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Abstract

Interspecific interactions are a major determinant of stability in ecological commu-

nities and are known to vary with biotic and abiotic conditions. Deforestation is the

primary driver of the ongoing sixth mass extinction, yet its effect on species interac-

tions remains largely unexplored. We investigate how deforestation affects species

interactions using a complex systems model and a co-occurrence dataset of 363 bird

species, observed across 134 sites, from 5 regions across the Brazilian Atlantic For-

est totalling 27,226 interactions. Both theoretical and empirical results show that

interspecific interactions vary non-monotonically with forest cover and are more

positive than average in areas with higher forest cover, and to a lesser extent in

highly deforested areas. Observed differences in interactions reflect both species

turnover and changes in pairwise interactions. Our results point to changes in stabil-

ity across the gradient of deforestation that may lead to varying community resilience

to environmental perturbations.

Key Interdisciplinary Aspects

∙ Species interactions are expected to vary due to thebiological, chemical andphysical

changes caused by deforestation on their local environment.

∙ We use a mathematical complex systems approach, as well as ecological data, to

show that species interactions aremore positive in highly forested areas.

∙ We propose that the alteration of species interactions caused by deforestation will

affect the stability of communities and their resilience to future perturbations (e.g.

climate change).
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INTRODUCTION

Species and ecological communities are experiencing high levels of

environmental change and subsequent population decline as a result

of anthropogenic activities.1–4 Although many studies have observed

a decline in biodiversity associated with anthropogenic disturbances,

such as habitat loss and fragmentation, its effects on species interac-

tions and, specifically, intra-trophic interactions remain poorly under-

stood (although seeRef. [5]). Interspecific interactions are a key compo-

nent determining the assembly and richness of ecological communities,

ultimately ensuring their stability.6,7 Changes to the magnitude and

sign (i.e. positive or negative) of interactions among organisms have

been shown to destabilise communities, potentially leading to shifts

in species abundance and composition.8,9 As such, identifying if and

how interspecific interactions respond to environmental change is vital

when considering the long-term stability of ecological communities

and their associated populations in this rapidly changing world.

Ecologists have long studied how interactions vary across gra-

dients, specifically abiotic gradients, such as altitude, temperature

and soil composition.10–12 Most of this literature has focused on

sessile organisms,13,14 finding that interactions become more pos-

itive (facilitation and mutualism) as environments become more

stressful.10,13,15,16 This phenomenon known as the stress gradient

hypothesis17,18 is well studied and generally accepted in sessile organ-

isms, however, whether it also applies to mobile organisms is less

clear. 14,17 Interactions between species have also been found to vary

temporally, spatially and with the presence, absence and density of

other species, though the sign and magnitude of this variation are

unclear.12,19–23

The interactions exerted upon an individual, population or species

can change in two ways: through the addition or removal of interac-

tions or via shifts in existing interactions.12,24 The addition or removal

of interactions is a relatively simple concept and most commonly

occurs due to species turnover when species join or disappear from a

community.24 Shifts in existing interactions between pairs of species

can be more complex and difficult to study, but there are examples

describing these changes in the literature.10,12,23 For instance, some

shifts in inter- and intraspecific interactions result from changes in

population density, and generally, interactions become more negative

(competition) as population density increases.25,26

Habitat loss is one of the most significant drivers of biodiver-

sity loss.3,27 Despite this, research into its effects on interactions

between species has been surprisingly scarce, with the majority of

research focused on the effect of deforestation on food webs (Refs.

[28–30]; though see Ref. [31]). A number of factors already known

to shift species interactions are associated with deforestation, includ-

ing abiotic changes, such as reduced humidity and increased soil

erosion,32,33 changes in the quantity and type of resources34 and

species turnover.24 However, these factors can influence species inter-

actions in different directions, and thus, the overall effect of defor-

estation on species interactions remains unclear. For forest-dwelling

species, deforestation reduces the resources available35 and causes a

“crowding effect”,36 both of which likely increase competition result-

ing in more negative interactions between species.26,34,35 Contrast-

ingly, abiotic changes associated with deforestation such as increased

humidity and increased frequency of extreme weather events32,37

can create a stressful environment for forest-dwelling species, and as

described above, stressful conditions have been linked to more posi-

tive interactions.14,17 Deforestation can also lead to changes in species

composition due to removal of shelter, nesting sites and foraging

substrate38–40 thatwill affect interactions via the addition and removal

of species as well as changing the interaction types and strengths

among species.22

Here we look to assess the effect of deforestation on intra-trophic

interactions between species using an empirical dataset and a Com-

plex Systems modelling approach.We expect interactions to vary both

as a result of the loss and gain of interactions via community turnover,

and interaction changes between existing pairs of species. We expect

the latter to be driven by behavioural shifts caused by alterations in

resource availability which we expect to cause more negative interac-

tions in heavily deforested areas.We chose to use a joint empirical and

modelling approach to increase the reliability of results as the accu-

racy of methods used to infer interactions from empirical datasets is

relatively unknown. Additionally, corroborations of models of empiri-

cal results suggest that findings are generalisable and not specific to

the dataset used.

METHODS

Tangled Nature model

The modified Tangled Nature Model (hereafter known as “TaNa

model”) used in this study is similar to that described by Brinck,41 in

that it is a short-term spatially explicit version of the original TaNa

developed by Christensen et al. (2002). The TaNa model integrates an

approach of complex systems on ecological communities, whereby the

properties of the community at the macroscopic scale emerge from

the interactions and movement of individuals at the microscopic scale.

The dynamics of the TaNa model used in this study are in many ways

similar to that of a neutral model, in that they are individual-based

and stochastic. Though, unlike a neutral model, the survival of indi-

viduals and, therefore, populations is highly influenced by interactions

with cohabitants and the environment. Previous studies have shown

that the TaNa models accurately recreate realistic ecological results,

including species–area relationships, trophic networks and species

abundance distributions.42–44 An overview of the TaNa model and

detailed descriptions of the modifications implemented in our version

are given below.

Overview of TaNa model

Landscape

A landscape of 75 equally sized grid cells (15 × 5) was used, in which

individuals were able to move up to a maximum dispersal distance of 2
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cells at each time step. This size of landscape was used to ensure there

were enough cells to create heterogeneous landscapes, whilst being

computationally viable. Cells are able to exist in two states: forested

or deforested. To start, all cells were created as forested (100% forest

cover landscape), but at time t0, we simulated deforestation by replac-

ing a predetermined number of forested cells with deforested cells

(0%–90% forest cover landscape).

Habitat type (forested or deforested) influenced the probability of

reproduction differently depending on an individual’s specialism value

(see Equation 4).

Species traits

TaNa model set-up includes a species pool of 50 species, with each

species differing in 2 distinct traits: specialism and interactions with

other species in the pool. In our study,we generated pools of 50 species

for each run, as this was comparable to the number of species found

per site in the empirical studies. Specialism is defined a priori by a

parameter randomly drawn from a uniform distribution with values

between 0 and 1, where 0 represents a habitat generalist species, and

1 represents a complete habitat specialist species (in our case, a for-

est specialist). The specifics of how a species’ specialism value affects

its chance of reproduction can be seen in Equation (4), but essentially,

a species with a high specialism value will have higher fitness in a

forested area thanonewith a low specialismvalue (all else being equal).

Conversely, the fitness of the same high specialism specieswill bemore

heavily reduced in a deforested area than a comparable low specialism

species.

Interactions between species are defined a priori and stored in

a matrix J of dimensions M ×M where M is the total number of

species S in the species pool. Every species interacts with every

other species, via the interaction link J(S𝛼 , S𝛽 ) with reciprocal inter-

actions between species equal J (S𝛼 , S𝛽 ) = J(S𝛽 , S𝛼) to most closely

resemble interactions on a single trophic level. Interactions between

species are randomly drawn from a normal distribution constrained

between −1 and +1 with a mean of 0 to match the findings of Woot-

ton and Stouffer45 that weak interactions are common, and strong

interactions are rare. For instance, an interaction value of 0.3 would

represent a relatively weak positive interaction. Full details of how

interactions affect the probability of an individual reproducing can

be found in Equations (1)–(3), but for simplicity, positive interactions

increase, whereas negative interactions decrease the fitness of an

individual.

The strength of interactions acting upon an individual at time t is

given by

Jf (S
𝛼 , t) =

∑

S∈S

J (S𝛼 , Sx) nf (S
x , t)

Nf (t)
(1)

where J(S𝛼 , S) is the interaction link between S𝛼 and species Sx , which

represents any species, nf (S
x , t) is the number of individuals of species

Sx in grid cell f at time t andNf (t) is the total number of individuals in cell

f at time t.

Model dynamics

TaNamodel simulated four dynamic processes: death, migration, immi-

gration and reproduction. At each time step, these dynamics are run

sequentially cell by cell, starting from cell 1, completing 50 iterations of

each dynamic per cell.

Description of each dynamic in each cell and iteration

I. Death: An individual is randomly chosen and removed from the

cell with a constant probability of 0.15; a value used in previous

TaNa studies and shown to have minimal impact on the model

outcome.46,47

II. Migration: An individual is randomly chosen from the cell and

moved to another cell up to its maximum dispersal distance (max-

imum dispersal distance of two). The probability that an individual

will migrate is defined by a density-dependent function, whereby

the probability of migration increases as the population density of

a cell increases; for full details see Brinck.41

III. Immigration: An individual selected randomly from the initial pool

of 50 species is introduced to the cell with a probability of 0.05

before deforestation and 0.001 after deforestation. The high level

of immigration before deforestation ensured a good initial dis-

tribution of species through the landscape (every species had on

average25attempts to immigrate into each cell during this period),

whereas the lower level of immigration after deforestation was

chosen to represent less frequent immigration in more deforested

areas (specieshadonaverage2 immigrationattempts intoeachcell

during this period).48

IV. Reproduction: an individual is randomly chosen and reproduces

with probability PoffPoff , which is defined as follows:

Poff (S
𝛼 , t, f) =

exp (Ξ (S𝛼 , t, f))
1 + exp (Ξ (S𝛼 , t, f))

∈ (0,1) (2)

where the reproductive capabilityΞ is given by

Ξ (S𝛼 , t, f) = 𝜔J Jf (S
𝛼 , t) + 	 −

Nf (t)

Rf
(3)

where Rf is the carrying capacity of cell f(set to 10), 𝜔J is the weighting

of interactions (set to 10) and the habitat effect 	 is given by

	 (S𝛼 , t, f) = ±𝜔s C (S𝛼) (4)

where 	 is positive when species S𝛼 is in a forested cell f and nega-

tive when S𝛼 is in a deforested cell f, Cis the specialism value of S𝛼

and 𝜔s is the weighting of specialism (set to 4). Cells deforest at the

predetermined time t0, so the sign of 	 is dependent on t.

To bring the above equations into an ecological context, interac-

tions act between an individual and all other individuals in the same

cell, with positive interactions increasing the probability of reproduc-

tion,whereas negative interactions decrease this.Multiple interactions

between individuals of the same species have an equal effect on
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an individual’s probability of reproduction, though the probability of

reproduction does decrease as the population of cells increases, which

ensures populations cannot grow indefinitely and mimics a shared

limiting resource (e.g. space). Specialism acts independently of interac-

tions and always increases the probability of reproduction in forested

cells, whereas decreasing it in matrix cells. A species’ specialism value

defines to what extent its probability of reproduction is affected by its

presence in the forest or matrix. For example, a species with a spe-

cialism value of 0.9 would have a large increase to the probability of

reproduction in a forested cell, but a large decrease in a matrix cell,

whereas a species with a specialism value of 0.001 would have a near

identical probability of reproduction in a forested or deforested cell.

Model Set-up and output

Wedefined 80 different species pools, each formed by 50 species vary-

ing in their specialism and interactions. At model set-up, every cell was

populated by 100 individuals of randomly assorted species; the initial

population size was chosen for computational efficiency and has no

bearingon the final community. For each speciespool, 11model scenar-

ios were run to represent varying degrees of deforestation (occurring

at time t0) and ranging from 0% to 100% at 10% increments. In total,

we ran 880 models. For comparison with an empirical dataset, the 80

species pools could be considered broad study regions with the 11

landscape scenarios representing discrete sampling units (Figure 1).

All models were run for 2500 time steps, with deforestation after

500 steps (t0 = 500). We evaluated the following model output: The

occurrence of each species in each cell at t = 2500 and for all species

with at least 10 individuals present in the landscape, we extracted

interactions from thematrix J.

Empirical data

Data collection

We used bird occurrence data from five independent studies con-

ducted in different regions of the Brazilian Atlantic Forest (Table S1,

Figure 1). The Brazilian Atlantic Forest is characterised by hetero-

geneous abiotic conditions, and elevation, encompassing tropical and

subtropical climatic conditions, annual rainfall ranging from 1000 mm

to 4000 m and elevation changes from 0 to 2900 m. The vegetation

structure is also varied, including areas of tropical rainforest, as well as

deciduous, Araucaria pine and Lauraceae-dominated forests.49 All five

studies were conducted in ombrophilous forest at elevations varying

from 100 to 900m. Each study provided point counts of bird species in

multiple forest patches which differed in size, each of which we refer

to as a site (range 14–36 sites per study). Sites varied in the amount

of surrounding forest cover, as well as the land use of the matrix in

which they were embedded in: pasture, agriculture and silviculture.

Each study differed in sampling effort and observers, but these vari-

ables were controlled for within the studies. In total, occurrence data

on 363 bird species were gathered across 134 sites (Table S1).

The percentage forest cover of each site calculated at a 600m radius

was taken from Ref. 50, each of these 600 m radius areas around sites

can be thought of as equivalent to the full 75 cell landscape of the TaNa.

Forest cover was calculated from the highest definition map available

for each site, and amixture of QuickBird,WorldView, SOSMata Atlân-

tica and Instituto Florestal was used. In each of these maps, forest

cover included primary, secondary and semi-natural forest types. A

buffer size of 600 m was used as it captures the relatively restricted

movement of most species in the studies,51 better reflects the sam-

pling design of the original studies and is similar to that used in other

studies.52,53

Defining empirical interactions

Six methods for inferring interactions from co-occurrence data were

used to estimate pairwise interactions from the point count data from

the five empirical datasets from the Brazilian Atlantic Forest: corre-

lation, partial correlation, GLMs, graphical lasso on log-transformed

counts, Gaussian copula graphical models and Gaussian copula graphi-

cal models with forest cover as an environmental variable. All methods

were run in R 4.0.3 (R54 following the methodology used in Harris55

for correlation, partial correlation, andGLMs; themethodology used in

Popovic et al. (2019) for graphical lasso on log-transformed counts and

Gaussian copula graphical models).

Specifically, correlations were estimated using the cor function in

base R, which finds the sample correlation between species presence–

absence matrices, which summarises their marginal association. Using

the corpcor package,56 partial correlation is closely related to lin-

ear regression and summarises species conditional relationships. The

GLMmethod includes the use of regularised logistic regressionmodels

which were run in base R, where the presence of a species is predicted

using the presence or absence of the other species. This method pro-

duces two near-identical interaction estimates which were averaged

to produce a single-interaction term between species pairs. Graphical

lasso on log-transformed counts used the glasso package57 which esti-

mates a sparse inverse covariance matrix using a lasso penalty; for full

details, see Ref. [58]. Lastly, the ecoCopula approach was carried out

using the ecoCopula package59 and usesGaussian copula graphicmod-

els, which look at direct and indirect associations in data (in our case

species); see Popovic et al.59 for full details.

These methods were chosen because they either performed well

in previous studies55,59 or in our own performance tests where we

compared known interactions in the TaNa to inferred interactions

using the aforementioned methods (Table S2). Other methods such

as Markov networks55 and Markov random fields60 could not be

tested due to data limitations; our data contained too many species

for Markov networks to be computationally viable and many rare or

extremely common (but not ubiquitous) species which caused errors

when runningMarkov random fields.
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F IGURE 1 Methodological framework used: (a) Locations of the five studies from the Atlantic Forest; (b) visualisation of the 11 landscape

scenarios run in TaNamodels for each community; (c and d) triangular matrix of example interactions from the empirical and TaNamodel data; (e

and f) calculate themean interaction and forest cover for a species in the empirical and TaNamodel data, then use this value to centre the forest
cover and interaction for each species and species pair by subtracting themean (figure shows forest cover as an example); (g) filtering of

interactions to keep phylogenetically similar interactions (red and orange circles), and removing phylogenetically dissimilar interactions (blue

circle).

All methods estimate reciprocal pairwise interactions meaning they

cannot accurately represent interactions between trophic levels (e.g.

predation ±), but outputs were on different scales, and most were

found to differ significantly when analysed using a GLM and post hoc

comparison in emmeans61 (Figure S1). However, all showed signifi-

cant positive correlations (mean R2 = 0.69, SD R2 = 0.18) indicating

that methods generally identified the same interactions as more

or less positive. Thus, for comparison, all estimates were re-scaled

between −1/+1 using the largest absolute value for each method

across all studies as the upper and lower limits. Then, we calculated
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the mean interaction across methods for each pair of species in each

study.

Data preparation

Empirical and TaNa model data

Empirical data and TaNa model outputs both describe pairwise inter-

actions in different sampling units (studies/landscapes), for which the

forest cover of sites and landscapes is knownor defined, and bothwere

prepared for analyses following the steps below.

Centring forest cover and interactions

We are interested in assessing relative interaction changes as a result

of the forest cover a species is found in. However, species naturally

occur in different levels of forest cover, meaning that a study with 70%

forest cover could be a “deforested” area for a species found primarily

in fully covered areas, but a forested area for a species found primarily

in areas with 20% forest cover. As such, in order to compare shifts in

interactions with forest cover across species with varying forest cover

requirements,we centred forest cover for each species,which gaveus a

relativemeasure of whether the species was in a higher or lower forest

cover area compared to its average (hereafter references to “higher” or

“lower” forest cover or interactions are relative to the species average).

In the empirical dataset, centred forest cover was calculated by first

finding the arithmetic mean forest cover of a species found across

all sites of all studies. Then for each study, the mean forest cover a

species was found in was calculated, and the previously calculated

overall forest cover means for that species was subtracted from the

studymean. In the TaNamodel data, species are not comparable across

communities, so all centring was done within communities. As such,

centred forest cover was calculated by taking the mean forest cover

across all landscapes a species occurred in, and then subtracting that

from the forest cover of each individual landscape a species occurred

in (Figure S2). Similarly, interactions were also centred for both the

empirical and TaNa model data using the same methods but calculat-

ing the mean interaction a species was involved in across all studies

or landscapes, and then subtracting that from each individual inter-

action a species was involved in (Figure S2). In the empirical dataset,

interactions between the same pairs of species were also centred by

calculating the mean interaction that the specific pair of species were

involved in and subtracting that value from each individual interaction

between that pair of species. After doing this, for each pair of species

interacting, we had a centred forest cover for species 1 and 2 (where

species 1was the focal species in the analyses), centred interaction and

centred pair interaction.

Phylogenetic filtering for the empirical data

The empirical dataset produced 121,996 pairs of interactions based on

co-occurrence, but we focused our analyses on intra-trophic interac-

tions due to the limitations of reciprocal inferred interactions by the

co-occurrence methods, and to those species more likely to represent

significant ecological interactions. We defined these as interactions

between species with more shared evolutionary history, which has

been found to closely correlate with shared traits and ecological

requirements.62 To define shared history, we created a phylogenetic

tree representing the 363 unique bird species in the dataset by trim-

ming the open tree of life63,64 with the R package ape65 and adding

distance using the “compute.brlen” function andGRAFENmethod. The

distances between nodes of species were examined, and a consistent

cut-off distance was chosen based on the visual inspection of dis-

tances between known similar species. For example, only interactions

between the predatory species Accipiter striatus and relatively similar

predatory species Harpagus diodon and Ictinia plumbea were retained.

However, interactions between the dove species Leptotila rufaxilla and

all other dove and pigeon species (e.g. Columbina talpacoti, Claravis

pretiosa and Leptotila verreauxi) remained. This identified 8842 closely

related pairs of species, composed of 313 unique species from which

our dataset described 27,226 pairs of interactions.

We also carried out our analysis without phylogenetic filtering and

found qualitatively identical results (Table S5).

Statistical analysis

We first carried out analyses to test the accuracy of the co-occurrence

methods at inferring interactions. To do this, we ran the TaNa 159

times and inferred interactions from the results using co-occurrence

and abundance versions of the previously discussed co-occurrence

methods. We then compared these inferred interactions to the known

interactions from the TaNa using simple linear models, extracting the

R2 value as a measure of predictive accuracy. Full details of this

preliminary analysis can be found in Supporting Information section.

We used linear mixed effect models for the analysis of the empiri-

cal and TaNa model data. A first model analysed all data with centred

interaction as the response variable and centred forest cover species

1, centred forest cover species 2 and their interaction as explanatory

variables. A second model analysed only data from pairs of species

recorded in multiple studies predicting the response variable centred

pair interaction by the predictors centred forest cover species 1, cen-

tred forest cover species 2 and their interaction. The random effect

structure was chosen for each linear mixed model using the meth-

ods outlined in Zuur66 with all models, including random slopes and

interaction terms for centred forest cover for species 1 and 2 (equa-

tions for full models can be seen in Supporting Information section).

All statistical analysis was carried out in R 4.0.3 (R54 using the lme4

package).67

RESULTS

Analysis of empirical and TaNa model data

Both TaNa model and empirical data showed interactions that were

more positive than average in landscapes and sites with higher forest
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TABLE 1 Coefficient estimates (and standard errors) obtained from linear mixed effect models predicting changes in species interactions as a

function of relative forest cover.

Data Response variable Centred forest cover species 1 Centred forest cover species 2 Interaction term

Empirical Centred interaction 0.118* (0.017) 0.109* (0.017) 0.935* (0.075)

TaNamodel Centred interaction 0.088* (0.030) −0.075* (0.029) 0.829* (0.046)

Empirical Centred pair interaction 0.057* (0.018) 0.089* (0.017) 0.305* (0.061)

Note: Results markedwith an * are significant to p< 0.05.

F IGURE 2 Predicted changes in species interaction values (colour gradients reflect predicted centred interaction) as a function of relative

local forest cover for interacting species (centred forest cover species 1 and 2) in the empirical (a) and complex system TaNamodel (b) datasets.

The lowest interaction values occur when forest cover is above average for one species but below average for the other species. Average forest
cover varies considerably among species (minimum= 0.06, maximum= 0.99). Regression estimates in Table 1.

cover, with a significant interaction term showing synergetic benefits

when both species were in areas with higher than average forest cover

(Table 1, Figure 2). Similarly, in both the TaNamodel and empirical data,

interactions were also more positive than average in areas with lower

forest cover, a pattern consistent with the stress gradient hypothesis.

This was particularly evident for TaNamodel data where the predicted

change to interactions was almost equal at comparably higher and

lower forest cover.

Changes in TaNa data were solely caused by species turnover

because, in thismodel, pairwise interaction valuesweredefined apriori

and could not change over space or time. However, pairwise interac-

tion values in the empirical dataset can also shift within a given species

pair, such that two species would have a positive interaction in one

region and a negative in another. To evaluate the potential role of

interaction shifts within pairs of species across the gradient of defor-

estation, we analysed only empirical data from pairs of species that

appeared in at least two studies together (180 species, 8179 inter-

actions) and found consistent results with more significant positive

interactions when both species occurred in higher forest cover areas

(Table 1, Figure 3). However, we did not find evidence for higher than

average positive interactions between pairs of species at lower levels

of forest cover.

F IGURE 3 Predicted changes in pairwise interaction values
(colour gradient reflects values of predicted centred pair interaction)

as a function of relative local forest cover for interacting species

(centred forest cover species 1 and 2); regression estimates in Table 1.
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DISCUSSION

Our results show that species interactions vary non-monotonically

between ecological communities distributed along a gradient of forest

cover. Both the empirical and TaNa model results showed interactions

that were more positive than average in sites where all species are

present in areas of higher forest cover. Interactions were also found

to some extent to become more positive than average when species

were at lower levels of forest cover.We found that shifts towardsmore

positive interactions in higher forested cover areas occurred both due

to species turnover and shifts in interactions within pairs of species,

which likely arise from changes in competition and behaviour. How-

ever, shifts towardsmorepositive interactions in low forest cover areas

were primarily due to species turnover. We suggest that ecological

communities occurring in areas of higher forest cover are more sta-

ble, as they are predicted to have a larger proportion of facilitative

interactions, aswell asweaker antagonistic interactions. This increased

stabilitywill likelymeanelevated resilience toecological perturbations,

such as invasive species, removal of species or changes to the abiotic

environment.68,69

Deforestation was found to alter species interactions via both

changes in community composition as well as shifts in interaction

strength within pairs of species, as shown in the analysis of the subset

of empirical data. Shifts towards more positive interactions in highly

forested areas may have occurred due to reduced competition for

resources, especially amongst forest specialists, both due to increased

resource density and reduced population density.26 Interaction shifts

could also have occurred via benefits from facilitative behaviours such

asmixed species flocks,which are expected to occurmore frequently in

highly forested areas,70 inwhich individuals fromdifferent species gain

fitness by increased foraging efficiency (e.g. disturbing prey species)

and decreasedmortality from predators (e.g. alarm calling).71,72

Competition and flock forming will also be influenced by changes to

species composition from turnover. Disturbance-adapted species may

appear in deforested areas and outcompete forest specialists, and the

prevalence of behaviours such as mixed species flocks will depend on

the presence of forest specialists, which are found in higher propor-

tions and abundances, conferring functional redundancy, in areas of

higher forest cover.73–77 Indeed, certain forest specialist species in the

dataset analysed such as Habia rubica and Thamnomanes caesius are

known to be vital to the formation and maintenance of mixed-species

flocks,78,79 and their absence from lower forested areas has previously

led to the disintegration of such behaviours.31,80

Species interactions became more positive at higher forest cover

levels across all models. Recent studies on the stability of ecological

communities have highlighted the importance of facilitative interac-

tions, finding that network stability increases with higher proportions

of facilitative interactions.7,81 Similarly, a decrease in the strength of

negative interactions has been found to stabilise communities under

most conditions.82 For example, Lurgi et al.81 found that food webs

with a high proportion of mutualistic interactions between plants and

animals were more stable than their antagonistic heavy counterparts,

whereas Qian and Akçay7 showed that communities with more mutu-

alistic interactions aremore resistant to invasion.As such, it is expected

that communities composed of species in areas of higher forest, which

we found to havemore positive interactions, will bemore stable.

On the other hand, we found that more negative interactions occur

when one species in the interacting pair is in higher levels of forest

cover, and the other species in lower levels of forest cover. This may

occur when the interacting pair is composed of species with contrast-

ing forest cover requirements. This type of community is expected to

exist in intermediately deforested areas, where disturbance-adapted

species have colonised, but many forest specialist species still persist

due to previous populations.83 Based on studies by Loreau and de

Mazancourt82 and Lurgi et al.,81 we would expect this shift towards

more negative interactions in these communities to decrease their sta-

bility and resilience to further environmental change. However, note

that some studies have found stabilising effects of antagonistic inter-

actions, though these are usually focused on food webs as opposed to

intra-trophic interactions.84–86

The results of the TaNa model dataset, and to a lesser extent, the

full empirical dataset suggest an increase in positive interactions at

lower forest cover; however, this was veryweak in themodel analysing

interaction changes between pairs of species that occurred together

in multiple studies. This suggests that this effect is primarily caused

by the loss or addition of interactions via species turnover, and no

changes to the existing species interactions per se. A decrease in forest

cover is often associatedwith an influx of disturbance-adapted species

and a loss of forest specialist species.73,75–77 Disturbance-adapted

species are often associated with weak interactions and low levels of

competition.45Our findings suggest that these communities havemore

positive interactions and are likely to be stable and relatively resilient

to environmental changes.7,69,81

If we assume species interactions have implications for community

stability,7,69,81 then based on our results, it appears that communities

vary in their stability along the gradient of deforestation, and the most

stable communities occur in both highly forested and highly defor-

ested areas. We hypothesise that communities in highly forested and

highly deforested areas may be in contrasting stable states, whereas

communities in intermediary forest cover may exist in long last tran-

sitory states87 (Figure 4). We propose that this occurs as the majority

of species in these communities occur at either higher or lower forest

cover than their average and are, therefore, predicted to have more

positive interactions which provide stability.81 On the other hand, our

findings suggest more negative interactions in intermediately forested

areas with mixed species composition (many species found in higher

and lower forest covers) due to the influx of disturbance-adapted

species and the loss of forest specialist species, which are expected to

be less stable.88

Stable communities in “degraded habitats” such as highly defor-

ested areas may be seen as detrimental to conservation, as they

are likely dominated by disturbance-adapted species.53,89,90 If these

communities are stable, they could be resistant to external perturba-

tion, including restoration efforts, as found in previous studies91–93
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F IGURE 4 Cup and ball diagrams of hypothesized stable states under deforestation (a) and reforestation (b) based on the observed changes in
proportions of positive and negative interactions in communities at different relative forest covers shown in Figure 2a. In very highly forested

areas, nearly all species will be at, or above, their average forest cover, where we expect an overall shift towardsmore positive interactions, with a

similar, albeit weaker, result for highly deforested areas, where nearly all species will be at or below their average forest cover. On the other hand,
we expect the highest proportion of species with contrasting forest cover requirements to occur in intermediately forested areas resulting in a

shift towardsmore negative interactions. Arrow colours represent the hypothesized size of perturbation required tomove the community to a
new stable state (red= large, green= small).We expect that communities in highly forested and deforested areas to be relatively resilient to

environmental changes (deforestation and restoration respectively), whereas those in intermediate forest areas to be comparatively sensitive to

them.

(Figure 4). This reinforces the idea that restoration efforts may be bet-

ter placed in areas of intermediary deforestation, not only because

these communities may be less stable, but also due to a lack of source

populations in highly deforested areas causing low recolonisation rates

and the need for the translocation of species.53,94,95 Our study further

suggests that restoration efforts coupled with species translocation

to highly deforested areas may still not be enough, and that translo-

cated species would be unlikely to persist due to the stability and

resistance of the established community. Lastly, the observed shift in

species interactions as a result of forest cover seen in our study may

foreshadow and predict larger community changes in the future, as

previous studies have found that interaction loss occurs at a faster rate

than species loss.96

Recently, methods used to estimate interactions from co-

occurrence data have come under severe criticism97; however,

our own evaluation of these methods against known interactions in

the TaNa model provided surprisingly accurate results; five of the six

tested methods had R2 above 0.4 (Table S2). Additionally, previous

studies have found that abundance data provide more accurate

approximations of interactions59; however, we did not find this in

our evaluation (Table S3). Although the co-occurrence methods are

unlikely to fully capture true interactions, the similarity between our

results from these methods and the TaNa provides confidence that we

are capturing a true pattern of interaction change. Similarly, although

our empirical results are limited to bird species, we consider the results

transferable across taxa, as the mechanisms expected to cause the

observed interaction changes are universal. Despite this, the study

could be built upon in the future by including functional traits for every

species, as this may uncover varying trends in how interactions change

with forest cover dependent on species niche.98

In conclusion, we provide the first theoretical and empirical evi-

dence that interspecific interactions are altered in a predictable

manner with varying forest cover. Interactions were consistently

found to be more positive when species were in higher forest cover

across all datasets and TaNa models, which we believe could con-

fer greater stability and resilience to external perturbations. Species

in lower forest cover were similarly found to have more positive

interactions, albeit to a lesser extent, and with less consistency

across datasets. Future studies predicting community shifts as a

result of environmental changes should account for this variation,

as should conservation and restoration efforts, which should con-

sider focusing more heavily on restoring areas of intermediate forest

cover.

AUTHOR CONTRIBUTIONS

Conceptualisation; formal analysis; investigation; methodology; visualisa-

tion; writing – original draft; writing – review and editing: Benjamin

Howes. Methodology; supervision; writing – review and editing: Manuela

González-Suárez and Henrik Jeldtoft Jensen. Data curation; writing

– review and editing: Luiz dos Anjos, José Carlos Morante-Filho and

AlexandreUezu.Data curation; methodology; supervision; writing – review

and editing: Cristina Banks-Leite.

ACKNOWLEDGEMENTS

This researchwas supported by theQMEECDT, funded byNERC grant

number NE/P012345/1.

 2
6

9
8

6
2

4
8

, 0
, D

o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n

lin
elib

rary
.w

iley
.co

m
/d

o
i/1

0
.1

0
0

2
/n

tls.2
0

2
2

0
0

2
7

 b
y

 U
n

iv
ersity

 L
ib

rary
, W

iley
 O

n
lin

e L
ib

rary
 o

n
 [2

8
/0

3
/2

0
2
3
]. S

ee th
e T

erm
s an

d
 C

o
n
d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d
itio

n
s) o

n
 W

iley
 O

n
lin

e L
ib

rary
 fo

r ru
les o

f u
se; O

A
 articles are g

o
v

ern
ed

 b
y

 th
e ap

p
licab

le C
reativ

e C
o

m
m

o
n

s L
icen

se



10 of 12 DEFORESTATIONALTERS SPECIES INTERACTIONS

ETHICS STATEMENT

The authors confirm that they have adhered to the ethical policies of

the journal.

CONFLICT OF INTEREST STATEMENT

Co-author Cristina Banks-Leite has previously been an editor of Nat-

ural Sciences but was not involved in the handling of the peer-review

process of this submission.

DATA AVAILABILITY STATEMENT

The data and novel code that support the findings of this study

are available on Figshare at https://doi.org/10.6084/m9.figshare.

16903246.v1 and https://doi.org/10.6084/m9.figshare.19732966.v1.

PEER REVIEW

The peer review history for this article is available at https://publons.

com/publon/10.1002/ntls.20220027.

REFERENCES

1. Malhi Y, Roberts JT, Betts RA, Killeen TJ, Li W, Nobre CA. Cli-

mate change, deforestation, and the fate of the Amazon. Science.

2008;319:169-172.

2. Tabor K, Hewson J, Tien H, González-Roglich M, Hole D, Williams JW.

Tropical protected areas under increasing threats from climate change

and deforestation. Land. 2018;7:90.

3. PBES. Summary for policymakers of the global assessment report

on biodiversity and ecosystem services of the Intergovernmental

Science-Policy Platform on Biodiversity and Ecosystem Services. Díaz

S, Settele J, Brondízio ES, Ngo HT, Guèze M, Agard J, Arneth A, Bal-

vanera P, Brauman KA, Butchart SHM, Chan KMA, Garibaldi LA, Ichii

K, Liu J, Subramanian SM, Midgley GF, Miloslavich P, Molnár Z, Obura

D, Pfaff A, Polasky S, Purvis A, Razzaque J, Reyers B, Roy Chowd-

hury R, Shin YJ, Visseren-Hamakers IJ, Willis KJ, Zayas CN, eds. IPBES

secretariat, Bonn, Germany; 2019.

4. Paiva PFPR, de Lourdes Pinheiro Ruivo M, Silva Júnior da OM, et al.

Deforestation in protect areas in the Amazon: a threat to biodiversity.

Biodivers Conserv. 2019;29:19–38.

5. Magrach A, Laurance WF, Larrinaga AR, Santamaria L. Meta-analysis

of the effects of forest fragmentation on interspecific interactions.

Conserv Biol. 2014;28:1342-1348.

6. Case TJ, Holt RD, McPeek MA, Keitt TH. The community context

of species’ borders: ecological and evolutionary perspectives. Oikos.

2005;108:28-46.

7. Qian JJ, Akçay E. The balance of interaction types determines the

assembly and stability of ecological communities. Nat Ecol Evol.

2020;4:356-365.

8. Thebault E, Fontaine C. Stability of ecological communities and

the architecture of mutualistic and trophic networks. Science.

2010;329:853-856.

9. Ratzke C, Barrere J, Gore J. Strength of species interactions deter-

mines biodiversity and stability in microbial communities. Biorxiv.

2019;671008.

10. Callaway RM, Brooker RW, Choler P, et al. Positive interactions

among alpine plants increase with stress. Nature. 2002;417:844-

848.

11. Daskin JH, Alford RA. Context-dependent symbioses and their poten-

tial roles in wildlife diseases. Proc R Soc B Biol Sci. 2012;279:1457-

1465.

12. Chamberlain SA, Bronstein JL, Rudgers JA. How context dependent

are species interactions? Ecol Lett. 2014;17:881-890.

13. He Q, Bertness MD, Altieri AH. Global shifts towards positive

species interactions with increasing environmental stress. Ecol Lett.

2013;16:695-706.

14. He Q, Bertness MD. Extreme stresses, niches, and positive species

interactions along stress gradients. Ecology. 2014;95:1437-1443.

15. BertnessMD, Callaway R. Positive interactions in communities. Trends

Ecol Evol. 1994;9:191-193.

16. Dobzhansky T, Pavlovsky O. An experimental study of interaction

between genetic drift and natural selection. Evolution. 1957;11:311-

319.

17. Callaway RM. Positive interactions and interdependence in plant commu-

nities. Springer; 2007.

18. Schemske D, Mittel G, Cornell H, Sobel J, Roy K. Is there a latitudinal

gradient the importance of biotic interactions? Annu Rev Ecol Evol Syst.

2009;40:245-269.

19. SunaharaT,MogiM.Variability of intra- and interspecific competitions

of bamboo stump mosquito larvae over small and large spatial scales.

Oikos. 2002;97:87-96.

20. Thompson JN, Cunningham BM. Geographic structure and dynamics

of coevolutionary selection.Nature. 2002;417:735-738.

21. Billick I, Tonkel K. The relative imporance of spatial vs temporal vari-

ability in generating a conditional mutualism. Ecology. 2003;84:289-

295.

22. Schädler M, Brandl R, Haase J. Antagonistic interactions between

plant competition and insect herbivory. Ecology. 2007;88:1490-1498.

23. Pruitt JN, Ferrari MCO. Intraspecific trait variants determine the

nature of interspecific interactions in a habitat-forming species. Ecol-

ogy. 2011;92:1902-1908.

24. Kofron CP, ChapmanA. Deforestation and bird species composition in

Liberia,West Africa. Trop Zool. 1995;8:239-256.

25. Fox J, Morin P. Effects of intra- and interspecific interactions on

species responses to environmental change. J Anim Ecol. 2001;70:80-

90.

26. Mönkkönen M, Forsman JT, Thomson RL. Qualitative geographical

variation in interspecific interactions. Ecography. 2004;27:112-118.

27. Giam X. Global biodiversity loss from tropical deforestation. Proc Natl

Acad Sci. 2017; 114:5775-5777.

28. Melián CJ, Bascompte J. Foodweb structure and habitat loss. Ecol Lett.

2002;5:37-46.

29. Valladares G, Cagnolo L, Salvo A. Forest fragmentation leads to food

web contraction.Oikos. 2012;121:299-305.

30. Magioli M, Ferraz KMPM de B. Deforestation leads to prey shrink-

age for an apex predator in a biodiversity hotspot. Mammal Res.

2021;66:245-255.

31. Mokross K, Ryder TB, Côrtes MC, Wolfe JD, Stouffer PC. Decay of

interspecific avian flock networks along a disturbance gradient in

Amazonia. Proc R Soc B: Biol Sci. 2014;281:20132599.

32. Gandu AW, Cohen JCP, de Souza JRS. Simulation of deforestation in

eastern Amazonia using a high-resolution model. Theor Appl Climatol.

2004;78:123-135.

33. Zheng F-L. Effect of vegetation changes on soil erosion on the loess

plateau. Pedosphere. 2006;16:420-427.

34. Benstead JP, Pringle CM. Deforestation alters the resource base and

biomass of endemic stream insects in eastern Madagascar. Freshwater

Biol. 2004;49:490-501.

35. Thuiller W, Broennimann O, Hughes G, Alkemade JRM, Midgley GF,

Corsi F. Vulnerability of African mammals to anthropogenic climate

change under conservative land transformation assumptions. Glob

Change Biol. 2006;12:424-440.

36. Hagan JM, Haegen WMV, McKinley PS. The early development of

forest fragmentation effects on birds. Conserv Biol. 1996;10:188-

202.

37. Wilson JD, Whittingham MJ, Bradbury RB. The management of crop

structure: a general approach to reversing the impacts of agricultural

intensification on birds? Ibis. 2005;147:453-463.

 2
6

9
8

6
2

4
8

, 0
, D

o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n

lin
elib

rary
.w

iley
.co

m
/d

o
i/1

0
.1

0
0

2
/n

tls.2
0

2
2

0
0

2
7

 b
y

 U
n

iv
ersity

 L
ib

rary
, W

iley
 O

n
lin

e L
ib

rary
 o

n
 [2

8
/0

3
/2

0
2
3
]. S

ee th
e T

erm
s an

d
 C

o
n
d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d
itio

n
s) o

n
 W

iley
 O

n
lin

e L
ib

rary
 fo

r ru
les o

f u
se; O

A
 articles are g

o
v

ern
ed

 b
y

 th
e ap

p
licab

le C
reativ

e C
o

m
m

o
n

s L
icen

se

https://doi.org/10.6084/m9.figshare.16903246.v1
https://doi.org/10.6084/m9.figshare.16903246.v1
https://doi.org/10.6084/m9.figshare.19732966.v1
https://publons.com/publon/10.1002/ntls.20220027
https://publons.com/publon/10.1002/ntls.20220027


NATURAL SCIENCES 11 of 12

38. Tews J, Brose U, Grimm V, et al. Animal species diversity driven by

habitat heterogeneity/diversity: the importance of keystone struc-

tures. J Biogeogr. 2004;31:79-92.

39. Jankowski JE, Merkord CL, Rios WF, Cabrera KG, Revilla NS, Silman

MR. The relationship of tropical bird communities to tree species

composition and vegetation structure along an Andean elevational

gradient. J Biogeogr. 2013;40:950-962.

40. Ferger SW, Schleuning M, Hemp A, Howell KM, Böhning-Gaese K.

Food resources and vegetation structure mediate climatic effects on

species richness of birds.Glob Ecol Biogeogr. 2014;23:541-549.

41. Brinck K.Dynamics of life: self organisation, co-adaptation & the evolution

of resilience in complex ecosystems. Imperial College London; 2018.

42. Christensen K, Di Collobiano SA, Hall M, Jensen HJ. Tangled nature: a

model of evolutionary ecology. J Theor Biol. 2002;216:73-84.

43. Laird S, Lawson D, Jensen HJ. The tangled nature model of evolution-

ary ecology: an overview. In: Deutsch A, Parra RB, Boer RJ, et al. eds.

Mathematical modeling of biological systems, volume II. Birkhäuser

Boston, 2008:49-62.

44. Brinck K, Jensen HJ. The evolution of ecosystem ascendency in a

complex systems basedmodel. J Theor Biol. 2017;428:18-25.

45. Wootton KL, Stouffer DB. Many weak interactions and few strong;

food-web feasibility depends on the combination of the strength

of species’ interactions and their correct arrangement. Theor Ecol.

2016;9:185-195.

46. Hall M, Christensen K, di Collobiano SA, Jeldtoft Jensen H. Time-

dependent extinction rate and species abundance in a tangled-nature

model of biological evolution. Phys Rev E. 2002;66:011904.

47. Arthur R, Nicholson A, Sibani P, Christensen M. The Tangled

Nature Model for organizational ecology. Comput Math Organ Theory.

2017;23:1-31.

48. Püttker T, Bueno AA, dos Santos de Barros C, Sommer S, Pardini R.

Immigration rates in fragmented landscapes – empirical evidence for

the importance of habitat amount for species persistence. PLoS One.

2011;6:e27963.

49. Tabarelli M, Pinto LP, Silva JMC, Hirota M, Bedê L. Challenges and

opportunities for biodiversity conservation in the brazilian atlantic

Forest. Conserv Biol. 2005;19:695-700.

50. Orme CDL, Mayor S, dos Anjos L, et al. Distance to range edge

determines sensitivity todeforestation.NatEcol Evol. 2019;3:886-891.

51. Hatfield JH, Orme CDL, Banks-Leite C. Using functional connectiv-

ity to predict potential meta-population sizes in the Brazilian Atlantic

Forest. Perspect Ecol Conserv. 2018;16:215-220.

52. Boscolo D, Metzger JP. Is bird incidence in Atlantic forest frag-

ments influenced by landscape patterns atmultiple scales? Landsc Ecol.

2009;24:907-918.

53. Banks-Leite C, Pardini R, Tambosi LR, et al. Using ecological thresh-

olds to evaluate the costs and benefits of set-asides in a biodiversity

hotspot. Science. 2014;345:1041-1045.

54. R Core Team. R: A language and environment for statistical computing. R

Foundation for Statistical Computing. 2020.

55. Harris DJ. Inferring species interactions from co-occurrence datawith

Markov networks. Ecology. 2016;97:3308-3314.

56. Schafer J,Opgen-RheinR, ZuberV,AhdesmakiM, SilvaAPD, Strimmer

K. corpcor: Efficient Estimation of Covariance and (Partial) Correla-

tion. R package version 1.6.10. 2021.

57. Friedman J, Hastie T, Tibshirani R. glasso: Graphical Lasso: Estimation

of Gaussian GraphicalModels. R package version 1.11. 2019.

58. Morueta-Holme N, Blonder B, Sandel B, et al. A network approach

for inferring species associations from co-occurrence data. Ecography.

2016;39:1139-1150.

59. Popovic GC, Warton DI, Thomson FJ, Hui FKC, Moles AT. Untangling

direct species associations from indirectmediator species effects with

graphical models.Methods Ecol Evol. 2019;10:1571-1583.

60. ClarkNJ,WellsK, LindbergO.Unravelling changing interspecific inter-

actions across environmental gradients using Markov random fields.

Ecology. 2018;99:1277-1283.

61. Lenth R. emmeans: Estimated Marginal Means, aka Least-Squares

Means. R package version 1.8.4-1. 2023.

62. Tucker CM, Davies TJ, Cadotte MW, Pearse WD. On the rela-

tionship between phylogenetic diversity and trait diversity. Ecology.

2018;99:1473-1479.

63. Michonneau F, Brown JW, Winter DJ. rotl: an R package to interact

with theOpen Tree of Life data.Methods Ecol Evol. 2016;7:1476-1481.

64. Rees J, Cranston K. Automated assembly of a reference taxonomy for

phylogenetic data synthesis. Biodivers Data J. 2017;5:e12581.

65. Paradis E, SchliepK. ape5.0: anenvironment formodernphylogenetics

and evolutionary analyses in R. Bioinformatics. 2019;35:526-528.

66. Zuur AF. Mixed effects models and extensions in ecology with R.

Statistics for biology and health. Springer. 2009.

67. Bates D, Mächler M, Bolker B, Walker S. Fitting linear mixed-effects

models using lme4. J Stat Softw. 2015;67:1-48.

68. Allesina S, Tang S. Stability criteria for complex ecosystems. Nature.

2012;483:205-208.

69. Landi P, Minoarivelo HO, Brännström Å, Hui C, Dieckmann U. Com-

plexity and stability of ecological networks: a review of the theory.

Popul Ecol. 2018;60:319-345.

70. DeveleyPF, Stouffer PC. Effects of roads onmovements by understory

birds inmixed-species flocks in Central Amazonian Brazil.Conserv Biol.

2001;15:1416-1422.

71. Rubenstein DI, Barnett RJ, Ridgely RS, Klopfer PH. Adaptive advan-

tages of mixed-species feeding flocks among seed-eating finches in

costa rica. Ibis. 2008;119:10-21.

72. Sridhar H, Beauchamp G, Shanker K. Why do birds participate in

mixed-species foraging flocks? A large-scale synthesis. Anim Behav.

2009;78:337-347.

73. Rand TA, Tscharntke T. Contrasting effects of natural habitat loss on

generalist and specialist aphidnatural enemies.Oikos. 2007;116:1353-

1362.

74. Kang S, Ma W, Li FY, et al. Functional redundancy instead of species

redundancy determines community stability in a typical steppe of

innermongolia. PLoS One. 2015;10:e0145605.

75. dos Anjos L, Bochio GM,Medeiros HR, et al. Insights on the functional

composition of specialist and generalist birds throughout continuous

and fragmented forests. Ecol Evol. 2019;9:6318-6328.

76. Rutt CL, Jirinec V, Cohn-HaftM, LauranceWF, Stouffer PC. Avian eco-

logical succession in the Amazon: a long-term case study following

experimental deforestation. Ecol Evol. 2019;9:13850-13861.

77. Hatfield JH, Barlow J, JolyCA, et al.Mediation of area and edge effects

in forest fragments by adjacent land use. Conserv Biol. 2020;34:395-

404.

78. Knowlton JL, Phifer CC, Cerqueira PV, et al. Oil palm plantations

affect movement behavior of a key member of mixed-species

flocks of forest birds in Amazonia, Brazil. Trop Conserv Sci.

2017;10:1940082917692800.

79. Pagani-Núñez E, Xia X, Beauchamp G, He R, Husson JHD, Liang

D, et al. Are vocal characteristics related to leadership patterns in

mixed-species bird flocks? J Avian Biol. 2018;49:jav-01674.

80. Stouffer PC, Bierregaard RO. Use of Amazonian Forest fragments by

understory insectivorous birds. Ecology. 1995;76:2429-2445.

81. Lurgi M, Montoya D, Montoya JM. The effects of space and diversity

of interaction types on the stability of complex ecological networks.

Theor Ecol. 2016;9:3-13.

82. Loreau M de Mazancourt C. Biodiversity and ecosystem stability: a

synthesis of underlyingmechanisms. Ecol Lett. 2013;16:106-115.

83. Stouffer PC, Johnson EI, Jr ROB, Lovejoy TE. Understory bird

communities in Amazonian rainforest fragments: species turnover

 2
6

9
8

6
2

4
8

, 0
, D

o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n

lin
elib

rary
.w

iley
.co

m
/d

o
i/1

0
.1

0
0

2
/n

tls.2
0

2
2

0
0

2
7

 b
y

 U
n

iv
ersity

 L
ib

rary
, W

iley
 O

n
lin

e L
ib

rary
 o

n
 [2

8
/0

3
/2

0
2
3
]. S

ee th
e T

erm
s an

d
 C

o
n
d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d
itio

n
s) o

n
 W

iley
 O

n
lin

e L
ib

rary
 fo

r ru
les o

f u
se; O

A
 articles are g

o
v

ern
ed

 b
y

 th
e ap

p
licab

le C
reativ

e C
o

m
m

o
n

s L
icen

se



12 of 12 DEFORESTATIONALTERS SPECIES INTERACTIONS

through 25 years post-isolation in recovering landscapes. PLoS One.

2011;6:e20543.

84. Rooney N, McCann K, Gellner G, Moore JC. Structural asymme-

try and the stability of diverse food webs. Nature. 2006;442:265-

269.

85. Stouffer DB, Bascompte J. Compartmentalization increases food-web

persistence. Proc Natl Acad Sci. 2011;108:3648-3652.

86. Coyte KZ, Schluter J, Foster KR. The ecology of the microbiome:

networks, competition, and stability. Science. 2015;350:663-666.

87. Hughes TP, Linares C, Dakos V, van de Leemput IA, van Nes EH. Liv-

ing dangerously on borrowed time during slow, unrecognized regime

shifts. Trends Ecol Evol. 2013;28:149-155.

88. Loeuille N. Influence of evolution on the stability of ecological commu-

nities. Ecol Lett. 2010;13:1536-1545.

89. Pardini R, Bueno AA, Gardner TA, Prado PI, Metzger JP. Beyond

the fragmentation threshold hypothesis: regime shifts in biodiversity

across fragmented landscapes. PLoS One. 2010;5:e13666.

90. Prist PR, Michalski F, Metzger JP. How deforestation pattern in the

Amazon influences vertebrate richness and community composition.

Landsc Ecol. 2012;27:799-812.

91. Suding KN, Gross KL, Houseman GR. Alternative states and posi-

tive feedbacks in restoration ecology. Trends Ecol Evol. 2004;19:46-

53.

92. PalmerMA,MenningerHL,BernhardtE.River restoration, habitat het-

erogeneity and biodiversity: a failure of theory or practice? Freshwater

Biol. 2010;55:205-222.

93. Lake PS. Resistance, resilience and restoration. Ecol Manag Restor.

2013;14:20-24.

94. Tambosi LR, Martensen AC, Ribeiro MC, Metzger JP. A framework to

optimize biodiversity restoration efforts based on habitat amount and

landscape connectivity. Restor Ecol. 2014;22:169-177.

95. Santos JuniorPCA,MarquesFC, LimaMR,dosAnjos L. The importance

of restoration areas to conserve bird species in a highly fragmented

Atlantic forest landscape.Nat Conserv. 2016;14:1-7.

96. Valiente-Banuet A, AizenMA, Alcántara JM, et al. Beyond species loss:

the extinction of ecological interactions in a changingworld. Funct Ecol.

2015;29:299-307.

97. Blanchet FG, Cazelles K, Gravel D. Co-occurrence is not evidence of

ecological interactions. Ecol Lett. 2020;23:1050-1063.

98. Ulrich W, Banks-Leite C, Coster GD, et al. Environmentally and

behaviourally mediated co-occurrence of functional traits in bird

communities of tropical forest fragments.Oikos. 2018;127:274-284.

SUPPORTING INFORMATION

Additional supporting information can be found online in the Support-

ing Information section at the end of this article.

How to cite this article: Howes B, González-SuárezM, Jensen

HJ, et al. Deforestation alters species interactions.Nat Sci.

2023;e20220027. https://doi.org/10.1002/ntls.20220027

 2
6

9
8

6
2

4
8

, 0
, D

o
w

n
lo

ad
ed

 fro
m

 h
ttp

s://o
n

lin
elib

rary
.w

iley
.co

m
/d

o
i/1

0
.1

0
0

2
/n

tls.2
0

2
2

0
0

2
7

 b
y

 U
n

iv
ersity

 L
ib

rary
, W

iley
 O

n
lin

e L
ib

rary
 o

n
 [2

8
/0

3
/2

0
2
3
]. S

ee th
e T

erm
s an

d
 C

o
n
d
itio

n
s (h

ttp
s://o

n
lin

elib
rary

.w
iley

.co
m

/term
s-an

d
-co

n
d
itio

n
s) o

n
 W

iley
 O

n
lin

e L
ib

rary
 fo

r ru
les o

f u
se; O

A
 articles are g

o
v

ern
ed

 b
y

 th
e ap

p
licab

le C
reativ

e C
o

m
m

o
n

s L
icen

se

https://doi.org/10.1002/ntls.20220027

	Deforestation alters species interactions
	Abstract
	INTRODUCTION
	METHODS
	Tangled Nature model
	Overview of TaNa model
	Model dynamics
	Model Set-up and output

	Empirical data
	Data collection
	Defining empirical interactions

	Data preparation
	Empirical and TaNa model data

	Phylogenetic filtering for the empirical data
	Statistical analysis

	RESULTS
	Analysis of empirical and TaNa model data

	DISCUSSION
	AUTHOR CONTRIBUTIONS
	ACKNOWLEDGEMENTS
	ETHICS STATEMENT
	CONFLICT OF INTEREST STATEMENT
	DATA AVAILABILITY STATEMENT
	PEER REVIEW

	REFERENCES
	SUPPORTING INFORMATION


