to true migrants. Colours indicate: local richness (top, red), regional richness (top, yellow), differences in community composition 
between patches (spatial Jaccard dissimilarity, magenta), how much community composition changes over time within patches (temporal 
Jaccard dissimilarity, blue), and invasibility (bottom, green) of the region at the end of the simulation with respect to the species pool. Each 
box and whisker plot is composed of a single median estimate of the corresponding metric from each of the 3300 simulations, see Section 2. 

Each cross represents the means of the each box- and- whisker plot, and the lines connect the crosses.
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robust to variations in pool parameters and immigration and extirpa-
tion rates (Figures S11 and S12).

Measures of beta diversity (Jaccard dissimilarity) over both space 
(magenta) and time (blue) are similarly sensitive to dispersal rates 
(Figure 4, middle row). Spatial Jaccard falls as the dispersal rate in-
creases, indicating that high dispersal homogenises communities, as 
might be expected, and seen in the three example runs (Figure 3).

Temporal Jaccard indicates the extent to which the species 
composition on patches changes through time. This reveals rel-
atively high turnover in the lowest dispersal systems, indicating a 
greater capacity of immigrants from the mainland pool to establish 
on otherwise unconnected patches, suggesting that dispersal among 
patches increases resilience. Temporal turnover reaches a minimum 
at intermediate dispersal rates— approximately where local richness 
peaks— before increasing just as local richness is falling (unless patch 
environments are homogeneous, Figure 4, left column). This arises 
in the simulations because new immigrants arrive in a single patch 
and quickly disperse to establish in the best (due to environmental 
variation among patches) patch for them, only to continue dispersing 
away more quickly than they can grow in abundance. The effect is 
related to source– sink dynamics and harvesting: population sources 
cannot persist if survivors cannot sustain the drain of lost (emigrant, 
harvested) individuals. It is only seen clearly when a substantial frac-
tion of the total abundance of each species is redistributed among 
patches per time step, so this will be rare even in human- modified 
communities.

At the end of the simulations, we ‘challenged’ each patch com-
munity with species that exist in the mainland pool but that were 
not present in the archipelago to evaluate their resistance to fur-
ther ‘invasion’ (Fitzgerald et al., 2016; Fridley & Sax, 2014; Moser 
et al., 2018). This revealed that low among- patch dispersal systems 
could be invaded much more easily than high dispersal systems. 
Taken together with the temporal Jaccard pattern of change, these 
results indicate that community networks become increasingly ro-
bust to subsequent invasion with increasing dispersal; more resil-
ient (and commonly but not always more locally diverse) food webs 
are constructed from a larger pool of possible members. Invasibility 
and temporal turnover only diverge at the very highest, and least 
likely, dispersal levels, where source– sink dynamics between het-
erogeneous environments as well as species pool comes into play. 
Thus, the low invasibility and temporal turnover experienced by high 
dispersal systems makes it difficult to move them out of their equi-
librium state.

These overall conclusions remain consistent across a range of 
different assumptions including varying the immigration rate, sto-
chastic extirpation rate, removal of stochastic extirpations and the 
lower and upper limits of species sizes see Figures S3– S8, S11 and 

S12. Additionally, while our computational implementation of extir-
pation involves the random removal of a local population, the results 
are robust to changes to this assumption. For example, simulations 
where extirpation removes only 90% of a population show the 
same trends in the relationship between richness and dispersal (not 
shown). Varying dispersal consistently generates the overall shapes 

of the curves in Figure 4. Invasibility also increases with stochastic 
extinction, especially in low dispersal metacommunities. These com-
munities lack particular components within their food webs, which 
in turn allows invasion. Since real island communities often lack par-
ticular functional components, for example, either because of failed 
colonisation or past extinction, and are susceptible to invasion, the 
increase in invasibility with reduced dispersal appears realistic.

4  |  DISCUSSION

Our metacommunity model results indicate that increasing the 
rate of dispersal between ecological communities (patches, is-
lands) produces trade- offs between different aspects of diversity. 
Local diversity (the number of species per patch, or alpha diversity) 
typically peaks at intermediate dispersal, while increasing disper-
sal drives declines in the distinctiveness of ecological communi-
ties (Jaccard dissimilarity, beta diversity). Consequently, the total 
number of species in the system (regional or total diversity, gamma 
diversity) mainly declines with increasing dispersal, although the 
intensity of the peak and fall depend on the amount of heteroge-
neity between environments. Since environments are never com-
pletely homogeneous among patches or islands, we expect the 
intermediate dispersal peak to be present in most if not all em-
pirical systems. Colonisation and extirpation events are temporally 
clustered by community cascades as food webs reorganise, but 
communities experiencing higher dispersal rates became robust 
to further invasion. Hence, increases and decreases in just one 
process— dispersal— generates a variety of community dynamics 
and changes in measures of diversity. There is no universally ‘best’ 
level of dispersal or diversity metric (Whittaker, 1960), nor do they 
behave in the same way as one another, as might be wished in the 
context of biodiversity indicators and global biodiversity policy de-
velopment (McGill et al., 2015).

In terms of biological invasions, our results provide similar 
context- dependent insights into the ‘invasion debate’ (Briggs, 2017; 

Davis, 2009; Davis et al., 2011; Russell & Blackburn, 2017). The 
model simulations exhibit emergent series of temporally correlated 
events (establishments, extirpations; though often arrivals followed 
by disappearance of the same species) consistent with narratives of 
community cascades (Simberloff, 2010) and the extinction of en-
demic species when previously isolated communities experience 
increased immigration (e.g. Sax & Gaines, 2008; Williamson, 1989). 
Nearly all IUCN- listed threatened species that are endangered by 
invasive (i.e. not previously present) species are in previously iso-
lated communities: island communities for reptiles, birds, mammals 
and plants; and ‘island- like’ wetland environments within continents 
for freshwater fish and amphibians (Dueñas et al., 2021). In contrast, 
many other ‘natural’ ecosystems in continental regions, which have 
had higher background immigration rates, appear relatively robust 
to invasion, compared to human- altered ecosystems (which may 
still be in the ‘burn- in period’) (e.g. MacDougall & Turkington, 2005;  

Shimoji et al., 2022).
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In the context of biodiversity trends, these results provide an 
opportunity to address the apparent disagreement between studies 
highlighting declines in biodiversity and studies highlighting variable 
but no- net decline trends. Although humans have altered ecologi-
cal communities in many different ways, altered rates of dispersal 
are a common consequence. This frequently results in a more well- 
mixed world. The establishment of ‘non- native’ species is acceler-
ating globally (Seebens et al., 2017). Equally, ‘native’ species are 
increasingly moving: range boundaries generally are shifting pole-
wards and to higher elevations and deeper depths in response to an-
thropogenic climate change (e.g. Chen et al., 2011; Pecl et al., 2017; 

Sorte et al., 2010), such that species are colonising ecological com-
munities from which they were previously absent at unprecedented 
rates. In contrast, metapopulation ecology has shown that dispersal/
colonisation rates of habitat- specific species declines with habitat 
isolation, for example., from habitat fragmentation (Hanski, 1999), 
although the establishment rates of edge-  and disturbance- related 
species may increase (Laurance et al., 2011).

Taken together, these results mean that the expected outcome in 
recent biodiversity monitoring is context dependent. It depends on the 
measure(s) of diversity change (as above), how isolated a community 
was prior to human intervention, that is, isolated island communities 
have experienced most extinctions associated with ‘non- native’ spe-
cies, whether dispersal rates have increased or decreased in relation 
to local environmental changes, how different the local environments 
are, and the types of species considered. For example, in real ecosys-
tems, habitat core and edge species may experience opposite changes 
to their dispersal rates associated with their abilities to move through 
human- modified environments, but many studies focus on core spe-
cies. Species have different likelihoods of being transported by humans, 
and the natural dispersal rates of different taxonomic groups vary over 
many orders of magnitude while many studies are of only one or a few 
groups. Hence, different taxa may show different diversity trends even 
for identical sites. A combination of these factors should contribute to 
the debate over exactly what biodiversity trends exist.

As a caveat, it is important to recognise that our modelling 
framework only contains a subset of possible processes and assump-
tions. For example, we have focused on a single +/− species inter-
action type [exploitation (Cohen et al., 1993; Law & Morton, 1996; 

Morton & Law, 1997)]. Our justification for this is that the resulting 
network of interactions does permit the emergence of net −/− inter-
actions via shared prey (resource mediated competition; but does 
not model interference competition) and shared predators (apparent 
competition), and net +/+ tritrophic and other indirect interactions 
can arise, as in real food webs. Our deterministic modelling frame-
work does not include local (patch) or regional (network) stochastic 
or directional (e.g. mimicking climate change) temporal variation in 
the patch environments themselves, either. However, our code and 
pseudocode are freely available (see Data Availability Statement and 
Supplementary Information), so our model could be adapted or ex-
tended to examine outcomes when varying these and other assump-
tions. Future work would also benefit from explicit consideration 
of the implications of evolution (e.g. Govaert et al., 2021). While it 

would be valuable to explore additional processes, the model out-
puts reported nonetheless consistently provide clear evidence of 
the importance of dispersal and spatial heterogeneity for the diver-
sity and invasion debates.

In conclusion, this simulation study has proposed one simple 
mechanism, dispersal relative to spatial scale, that has the capac-
ity to connect the literature on the decline of global biodiversity, on 
how local biodiversity can remain relatively stable on average, and 
on how isolated ecological communities experience reorganisation 
(including extinctions but also increased community- level diversity) 
when experiencing recently increased immigration rates. While we 
find that dispersal is sufficient to explain different sides of the diver-
sity and invasion debates, dispersal also interacts with many other 
temporal changes to the environment and these pressures should 
be considered together in any discussion of policy options. Whether 
people wish to manipulate or control dispersal rates will depend on 
which components of diversity and community invasibility, as well as 
functional processes, are prioritised in a given context.

AUTHOR CONTRIBUTIONS
All authors participated in conceptualisation. Brennen Fagan, Jon W. 
Pitchford and Susan Stepney contributed mathematical and coding 
methodology. Brennen Fagan created and conducted the simulations 
and performed formal analysis. Brennen Fagan and Chris D. Thomas 
wrote the manuscript. All authors reviewed and edited the manuscript.

ACKNO WLE DG E MENTS
This work was funded by a Leverhulme Trust Research Centre— the 
Leverhulme Centre for Anthropocene Biodiversity, Grant number: RC- 
2018- 021. We thank the University of York Complexity and Stability 
Reading Group and the Sheffield Spatial Ecology Workshop, especially 
G. W. A. Constable, R. Law, T. Carroll, W. F. Fagan and J. Matthiopou-
los, for helpful discussions. We also thank M. Vellend, C. Dytham and 
J. Hatfield for valuable comments on the article. The majority of this 
project was undertaken on the Viking Cluster, a high- performance 
compute facility provided by the University of York. We are grateful for 
computational support from the University of York High Performance 
Computing service, Viking and the Research Computing team.

CONFLIC T OF INTERE ST STATEMENT
The authors declare no conflict of interest.

DATA AVAIL ABILIT Y STATEMENT
All code, random seeds, R scripts and summarised data used to 
generate the simulations and subsequent figures are available in 
Zenodo and Github at https://doi.org/10.5281/zenodo.8314911 

(Fagan, 2023). The >10 TB of data generated from the code, random 
seeds and R scripts are available by request from the corresponding 
author.

ORCID

Brennen Fagan  https://orcid.org/0000-0002-8451-920X 

Jon W. Pitchford  https://orcid.org/0000-0002-8756-0902 

 1
3
6
5
2
4
8
6
, 0

, D
o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n
lin

elib
rary

.w
iley

.co
m

/d
o
i/1

0
.1

1
1
1
/g

cb
.1

6
9
4
8
 b

y
 T

est, W
iley

 O
n
lin

e L
ib

rary
 o

n
 [1

2
/1

0
/2

0
2

3
]. S

ee th
e T

erm
s an

d
 C

o
n

d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d

itio
n

s) o
n

 W
iley

 O
n

lin
e L

ib
rary

 fo
r ru

les o
f u

se; O
A

 articles are g
o
v

ern
ed

 b
y
 th

e ap
p
licab

le C
reativ

e C
o
m

m
o
n
s L

icen
se

https://doi.org/10.5281/zenodo.8314911
https://orcid.org/0000-0002-8451-920X
https://orcid.org/0000-0002-8451-920X
https://orcid.org/0000-0002-8756-0902
https://orcid.org/0000-0002-8756-0902


12  |    FAGAN et al.

Susan Stepney  https://orcid.org/0000-0003-3146-5401 

Chris D. Thomas  https://orcid.org/0000-0003-2822-1334 

R E FE R E N C E S
Allesina, S., & Tang, S. (2015). The stability– complexity relationship at 

age 40: A random matrix perspective. Population Ecology, 57(1), 
63–75. https://doi.org/10.1007/s1014 4- 014- 0471- 0

Blackburn, T. M., Cassey, P., Duncan, R. P., Evans, K. L., & Gaston, K. J. 
(2004). Avian extinction and mammalian introductions on oceanic 
islands. Science, 305(5692), 1955–1958. https://doi.org/10.1126/
scien ce.1101617

Blueweiss, L., Fox, H., Kudzma, V., Nakashima, D., Peters, R., & Sams, 
S. (1978). Relationships between body size and some life history 
parameters. Oecologia, 37(2), 257–272. https://doi.org/10.1007/
BF003 44996

Briggs, J. C. (2017). Rise of invasive species denialism? A response to 
Russell and Blackburn. Trends in Ecology & Evolution, 32(4), 231–232. 
https://doi.org/10.1016/j.tree.2017.02.003

Carroll, T., Cardou, F., Dornelas, M., Thomas, C. D., & Vellend, M. (2023). 
Biodiversity change under adaptive community dynamics. Global Change 

Biology, 29(13), 3525–3538. https://doi.org/10.1111/gcb.16680
Ceballos, G., Ehrlich, P. R., Barnosky, A. D., García, A., Pringle, R. M., & 

Palmer, T. M. (2015). Accelerated modern human- induced species 
losses: Entering the sixth mass extinction. Science Advances, 1(5), 
e1400253. https://doi.org/10.1126/sciadv.1400253

Chase, J. M. (2003). Experimental evidence for alternative stable equi-
libria in a benthic pond food web. Ecology Letters, 6(8), 733–741. 
https://doi.org/10.1046/j.1461- 0248.2003.00482.x

Chen, I.- C., Hill, J. K., Ohlemüller, R., Roy, D. B., & Thomas, C. D. (2011). 
Rapid range shifts of species associated with high levels of climate 
warming. Science, 333(6045), 1024–1026. https://doi.org/10.1126/
scien ce.1206432

Chopin, N. (2011). Fast simulation of truncated Gaussian distributions. 
Statistics and Computing, 21(2), 275–288. https://doi.org/10.1007/
s1122 2- 009- 9168- 1

Cohen, J. E., Pimm, S. L., Yodzis, P., & Saldaña, J. (1993). Body sizes of an-
imal predators and animal prey in food webs. The Journal of Animal 

Ecology, 62(1), 67–78. https://doi.org/10.2307/5483
Coyte, K. Z., Rao, C., Rakoff- Nahoum, S., & Foster, K. R. (2021). Ecological 

rules for the assembly of microbiome communities. PLoS Biology, 
19(2), e3001116. https://doi.org/10.1371/journ al.pbio.3001116

Davis, M. A. (2009). Invasion biology. OUP.
Davis, M. A., Chew, M. K., Hobbs, R. J., Lugo, A. E., Ewel, J. J., Vermeij, 

G. J., Brown, J. H., Rosenzweig, M. L., Gardener, M. R., Carroll, S. 
P., Thompson, K., Pickett, S. T. A., Stromberg, J. C., Del Tredici, P., 
Suding, K. N., Ehrenfeld, J. G., Grime, J. P., Mascaro, J., & Briggs, J. 
C. (2011). Don't judge species on their origins. Nature, 474, 153–
154. https://doi.org/10.1038/474153a

Dornelas, M., Gotelli, N. J., McGill, B., Shimadzu, H., Moyes, F., Sievers, 
C., & Magurran, A. E. (2014). Assemblage time series reveal bio-
diversity change but not systematic loss. Science, 344(6181), 296–
299. https://doi.org/10.1126/scien ce.1248484

Dueñas, M.- A., Hemming, D. J., Roberts, A., & Diaz- Soltero, H. (2021). 
The threat of invasive species to IUCN- listed critically endangered 
species: A systematic review. Global Ecology and Conservation, 26, 
e01476. https://doi.org/10.1016/j.gecco.2021.e01476

Duncan, R. P., Boyer, A. G., & Blackburn, T. M. (2013, April). Magnitude 
and variation of prehistoric bird extinctions in the pacific. Proceedings 

of the National Academy of Sciences of the United States of America, 
110(16), 6436–6441. https://doi.org/10.1073/pnas.12165 11110

Dzemski, A. (2018). Random number generation for univariate truncated 
normal random variables [Computer software manual]. https://
github.com/adzem ski/rtnorm

Fagan, B. (2023). Community- Assembly. https://doi.org/10.5281/
zen- odo.8314911

Fenchel, T. (1974). Intrinsic rate of natural increase: The relationship 
with body size. Oecologia, 14(4), 317–326. https://doi.org/10.1007/
BF003 84576

Fitzgerald, D. B., Tobler, M., & Winemiller, K. O. (2016). From richer to 
poorer: Successful invasion by freshwater fishes depends on spe-
cies richness of donor and recipient basins. Global Change Biology, 
22(7), 2440–2450. https://doi.org/10.1111/gcb.13165

Fridley, J. D., & Sax, D. F. (2014). The imbalance of nature: Revisiting a Darwinian 
framework for invasion biology. Global Ecology and Biogeography, 23(11), 
1157–1166. https://doi.org/10.1111/geb.12221

Fukami, T. (2015). Historical contingency in community assembly: 
Integrating niches, species pools, and priority effects. Annual 

Review of Ecology, Evolution, and Systematics, 46(1), 1–23. https://
doi.org/10.1146/annur ev- ecols ys- 11041 1- 160340

Galiana, N., Lurgi, M., Claramunt- López, B., Fortin, M. J., Leroux, S., 
Cazelles, K., Gravel, D., & Montoya, J. M. (2018). The spatial scaling 
of species interaction networks. Nature Ecology & Evolution, 2(5), 
782–790. https://doi.org/10.1038/s4155 9- 018- 0517- 3

Gilbert, F., Gonzalez, A., & Evans- Freke, I. (1998). Corridors main-
tain species richness in the fragmented landscapes of a micro-
ecosystem. Proceedings of the Royal Society of London. Series B: 

Biological Sciences, 265(1396), 577–582. https://doi.org/10.1098/
rspb.1998.0333

Govaert, L., Altermatt, F., De Meester, L., Leibold, M. A., McPeek, M. 
A., Pantel, J. H., & Urban, M. C. (2021). Integrating fundamental 
processes to understand eco- evolutionary community dynamics 
and patterns. Functional Ecology, 35(10), 2138–2155. https://doi.
org/10.1111/1365- 2435.13880

Haegeman, B., & Loreau, M. (2014). General relationships between 
consumer dispersal, resource dispersal and metacommunity di-
versity. Ecology Letters, 17(2), 175–184. https://doi.org/10.1111/
ele.12214

Hanski, I. (1999). Metapopulation ecology. OUP Oxford.
Hatfield, J. H., Davis, K. E., & Thomas, C. D. (2022). Lost, gained, and 

regained functional and phylogenetic diversity of European mam-
mals since 8000 years ago. Global Change Biology, 28, 5283–5293. 
https://doi.org/10.1111/gcb.16316

Hindmarsh, A. C. (1983). ODEPACK: A systemized collection of ODE solvers. 

Scientific Computation.
Hofbauer, J., & Sigmund, K. (1988). Excerpt from ‘persistence’. In The 

theory of evolution and dynamical systems (pp. 160–161, 164–165). 
Cambridge University Press.

Hofbauer, J., & Sigmund, K. (1998). Criteria for permanence. In Evolutionary 

games and population dynamics (pp. 153–170). Cambridge University 
Press. https://doi.org/10.1017/CBO97 81139 173179.017

Jaccard, P. (1912). The distribution of the flora in the alpine zone. 
The New Phytologist, 11(2), 37–50. https://doi.org/10.1111/
j.1469- 8137.1912.tb056 11.x

Janssen, M. A., Pritchard, C., & Lee, A. (2020). On code sharing and model 
documentation of published individual and agent- based models. 
Environmental Modelling and Software, 134, 104873. https://doi.
org/10.1016/j.envso ft.2020.104873

Kehoe, R., Frago, E., & Sanders, D. (2021). Cascading extinctions as a 
hidden driver of insect decline. Ecological Entomology, 46, 743–756. 
https://doi.org/10.1111/een.12985

Kneitel, J. M., & Miller, T. E. (2003). Dispersal rates affect species composition 
in metacommunities of sarracenia purpurea inquilines. The American 

Naturalist, 162(2), 165–171. https://doi.org/10.1086/376585
Kolbert, E. (2014). The sixth extinction: An unnatural history. A&C Black.
Laurance, W. F., Camargo, J. L. C., Luizão, R. C. C., Laurance, S. G., 

Pimm, S. L., Bruna, E. M., Stouffer, P. C., Williamson, G. B., Benítez- 
Malvido, J., Vasconcelos, H. L., Van Houtan, K. S., Zartman, C. E., 

 1
3
6
5
2
4
8
6
, 0

, D
o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n
lin

elib
rary

.w
iley

.co
m

/d
o
i/1

0
.1

1
1
1
/g

cb
.1

6
9
4
8
 b

y
 T

est, W
iley

 O
n
lin

e L
ib

rary
 o

n
 [1

2
/1

0
/2

0
2

3
]. S

ee th
e T

erm
s an

d
 C

o
n

d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d

itio
n

s) o
n

 W
iley

 O
n

lin
e L

ib
rary

 fo
r ru

les o
f u

se; O
A

 articles are g
o
v

ern
ed

 b
y
 th

e ap
p
licab

le C
reativ

e C
o
m

m
o
n
s L

icen
se

https://orcid.org/0000-0003-3146-5401
https://orcid.org/0000-0003-3146-5401
https://orcid.org/0000-0003-2822-1334
https://orcid.org/0000-0003-2822-1334
https://doi.org/10.1007/s10144-014-0471-0
https://doi.org/10.1126/science.1101617
https://doi.org/10.1126/science.1101617
https://doi.org/10.1007/BF00344996
https://doi.org/10.1007/BF00344996
https://doi.org/10.1016/j.tree.2017.02.003
https://doi.org/10.1111/gcb.16680
https://doi.org/10.1126/sciadv.1400253
https://doi.org/10.1046/j.1461-0248.2003.00482.x
https://doi.org/10.1126/science.1206432
https://doi.org/10.1126/science.1206432
https://doi.org/10.1007/s11222-009-9168-1
https://doi.org/10.1007/s11222-009-9168-1
https://doi.org/10.2307/5483
https://doi.org/10.1371/journal.pbio.3001116
https://doi.org/10.1038/474153a
https://doi.org/10.1126/science.1248484
https://doi.org/10.1016/j.gecco.2021.e01476
https://doi.org/10.1073/pnas.1216511110
https://github.com/adzemski/rtnorm
https://github.com/adzemski/rtnorm
https://doi.org/10.5281/zen-odo.8314911
https://doi.org/10.5281/zen-odo.8314911
https://doi.org/10.1007/BF00384576
https://doi.org/10.1007/BF00384576
https://doi.org/10.1111/gcb.13165
https://doi.org/10.1111/geb.12221
https://doi.org/10.1146/annurev-ecolsys-110411-160340
https://doi.org/10.1146/annurev-ecolsys-110411-160340
https://doi.org/10.1038/s41559-018-0517-3
https://doi.org/10.1098/rspb.1998.0333
https://doi.org/10.1098/rspb.1998.0333
https://doi.org/10.1111/1365-2435.13880
https://doi.org/10.1111/1365-2435.13880
https://doi.org/10.1111/ele.12214
https://doi.org/10.1111/ele.12214
https://doi.org/10.1111/gcb.16316
https://doi.org/10.1017/CBO9781139173179.017
https://doi.org/10.1111/j.1469-8137.1912.tb05611.x
https://doi.org/10.1111/j.1469-8137.1912.tb05611.x
https://doi.org/10.1016/j.envsoft.2020.104873
https://doi.org/10.1016/j.envsoft.2020.104873
https://doi.org/10.1111/een.12985
https://doi.org/10.1086/376585


    |  13FAGAN et al.

Boyle, S. A., Didham, R. K., Andrade, A., & Lovejoy, T. E. (2011). 
The fate of amazonian forest fragments: A 32- year investigation. 
Biological Conservation, 144(1), 56–67. https://doi.org/10.1016/j.
biocon.2010.09.021

Law, R., & Morton, R. D. (1996). Permanence and the assembly of 
ecological communities. Ecology, 77(3), 762–775. https://doi.
org/10.2307/2265500

Leung, B., Hargreaves, A. L., Greenberg, D. A., McGill, B., & Dornelas, M. 
(2022). Reply to: Shifting baselines and biodiversity success sto-
ries. Nature, 601(7894), E19. https://doi.org/10.1038/s4158 6- 021- 
03749 - z

Leung, B., Hargreaves, A. L., Greenberg, D. A., McGill, B., Dornelas, M., & 
Freeman, R. (2020). Clustered versus catastrophic global vertebrate 
declines. Nature, 588(7837), 267–271. https://doi.org/10.1038/
s4158 6- 020- 2920- 6

Leung, B., Hargreaves, A. L., Greenberg, D. A., McGill, B., Dornelas, M., 
& Freeman, R. (2022a). Reply to: Do not downplay biodiversity 
loss. Nature, 601(7894), E29–E31. https://doi.org/10.1038/s4158 
6- 021- 04180 - 0

Leung, B., Hargreaves, A. L., Greenberg, D. A., McGill, B., Dornelas, M., 
& Freeman, R. (2022b). Reply to: Emphasizing declining populations 
in the living planet report. Nature, 601(7894), E25–E26. https://doi.
org/10.1038/s4158 6- 021- 04166 - y

Leung, B., Hargreaves, A. L., Greenberg, D. A., McGill, B., Dornelas, M., & 
Freeman, R. (2022c). Reply to: The living planet index does not mea-
sure abundance. Nature, 601(7894), E16. https://doi.org/10.1038/
s4158 6- 021- 03709 - 7

Loreau, M., Cardinale, B. J., Isbell, F., Newbold, T., O'Connor, M. I., & de 
Mazancourt, C. (2022). Do not downplay biodiversity loss. Nature, 
601(7894), E27–E28. https://doi.org/10.1038/s4158 6- 021- 04179 - 7

MacDougall, A. S., & Turkington, R. (2005). Are invasive species the 
drivers or passengers of change in degraded ecosystems? Ecology, 
86(1), 42–55. https://doi.org/10.1890/04- 0669

Magurran, A. E., Dornelas, M., Moyes, F., Gotelli, N. J., & McGill, B. (2015). 
Rapid biotic homogenization of marine fish assemblages. Nature 

Communications, 6, 8405. https://doi.org/10.1038/ncomm s9405
Martins, I. S., Dornelas, M., Vellend, M., & Thomas, C. D. (2022). A 

millennium of increasing diversity of ecosystems until the mid- 
20th century. Global Change Biology., 28, 5945–5955. https://doi.
org/10.1111/gcb.16335

Massol, F., Dubart, M., Calcagno, V., Cazelles, K., Jacquet, C., Kefi, S., & 
Gravel, D. (2017). Island biogeography of food webs. In D. A. Bohan, 
A. J. Dumbrell, & F. Massol (Eds.), Advances in ecological research 

(Vol. 56, pp. 183–262). Academic Press. https://doi.org/10.1016/
bs.aecr.2016.10.004

May, R. M. (1972). Will a large complex system be stable? Nature, 
238(5364), 413–414. https://doi.org/10.1038/238413a0

McGill, B. J., Dornelas, M., Gotelli, N. J., & Magurran, A. E. (2015). 
Fifteen forms of biodiversity trend in the anthro- pocene. Trends 

in Ecology & Evolution, 30(2), 104–113. https://doi.org/10.1016/j.
tree.2014.11.006

Mehrabi, Z., & Naidoo, R. (2022). Shifting baselines and biodiversity suc-
cess stories. Nature, 601(7894), E17–E18. https://doi.org/10.1038/
s4158 6- 021- 03750 - 6

Microsoft, & Weston, S. (2020). foreach: Provides foreach looping con-
struct [Computer software manual]. https://CRAN.R- proje ct.org/
packa ge=foreach R package version 1.5.1

Morton, R. D., & Law, R. (1997). Regional species pools and the assem-
bly of local ecological communities. Journal of Theoretical Biology, 
187(3), 321–331. https://doi.org/10.1006/jtbi.1997.0419

Moser, D., Lenzner, B., Weigelt, P., Dawson, W., Kreft, H., Pergl, J., Pyšek, 
P., van Kleunen, M., Winter, M., Capinha, C., Cassey, P., Dullinger, 
S., Economo, E. P., García- Díaz, P., Guénard, B., Hofhansl, F., Mang, 
T., Seebens, H., & Essl, F. (2018). Remoteness promotes biological 
invasions on islands worldwide. Proceedings of the National Academy 

of Sciences of the United States of America, 115(37), 9270–9275. 
https://doi.org/10.1073/pnas.18041 79115

Mouquet, N., & Loreau, M. (2003). Community patterns in source- 
sink metacommunities. The American Naturalist, 162(5), 544–557. 
https://doi.org/10.1086/378857

Murali, G., de Oliveira Caetano, G. H., Barki, G., Meiri, S., & Roll, U. 
(2022). Emphasizing declining populations in the living planet re-
port. Nature, 601(7894), E20–E24. https://doi.org/10.1038/s4158 
6- 021- 04165 - z

Newbold, T., Hudson, L. N., Hill, S. L., Contu, S., Lysenko, I., Senior, R. 
A., Börger, L., Bennett, D. J., Choimes, A., Collen, B., Day, J., De 
Palma, A., Díaz, S., Echeverria- Londoño, S., Edgar, M. J., Feldman, 
A., Garon, M., Harrison, M. L., Alhusseini, T., … Purvis, A. (2015). 
Global effects of land use on local terrestrial biodiversity. Nature, 
520(7545), 45–50. https://doi.org/10.1038/natur e14324

Oksanen, J., Simpson, G. L., Blanchet, F. G., Kindt, R., Legendre, P., 
Minchin, P. R., O'Hara, R. B., Solymos, P., Stevens, M. H. H., Szoecs, 
E., Wagner, H., Barbour, M., Bedward, M., Bolker, B., Borcard, D., 
Carvalho, G., Chirico, M., De Caceres, M., Durand, S., … Weedon, 
J. (2022). vegan: Community ecology package [Computer software 
manual]. https://CRAN.R- proje ct.org/packa ge=vegan R package 
version 2.6-4

Olden, J. D., Comte, L., & Giam, X. (2018). The homogocene: A research 
prospectus for the study of biotic homogenisation. NeoBiota, 37, 
23–36. https://doi.org/10.3897/neobi ota.37.22552

Pawluczuk, T., & Iskrzynski, M. (2022). Food web visualisation: Heatmap, 
interactive graph, animated flow network. Methods in Ecology and 

Evolution, 14, 57–64. https://doi.org/10.1111/2041- 210X.13839. 

https://github.com/ibs- pan/foodw ebviz
Pecl, G. T., Araújo, M. B., Bell, J. D., Blanchard, J., Bonebrake, T. C., Chen, 

I. C., Clark, T. D., Colwell, R. K., Danielsen, F., Evengård, B., Falconi, 
L., Ferrier, S., Frusher, S., Garcia, R. A., Griffis, R. B., Hobday, A. J., 
Janion- Scheepers, C., Jarzyna, M. A., Jennings, S., … Williams, S. E. 
(2017). Biodiversity redistribution under climate change: Impacts 
on ecosystems and human wellbeing. Science, 355(6332), eaai9214. 
https://doi.org/10.1126/scien ce.aai9214

Pedersen, T. L. (2020). patchwork: The composer of plots [Computer 
software manual]. https://CRAN.R- proje ct.org/packa ge=patch 
work R package version 1.0.1

Pennekamp, F., Pontarp, M., Tabi, A., Altermatt, F., Alther, R., Choffat, 
Y., Fronhofer, E. A., Ganesanandamoorthy, P., Garnier, A., Griffiths, 
J. I., Greene, S., Horgan, K., Massie, T. M., Mächler, E., Palamara, 
G. M., Seymour, M., & Petchey, O. L. (2018). Biodiversity increases 
and decreases ecosystem stability. Nature, 563(7729), 109–112. 
https://doi.org/10.1038/s4158 6- 018- 0627- 8

Petzold, L. (1983). Automatic selection of methods for solving stiff and 
nonstiff systems of ordinary differential equations. SIAM Journal 

on Scientific and Statistical Computing, 4(1), 136–148. https://doi.
org/10.1137/0904010

Pimm, S. L., Jenkins, C. N., Abell, R., Brooks, T. M., Gittleman, J. L., Joppa, 
L. N., Raven, P. H., Roberts, C. M., & Sexton, J. O. (2014). The bio-
diversity of species and their rates of extinction, distribution, and 
protection. Science, 344(6187), 1246752. https://doi.org/10.1126/
scien ce.1246752

Polis, G. A., Sears, A. L., Huxel, G. R., Strong, D. R., & Maron, J. (2000, 
November). When is a trophic cascade a trophic cascade? Trends 

in Ecology & Evolution, 15(11), 473–475. https://doi.org/10.1016/
s0169 - 5347(00)01971 - 6

Puurtinen, M., Elo, M., & Kotiaho, J. S. (2022). The Living Planet Index 
does not measure abundance. Nature, 601(7894), E14–E15. https://
doi.org/10.1038/s4158 6- 021- 03708 - 8

Qian, J. J., & Akçay, E. (2020). The balance of interaction types deter-
mines the assembly and stability of ecological communities. Nature 

Ecology & Evolution, 4(3), 356–365. https://doi.org/10.1038/s4155 
9- 020- 1121- x

 1
3
6
5
2
4
8
6
, 0

, D
o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n
lin

elib
rary

.w
iley

.co
m

/d
o
i/1

0
.1

1
1
1
/g

cb
.1

6
9
4
8
 b

y
 T

est, W
iley

 O
n
lin

e L
ib

rary
 o

n
 [1

2
/1

0
/2

0
2

3
]. S

ee th
e T

erm
s an

d
 C

o
n

d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d

itio
n

s) o
n

 W
iley

 O
n

lin
e L

ib
rary

 fo
r ru

les o
f u

se; O
A

 articles are g
o
v

ern
ed

 b
y
 th

e ap
p
licab

le C
reativ

e C
o
m

m
o
n
s L

icen
se

https://doi.org/10.1016/j.biocon.2010.09.021
https://doi.org/10.1016/j.biocon.2010.09.021
https://doi.org/10.2307/2265500
https://doi.org/10.2307/2265500
https://doi.org/10.1038/s41586-021-03749-z
https://doi.org/10.1038/s41586-021-03749-z
https://doi.org/10.1038/s41586-020-2920-6
https://doi.org/10.1038/s41586-020-2920-6
https://doi.org/10.1038/s41586-021-04180-0
https://doi.org/10.1038/s41586-021-04180-0
https://doi.org/10.1038/s41586-021-04166-y
https://doi.org/10.1038/s41586-021-04166-y
https://doi.org/10.1038/s41586-021-03709-7
https://doi.org/10.1038/s41586-021-03709-7
https://doi.org/10.1038/s41586-021-04179-7
https://doi.org/10.1890/04-0669
https://doi.org/10.1038/ncomms9405
https://doi.org/10.1111/gcb.16335
https://doi.org/10.1111/gcb.16335
https://doi.org/10.1016/bs.aecr.2016.10.004
https://doi.org/10.1016/bs.aecr.2016.10.004
https://doi.org/10.1038/238413a0
https://doi.org/10.1016/j.tree.2014.11.006
https://doi.org/10.1016/j.tree.2014.11.006
https://doi.org/10.1038/s41586-021-03750-6
https://doi.org/10.1038/s41586-021-03750-6
https://cran.r-project.org/package=foreach
https://cran.r-project.org/package=foreach
https://doi.org/10.1006/jtbi.1997.0419
https://doi.org/10.1073/pnas.1804179115
https://doi.org/10.1086/378857
https://doi.org/10.1038/s41586-021-04165-z
https://doi.org/10.1038/s41586-021-04165-z
https://doi.org/10.1038/nature14324
https://cran.r-project.org/package=vegan
https://doi.org/10.3897/neobiota.37.22552
https://doi.org/10.1111/2041-210X.13839
https://github.com/ibs-pan/foodwebviz
https://doi.org/10.1126/science.aai9214
https://cran.r-project.org/package=patchwork
https://cran.r-project.org/package=patchwork
https://doi.org/10.1038/s41586-018-0627-8
https://doi.org/10.1137/0904010
https://doi.org/10.1137/0904010
https://doi.org/10.1126/science.1246752
https://doi.org/10.1126/science.1246752
https://doi.org/10.1016/s0169-5347(00)01971-6
https://doi.org/10.1016/s0169-5347(00)01971-6
https://doi.org/10.1038/s41586-021-03708-8
https://doi.org/10.1038/s41586-021-03708-8
https://doi.org/10.1038/s41559-020-1121-x
https://doi.org/10.1038/s41559-020-1121-x


14  |    FAGAN et al.

R Core Team. (2021). R: A language and environment for statistical 

computing.

Russell, J. C., & Blackburn, T. M. (2017). The rise of invasive species 
denialism. Trends in Ecology & Evolution, 32(1), 3–6. https://doi.
org/10.1016/j.tree.2016.10.012

Sax, D. F., & Gaines, S. D. (2008). Species invasions and extinction: The 
future of native biodiversity on islands. Proceedings of the National 

Academy of Sciences of the United States of America, 105(Suppl 1), 
11490–11497. https://doi.org/10.1073/pnas.08022 90105

Seebens, H., Blackburn, T. M., Dyer, E. E., Genovesi, P., Hulme, P. E., Jeschke, 
J. M., Pagad, S., Pyšek, P., Winter, M., Arianoutsou, M., Bacher, S., 
Blasius, B., Brundu, G., Capinha, C., Celesti- Grapow, L., Dawson, W., 
Dullinger, S., Fuentes, N., Jäger, H., … Essl, F. (2017). No saturation in 
the accumulation of alien species worldwide. Nature Communications, 
8, 14435. https://doi.org/10.1038/ncomm s14435

Serván, C. A., & Allesina, S. (2021). Tractable models of ecological as-
sembly. Ecology Letters, 24(5), 1029–1037. https://doi.org/10.1111/
ele.13702

Shimoji, H., Suwabe, M., Kikuchi, T., Ohnishi, H., Tanaka, H., Kawara, 
K., Hidaka, Y., Enoki, T., & Tsuji, K. (2022). Resilience of native ant 
community against invasion of exotic ants after anthropogenic dis-
turbances of forest habitats. Ecology and Evolution, 12(7), e9073. 
https://doi.org/10.1002/ece3.9073

Simberloff, D. (2010). Invasive species. In N. S. Sodhi & P. R. Ehrlich (Eds.), 
Conservation biology for all (pp. 131–152). Oxford University Press. 
https://doi.org/10.1093/acpro f:oso/97801 99554 232.003.0008

Soetaert, K., Petzoldt, T., & Setzer, R. W. (2010). Solving differential equa-
tions in R: Package desolve. Journal of Statistical Software, 33, 1–25.

Sorte, C. J. B., Williams, S. L., & Carlton, J. T. (2010). Marine range shifts 
and species introductions: Comparative spread rates and com-
munity impacts. Global Ecology and Biogeography, 19(3), 303–316. 
https://doi.org/10.1111/j.1466- 8238.2009.00519.x

Thomas, C. D., & Palmer, G. (2015). Non- native plants add to the British 
flora without negative consequences for native diversity. Proceedings 

of the National Academy of Sciences of the United States of America, 
112(14), 4387–4392. https://doi.org/10.1073/pnas.14239 95112

Vellend, M. (2016). The theory of ecological communities (MPB- 57). Princeton 
University Press. https://doi.org/10.1515/97814 00883790

Vellend, M., Baeten, L., Becker- Scarpitta, A., Boucher- Lalonde, V., 
McCune, J. L., Messier, J., Myers- Smith, I. H., & Sax, D. F. (2017). Plant 
biodiversity change across scales during the anthropocene. Annual 

Review of Plant Biology, 68, 563–586. https://doi.org/10.1146/
annur ev- arpla nt- 04291 6- 040949

Vellend, M., Baeten, L., Myers- Smith, I. H., Elmendorf, S. C., Beauséjour, 
R., Brown, C. D., de Frenne, P., Verheyen, K., & Wipf, S. (2013). 
Global meta- analysis reveals no net change in local- scale plant bio-
diversity over time. Proceedings of the National Academy of Sciences 

of the United States of America, 110(48), 19456–19459. https://doi.
org/10.1073/pnas.13127 79110

Whittaker, R. H. (1960). Vegetation of the Siskiyou mountains, Oregon 
and California. Ecological Monographs, 30(3), 279–338. https://doi.
org/10.2307/1943563

Wickham, H. (2016). ggplot2: Elegant graphics for data analysis. Springer- 
Verlag. https://ggplo t2.tidyv erse.org

Wickham, H., Averick, M., Bryan, J., Chang, W., McGowan, L. D., 
François, R., Grolemund, G., Hayes, A., Henry, L., Hester, J., Kuhn, 
M., LinPedersen, T., Miller, E., Bache, S. M., Müller, K., Ooms, J., 
Robinson, D., Seidel, D. P., Spinu, V., … Yutani, H. (2019). Welcome 
to the tidy- verse. Journal of Open Source Software, 4(43), 1686. 
https://doi.org/10.21105/ joss.01686

Williamson, M. (1989). Natural extinction on islands. Philosophical 

Transactions of the Royal Society of London. Series B: Biological 

Sciences, 325(1228), 457–466; discussion 466–467. https://doi.
org/10.1098/rstb.1989.0099

Wilson, E. O. (2016). Half- Earth: Our planet‘s fight for life. in Conservation 

Biology for All. Navjot S. Sodhi, Paul R. Ehrlich (Eds.), W. W. Norton 
& Company.

SUPPORTING INFORMATION
Additional supporting information can be found online in the 
Supporting Information section at the end of this article.

How to cite this article: Fagan, B., Pitchford, J. W., Stepney, S., 
& Thomas, C. D. (2023). Increased dispersal explains increasing 
local diversity with global biodiversity declines. Global Change 

Biology, 00, 1–14. https://doi.org/10.1111/gcb.16948

 1
3
6
5
2
4
8
6
, 0

, D
o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n
lin

elib
rary

.w
iley

.co
m

/d
o
i/1

0
.1

1
1
1
/g

cb
.1

6
9
4
8
 b

y
 T

est, W
iley

 O
n
lin

e L
ib

rary
 o

n
 [1

2
/1

0
/2

0
2

3
]. S

ee th
e T

erm
s an

d
 C

o
n

d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d

itio
n

s) o
n

 W
iley

 O
n

lin
e L

ib
rary

 fo
r ru

les o
f u

se; O
A

 articles are g
o
v

ern
ed

 b
y
 th

e ap
p
licab

le C
reativ

e C
o
m

m
o
n
s L

icen
se

https://doi.org/10.1016/j.tree.2016.10.012
https://doi.org/10.1016/j.tree.2016.10.012
https://doi.org/10.1073/pnas.0802290105
https://doi.org/10.1038/ncomms14435
https://doi.org/10.1111/ele.13702
https://doi.org/10.1111/ele.13702
https://doi.org/10.1002/ece3.9073
https://doi.org/10.1093/acprof:oso/9780199554232.003.0008
https://doi.org/10.1111/j.1466-8238.2009.00519.x
https://doi.org/10.1073/pnas.1423995112
https://doi.org/10.1515/9781400883790
https://doi.org/10.1146/annurev-arplant-042916-040949
https://doi.org/10.1146/annurev-arplant-042916-040949
https://doi.org/10.1073/pnas.1312779110
https://doi.org/10.1073/pnas.1312779110
https://doi.org/10.2307/1943563
https://doi.org/10.2307/1943563
https://ggplot2.tidyverse.org
https://doi.org/10.21105/joss.01686
https://doi.org/10.1098/rstb.1989.0099
https://doi.org/10.1098/rstb.1989.0099
https://doi.org/10.1111/gcb.16948

	Increased dispersal explains increasing local diversity with global biodiversity declines
	Abstract
	1|INTRODUCTION
	2|MATERIALS AND METHODS
	2.1|Model description
	2.2|Pool and interaction matrix construction
	2.2.1|Intrinsic rate of increase
	2.2.2|Species intra-­actions and basal biomass
	2.2.3|Species interactions
	2.2.4|Lotka–­Volterra model

	2.3|Parallel community assembly
	2.3.1|Multiple patches
	2.3.2|Dispersal between patches
	2.3.3|Events and time scales

	2.4|Meta-­analysis
	2.4.1|Number and configuration of simulations
	2.4.2|Variation of parameters
	2.4.3|Jaccard index
	2.4.4|Quantifying invasibility


	3|RESULTS
	3.1|Example runs
	3.2|Metasimulation study

	4|DISCUSSION
	AUTHOR CONTRIBUTIONS
	ACKNO​WLE​DGE​MENTS
	CONFLICT OF INTEREST STATEMENT
	DATA AVAILABILITY STATEMENT

	REFERENCES


