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ARTICLE INFO ABSTRACT

Keywords: Recent evidence suggests NH3 emissions from road vehicles play an important role in the formation of fine
Vehicle _emissmﬂs particulate matter, especially in urban areas. However, there is little data available for NHz emitted from road
Ammonia ) vehicles under real driving conditions, in part due to its lack of regulation in vehicle emission legislation. In this
E?‘:r‘z;es sensing study, we use 210,000 vehicle emission remote sensing measurements to evaluate the complex mix of factors

affecting NH3 emissions from gasoline and gasoline hybrid passenger cars. The influence of vehicle model year
and manufacturer on NH3 emissions is considered, as well as the effect of vehicle deterioration. It is found that
the amount of NH3 emitted increases as vehicle mileage increases. A comparison of cold start and hot exhaust
NHj3 emissions reveals that on average, cold start emissions are a factor of 1.7 times higher. New NH3 emission
factors are developed, in addition to speed-emission curves that are potentially useful for national inventories. A
new application of remote sensing data is reported, whereby the proportion of failed CO, measurements for
hybrid vehicles provides unique insight into the real world battery use of both conventional hybrid electric and

plug-in hybrid electric vehicles, which is used to refine the NH3 emission factors for these vehicles.

1. Introduction

The significance of road vehicle emissions as a source of atmospheric
ammonia (NHjs) is becoming increasingly recognised. NH3 has consid-
erable impacts on both human health and the environment, through its
contribution to the formation of fine particulate matter (PMy 5) and the
eutrophication and acidification effects on ecosystems. Recent studies
have found that many existing national emissions inventories underes-
timate the contribution of the road transport sector to total NH3 emis-
sions. In the US, NH3 emissions from vehicles are anticipated to be more
than twice those of the National Emission Inventory (Sun et al., 2017). A
recent UK study estimated that total gasoline passenger car NH3 emis-
sions are underestimated by a factor of approximately 2.6 compared
with the UK National Atmospheric Emissions Inventory, and emissions
in urban areas are underestimated by a factor of 17 (Farren et al., 2020).
The emission factors adopted as the basis for the UK inventory are used
for national inventory development in many other European countries
and therefore these conclusions are likely applicable across the
continent.

NH; emissions pose a significant threat to urban air quality due to
their important role in the formation of secondary particles (Erisman
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and Schaap, 2004). Although agricultural activity dominates overall
emissions of NHs, road vehicles have a disproportionately greater
impact on the NH3 budget in urban areas (Sun et al., 2017). Around 40%
of the US population live in counties where NH3 emissions from vehicles
are higher than from agricultural practices (Fenn et al., 2018). In these
typically NHs-limited regions, vehicle NH3 can react readily to form
secondary inorganic aerosol, such as ammonium nitrate, leading to
increased levels of PMy 5 (Liu et al., 2015; Chang et al., 2016). Pan et al.
(2016) demonstrated this effective pathway to particle formation
through a !°N isotope study, which showed that fossil fuel
combustion-related activities dominated atmospheric NH3 sources dur-
ing severe haze episodes in urban Beijing, China. More recently, Wang
et al. (2020) provided new evidence to rationalise the formation of new
particles in megacity environments; they argue localized supersatura-
tion of NH3 and nitric acid (HNOs3) and temperature heterogeneities can
occur in many cities, creating conditions under which new clusters can
grow rapidly by accumulating ammonium nitrate. Emissions from traffic
are a strong local source of NH3 and nitrogen oxides (a precursor to
HNO3) and may contribute to the transient inhomogeneous conditions
in urban environments that enable this rapid particle growth.

With the exception of the Euro VI standard for heavy duty vehicles
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(European Commission, 2011), there are currently no vehicle emission
standards to regulate NHs worldwide. This is not the case for other
important pollutants emitted from road vehicles, such as CO, hydro-
carbons and NOy, which have been regulated effectively in many
countries over the last few decades. In fact, vehicle emissions of NH3 are
largely a byproduct of the technologies introduced to meet increasingly
stringent NOy emissions limits. For example, three way -catalysts
(TWCs), first introduced for Euro I gasoline vehicles in 1992 (Ntziach-
ristos et al., 2019), operate by simultaneously oxidizing CO and unburnt
hydrocarbons to CO2 and water and reducing NOy to nitrogen gas. NHg
formation can occur on the TWC when the reduction of NOy does not
stop at Ny but continues to NHs. Furthermore, many modern diesel ve-
hicles rely on selective catalytic reduction (SCR) as an after-treatment
technology, which aims to minimize NOy emissions through reaction
with NH3 on a catalyst surface. NH3 comes from the injection of urea,
which must be carefully managed in order to avoid excessive NHj3
emission, commonly termed ‘ammonia slip’. A US study by Bishop and
Stedman (2015) found NHj to be the dominant reactive nitrogen com-
pound emitted from many newer vehicles, as a result of the growing
efficiency of TWCs to reduce NOy emissions and the introduction of SCR.
Despite this, NH3 emission factors used in many national inventories are
derived from a limited number of vehicle measurements, often carried
out in the laboratory. In recent years, detailed studies of on-road emis-
sions of NH3 using Portable Emissions Measurement Systems have
emerged (Mendoza-Villafuerte et al., 2017; Suarez-Bertoa et al., 2017;
Vojtisek-Lom et al., 2018). However, the studies are limited to a small
number of vehicles, due to the cost and time restraints associated with
these methods. Remote sensing measurements can help address this
issue, as large numbers of on-road measurements can be made in a
relatively short period of time, encompassing the wide range of vehicle
physical characteristics and driving conditions encountered in the real
world.

Another potentially important source of NH3 is exhaust emissions
from gasoline hybrid vehicles when the combustion engine is in use.
Across Europe, conventional hybrid electric vehicles represented 4% of
new registrations in 2019, and plug-in hybrid electric vehicles (PHEVs)
accounted for a further 1% of new car sales (EEA, 2020). Both types of
hybrid rely on the use of a gasoline engine and an electric motor. PHEV
batteries can be charged by an external electric power source, by the
internal combustion engine (ICE), or through regenerative braking.
Conventional hybrid electric vehicles on the other hand rely on charging
by the ICE and regenerative braking only. The UK government has
committed to bringing all greenhouse gas emissions to net zero by 2050
and the next steps towards cleaner road transport are presented in the
Road to Zero strategy (DfT, 2018a). Whilst this strategy recognises that
the environmental performance of hybrids (conventional hybrids,
PHEVs and range extenders) depends on their use and zero emission
range, these vehicles are identified as some of the cleanest vehicles on
the market with the potential to bring significant environmental benefits
(DfT, 2018b). The Road to Zero strategy identifies the uptake of hybrid
vehicles as a key way to help motorists switch to a different way of
powering their vehicles and anticipates their use will lead to significant
reductions in greenhouse gas emissions. It is therefore important to
develop a robust understanding of the behaviour of these vehicles under
real driving conditions, from both an air quality pollutant and green-
house gas emission perspective.

Unlike conventional hybrid electric vehicles, NH3 emissions from
PHEVs depend not only on real driving operation but also on the extent
to which the vehicle has been charged. In other words, the on-road
emissions from PHEVs depend to an unusually large degree on user
behaviour, i.e. how diligent someone is in charging their vehicle, and
journey length, rather than the performance of the combustion engine
itself. The International Council on Clean Transportation (ICCT) recently
investigated the CO2 emissions performance of PHEVs, based on real-
world fuel economy data. They found that the average utility factor, a
measure of the proportion of vehicle km driven using batteries, is 69%
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for New European Drive Cycle (NEDC) type approval tests but only 37%
for real-world driving (Plotz et al., 2020). The disparity between fuel
consumption achieved in type approval tests and under real driving
conditions is further evidenced by a Dutch study based on fuel card
usage data; it was estimated that for modern PHEVs the proportion of
km driven using batteries is 25% on average (van Gijlswijk and Ligter-
ink, 2018). These studies provide estimated utility factor values based
on reported fuel economy. In this paper, we explore the possibility of
using vehicle emission remote sensing measurements to directly mea-
sure the amount of time hybrids spend using batteries under real driving
conditions. Not only does this provide insight into anticipated CO5 re-
ductions from hybrid vehicles, it also allows measured emissions of NH3
to be adjusted to account for zero exhaust emissions when using
batteries.

In this study, we perform a detailed analysis of comprehensive
vehicle emission remote sensing measurements to better understand
NHj3 emissions from gasoline and gasoline hybrid cars under real driving
conditions. Uniquely, the failure rate of the CO5 remote sensing mea-
surements is used to provide new insight into the emissions behaviour of
hybrid vehicles. Consideration is given to how the emission of NH3 has
changed with vehicle manufacture date, as well as the influence of
different vehicle manufacturer mixes across the gasoline and hybrid
fleets. Important findings in this work related to the effect of cold starts
and vehicle deterioration on NH3 emissions are also discussed.
Furthermore, a previously developed method for deriving distance-
based (g km ) emission factors from remote sensing measurements
(Davison et al., 2020) is used to generate new NHj3 speed-emission
curves for potential use in national emission inventories and transport
models. Overall, this paper uses recent evidence to evaluate the complex
mix of factors affecting NHg emissions from road vehicles. As the extent
of fleet hybridisation, as well as the ageing and uptake of gasoline cars
continues to evolve, the outcomes of this study improve the ability to
assess the relative impacts of these changes on vehicle NHs emissions.

2. Materials and methods
2.1. Instrumentation

Vehicle emission remote sensing measurements were collected using
two remote sensing devices: the Fuel Efficiency Automobile Test (FEAT)
instrument developed by the University of Denver and the RSD5000
manufactured by Opus. The principle of operation is described exten-
sively in the literature (Bishop and Stedman, 1996; Burgard et al.,
2006a) and is only briefly considered here. The instrument setup con-
sists of an UV/IR source, detector, optical speed bars and a vehicle
registration plate camera. The UV/IR source and detector are aligned
across a single lane road, at the level of the vehicle exhaust plume. As
each vehicle intersects the UV/IR beam, the amount of light absorbed by
each target pollutant at specific wavelengths of light is measured. Within
the detector module there are four non-dispersive IR detectors to mea-
sure CO (4.6 pm), COy (4.3 pm), hydrocarbons (HC, 3.4 pm) and a
background reference (3.9 pm). Inside the FEAT detector the UV
component is passed through a quartz fibre bundle to two separate
spectrometers; one spectrometer measures NH3 (209, 213 and 217 nm)
and NO (227 nm) (Burgard et al., 2006b) and the other measures NO5
(430-447 nm). The Opus spectrometer also measures NH3 at 205 nm in
addition to the wavelengths used by the FEAT. The Opus RSD5000 does
not have a separate spectrometer for the detection of NO,.

Each pollutant is measured as a ratio to CO,, to account for the
variation in the dilution and position of the exhaust plume. The molar
volumes of each pollutant, e.g. NH3 to CO5, can be used to derive fuel-
specific emission factors in grams of pollutant per kilograms of fuel.
Calibrations are conducted every few hours using three calibration
cylinders containing (1) propane, NO, CO and CO; in Ny, (2) NH3 and
propane in No, (3) NO; and CO; in synthetic air. This accounts for
changes in instrument sensitivity and ambient COy levels. Detailed
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cylinder specifications can be found in Table S1.

A photograph of each vehicle is taken to capture the registration
plate. The vehicle registration numbers were cross-referenced with
vehicle information databases by CDL Vehicle Information Services
Limited to return data such as fuel type, Euro standard and vehicle
manufacture and registration dates. CDL retrieve information from the
Driver and Vehicle Licensing Agency as well as data queried from the
Society of Motor Manufacturers and Traders Motor Vehicle Registration
Information System. Information regarding the mileage of a vehicle at
its last MOT (technical) inspection test was also made available by CDL.

2.2. Measurement locations

Vehicle emission remote sensing measurements were collected at 37
sites across 14 regions in the United Kingdom between 2017 and 2020.
Detailed location information can be found in Table S2. Surveys were
carried out during daylight hours (approximately 0800-1800 h), apart
from during periods of rain as the instrumentation is not weatherproof.
The ambient temperature ranged from —1 to 29 °C throughout the
measurement campaigns, with a mean temperature of 14 °C, covering
over 98% of air temperature conditions experienced (for example) in
London. A total of 405,217 passenger car measurements were obtained.
49% of the measurements were gasoline vehicles and 3% were gasoline
hybrids. A statistical summary of these records is provided in Table 1.

2.3. Cold start measurements

An important part of this study is a comparison between emissions
from gasoline vehicles that are likely to have hot engines versus those
with cold engines. For most remote sensing campaigns it is difficult to
know the proportion of vehicles that may have undergone a cold start.
However, with careful site selection, it is possible to set up a contrast
between conditions where hot or cold engines are dominant. Vehicle
emission measurements were made at the Harwell Science Campus,
approximately 25 km south of the City of Oxford in south England, over
18 days between 20th March and 20™ September 2017. The campus has
over 5,000 employees and is isolated from any major towns and cities,
therefore the vast majority of vehicles arriving in the morning would
have hot engines given the distances they would have travelled.
Conversely, most vehicles leaving the campus at the end of the day
would have been parked for several hours and would be leaving the site
with cold engines. The measurements were conducted at two exits of a
roundabout on Fermi Avenue, allowing vehicles both entering and
leaving campus to be measured. Both survey sites were on flat terrain
with zero gradient and it is estimated that vehicles leaving the site would
have typically travelled 300-500 m prior to their measurement. A total
of 3,893 Euro 3-6 gasoline passenger cars were measured arriving at the
site and 3,355 were measured leaving the site. A summary of the mea-
surements is provided in Table 2 and shows that the distributions of

Table 1

Summary of gasoline and gasoline hybrid passenger car measurements. The
number of manufacturers with >100 measurements is shown. 'Mean (standard
deviation).

Characteristic Gasoline Gasoline hybrid

Number of measurements 198,188 11,440
Manufacturers 42 8
Mileage records 98,023 (49%) 5,803 (51%)

Euro 2 8,313 (4%) 0 (0%)

Euro 3 37,917 (19%) 162 (1%)
Euro 4 56,932 (29%) 764 (7%)
Euro 5 50,954 (26%) 6,157 (54%)
Euro 6 44,072 (22%) 4,357 (38%)
Speed! (km h™1) 35.5 (10.9) 33.7 (9.6)
VSP! (kW t 1) 5.1 (7.8) 4.8 (7.2)
Ambient tempera’(ure1 (ﬂ Q) 14.2 (4.9) 12.5 (4.2)
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Table 2
Summary of Euro 3-6 gasoline passenger cars measured entering and leaving the
Harwell Science Campus. 1Mean (standard deviation).

Characteristic Arrive (hot) Leave (cold)
Number of measurements 3,893 3,355

Euro 3 828 (21%) 738 (22%)
Euro 4 1,373 (35%) 1,116 (33%)
Euro 5 1,077 (28%) 991 (30%)
Euro 6 615 (16%) 510 (15%)
Speed! (km h™1) 35.1(4.5) 31.9 (4.9)
Acceleration' (km h™!s71) 1.9 (1.8) 2.1 (2.8)
VSP! (kw t ) 8.8 (5.9) 8.8 (8.2)
Ambient temperature1 ( ‘ C) 13.0 (3.8) 19.1 (2.7)

vehicle speed and acceleration were similar for vehicles entering and
leaving the site, yet ambient temperatures were different; vehicles
leaving were measured later in the day and the average temperature was
19 °C, compared to around 13 °C in the morning.

2.4. Data analysis

Generalised Additive Models (GAMs) were used to derive relation-
ships between emissions and variables such as vehicle mileage or vehicle
specific power. GAMs are a highly flexible data-driven modelling
approach that can be used to establish non-linear relationships between
variables (Wood, 2004). The gam function in the mgcv R package was
used in the current study (Wood, 2003). Quantile regression was also
applied to determine how different percentiles of vehicle mileage vary
with vehicle age. This was performed using the ggam function in the
gqgam R package (Fasiolo et al.,, 2017). An advantage of the GAM
approach for these analyses is that prior data aggregation e.g. to the
nearest 10,000 km for vehicle mileage, is not required, despite the in-
dividual vehicle measurements exhibiting considerable scatter.

2.5. Hybrid battery use

A measurement of emissions from a vehicle exhaust plume is
attempted each time a vehicle passes the light beam of the remote
sensing device. For conventional gasoline vehicles, a small fraction of
measurements (1.7%) have an invalid COy plume and are therefore
discarded. This can occur for several reasons, such as only measuring a
small part of the dispersing plume. However, the proportion of mea-
surements with an invalid COy plume is considerably greater for gaso-
line hybrid vehicles, because exhaust emissions are zero when the
vehicle is using the battery. This means that the valid remote sensing
measurements for hybrid vehicles represent emission behaviour when
the vehicle is using the engine, but in reality overall emissions will be
lower as the vehicles operate in battery mode for a proportion of each
trip. In this study, we use the percentage of failed hybrid measurements,
i.e. those with an invalid CO plume, as a direct measure of the amount
of time hybrids spend using batteries under real driving conditions. This
information can be used to correct the measured NH3 emission factors
accordingly so that they represent trip-average emissions.

The percentage of time a vehicle spends using batteries can be
influenced by driving conditions, therefore a GAM was used to predict
the relationship between the percentage of failed measurements and
vehicle specific power (VSP), for both conventional gasoline hybrids and
PHEVs. VSP is an estimate of the power demand on the vehicle engine in
kW t~! and was calculated using the method presented in Davison et al.
(2020). Next, the GAM was used to predict the percentage of time a
hybrid spends in battery mode at 2.9 kW t~L. This is the average VSP
under urban driving conditions, and is derived from over 1,394 km of 1
Hz real urban drive cycle data, obtained from measurements using
portable emissions measurement systems (PEMS) performed by the UK
Department for Transport (2016).
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The average proportion of time spent using batteries under urban
driving conditions was 29% for ordinary hybrid electric vehicles and
42% for PHEVs. Battery use under urban driving conditions was selected
as the remote sensing surveys were conducted in urban areas. The
average NHj emissions (g kg™! fuel) for hybrid electric vehicles and
PHEVs were therefore reduced by 29% and 42% respectively, and as a
result considered to more accurately represent trip-average NH3 emis-
sion behaviour.

2.6. Distance-based emission factors

Distance-based (g km ') emission factors for NHj3 were derived from
the remote sensing measurements using the method presented in Davi-
son et al. (2020) and GAMs were used to establish speed-emission factor
curves. The g km™! emission factors were calculated over real-world
drive cycles that encompass a wide range of driving conditions
including urban, rural and motorway driving. The emission factors and
speed-emission factor curves based on real world measurements can be
compared with those in the COPERT emission factor model and the
EMEP/EEA Emission Inventory Guidebook (EMISIA, 2018; Ntziachristos
et al., 2019), which are typically based on a combination of laboratory
and on-board measurements using PEMS.

In brief, the first step in the derivation of g km ™! emission factors was
the calculation of VSP, in kW t*. Road load values and aerodynamic
drag coefficients provided in Davison et al. (2020) were used for this
step. Next, fuel consumption was calculated from VSP using the linear
relationship in the Passenger Car and Heavy Duty Emissions Model
(Hausberger, 2003). Fuel consumption (kg s~ 1) was then combined with
the fuel-based (g kg_l) emission factors from remote sensing to obtain
time-specific emission factors in g s™*.

GAMS were used to relate time-specific emission factors to VSP,
categorised according to fuel type, Euro standard and engine size group.
This enabled g s~! emissions to be mapped to 1 Hz drive cycles, obtained
from PEMS measurements performed by the UK Department for Trans-
port (2016). In total the PEMS data contains 4,243 km of real-world
driving across 58 routes. The models were fit between 0 and 40 kW
t™! and emissions from negative VSP conditions were assumed to be
zero.

The g km ™! emission factors can be calculated as the sum of all of the
1 Hz time-specific emissions divided by the total distance of all the drive
cycles. For each Euro standard and engine size category, speed-emission
factor curves were created for gasoline passenger cars using GAMs that
relate g km™! emission factors to the range of vehicle speeds within the
real-world drive cycles.

3. Results and discussion
3.1. Emissions from gasoline and gasoline hybrid cars

Average fuel-specific (g kg~!) NH3 emissions by vehicle model year
are shown for gasoline and gasoline hybrid passenger cars in Fig. 1. The
size of the circles shows the number of measurements for each vehicle
type and model year. Gasoline passenger cars make up a considerably
larger share of the UK vehicle fleet compared to hybrids. Average NHz
emissions from gasoline cars manufactured between 2000 and 2019
range from 0.42 to 1.11 g kg ™. Overall a steady decrease in the amount
of NH3 emitted is observed with increasing model year, although this
may be partly attributed to the age of the vehicle at the time of mea-
surement, which is discussed later. A summary of the g kg~' NHj
emissions, grouped by fuel type and Euro class, is provided in Table 3.
The reported emission factors are considered highly robust, as they are
based on around 210,000 gasoline and gasoline hybrid vehicles
measured across a wide range of real driving conditions.

Two types of gasoline hybrid cars are shown in Fig. 1: conventional
hybrid electric vehicles and plug-in hybrid electric vehicles (PHEVSs).
Overall hybrid vehicles make up a much smaller proportion of the fleet,
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Fig. 1. Emissions of NHs (g kg~! fuel) for gasoline, hybrid electric and plug-in
hybrid passenger cars by model year. The size of each point is proportional to
the share of the vehicle type and model year in the total gasoline fleet. Emis-
sions from hybrid electrics and plug-in hybrids are reduced by 29% and 42%
respectively to account for the estimated percentage of time the vehicles are
using batteries under urban driving conditions.

Table 3

Emissions of NHs (g kg ™!) from gasoline passenger cars, gasoline hybrid electrics
and PHEVs, grouped by Euro standard. Measured emissions from hybrid elec-
trics and PHEVSs are reduced by 29% and 42% respectively to account for battery
use in urban driving conditions. The associated uncertainties are based on the
95% confidence interval of the emission factors.

Euro standard Fuel specific NH3 (g kg™ 1)

Gasoline Hybrid electric PHEV
2 1.13 £+ 0.04 - -
3 0.93 £+ 0.02 - -
4 0.78 £ 0.01 0.13 + 0.04 -
5 0.64 + 0.03 0.32 £+ 0.02 0.24 £ 0.13
6 0.49 + 0.01 0.28 + 0.04 0.20 + 0.05

but the amount of NH3 emitted is non trivial and the fraction of hybrids
in the vehicle fleet is anticipated to grow in the coming years. NH3 is
emitted from hybrid vehicles and detected by the remote sensing device
when the vehicle is relying on the use of the internal combustion engine.
NHj3 is not emitted when the vehicle is in battery mode. Therefore in
reality, overall trip-average emissions of NHz are lower because a pro-
portion of the vehicle km is driven in battery mode, and the reported
emission factors need to be adjusted to account for this.

The NHj emissions for hybrid electrics and PHEVs shown in Fig. 1
have been reduced by 29% and 42% respectively, to account for the
estimated amount of time the vehicles use batteries under typical urban
driving conditions. This is estimated using the percentage of failed CO5
remote sensing measurements for hybrids at VSP levels representative of
urban driving. Overall, NH3 emissions from hybrid cars are lower than
gasoline cars. The average amount of NH;3 emitted from hybrid electric
cars manufactured between 2005 and 2018 is 0.21-0.42 g kg 1. Average
NHj3 emissions from PHEVs manufactured between 2015 and 2017
range from 0.15 to 0.26 g kg~'. NH3 emissions by Euro class for hybrid
vehicles are also included in Table 3. The measured emissions have been
adjusted to account for battery use in urban driving conditions. The
corresponding measured values (prior to adjustment) can be found in
Table S3.

3.2. Hybrid battery use

Fig. 2 shows the relationship between VSP and the estimated
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Fig. 2. Relationship between vehicle specific power and estimated percentage
of time on batteries for gasoline hybrid electrics and PHEVs. The size of the
circles shows the number of measurements. The density plots (grey) show the
distribution of vehicle powers for urban, rural and motorway driving conditions
observed in the Department for Transport PEMS tests.

percentage of time spent using batteries for hybrid electric vehicles and
PHEVSs. The size of the circles is proportional to the number of mea-
surements. The density plots show the VSP distributions of the PEMS
drive cycle measurements carried out by the Department of Transport
and represent over 4,000 km of driving across 58 routes (Department for
Transport, 2016). The distributions help visualise how expected battery
use varies for different driving scenarios.

For hybrid electric vehicles, the proportion of time spent using bat-
teries, also known as the utility factor, is high at low power demands.
However a sharp decline is observed as the VSP increases. A different
trend is observed for PHEVS, and the data suggests that these vehicles
use their batteries across a wider range of driving conditions. This means
that PHEVs extend their advantage over hybrid electrics in rural and
motorway scenarios. For both vehicle types, an increase in utility factor
occurs at the highest power demand; this may be a result of the increased
need for battery use to compensate for the lower powered engines
installed in hybrids.

Overall the predictions show that across all driving conditions, utility
factors of 23% and 41% are estimated for conventional hybrid electrics
and PHEVSs respectively. The predicted battery use of 41% for PHEVs is
similar to the value of 37% reported by the ICCT, obtained from their
analysis of real-world CO5 emissions performance of PHEVs (Plotz et al.,
2020). Both the findings in this study and those presented by the ICCT
show significantly lower battery use than results from NEDC type
approval tests, which report a utility factor of 67% for PHEVs.

A key strength of this study is that the findings are based on direct
observations from real driving measurements on UK roads. In the case of
PHEVs, the results may indicate that people are not charging their
vehicle often enough, or choosing a driver-selectable vehicle operating
mode that blends battery/motor and engine use. The outcomes of this
study have been used to correct the NH3 emissions from hybrid vehicles
to adjust the emissions measured by remote sensing when using an en-
gine to account for zero exhaust emissions when using batteries. How-
ever, there are a number of applications for the failed CO, remote
sensing measurements; for example this information may provide useful
insight into the real world CO, emissions performance of hybrids. This
information is useful for many countries, including the UK, who are
committed to reaching net zero in terms of greenhouse gas emissions in
the upcoming decades.
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3.3. Emissions by vehicle mileage

Fig. 1 showed a decrease in NH3 emissions from gasoline passenger
cars with increasing model year. It is useful to consider if the observed
decrease is because newer vehicles are inherently cleaner, or if it is due
to the fact that earlier-model vehicles are older at the time of mea-
surement, or some combination of both factors. The vehicle technical
information allows the age of each vehicle at the time of measurement to
be determined. Traditionally, this has been the best available proxy for
studying the effect of vehicle deterioration on NH3 emissions. More
recently however, records of vehicle mileage at the vehicle’s last MOT
test have been made available. The MOT inspection is the UK’s annual
test of vehicle safety and roadworthiness. This is arguably a better
measure of deterioration as it provides a direct measure of the distance a
vehicle has driven and is therefore more representative of vehicle usage
than vehicle age. This is because in reality, vehicles of a certain age will
be associated with a wide range of mileages, depending on how far an
individual vehicle is driven. The left panel of Fig. 3 shows the variation
of vehicle mileage with vehicle age for UK gasoline passenger cars. The
purple line shows the median value and the blue lines show the 5th and
95th percentile values determined by quantile regression. As an
example, a 5-year old car has a median mileage of around 35,000 km,
but the range from the 5th to 95th percentile is approximately 15,000 to
75,000 km. As vehicle age increases, the variation in the associated
mileage becomes even greater.

The right panel of Fig. 3 shows emissions of NHs (g kg~! fuel) as a
function of vehicle mileage for gasoline passenger cars, derived using a
GAM. The relationship between emissions of NH3 and mileage is based
on over 73,000 gasoline passenger car measurements for which mileage
information was available. Mileage information is only available for
around half of the fleet because passenger cars in the UK are not required
to undertake an annual MOT test until they are over 3 years old.
Nevertheless, the large sample size and wide coverage of mileage range
provide a valuable insight into the effect of vehicle deterioration on NH3
emission behaviour. The GAM shows that as vehicle mileage increases,
the amount of emitted NHj3 also increases, close to linearly. This is likely
due to degradation of the air-fuel ratio control, causing fuel-rich con-
ditions during which NHj is created in the catalyst. The GAM predicts an
increase in the average amount of NH; emitted of around 0.3 g kg™! fuel
over the first 100,000 km driven. The increase occurs at a linear rate of
approximately 0.075 g kg~ per 25,000 km. The rate of increase in
emitted NH3 becomes more gradual at higher mileages (above around
120,000 km), although it is worth noting that there is more uncertainty
in the GAM at very high mileages as there are fewer vehicle measure-
ments available.

A unique strength of a database in which vehicle emission remote
sensing data is matched with mileage information is that the sample size
is large enough to compare average NHj3 emissions for different Euro
class vehicles that have driven the same distance. For example, this
study revealed that average NH3 emissions associated with vehicles that
have travelled between 40,000 and 50,000 km are 0.78 g kg~! fuel for
Euro 3 and 4 gasoline passenger cars, and 0.68 g kg ™! fuel for Euro 5 and
6 cars. This suggests that whilst vehicle deterioration leads to increasing
NH3 emissions over time, absolute emissions from newer Euro standards
are also gradually decreasing.

Changes in NH3 emission performance due to vehicle deterioration is
a key consideration in the EMEP/EEA emission inventory guidebook
(Ntziachristos et al., 2019), which is used to inform the COPERT emis-
sion factor model (EMISIA, 2018) as well as national inventories in many
European countries. COPERT emission factors for NHj are a function of
cumulative mileage and are based on mean odometer readings for ve-
hicles of a particular type. Between 0 and 100,000 km, the COPERT NHj;
emission factors for gasoline cars increase by 15% for Euro 3 and 4 and
by 18% for Euro 5 and 6 under hot urban driving conditions. In this
study, a direct measure of the rate of increase in NH3 emissions with
vehicle mileage under real driving conditions is available for
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Fig. 3. Variation of vehicle mileage with vehicle age for gasoline passenger cars in the UK (left). The purple line shows the median value and the blue lines show the
5th and 95th percentile values as determined by quantile regression. Emissions of NH; (g kg™ ! fuel) as a function of vehicle mileage for gasoline passenger cars,
derived using a GAM (right). (For interpretation of the references to colour in this figure legend, the reader is referred to the Web version of this article.)

comparison. For Euro 3 and 4 gasoline passenger cars, we observe that
NHj; emissions increase by around 35% between 0 and 100,000 km. This
is a higher rate of increase than assumed in the EMEP/EEA emission
inventory guidebook. For Euro 5 cars, NHj increases by approximately
17% over the first 100,000 km, which agrees well with the COPERT
assumptions. There is insufficient mileage data for Euro 6 cars at this
stage. Overall, this study uses a large number of measurements con-
ducted under real driving conditions to strengthen the understanding of
NHj3 emission behaviour in relation to vehicle deterioration.

3.4. Cold start effects

Exhaust emissions that occur before a vehicle’s engine and after-
treatment system have reached the normal operating temperatures are
referred to as cold start emissions. Fig. 4 shows emissions of NOy and
NHj3 from gasoline passenger cars, grouped according to Euro class and
categorised by whether vehicles are likely to have hot or cold engines at
the time of measurement. The NOy and NH3 emission values are also
provided in Tables S4 and S5. In line with expectations, NOy emissions
decrease significantly with increasing Euro class. This is a result of the

requirement for vehicle manufacturers to meet increasingly stringent
NOy emission limits. Nevertheless, for Euro 3-5 gasoline cars, the
amount of NOy emitted when the engine is cold remains higher than hot
engine emissions. There is a clear reduction in the magnitude of the
difference between cold start and hot exhaust NOy emissions with
increasing Euro class. The cold start NOy is approximately a factor of 1.7
times higher for Euro 3 gasoline cars, whereas NOyx emissions from Euro
6 cars are roughly similar for cold start and hot exhaust vehicles; the
improved cold-start performance is likely a result of continuous im-
provements in catalyst light-off approaches.

NHj; emissions from gasoline cars with hot engines are just below 0.6
g kg™ for Euro 3 and 4 vehicles, and approximately 0.3 g kg ™! for Euro 5
and 6. With the exception of Euro 3 vehicles, cold start NH3 emissions
are higher than the warm engine emissions for each Euro class. How-
ever, unlike NOy emissions, the magnitude of the difference between
emissions from cold and hot engines does not improve for the more
recent Euro classes. The ratio of NH3 emitted from cold versus hot en-
gines is approximately 2.8 for Euro 5 vehicles and around 2.3 for Euro 6.
During the engine warm-up phase, excess fuel is delivered to the engine
to compensate for the loss of fuel as a result of condensation on cold
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Fig. 4. Emissions of NO, and NH; (g kg~ fuel) from Euro 3-6 gasoline passenger cars, split by whether vehicles are likely to have hot engines or cold starts.
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surfaces within the engine. This avoids engine misfire and maintains
vehicle driveability (Boulter and Latham, 2009). Excess fuel equates to a
decreased air-fuel ratio, which can lead to increased emissions of CO and
hydrocarbons as a result of incomplete fuel combustion. Whilst the fuel
rich conditions are beneficial for minimising cold start NO, emissions,
Hj formation can occur from CO and H,O via the water gas shift reaction
of from hydrocarbons via steam reforming (Whittington et al., 1995;
Barbier and Duprez, 1994). This has the unintended negative conse-
quence of promoting the formation of excess NH3 on vehicle start-up.

The amount of time a vehicle takes to reach its normal operating
temperature depends on several factors, including ambient temperature,
the length of time a vehicle has been parked for, and the extent to which
a vehicle has been fully warmed up during its previous journey (Boulter
and Latham, 2009). In this study, the average ambient temperature was
14 °C when vehicles with hot engines were measured, and 20 °C when
the cold engines were measured. The measurements provide useful
insight into cold start NH3 emissions under real driving conditions, but
in reality the amount of NH3 emitted from cold starts is likely greater in
certain situations, such as during the winter when ambient temperatures
are lower. Furthermore, the meteorological conditions associated with
low ambient temperatures are generally less favourable for pollutant
dispersion. This is particularly important in urban areas, where the
majority of car journeys begin. In towns and cities, NHs; emissions
potentially have a more effective pathway to particle formation; a key
consideration from a human exposure perspective as the population
density is greater in towns and cities.

3.5. Emissions by vehicle manufacturer

Emissions of NH;3 (g kg~! fuel) for Euro 5 gasoline and gasoline
hybrid passenger cars, categorised by the main vehicle manufacturer
groups, are shown in Fig. 5. The width of each rectangle represents the
share of the manufacturer group in each fleet. Note that the NH3 emis-
sions shown for hybrids are representative of when the vehicle is using
the engine, and for this example NH3 emissions have not been reduced to
account for when the hybrid is using batteries. To assess the influence of
manufacturer group composition on NHz emissions from gasoline and
hybrid cars, Euro 5 vehicles have been selected, so that the average age
of vehicles at the time of measurement is similar for both fleets. A
comparison of the entire gasoline versus hybrid fleet would not be
suitable as overall the hybrid fleet is newer.

The manufacturer grouping is based on the approach used by the
International Council on Clean Transportation in their analysis of
vehicle emission remote sensing data (Bernard et al., 2018). The
grouping relies on the tendency for manufacturers to use similar
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aftertreatment technologies and emission control strategies in a range of
vehicle models and across brands of the same vehicle ‘family’. For
example, the Toyota group includes Toyota, Lexus and Daihatsu vehi-
cles. The manufacturer grouping for the main gasoline and gasoline
hybrid passenger car manufacturers is provided in Table S6. For Euro 5
gasoline hybrid passenger cars, there are 2 main manufacturer groups as
shown in Fig. 5, and the fleet is dominated by vehicles from the Toyota
Group (TOY), which make up 90% of all measured Euro 5 gasoline hy-
brids. In contrast, there are 11 main manufacturer groups for Euro 5
gasoline cars and the proportions of the different groups are more evenly
distributed; vehicles from the RNA, FRD, GEM and VWG groups each
comprise between 12% and 19% of the sampled Euro 5 gasoline car fleet
for example.

Before adjustments are made to account for the fact that hybrid ve-
hicles spend a proportion of their time using batteries, average NHj
emissions from hybrid electric cars are already lower than those of
gasoline cars; average emissions for Euro 5 vehicles are 0.45 g kg™ for
hybrids and 0.65 g kg~! for gasoline cars. Fig. 5 indicates that this is
likely due to the manufacturers involved, rather than an intrinsic char-
acteristic of hybrids when their engine is in use. The bulk of Euro 5
hybrid vehicles are manufactured by the Toyota Group (90%) and the
Honda Group (9%), with average NHs emissions of 0.47 and 0.21 gkg ™!
respectively. Interestingly, NH3 emissions from gasoline cars produced
by these two manufacturer groups are on the lower end of the scale
(0.39 g kg ! for both Toyota and Honda), along with other groups such
as FCA and GEM. Overall however, these lower-emitting manufacturer
groups make up a smaller proportion of the total Euro 5 gasoline car fleet
compared to the hybrid fleet. The higher overall NH3 emissions associ-
ated with Euro 5 gasoline cars is driven by other higher emitting
manufacturer groups such as RNA and BMW. These manufacturer
groups do not produce a significant quantity of hybrid vehicles. Vehicle
emission remote sensing provides a unique insight into manufacturer
fleet mixes and suggests that the manufacturer composition of the fleet
plays an important role in the quantity of NH3 emissions from road
vehicles.

3.6. Distance-specific emission factors

In the EMEP/EEA approach for preparing national emission in-
ventories, emissions are scaled to either single average speeds repre-
sentative of urban, rural and highway roads, or to mean speed
distribution curves (Ntziachristos et al., 2019). Vehicle speed is selected
as an appropriate metric because the data is readily available. The
speed-emission equations are usually generated by deriving average
emissions from several drive cycles performed at different speeds and
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Fig. 5. Emissions of NH3 (g kg ! fuel) for Euro 5 gasoline and gasoline hybrid passenger cars by manufacturer group. The rectangle width represents the share of the
manufacturer group in each fleet. NH3 emissions from gasoline hybrid cars have not been adjusted to account for estimated time spent using batteries. The error bars
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fitting a curve to the data.

In this study, we use remote sensing measurements and apply the
method developed by Davison et al. (2020) to generate speed-emission
curves based on real driving data. The advantage of this approach is that
the speed-emission curves are based on a large number (> 200,000) of
on-road NHs emission measurements across a wide range of vehicle
speeds, representative of vehicles in the existing UK fleet. The
speed-emission relationships also account for the amount of vehicle km
driven and reflect the condition, or state of repair, of the vehicles on UK
roads between 2017 and 2020.

Fig. 6 shows the calculated speed-emission curves for NH3 and NOy
emissions from Euro 2-6 gasoline cars, separated into three vehicle
engine size groups. A summary of the average distance specific emis-
sions of NH3 and NOy for a range of vehicle speeds can be found in
Tables S7 and S8. Unlike NOy emissions, which show a clear decrease
with increasing Euro class, NHs emissions are more persistent although
small reductions are observed for newer vehicles. Furthermore, NH3
emitted from gasoline cars with engine sizes greater than 1.4 L are
generally slightly higher than from vehicles with engines less than 1.4 L.
Importantly it is found that the greatest NH3 emissions are associated
with speeds less than around 35 km h™!; this is likely a result of fuel
enrichment during transients that typically occur at lower speeds. This is
a key consideration for urban areas.

Speed-emission curves are a useful way to consider how emissions
vary with traffic conditions in national inventories and this study pro-
vides a key contribution, particularly for NHs as existing data is limited.
However, in reality the variability in emissions at any given speed is
high. This means that the speed-emission curves are less useful on local
scales or for specific points on a road as there are many other factors that
influence a vehicle’s emission, such as vehicle specific power, the level
of congestion and the number of stop-starts.

4. Conclusions

This study provides new insight into NH3 emissions from gasoline
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and gasoline hybrid cars under real driving conditions. The compre-
hensive nature of the vehicle emission remote sensing measurements
allows many factors affecting NH3 emissions to be evaluated. Using
vehicle mileage data, we are able to investigate the effect of vehicle
deterioration on NH3 emissions behaviour. A key finding is that NHg
emissions from gasoline passenger cars increase with increasing
mileage. Furthermore, taking account of vehicle mileage, it is found that
absolute NH3 emissions are gradually decreasing with increasing Euro
class. Since the 2015 dieselgate scandal, there has been a considerable
increase in the sale of gasoline vehicles at the expense of diesel. In a
previous study, g km™' NH3 emissions from Euro 6 diesel cars were
found to be approximately 30 times lower than the equivalent Euro 6
gasoline cars (Farren et al., 2020). This could have a significant influ-
ence on NH3 emissions from road transport, given the dominance of
emissions from gasoline vehicles, and the fact that emissions will in-
crease as the vehicles age.

In this study we are also able to quantify the NH3 cold start penalty
for gasoline passenger cars. It is found that for Euro 5 and 6 vehicles,
cold start NH3 emissions are a factor of approximately 2.5 times higher
than hot exhaust emissions. This is a key consideration in urban areas,
where most cold starts occur and the pathway to PMj; 5 formation is
potentially more efficient. Detailed air quality modelling would be
useful in the future to quantify the effect of NH3 emissions from road
vehicles in urban areas on PM, 5 formation.

New insight into hybrid vehicle behaviour is also presented. We
demonstrate a new method, which relies on the percentage of failed CO5
remote sensing measurements as a direct measure of the proportion of
time hybrid vehicles use batteries across a range of driving conditions. In
this study, the method is used to adjust the measured NH3 emissions
when the engine is in use, to obtain trip-average emission factors. A
possible risk associated with some hybrid vehicles is excess exhaust
emissions as a result of aftertreatment cooling when the vehicle is using
its battery, which may occur more rapidly than when the vehicle is
stationary due to exhaust flow through the catalyst; the data presented
here however does not show a penalty in terms of NHg emissions for
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hybrid vehicles. The method can potentially be used for a wider range of
applications, such as to assess the real world CO2 emissions performance
of hybrids. This is timely and valuable as increased hybridization of the
vehicle fleet is anticipated in upcoming years as countries work to
reduce greenhouse gas emissions and meet their net zero targets.

Finally, the NH3 emission factors for gasoline cars obtained from the
remote sensing data are used to establish new speed-emission curves
based on real driving data. These relationships are valuable as speed-
emission curves are used widely in national inventories to assess the
influence of traffic conditions on emissions, yet the data currently
available for NHj is limited. Furthermore, work is being carried out in
Europe to develop Euro 7/VII emission standards (AGVES, 2019) and a
number of currently unregulated emissions, such as NHs, nitrous oxide
and methane, will be considered. The existing Real Driving Emissions
legislation, which involves on-road PEMS testing in addition to labora-
tory measurements, should minimize discrepancies between the labo-
ratory and on-road performance. Nevertheless, this study is timely as it
provides NH3 emission factors based on real driving data, in addition to
new information on the factors affecting NHs emissions from gasoline
and gasoline hybrid cars.

CRediT authorship contribution statement

Naomi J. Farren: Conceptualization, Investigation, Methodology,
Formal analysis, Writing — original draft, Writing — review & editing.
Jack Davison: Investigation, Visualization, Methodology, Formal
analysis, Writing — review & editing. Rebecca A. Rose: Conceptuali-
zation, Investigation, Methodology, Formal analysis, Writing — review &
editing. Rebecca L. Wagner: Investigation, Writing — review & editing.
David C. Carslaw: Conceptualization, Investigation, Methodology,
Formal analysis, Writing — review & editing, Funding acquisition,
Supervision.

Declaration of competing interest

The authors declare that they have no known competing financial
interests or personal relationships that could have appeared to influence
the work reported in this paper.

Acknowledgements

The authors would like to thank Dr Gary Bishop from the University
of Denver for the use of the FEAT instrument. We would also like to
thank the ICCT for funding to support the remote sensing measurements
in London, UK. Jack Davison was supported by Natural Environment
Research Council (NERC) grant NE/S012044/1. We would like to thank
Adam Vaughan, Stuart Young and Will Drysdale from the University of
York for the collection of data using the FEAT instrument. Ricardo En-
ergy & Environment’s remote sensing field team (Ben Fowler, Tom
Green, Les Phelps, Sam Copsey, Paraic Marry, Sion Carpenter and Sus-
annah Telfer) are thanked for collecting data using the Opus RSD5000.

Appendix A. Supplementary data

Supplementary data to this article can be found online at https://doi.
org/10.1016/j.aea0a.2021.100117.

References

AGVES, 2019. Study on post-EURO 6/VI emission standards in Europe. Presentation to
the Advisory Group on Vehicle Emission Standards (AGVES) Brussels. October 18,
2019. https://circabc.europa.eu/sd/a/a108e064-c487-4bf6-bb46-7faac76f8205/
Post-EUR0%206%20WT2.2_ AGVES_2019_10_18%20V4.pdf.

Barbier, J., Duprez, D., 1994. Steam Effects in Three-Way Catalysis.

Bernard, Y., Tietge, U., German, J., Muncrief, R., 2018. Determination of Real-World
Emissions from Passenger Vehicles Using Remote Sensing Data. https://www.thei
cct.org/publications/real-world-emissions-using-remote-sensing-data.

Atmospheric Environment: X 11 (2021) 100117

Bishop, G.A., Stedman, D.H., 1996. Measuring the emissions of passing cars. Acc. Chem.
Res. 29, 489-495.

Bishop, G.A., Stedman, D.H., 2015. Reactive nitrogen species emission trends in three
light-/medium-duty United States fleets. Environ. Sci. Technol. 49, 11234-11240.

Boulter, P.G., Latham, S., 2009. Emission Factors 2009: Report 4 - a Review of
Methodologies for Modelling Cold-Start Emissions. TRL. Tech. Rep. PPR357.

Burgard, D.A., Bishop, G.A., Stadtmuller, R.S., Dalton, T.R., Stedman, D.H., 2006a.
Spectroscopy applied to on-road mobile source emissions. Appl. Spectrosc. 60,
135A-148A.

Burgard, D.A., Dalton, T.R., Bishop, G.A., Starkey, J.R., Stedman, D.H., 2006b. Nitrogen
dioxide, sulfur dioxide, and ammonia detector for remote sensing of vehicle
emissions. Rev. Sci. Instrum. 77, 014101-1-014101-5.

Chang, Y., Zou, Z., Deng, C., Huang, K., Collett, J.L., Lin, J., Zhuang, G., 2016. The
importance of vehicle emissions as a source of atmospheric ammonia in the megacity
of Shanghai. Atmos. Chem. Phys. 16, 3577-3594.

Davison, J., Bernard, Y., Borken-Kleefeld, J., Farren, N.J., Hausberger, S., Sjodin, A.,
Tate, J.E., Vaughan, A.R., Carslaw, D.C., 2020. Distance-based emission factors from
vehicle emission remote sensing measurements. Sci. Total Environ. 739, 139688.

Department for Transport, 2016. Vehicle Emissions Testing Programme. https://www.go
v.uk/government/publications/vehicle-emissions-testing-programme-conclusions.

DfT, 2018a. The Road to Zero. Next Steps towards Cleaner Road Transport and
Delivering Our Industrial Strategy. https://assets.publishing.service.gov.uk/govern
ment/uploads/system/uploads/attachment_data/file/739460/road-to-zero.pdf.

DfT, 2018b. Transport Energy Model Report. Tech. Rep. https://assets.publishing.servic
e.gov.uk/government/uploads/system/uploads/attachment_data/file/739462/trans
port-energy-model.pdf.

EEA, 2020. New Registrations of Electric Vehicles in Europe. https://www.eea.europa.
eu/data-and-maps/indicators/proportion-of-vehicle-fleet-meeting-5/assessment.

EMISIA, 2018. COPERT | EMISIA SA. https://www.emisia.com/utilities/copert/.

Erisman, J.W., Schaap, M., 2004. The need for ammonia abatement with respect to
secondary PM reductions in Europe. Environ. Pollut. 129, 159-163.

European Commission, 2011. Commission Regulation (Eu) No 582/2011 of 25 May 2011
Implementing and amending Regulation (Ec) No 595/2009 of the European
Parliament and of the Council with Respect to Emissions from heavy Duty Vehicles
(Euro Vi) and amending annexes I and lii to Directive 2007/46/ec of the European
Parliament and of the Council.

Farren, N.J., Davison, J., Rose, R.A., Wagner, R.L., Carslaw, D.C., 2020. Underestimated
ammonia emissions from road vehicles. Environ. Sci. Technol. 54, 15689-15697.

Fasiolo, M., Wood, S.N., Zaffran, M., Nedellec, R., Goude, Y., 2017. Fast Calibrated
additive quantile Regression.

Fenn, M.E., Bytnerowicz, A., Schilling, S.L., Vallano, D.M., Zavaleta, E.S., Weiss, S.B.,
Morozumi, C., Geiser, L.H., Hanks, K., 2018. On-road emissions of ammonia: an
underappreciated source of atmospheric nitrogen deposition. Sci. Total Environ.
625, 909-919.

Hausberger, S., 2003. Simulation of Real World Vehicle Exhaust Emissions, vol. 82.
Technische Universitdt Graz, Austria.

Liu, T., Wang, X., Deng, W., Zhang, Y., Chu, B., Ding, X., Hu, Q., He, H., Hao, J., 2015.
Role of ammonia in forming secondary aerosols from gasoline vehicle exhaust. Sci.
China Chem. 58, 1377-1384.

Mendoza-Villafuerte, P., Suarez-Bertoa, R., Giechaskiel, B., Riccobono, F., Bulgheroni, C.,
Astorga, C., Perujo, A., 2017. NOy, NHs, N2O and PN real driving emissions from a
Euro VI heavy-duty vehicle. Impact of regulatory on-road test conditions on
emissions. Sci. Total Environ. 609, 546-555.

Ntziachristos, L., Samaras, Z., Kouridis, C., Samaras, C., Hassel, D., Mellios, G.,
McCrae, L., Hickman, J., Zierock, K.-H., Keller, M., Rexeis, M., Andre, M.,

Winther, M., Pastramas, N., Gorissen, N., Boulter, P., Katsis, P., Joumard, R.,
Rijkeboer, R., Geivanidis, S., Hausberger, S., 2019. 1.a.3.b.i-iv road transport. In:
EMEP/EEA Air Pollutant Emission Inventory Guidebook 2019. European
Environment Agency, pp. 1-142.

Pan, Y., Tian, S., Liu, D., Fang, Y., Zhu, X., Zhang, Q., Zheng, B., Michalski, G., Wang, Y.,
2016. Fossil fuel combustion-related emissions dominate atmospheric ammonia
sources during severe haze episodes: evidence from '°N-stable isotope in size-
resolved aerosol ammonium. Environ. Sci. Technol. 50, 8049-8056.

Plotz, P., Moll, C., Bieker, G., Mock, P., Li, Y., 2020. Real-world usage of plug-in hybrid
electric vehicles. https://theicct.org/sites/default/files/publications/PHEV-white%
20paper-sept2020-0.pdf.

Suarez-Bertoa, R., Mendoza-Villafuerte, P., Riccobono, F., Vojtisek, M., Pechout, M.,
Perujo, A., Astorga, C., 2017. On-road measurement of NH3 emissions from gasoline
and diesel passenger cars during real world driving conditions. Atmos. Environ. 166,
488-497.

Sun, K., Tao, L., Miller, D.J., Pan, D., Golston, L.M., Zondlo, M.A., Griffin, R.J.,
Wallace, H.W., Leong, Y.J., Yang, M.M., Zhang, Y., Mauzerall, D.L., Zhu, T., 2017.
Vehicle emissions as an important Urban ammonia source in the United States and
China. Environ. Sci. Technol. 51, 2472-2481.

van Gijlswijk, R., Ligterink, N.E., 2018. Real-world Fuel Consumption of Passenger Cars
Based on Monitoring of Dutch Fuel Pass Data 2017. TNO. Tech. Rep. R10371.

Vojtisek-Lom, M., Beranek, V., Klir, V., Jindra, P., Pechout, M., Vorisek, T., 2018. On-
road and laboratory emissions of NO, NO, NH3, NyO and CH4 from late-model EU
light utility vehicles: comparison of diesel and CNG. Sci. Total Environ. 616-617,
774-784.

Wang, M., Kong, W., Marten, R., He, X.C., Chen, D., Pfeifer, J., Heitto, A., Kontkanen, J.,
Dada, L., Kiirten, A., Yli-Juuti, T., Manninen, H.E., Amanatidis, S., Amorim, A.,
Baalbaki, R., Baccarini, A., Bell, D.M., Bertozzi, B., Brakling, S., Brilke, S., Murillo, L.
C., Chiu, R., Chu, B., De Menezes, L.P., Duplissy, J., Finkenzeller, H., Carracedo, L.G.,
Granzin, M., Guida, R., Hansel, A., Hofbauer, V., Krechmer, J., Lehtipalo, K.,
Lamkaddam, H., Lampimaki, M., Lee, C.P., Makhmutov, V., Marie, G., Mathot, S.,


https://doi.org/10.1016/j.aeaoa.2021.100117
https://doi.org/10.1016/j.aeaoa.2021.100117
https://circabc.europa.eu/sd/a/a108e064-c487-4bf6-bb46-7faac76f8205/Post-EURO%206%20WT2.2_AGVES_2019_10_18%20V4.pdf
https://circabc.europa.eu/sd/a/a108e064-c487-4bf6-bb46-7faac76f8205/Post-EURO%206%20WT2.2_AGVES_2019_10_18%20V4.pdf
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref2
https://www.theicct.org/publications/real-world-emissions-using-remote-sensing-data
https://www.theicct.org/publications/real-world-emissions-using-remote-sensing-data
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref4
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref4
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref5
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref5
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref6
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref6
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref7
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref7
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref7
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref8
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref8
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref8
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref9
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref9
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref9
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref10
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref10
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref10
https://www.gov.uk/government/publications/vehicle-emissions-testing-programme-conclusions
https://www.gov.uk/government/publications/vehicle-emissions-testing-programme-conclusions
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/739460/road-to-zero.pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/739460/road-to-zero.pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/739462/transport-energy-model.pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/739462/transport-energy-model.pdf
https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/739462/transport-energy-model.pdf
https://www.eea.europa.eu/data-and-maps/indicators/proportion-of-vehicle-fleet-meeting-5/assessment
https://www.eea.europa.eu/data-and-maps/indicators/proportion-of-vehicle-fleet-meeting-5/assessment
https://www.emisia.com/utilities/copert/
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref16
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref16
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref17
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref17
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref17
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref17
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref17
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref18
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref18
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref19
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref19
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref20
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref20
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref20
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref20
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref21
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref21
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref22
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref22
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref22
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref23
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref23
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref23
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref23
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref24
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref24
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref24
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref24
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref24
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref24
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref25
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref25
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref25
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref25
https://theicct.org/sites/default/files/publications/PHEV-white%20paper-sept2020-0.pdf
https://theicct.org/sites/default/files/publications/PHEV-white%20paper-sept2020-0.pdf
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref27
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref27
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref27
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref27
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref28
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref28
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref28
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref28
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref29
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref29
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref30
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref30
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref30
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref30
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31

N.J. Farren et al.

Mauldin, R.L., Mentler, B., Miiller, T., Onnela, A., Partoll, E., Petdj4, T.,

Philippov, M., Pospisilova, V., Ranjithkumar, A., Rissanen, M., Rorup, B., Scholz, W.,
Shen, J., Simon, M., Sipil4, M., Steiner, G., Stolzenburg, D., Tham, Y.J., Tomé, A.,
Wagner, A.C., Wang, D.S., Wang, Y., Weber, S.K., Winkler, P.M., Wlasits, P.J.,

Wu, Y., Xiao, M., Ye, Q., Zauner-Wieczorek, M., Zhou, X., Volkamer, R., Riipinen, I.,
Dommen, J., Curtius, J., Baltensperger, U., Kulmala, M., Worsnop, D.R., Kirkby, J.,
Seinfeld, J.H., El-Haddad, I., Flagan, R.C., Donahue, N.M., 2020. Rapid growth of

10

Atmospheric Environment: X 11 (2021) 100117

new atmospheric particles by nitric acid and ammonia condensation. Nature 581,
184-189.

Whittington, B.1., Jiang, C.J., Trimm, D.L., 1995. Vehicle exhaust catalysis: I. The relative
importance of catalytic oxidation, steam reforming and water-gas shift reactions.
Catal. Today 26, 41-45.

Wood, S.N., 2003. Thin Plate Regression Splines.

Wood, S.N., 2004. Stable and efficient multiple smoothing parameter estimation for
generalized additive models. J. Am. Stat. Assoc. 99, 673-686.


http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref31
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref32
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref32
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref32
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref33
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref34
http://refhub.elsevier.com/S2590-1621(21)00017-4/sref34

	Characterisation of ammonia emissions from gasoline and gasoline hybrid passenger cars
	1 Introduction
	2 Materials and methods
	2.1 Instrumentation
	2.2 Measurement locations
	2.3 Cold start measurements
	2.4 Data analysis
	2.5 Hybrid battery use
	2.6 Distance-based emission factors

	3 Results and discussion
	3.1 Emissions from gasoline and gasoline hybrid cars
	3.2 Hybrid battery use
	3.3 Emissions by vehicle mileage
	3.4 Cold start effects
	3.5 Emissions by vehicle manufacturer
	3.6 Distance-specific emission factors

	4 Conclusions
	CRediT authorship contribution statement
	Declaration of competing interest
	Acknowledgements
	Appendix A Supplementary data
	References


