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Abstract 

There is a gap in forecasting research surrounding the theory of integrating and improving 

forecasting in practice.  The amount of academically affiliated consultancies and knowledge transfer 

projects taking place, due to a need for forecast quality improvement, would suggest that there are 

many interventions or actions taking place.  However, the problems surrounding practitioner 

understanding, learning and usage are rarely documented.  In this article we make a first step in 

trying to rectify this situation by using a specific case study of a fully engaged company.  A successful 

action research intervention in the Production Planning and Control work unit improved the use and 

understanding of the forecast function, contributing to substantial saving, enhanced communication 

and working practices.   

Keywords: Action research, forecast quality improvement, supply chain forecasting, forecasting 

practice, information sharing 
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1. Introduction 

͚Forecast quality iŵƉƌŽǀĞŵĞŶƚ ƌĞŵĂŝŶƐ Ă ďĂƌƌĞŶ ĨŝĞůĚ͛ (Fildes & Petropoulos, 2015).  

There is a long-standing gap in research regarding day to day forecast use, and how to improve it 

(Fildes & Hastings, 1994; Fildes & Petropoulos, 2015; Mahmoud, DeRoeck, Brown, & Rice, 1992) 

which we need to understand in order to integrate academic forecasting research.  While it would 

appear that more companies are using statistical forecast support systems (Fildes & Petropoulos, 

2015) there are still issues surrounding training, perception and understanding of the impact of 

demand forecasting throughout the production and supply chain (Moon, 2006). 

Forecasting in practice is a socio-technical system involving humans, established processes and 

computers.  Decisions regarding forecast use are often made in a dynamic environment but the 

processes surrounding them tend to be prescribed systems, developed over time and specific to the 

individual company.  Action research is a paradigm which studies interventions in real world 

practices aimed at improvement and/or change (Baskerville & Wood-Harper, 1996a; Eden & 

Huxham, 2006; Lewin, 1946; Susman & Evered, 1978).  It provides a framework that can explore the 

standard use of forecasting in practice alongside the barriers to implementation and the behaviours 

surrounding forecast understanding and use.  It requires iterative development, is forward looking, 

collaborative, situational and implies system development (Susman & Evered, 1978), it has also been 

recommended for use in studying and managing change in socio-technical systems (Mumford, 2006).  

The use of forecasting in a supply chain context is likely to be different for each organisation. If we 

aim to improve forecasting support systems, then we must audit current systems and move towards 

an idealised future state (Moon, Mentzer, & Smith, 2003).  This makes action research an ideal 

method to aid and study forecast quality improvement through the utilisation in practice of 

academic research and algorithms. 

Moon (2006) and Fildes & Petropoulos (2015), outline methods that can be used to help improve the 

forecasting function in an industrial setting, but not a clear set of recommendations for 

improvement interventions.  How do we move beyond performing a forecast audit (Moon et al., 

2003) to go onto the idealised future state, especially if we are unable to persuade a company to 

employ and/or train a forecast champion?   

There is a growing body of work related to behaviour in forecasting: to name a few notable 

examples cited in the literature Kreye, Goh, Newnes & Goodwin (2012), Kremer, Moritz & Siemsen 

(2011) and Makridakis & Taleb (2009) investigate reactions to uncertainty;  Lawrence, Goodwin, 

O͛CŽŶŶŽƌ͕ Θ Onkal (2006), Fildes, Goodwin, Lawrence & Nikolopoulos (2009), Goodwin, Onkal & 
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Thomson (2010) study the effect of judgmental adjustments on statistical forecasts.  What many of 

these papers have in common is using either experimental observations or empirical evidence (or 

both) to build theory concerning behavioural effects.  What has not been covered are theories 

concerning interventions in practice to improve forecast systems, for this methods which view 

relations and interactions between the social and the material are necessary, see Cecez-Kecmanovic, 

Galliers, Robert, Henfridsson, Newell & Vidgen (2014) for a review with respect to information 

systems research. 

What paradigms should we use in order to study, and successfully perform, forecast improvement 

ƐƵĐŚ ƚŚĂƚ ǁĞ ĐĂŶ ůĞĂƌŶ ĨƌŽŵ ĞĂĐŚ ŽƚŚĞƌ͛Ɛ ŝŶƚĞƌǀĞŶƚŝŽŶƐ ĂŶĚ advance theory?  For this repeatable 

holistic methods are required which are able to capture all of the nuances of a complex socio-

technical system.  This theory already exists within Organisation Science (Argyris, 1970, 1977; 

Orlikowski, 2000; Sandberg & Tsoukas, 2011) and Operations Research (Jackson, 2003; Mingers & 

Brocklesby, 1997; Ormerod, 2014a) but to date has not been developed within forecasting research.  

We contribute to forecasting research by describing an action research project which has improved 

the use and perception of the forecasting function in a multinational company; this is, to our 

knowledge, one of the very few studies -  if not the first1 one - that have been undertaken explicitly 

using action research in order to improve the supply chain forecasts.  

Oliva and Watson performed a series of qualitative studies (2009, 2011) in sales forecasting and 

supply chain planning. This was done via employing state-of-the-art qualitative techniques that are 

not often seen in the forecasting literature. Based on the original work of Eisenhardt (1989), an 

intensive case study research approach was conducted through the analysis of 25 semi-structured 

interviews and observations of two meetings (Oliva & Watson, 2009). Following that, an exploratory 

study was implemented (Oliva & Watson, 2011), that developed propositions which formed the 

basis of further theoretical elicitation derived through a grounded research approach (Glaser & 

Strauss, 1967).  They found that consensus approaches help to break down functional biases but 

                                                           
1 TŚŝƐ ĐůĂŝŵ ŝƐ ĞǀŝĚĞŶĐĞĚ ďǇ ĂŶ ĞǆƚĞŶƐŝǀĞ ƐĞĂƌĐŚ ǁŝƚŚ ƚŚĞ ƚĞƌŵ ͞ĂĐƚŝŽŶ ƌĞƐĞĂƌĐŚ͟ ŝŶ all past articles in the two 

flagship specialist forecasting journals: the International Journal of Forecasting (through Elsevier ScienceDirect) 

and the Journal of Forecasting (through Wiley Online). This search brought back only five and one articles 

respectively and after a further careful read these articles have not employed action research as the 

methodological research framework. The claim is further substantiated through anecdotal discussions with IIF 

members during the last three IIF symposia as well as the editors of this special issue that attest that there is a 

very limited body of operational forecasting research conducted in a non-positivistic approach. There are 

however studies employing Action Research in a Foresight context, predominantly published in the Journal of 

Technology Forecasting and Social Change, but yet again in a very different context from operational 

forecasting or supply chain forecasting in general. There have also been qualitative forecasting studies with 

either grounded theory or other similar to AR approaches reported in OR/OM/MS journals: most notably the 

studies from Oliva and Watson (2009; 2011) and Caniato et al. (2011) 
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that new biases are inevitable as new co-ordination systems are created in supply chain planning 

using consensus derived organisational forecasts. 

Integrating quantitative and qualitative forecasting approaches has been studied using action 

research (Caniato, Kalchschmidt, & Ronchi, 2011).  This paper was also based on an intensive case 

study in one company, finding that organisational change, functional alignment and increased 

knowledge helped to improve forecast accuracy and knowledge consensus.  Cross functional 

alignment was also found to be effective at improving organisational planning around a forecast by 

Oliva & Watson (2009). 

In order to effectively study forecast practice within PharmaCo we have also used intervention 

theory (Argyris, 1970), and as an analytical lens to understand the evolution of this process, 

PŝĐŬĞƌŝŶŐ͛Ɛ Mangle of Practice (Pickering, 1995; Pickering & Guzik, 2008) as adapted by Ormerod 

(Ormerod, 2014b) for use in OR studies.  The mangle is particularly suited to studying the interaction 

between humans, systems and material objects, such as computer systems and algorithms, and the 

transitions that these interactions can induce (White, 2016).  As we shall see, it could be argued that  

ƚŚĞ ǁŚŽůĞ ƐƚƵĚǇ ǁĂƐ ͚ŵĂŶŐůĞ-ŝƐŚ͛ ƚŚƌŽƵŐŚŽƵƚ ŝƚƐ ŝŵƉůĞŵĞŶƚĂƚŝŽŶ (Pickering & Guzik, 2008) in part 

due to the reflexivity inherent in action research studies (Westling, Sharp, Rychlewski, & Carrozza, 

2014).  The mangle also provides a structure with which to gather recoverable information from the 

action research data (Checkland & Holwell, 1998; Eden & Huxham, 2006) which can be compared to 

other forecasting research.  This enables theory building regarding forecast improvement and 

integration. 

The research was initiated as part of a joint funded project by a British HEI and a local manufacturing 

division of a large multinational company2. It was aimed at addressing problems of variability 

reduction with the hope of managing uncertainty in the supply chain.   This evolved during the case 

study into a central question;  

How can analytics methods be used to augment the alignment of production with demand?  

But first another question had to be addressed;  

How is the demand forecast used and mutated through the whole supply chain and how can 

the understanding of its use be improved?   

 

This latter question was addressed through multiple iterations of action research which allowed a 

                                                           
2 The research project was undertaken under a non-disclosure agreement.  The company has been disguised but all of the information 

presented is fully accurate.   

 



5 

 

high level of engagement within the company.  As the project unfolded it became clear that action 

research is a useful tool to help improve understanding of the forecasting function. 

2. Methodological review 

Since forecast quality improvement is about all aspects of the forecast use and understanding a 

method is required which allows for participation and reflective learning by any and all practitioners 

who use forecast information.  In the context of Operations Management and Operations Research, 

action research practices seek to provide a solution to problems faced by an organisation and in so 

doing become a project within the firm; at the same time there is an academic objective to inform 

research (Coughlan & Coghlan, 2002; Eden & Huxham, 2006).  When applied to messy, ill structured 

management problems, action research becomes an opportunity for creative design and exploration 

(Holmström, Ketokivi, & Hameri, 2009; Westbrook, 1995).   

Action research͛Ɛ primary requirement is an integrated relationship between the researcher and the 

organisation.  For this reason the position of the researcher must be stated explicitly (Eden & 

Huxham, 2006).  In general, action research will change the path dependence of all of the actors 

involved and of the intervention itself (Hämäläinen & Lahtinen, 2016).  TŚĞ ͚ĂĐƚŝŽŶ͛ ŝŶ ĂĐƚŝŽŶ 

research implies an improvement directed change which will be specific to the organisation being 

studied (Susman & Evered, 1978; Westling et al., 2014).   

Described as a ͚ĐŽƌƌĞĐƚŝǀĞ to the ĚĞĨŝĐŝĞŶĐŝĞƐ ŽĨ ƉŽƐŝƚŝǀŝƐƚ ƐĐŝĞŶĐĞ͛ (Susman & Evered, 1978, p. 589)  

action research must be judged by different criteria (Baskerville & Wood-Harper, 1996b; Eden & 

Huxham, 2006).   The evolution of new theory is important (Eden & Huxham, 2006) but so too is the 

success and permanence of the induced change, the increase in knowledge of the participants and 

how much the study adds to academic understanding of practice (Baskerville & Wood-Harper, 

1996a; Chein et al., 1948; Susman & Evered, 1978).  As a sociotechnical system, the supply chain 

forecast is more than a number that is fed into a production schedule which is judged through an 

arbitrary accuracy metric (Deschamps, Mello, Gilliland, Tynes, & Jones, 2005).  There are also social 

and cultural issues which can be explored by using holistic methods which allow for opinions and 

differing worldviews which may or may not change during the action (Checkland, 2000).  

Intervention Theory (Argyris, 1970) provides a guide to enabling a successful, practical intervention 

with clear ethical boundaries; 

1. Valid information ʹ the researcher must ensure that the data they collect and/or 

produce is valid and continues to be so for as long as it is needed.   

2. Free choice ʹ this is not a prescriptive exercise.  The practitioners must be free to 
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choose their level of involvement or otherwise.   

3. Internal commitment ʹ a consequence of valid information and free choice if the 

practitioner trusts and believes that the recommendations will serve them and 

their process well.  This step provides closure to enable longevity of the changes 

induced.   

Chein et al., 1948, describe, four types of action research iterations, any of which may be used at any 

time, in parallel or cyclically, all of which are improvement orientated and feed back into the system 

under study;  

 Diagnostic AR ʹ using data and research knowledge to inform practice  

 Empirical AR ʹ investigating the current practice 

 Participant AR ʹ both of the above with the inclusion of the participants 

 Experimental AR ʹ where the researcher and participants are involved in setting up 

an experiment in order to take action and study its consequences. 

The performance of action research consists of five phases adapted here for use in forecast 

improvement exercises (Baskerville & Wood-Harper, 1996a; Susman & Evered, 1978) (Fig. 1)   

 

 

 

 

 

 

 

 

 

 

 

Figure 1. Action research used with forecasting 
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Action research used with forecasting:  the thought cloud represents the malleable epistemology of current 

thought and practice, the edges harden as the practices become more rationalised i.e. descriptive forecast 

models.  Loops often happen within the cycle between stages. 
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As theory informs practice ideas and solutions emerge from the process, these become the actions 

that are studied to produce further ideas and theories.  It is a temporally emergent process and this 

is where the mangle of practice (Pickering, 1995) helps to give a framework to the analysis of 

findings.   

TŚĞ ŵĂŶŐůĞ ĚĞƐĐƌŝďĞƐ Ă ĚĞĐĞŶƚƌĞĚ ͚ĚĂŶĐĞ ŽĨ ĂŐĞŶĐǇ͛ between all of the players in the action 

research network.  The mangle then studies the interactions and induced changes in the human 

agents, but also the material artefacts such as computers and the forecasting support software.  Also 

under consideration are the prevailing rules of the system, such as regulatory requirements and the 

organisational epistemology.  The interactions between them set up a network of agency where the 

role of expert can be taken up by any one of the actors at any time, this is what is meant by a 

͚ĚĞĐĞŶƚƌĞĚ͛ ĚĂŶĐĞ͘  The term actors covers any of the players which may have agency, where agency 

is taken to mean the facilitation of actions through time. 

Ormerod (2014b) provides an outline of adapting the mangle for OR practice to which we would 

refer the reader.  In brief it consists of a full description of agents and agency, the initial intervention 

idea and how it was changed through practice.  Pickering uses the terms; 

o Creating a bridgehead ʹ a process of bridging from the initial practice to the 

new, this sets the direction of change. 

o Transcribing - from the old to the new through disciplined technical agency, 

e.g. a new software which is learned and put into use, or an algorithm which 

only an expert needs to understand but which the participants can learn 

from and/or use.   

o Filling and accommodation ʹ as new ideas are born and accepted they must 

be integrated into the existing system.  The mangle perspective describes 

how they are accommodated both systemically and individually.  Viewing 

how the ecosystem of knowledge changes and how relationships between 

the social, material and the socio-material shift and re-structure as practice 

changes.   

The description of actions through this lens provides a framework for providing recoverable 

information (Checkland & Holwell, 1998; Eden & Huxham, 2006) which can be compared across 

many interventions.  Each action research intervention is unique but the observations and theory 

building which emerge can be generalised.  These broad boundaries allow accidents and 

unsuccessful interventions to occur without detriment to the overall findings, and it is partly by 

knowing what doĞƐŶ͛ƚ ǁŽƌŬ ƚŚĂƚ ǁĞ ĐĂŶ ůĞĂƌŶ ŵŽƌĞ ĂďŽƵƚ ǁŚĂƚ ĚŽĞƐ (Howick & Ackermann, 2011). 
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3. Methodology 

The researcher spent two days per week studying the company over a three year period and worked 

for one day per week as a Business Analyst, she will be referred to from here on as CJP.   Ormerod 

(2014b) argues that articles describing case studies should use the first person, but it was felt that 

the decentred nature of the mangle of practice was best described in this case by giving the human 

actors names as initials.  For this reason the use of acronyms is kept to a minimum to avoid 

confusion between the human agents and the material or processual agents.   

The work was triangulated by using written records of meetings and reactions to events as well as 

interviews and empirical data.  Some ethnographic data was also used as the researcher recorded 

her own thoughts on a regular basis.  Grounded theory was used for the analysis of the qualitative 

data (Glaser & Strauss, 1967) and since this was an longitudinal case study emergent themes were 

pursued (Eisenhardt, 1989). 

After an initial period of study a proposal was put forward to seek to understand the forecast 

function as it was used throughout the supply chain.  This was to be done using a discrete event 

simulation model to look at the variation introduced at post production combination testing and 

quality control.  We could then make informed decisions regarding where and how to smooth the 

process by mapping both the exogenous and endogenous variation.   

For the participative simulation we used the PartiSim method (Tako & Kotiadis, 2015) which 

performs a series of workshops with cross-functional team members.  PartiSim requires a modelling 

team member to be a recorder, keeping a written record of events and reactions, this provided 

some qualitative data which was added to by use of a questionnaire.  The PartiSim technique 

couples Soft Systems Methodology (SSM) (Checkland, 1999), which is itself a collection of action 

research type methodologies, and Discrete Event Simulation3.  The PartiSim was set up following 

PŚĂƌŵĂCŽ͛Ɛ ƉƌŽũĞĐƚ ŵĂŶĂŐĞŵĞŶƚ ƉƌŽƚŽĐŽůƐ ƐŽ that it ran as a project within a project.  There was 

paperwork associated with this through which much of the qualitative information generated during 

the PartiSim workshops was collated.  It also enabled the research practice to become aligned with 

company procedures and for information and learning to be archived for future use within 

PharmaCo.  

The visualisations were developed using Tableau (a proprietary data visualisation software) and R.  

The statistical modelling was performed in R and the data blending used Alteryx (a proprietary data 

blending and analysis software).  All of the actions using quantitative methods were prompted by 

                                                           
3 This part of the project will be covered in a future research article. 
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the reflexive nature of the action research i.e. each mathematical model and visualisation was 

developed by responding to participant input and from multiple iterations after feedback.   

 

4. The initial conditions at PharmaCo 

The company manufactures a complex biological product which is subject to rigorous testing 

throughout manufacture.  In particular when the components are combined into the final kitted 

product there is a time consuming procedure of quality control testing and documentation.  

The initial period of auditing the forecast provided an outline of the physiology of the company's 

supply chain (Syntetos, Babai, Boylan, Kolassa & Nikolopoulos, 2015); 

 Length: Finished products were shipped to inventory points and not directly to the 

customer.  In some cases these were then shipped to secondary or even tertiary inventory 

points.  Past sales information was visible at the country level which was then used in an 

alerts system as described below.   

 Depth: The forecast procedure used a Middle Out hierarchical structure starting at the 

aggregate country level across SKUs.  Post forecast this was further aggregated across 

product pack sizes and validated4 batch sizes for production.   

 Time: As well as cross sectional aggregation the historical sales were pre-aggregated 

temporally from the weekly at the monthly level before performing a forecast.  The forecast 

horizon was one month and the average demand lead time was three months.  History was 

visible at the monthly aggregate.  There was no categorisation of demand and the same 

procedure was used on both intermittent and fast moving lines. 

The country level forecast was aggregated to produce the feed from an Order Up To (OUT) monthly 

demand model for the final master production schedule, derived using an Enterprise Resource 

Planner (ERP) running material requirements planning.  This set the production schedule horizon for 

up to three years to enable procurement planning of some difficult to source raw materials (see 

Fig.2) 

The forecasting software used an extrapolation engine and competed algorithms and aggregations 

of the monthly, country level (occasionally adjusted) past sales data to find the best forecast from a 

three year history.  Judgemental adjustments were made occasionally and forecast accuracy was 

                                                           
4 In this industry batch sizes must be validated to adhere to Good Manufacturing Practice, thus reducing the 

ability to alter batch sizes in production and necessitating defined volume aggregations. 
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measured against actual sales on a monthly basis.  The history was changed manually using simple 

heuristics but this was not a simple task, due to systemic constraints and a lack of detailed 

information to hand, so was not performed often. 

The forecast system was not to be touched and this was made clear at the beginning of the 

intervention.  We were able to have influence over how it was used and perceived but not how it 

worked or how the forecast system and resource planner were coupled.  This was a limitation on  

our possible agency.   

 

Figure 2. Simplified mapping of the forecast use before the forecasting action research 

 

At this time in PharmaCo the forecast was used reactively on a daily basis as the forecast, inventory 

position, orders and demand information were used to calculate expected weeks on hand.  This was 

collated iŶ ƐŽŵĞƚŚŝŶŐ ĐĂůůĞĚ ƚŚĞ ͚ďĂĐŬŽƌĚĞƌ ƌĞƉŽƌƚ͛ ǁŚŝĐŚ ǁĂƐ ƵƐĞĚ ĂŐĂŝŶƐƚ a SKUs expected delivery 

date to determine whether an item was at risk of going onto backorder.  In this way there was much 

sharing of demand information along the internal length of the supply chain such that this had 

material and procedural agency, i.e.  the Quality Controllers would use it to prioritise their work and 

the Planners would use it to adjust the schedule.  
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The biggest agent of resistance was the way that data was collated and stored in the computer 

systems.   There were other constraints, such as Good Manufacturing Practice (GMP) requirements, 

which meant that regulatory procedures had to be followed regarding documentation and batch 

sizing, storage etc. and these could not be changed.  Another constant constraint was the busy day 

to day work of the participants which would often restrict their availability to attend workshops or 

ability to absorb information.  A non-disclosure agreement was part of the contract to work within 

the company and the recording of events has been self-censured where necessary.   

5. The interventions 

In early 2014 CJP began work as a contractor investigating demand at PharmaCo.  These 

investigations concluded that the normal sales pattern was flat (relatively constant) when 

aggregated and that the system of people, processes, software and external supply chain players 

was overreacting to noise from the sales signal.  A project was developed to investigate the viability 

of smoothing production and fundamental to this was understanding the demand signal and the 

forecast.  A more in depth forecast audit, as diagnostic action research suggested by the Senior 

Manager (SM) and performed by CJP, was begun.   

CJP collated all of the past demand information and investigated every demand spike.  A few high 

demand customers were ordering at regular yet randomly distributed intervals and some demand 

patterns were comparatively intermittent.  This empirical action research began to inform the daily 

practice of the Demand Planners (DPs) by increasing their awareness of these patterns.  The senior 

manager and CJP worked together on using Individuals and Moving Range (I-MR) charting to identify 

signal from noise.  This was gathered from data stored in the ERP system since it was not available 

ĨƌŽŵ ƚŚĞ ĨŽƌĞĐĂƐƚŝŶŐ ƐŽĨƚǁĂƌĞ͛Ɛ ŚŝƐƚŽƌŝĐĂů ƐĂůĞƐ ĚĂƚĂ͘  Iƚ ǁĂƐ ƚŚĞŶ ĂůƚĞƌĞĚ ĨƌŽŵ ŝŶĚŝǀŝĚƵĂů 

transactional data to weekly temporal aggregate and a country level cross sectional aggregate with a 

drill down capacity on lines which had this information.  In this way the DPs could be encouraged, 

through this first action to manage by exception.  

By the beginning of 2015 the research into intermittent demand (Croston, 1972; Syntetos & Boylan, 

2001) and judgemental adjustments was absorbed into working practice, the DPs were transcribing 

the knowledge from research by accommodating it within their practice.  Judgement was being used 

less on upward adjustments but maintained on lowering adjustments (Fildes et al., 2009), 

particularly on the intermittent lines.  The Coefficient of Variation came into common use in the 

department with a good understanding of its instability for low sellers.  However the integration of 

the I-MR charting was resisted by all of the DPs.  They could not see how it would work, why did they 

need sales information at a weekly rate when they created alerts on a daily basis?  Here was a 
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resistance to the material agency of the I-MR charting and the processual agency of managing 

demand by exception.  They could not see any advantage in delineating signal from noise or in 

attempting to define which purchasers were causing sales spikes.  They felt they knew who the 

ĐƵůƉƌŝƚƐ ǁĞƌĞ ĂŶĚ ƚŚĂƚ ŝƚ ǁŽƵůĚŶ͛ƚ ŵĂŬĞ ĂŶǇ ĚŝĨĨĞƌĞŶĐĞ ĂƐ ƚŚĞƌĞ ǁĂƐ ŶŽ ŽďǀŝŽƵƐ ǁĂǇ ƚŽ ŝŶƚĞŐƌĂƚĞ ƚŚĞ 

knowledge into their daily working practice. 

DP1: ͚I ũƵƐƚ ĚŽŶ͛ƚ ƐĞĞ ŚŽǁ ŝƚ ǁŝůů ǁŽƌŬ͛ 

CJP and the production planning and control manager (PPM) tried setting up workshops and having 

meetings but other projects were given precedent.  If the issue had been forced free will would have 

been negated and there would have been no internal commitment.   

CJP started to collect and analyse weekly data and a new view of the demand profile was emerging.  

Tableau visualisation software was introduced and this gave insights which had not been available 

before, a new material agent had joined the dance and was enabling new views of the world through 

data.  DP1 asked if it would be possible to use this view to understand the split in sales between 

export and local markets with different shelf-life requirements.  This action was collaboratively 

designed as the new Tableau software was transcribed͕ ǀŝĂ CJP͛Ɛ ĚĞǀĞůŽƉŵĞŶƚ of data visualisations 

ĂŶĚ ƚŚĞ DPƐ͛ ŝŶƉƵƚ, creating opportunities for more actions to improve. 

The next step from the sales split was to look at the amount of days which each SKU had available to 

sell from the DC, again a participant led diagnostic/empirical action.  Data were gathered but the 

blending started to become onerous since matching attribute data with the format from the ERP was 

not a simple task.  Also the cross sectional aggregations across SKUs, countries and, in some cases, 

customers required data matching across systemic levels which had no obvious connectors. There 

was a resistance building as CJP tried to get more value from the data systems.  The new ͚days to 

sell͛ metric was taken up by PPM and introduced to the whole factory, it could be used against the 

forecast to predict volumes likely to sell and this changed the way that some products were 

managed.  This then reduced variability in the system and contributed to scrap reduction.  

While mapping the forecast change through the supply chain a bullwhip effect (Lee, Padmanabhan, 

& Whang, 1997) became apparent.  It appeared that the bullwhip was partly caused by the many 

aggregation points in the length of the supply chain some of which we had little or no information 

about.  Due to the peculiarities of the product, customers liked to obtain a supply of the same batch 

for as long as possible and would purchase large amounts of one new batch in preference to an 

older one.  The phenomena was particularly pronounced for supplies to inventory points such as 

country level warehouses.  This behaviour, along with rigid batch sizes and a long lead time, would 
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mean that a bullwhip would always exist (Wang & Disney, 2015).  It also meant that the exponential 

smoothing algorithm that they were often using was biased as it preferentially weights the last 

observation which could be misleading.  This was diagnostic and empirical action research opening 

up views into systemic effects; when it was mentioned to SM he said; ͚I know it͛s biased I can see it 

ŝŶ ƚŚĞ ĨŝŐƵƌĞƐ͛. 

The very use of an order up to system has been shown to induce bullwhip (Dejonckheere, Disney, 

Lambrecht, & Towill, 2003).  At this point in time the DPs did not know that their system was an 

order up to model and it was often difficult to get at the important underlying factors, such as the 

demand feed.  To CJP, demand, meant the figure at the end of the order up to process that was fed 

into the system on a monthly basis, to the DPs meant the sales history.  The maintenance team, who 

often provided the data, were in another region of the world and IT oriented, generally using a 

different set of terms in their operating procedures; when they said demand they meant the nightly 

feed which went between the forecast system and the ERP.  They were always willing to help but 

often at a loss as to what CJP or the DPs were asking for.  CJP and SM discussed the possibility of 

using WIP (Work In Process) and inventory feedback controllers but the information needed for this 

was not and had never been recorded.  This systemic resistance was accommodated by investigating 

and opening up the different meanings of demand by CJP, aiding a cross functional alignment by 

having an informed conversation around the different understanding and material representation 

(i.e. data records), of demand and sales.  Since we were performing a reflexive action research we 

then moved on to other avenues of improvement.  

Around the time that the visualisations were being developed it was decided to make further 

volume aggregations, post forecasting but prior to feeding the demand into the system.  It was 

thought that this would make stocking easier to handle and was part of a drive toward less shipping 

to improve sustainability.  The size had been set close to but just under the size of a batch.  One of 

the Production Planners (PPs) had stated that they thought this was a bad idea as they had seen 

extreme variance effects from this kind of move before, but they had no rational basis from which to 

argue their point.  At this time systemic noise was masking any attempt to pick out the effect but the 

master production schedule was becoming increasingly chaotic. 

Wang, Disney, & Wang, 2014, show that chaotic non-linear oscillatory effects can easily occur in 

systems with lead times of two or more forecast periods.  This was modelled on a forbidden-returns, 

non-linear inventory system which allows endogenous feedback as well as exogenous demand 

variation similar to PŚĂƌŵĂCŽ͛Ɛ system.   The extra batching would, in effect, work as a modulus on 

the WIP term in the demand feed causing oscillatory gain feedback.  This was pointed out to the 
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Production Planning Manager (PPM) using the concept of resonance, resulting in the practice being 

stopped and the system smoothing.  This event provided an opportunity to solve immediate pain 

and gain trust within the organisation by allowing technical research to have agency.   

PPM: ͚I ŐĞƚ ƚŚĞ ǁĂǀĞ ƚŚĞŽƌǇ ĂŶĚ ƚŚĞ ƌĞĂůŝƚǇ͙͘͘ I ƚŚŝŶŬ ƚŚĂƚ ǁĞ͛ǀĞ Ăůů ƵŶĚĞƌĞƐƚŝŵĂƚĞĚ ƚŚĞ ĞĨĨĞĐƚ ͚ email 

correspondence, April 2015. 

While performing diagnostic action research on the demand forecasting and associated processes 

CJP had bought forecasting/OR discipline to bear in jointly creating new valid information.  This 

transcribed a new view of the world, which had its own agency and was changing the network.  The 

day to day jobs of planners were beginning to change as they started to question and innovate in 

their working practice by filling and accommodating the new information and tools;  Over time new 

knowledge was incorporated into their working practice (filling) and maintaining the data needed to 

augment it became part of their routine (accommodation).  The changes were easily accommodated 

since time gained in becoming more efficient was given to data gathering and to scrutinising the 

visualised information.  They were also beginning to come round to the view that demand was fairly 

constant over the lead time temporal aggregate of three months and that control limits could help 

them to manage demand. 

PPM: ͚ǇŽƵ ƐŚŽǁĞĚ ƵƐ ƚŚĞ ǁŽƌůĚ ǁĂƐ ĨůĂƚ͕͛ Interview, January 2017 

By the Autumn of 2015 the project was entering its second year and the plan was proposed to help 

smooth production using the PartiSim© method (Tako & Kotiadis, 2015) coupled with modelling of 

the supply chain forecast to help align production with demand.  This would be both a participative 

and experimental action.  In a meeting with senior management, to approve the next stage of the 

intervention, difficulties faced in blending data were pointed out and software was sourced to help 

with this.  The growing resistance due to the agency of the data storage and collection was 

accommodated by sourcing appropriate software and building new databases that were fed by the 

cleansed and blended data.   The software needed to be proprietary and well supported, so that it 

could be maintained after the project finished.  It also had to be capable of blending information in a 

traceable way due to the GMP environment, we chose Alteryx as an easy to use self-service analytics 

and data blending platform. 

The first few workshops gathered information by opening up differing worldviews (Checkland, 1999) 

on the process of smoothing and what it meant to the actors involved.  DPϭ ƐƚĂƚĞĚ ƚŚĂƚ͖ ͚items 

ĚĞůŝǀĞƌĞĚ ŽŶ ƚŝŵĞ ĂŶĚ ŝŶ ƚŚĞ ĐŽƌƌĞĐƚ ǀŽůƵŵĞƐ͛ would be smooth for demand planning.  While PPs and 

many quality assurance personnel (QAsͿ ƐƚĂƚĞĚ ƚŚĂƚ Ă͖  ͚͘͘ steĂĚǇ ͙͘ ǁĞůů ŵŝǆĞĚ ͛͘͘͘ input would be 
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smooth for them.   All levels of planning, combination testing and quality assurance were reacting to 

the backorder report.  It was causing re-prioritisation at every stage, working against the established 

performance indicators, in some cases leading to gaming of the system.  This was the first 

opportunity to realise that all of the members of the cross functional groups were reacting to this 

report and this resulted in increased variation in the system.  The PartiSim was set up to initiate an 

experimental action but the initial workshops using Soft Systems Methodology (as part of the 

PartiSim method) had opened up a use of the forecast which none had expected was this disruptive.    

The senior management were aware that this report was causing issues and had already suggested 

that its use might be stopped but this was a difficult subject as staff were wary of not being 

responsive.  The workshops raised awareness of how each section was reprioritising and why.  In a 

feedback questionnaire at the end of the workshop series the highest level of agreement was 

concerning the learning about other sections needs and practices.   

Question Mean SD Mode 

Q11: The workshops helped me to know what other 

departments need. 
5.33 0.82 6 

Q13: I learnt new things about the way other 

departments have to manage their processes 
4.50 1.38 5 

The Likert scale went from 1 ʹ disagree to 6 ʹ strongly agree.  The questionnaire was given out to all 

10 of the workshop attendees and 6 forms were returned.  The question was based on comments 

ŵĂĚĞ ďǇ ĂƚƚĞŶĚĞĞƐ ĚƵƌŝŶŐ ƚŚĞ ǁŽƌŬƐŚŽƉ ƐĞƐƐŝŽŶƐ͕ ƐƵĐŚ ĂƐ͖ ͚Gives you an idea of the difficulty faced 

ŝŶ ŽƚŚĞƌ ĂƌĞĂƐ ĂŶĚ ǁĂǇƐ ƚŽ ŚĞůƉ ƚŚĞŵ͛͘ 

By the summer of 2016 the need to develop family groups of items, and to understand what level of 

aggregation would be viable when smoothing, led to an analytical modelling exercise using the 

Multiple Aggregation Predictive Algorithm (MAPA) as developed by Kourentzes, Petropoulos, & 

Trapero, 2014.  The MAPA runs Error Trend Seasonality (ETS) exponential smoothing (Hyndman, 

Koehler, Ord, & Snyder, 2008) on a historical data set over different levels of temporal aggregation, 

then combines to produce a final forecast.  Initially the idea was to look at best aggregation levels for 

the products.  As we moved into the autumn of 2016 and toward the final PartiSim workshops the 

secondary forecasting part of the project developed and the output was shown to all of the 

participants in one workshop and in a non-workshop setting to SM and PPC.  In this context the 

MAPA became a model which shone a light onto how forecast usage was inducing variability.  It also 

showed that, contrary to popular perception, there was no discernible trend or seasonality on most 

of the lines after they were aggregated to production level.   
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FŝŐƵƌĞ ϯ͘  Tŝŵ
ĞůŝŶĞ ŽĨ ĞǀĞŶƚƐ ĂŶĚ ŝŶƚĞƌǀĞŶƚŝŽŶƐ Ăƚ PŚĂƌŵ

ĂCŽ 

March 2014 ʹ review of demand profiles 
Use of I-MR charting designed by management and proposed.  Master 

production schedule slushy at best.  Batching started for pallet sizes. 

September 2014 ʹ forecast audit begins.  

Demand partitioned between export and 

European sales 

March 2015 ʹ findings from forecast review create new 

knowledge which is put into practice ʹ judgemental 

adjustments, bias due to SES acknowledged and 

managed but system cannot be changed.  

October 2014 ʹ new metric of days to sell introduced.  New views 

developed in visualisation software.  Requests are put in with regards to 

design of new forecast support system ʹ aggregation, weighted 

disaggregation and batch views. 

April 2015 ʹ warned PPM about the effects of extra 

batching.  Practice stopped.  Days to sell metrics 

introduced across the site. 

September 2015 ʹ participative simulation and 

supply chain forecast analysis proposed.  DPs see 

control limits as useful. 

March 2016 ʹ new data blending software introduced, participative 

simulation workshop preparations begin.  Evidence of large 

inventory and scrap savings gathered. Workshop 1 is in early April 

August 2016 ʹ short shelf life items smoothed due to new 

visual view of days to sell.  Becomes clear from workshops 

that backorder report causing even more disruption than 

thought. 

September 2016 ʹ workshop results introduced and PPM and SM 

see MAPA output.  Evidence of increased forecasting systems 

awareness across functions.   Final workshop October 4th 

November 2016 ʹ feedback questionnaire from workshops 

suggests higher systems awareness, confidence in model, 

usefulness of visualisations and ease of understanding.  DP1 

suggests smooth at demand.  
Backorder report no longer used.  New system of working to due 

dates.  Development of protocols for decision making about any 

changes to master production schedule within 12 week frozen 

horizon. 

December 2016 ʹ first evidence suggests new system accepted by 

all.  DP1 suggests a need for control limits, maybe use Integrated 

Moving Range (I-MR) control charting.  New S&OP goes into 

development. 

January 2017 ʹ interview with PPM 

In the next year ʹ a new forecast support system will use 

aggregation and disaggregation and control limits set by I-MR.  

Smoothing will be done in this way and through application of 

findings from simulation model as decided by senior managers.    

TŝŵĞůŝŶĞ ŽĨ ĞǀĞŶƚƐ ĂŶĚ 
ŝŶƚĞƌǀĞŶƚŝŽŶƐ Ăƚ PŚĂƌŵĂCŽ 
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The MAPA was not a perfect model of the system at that time; much of the aggregation was 

asymmetric, since it was not always aggregated to an exact three month batch size due to validation 

constraints.  Forecast use was also asynchronous, since they were reacting to the daily backorder 

report to reschedule and using a forecast at many different levels of the planning and scheduling 

hierarchy which viewed different time spans for their planning.  The MAPA did, however, provide a 

good approximate model of aggregation effects overall and helped to promote understanding of the 

effects of asynchronous forecast use in the downstream supply chain.  In part this was due to the 

clear visual output provided by the MAPA R package.  On one occasion the PPM and SM were shown 

the MAPA error output in the R graphing window, PPM asked why it was being run on daily data 

which showed a large error.  The answer was; ͚ďĞĐĂƵƐĞ ƚŚŝƐ ŝƐ ǁŚĂƚ ǇŽƵ ĚŽ ǁŚĞŶ ǇŽƵ ƌĞĂĐƚ ƚŽ ƚŚĞ 

ĚĂŝůǇ ƌĞƉŽƌƚ͛.  This was a moment of ͚AŚĂ͊͛ from PPM and ͚Ăƚ ůĂƐƚ ƐŽŵĞ ƉƌŽŽĨ͊͛ from SM.  As the 

model was run using increasing aggregation buckets the forecast was roughly the same but the error 

reduced.  The forecast model had, therefore, a material agency that, alongside other visualisations, 

induced rapid change with full internal commitment from those involved. 

The agency of the new software coupled with the new data assembly and mathematical models 

showed how aggregation worked over the sales data as it was aggregated from daily to monthly to 

quarterly and from individual SKUs to production volumes.  This was a diagnostic and empirical 

action that helped to reassure and provide a material agency that proved much of the internal 

variation was self-induced.  The three month lead time, the pack size splits and more particularly, 

the daily reaction rate, all smoothed out over the aggregations which was clear to see in the 

visualisations.  The new information view and visualisation were opening up the depth of the supply 

chain and making it less opaque, a material agency that induced a bridgehead to move toward 

adherence to the forecast set due dates, rather than a report based on daily data and the average 

forecast. This was another area of strong agreement in the questionnaire; the visualisations helped 

them to understand the modelling, and they did not find the modelling hard to understand.   

Question Mean SD Mode 

Q8: I found the modelling difficult to understand. 2.67 0.82 2 

Q9: I found some of the workshops difficult to 

understand. 
2.50 0.84 2 

Q10: The visualisations helped me to understand 

what was going on. 
5.17 0.75 5 
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They were presented with the results of a rolling window CV calculation, cumulative distribution 

functions, non-parametric histograms, the MAPA forecasting model and a hierarchical cluster 

analysis.  The achieved level of understanding was a surprising result in view of the difficulty of some 

of these models, since none of the participants were well versed in forecasting or statistical 

methods.  CJP had chosen and developed the models in a reflexive way presenting the results in 

context, by using appropriate visual models the workshops maintained a behavioural fit.  This is an 

example of data visualisations having a translational material agency, providing insight into 

processes via mathematical models that were developed using grounded interpretation of 

qualitative investigations. 

The distribution functions provided a way to show differences and similarities in the demand 

profiles.  One QA participant asked ͚WŚǇ ŝƐ ƚŚĂƚ ŝŶ ĚŝĨĨĞƌĞŶƚ ĐůƵƐƚĞƌ ƚŽ ƚŚĂƚ͍  Iƚ͛s the same product 

ũƵƐƚ Ă ĚŝĨĨĞƌĞŶƚ ƉĂĐŬĂŐĞ͛.  CJP answered by using these profiles to show that the demand behaviour 

was very different (see Fig.4) as one was manufactured for a single market.  Since the aim was to 

smooth the system we would have to aggregate the demand over long periods and this was the kind 

of behaviour that would need to be monitored.  The QA had never realised just how volatile some of 

the demand profiles were until these workshops.   The participative action research was increasing 

knowledge of the system for all of those involved. 

 

Figure 4: The Empirical Cumulative Distribution Function. 
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The Empirical Cumulative Distribution Function in Figure 4 may be difficult to explain in lay terms but 

it is easy to visualise and immediately shows how some demand profiles are very different to others.  

The graphs below are of the same product but for different countries which have different testing 

ƌĞƋƵŝƌĞŵĞŶƚƐ͘  TŚĞ ŚĂƌĚĞƌ ͚ĞůďŽǁ͛ ǁŝƚŚ ůĞƐƐ frequent but much larger purchases, in the first graph, is 

for one country, the company moved to managing this country by exception.  The different functions 

now realised why this needed to be managed differently and became more aligned to this process. 

 

The staff at the testing end of the chain began to see the difficulties of managing demand that was 

highly variable and to understand the reasons why they were sometimes under pressure to get 

items dealt with quickly. 

QA͖ ͚Iƚ͛Ɛ ŐŽŽĚ ƚŽ ŚĞĂƌ ǁŚĂƚ ŐŽĞƐ ŽŶ ŝŶ ĚĞŵĂŶĚ ĂŶĚ ĨŝŶĚ ŽƵƚ ǁŚǇ ŝƚ ŝƐ ůŝŬĞ ŝƚ ŝƐ͛ 

They had often thought it was mismanagement or poor forecasting but now realised it was often 

external effects.  Through visualisations of forecasts including confidence bands they also saw how a 

forecast always becomes more inaccurate as the horizon increases (and the respective prediction 

intervals wider), this was a phenomena of which they had no awareness.  Since their process had a 

requirement to use a forecast requirement at any point from three months to three years this was 

valuable knowledge which altered perspectives.   

The practice of using the predicted weeks on hand as a daily measure was stopped.  Any decision 

regarding changing the master schedule were now carefully made as a group at the planning level 

and the plan was effectively frozen at 14 weeks.  The quality and testing procedures were now to 

stick to due dates unless otherwise directed by the planners.  The system had changed, through the 

agency of the simulation and modelling intervention, and it was in a way which had full internal 

commitment of all of the actors.   

In the final questionnaire DP1 stated that any smoothing ͚needed to be done at the demand input͛, 

an improvement on the opinion that smoothing means having ͚ŝƚĞŵƐ arrive on time in the correct 

ƋƵĂŶƚŝƚǇ͛.   The planners accommodated and transcribed the use of the I-MR charting as a way of 

altering history to give an in control time series on which to base their forecasts.  It also provided a 

way to manage by exception as they used the derived control limits as settings in the existing 

forecasting software.  

  



20 

 

6. Results 

The change in the way the forecast was used can be seen in Figure 5.  Small changes in 

understanding and practice during the diagnostic phase had profound effects on the supply chain.  

Large savings on inventory and scrap were achieved through a process of continuous improvement 

that was enabled by the collaborative action of developing new metrics and views.   

By spring 2016 it was estimated that the work had contributed to Φ4M (see Fig. 6) in inventory 

saving and a 40% increase in inventory turns.  This was due to the participative diagnostic and 

empirical actions of partitioning of demand, understanding of bullwhip and the days to sell metric.  

The head count also reduced, by approximately 30% in planning, as workloads eased due to the 

smoothing effects induced by the work.   Following the PartiSim experimental action there was a 

further reduction of 7% in the overall workforce, which SM put down, in part, to the reduction in 

churn achieved by the interventions.  Production volumes remained the same throughout. 

 

 

Figure 5. Simplified mapping of the forecast use after the action research project 
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Many companies face issues regarding temporal aggregation due to lead time and delivery 

constraints but rarely are the batch sizes so constrained and the lead times so long or uncertain as at 

PharmaCo.   In semi-process industries this is more likely to be the case, particularly in 

pharmaceutical production as these are, in general, uncertain production environments.   

The action research facilitated improvement of the forecast use, and the knowledge and 

communication surrounding it.  The production and demand started to align better through reduced 

variation which has been noted by PPM (see Fig.5 & 7).  When asked how the forecast use had 

changed he said; ͚ǁĞ ŚĂǀĞ ĂŶ ŝŶĐƌĞĂƐĞĚ ĂǁĂƌĞŶĞƐƐ ŽĨ ƉĂƚƚĞƌŶƐ͙͘ SĞĞŝŶŐ ĂŐŐƌĞŐĂƚŝŽŶ ĞĨĨĞĐƚƐ͛ and 

ƚŚĂƚ ƚŚŝƐ ŚĂĚ ͚ŝŶĐƌĞĂƐĞĚ ƉĞŽƉůĞ͛Ɛ ĐŽŶĨŝĚĞŶĐĞ ƚŽ ĐŚĂŶŐĞ ƚŚŝŶŐƐ͙͘ WĞ Ĩŝƌŵ ƚŚĞ MPS ĞĂƌůŝĞƌ ĂŶĚ ĂƌĞ ŶŽƚ 

ƵƐŝŶŐ ƚŚĞ ĨŽƌĞĐĂƐƚ ĨŽƌ ƚŚĞ ƌĞƉŽƌƚ ĂŶǇ ŵŽƌĞ ďƵƚ ĚƵĞ ĚĂƚĞ ĂĚŚĞƌĞŶĐĞ ŝŶƐƚĞĂĚ͛͘  He felt the modelling 

ŚĂĚ ͚Ă ƐŝŐŶŝĨŝĐĂŶƚ ŝŶĨůƵĞŶĐĞ͛ in facilitating change, and when asked if anything would not have 

happened if there had been no interventions he said  ͚I͛ŵ ŶŽƚ ƐƵƌĞ͙͘ PƌŽďĂďůǇ ǁŽƵůĚ ŚĂǀĞ ƚĂŬĞŶ 

ůŽŶŐĞƌ͙͘͘ I ƚŚŝŶŬ ǁĞ ŶĞĞĚĞĚ Ă ĐĂƚĂůǇƐƚ ĨŽƌ ĐŚĂŶŐĞ͛͘  

 

 

Figure 6. Inventory ƌĞĚƵĐƚŝŽŶ Ăƚ ƚŚĞ DC͛Ɛ (disguised data).  The three month lead time caused the effect of 

extra batching to be lagged ΀PϬ ĂƌĞ ĨŝŶĂŶĐŝĂů ƉĞƌŝŽĚ ĨŽƌ ƚŚĞ PŚĂƌŵĂCŽ͛Ɛ ĂĐĐŽƵŶƚŝŶŐ ƐǇƐƚĞŵƐ΁. 
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Figure 7. Reduction in internal bullwhip on one line item (disguised data) over time.  This phenomena was 

seen on other lines as well.  Note the reduction is in intermittency as well as in volumes.  Also note time is 

along the upper x-axis. 

 

In an interview toward the end of the interventions the Senior Manager noted the most important 

effect as being that of culture change: 

SM: ͚ũƵƐƚ ďǇ ƚŚĞ ŝŶƚĞƌĂĐƚŝŽŶ ǁŝƚŚ ƚŚĞ ƉĞŽƉůĞ ƚŚĞŵƐĞůǀĞƐ ŝƚ ŽƉĞŶƐ ƚŚĞŝƌ ŵŝŶĚ ƚŽ ƚŚŝŶŬŝŶŐ ĂďŽƵƚ ƚŚŝŶŐƐ 

ƚŚĂƚ ƚŚĞǇ ǁŽƵůĚŶ͛ƚ ŚĂǀĞ ůŽŽŬĞĚ Ăƚ ďĞĨŽƌĞ͘͘ ƚŚĞǇ ǁŽƵůĚ ŚĂǀĞ ůŽŽŬĞĚ ƌĞƚƌŽƐƉĞĐƚŝǀĞůǇ ͙ ŝƚ͛Ɛ ŽƉĞŶĞĚ ƚŚĞŝƌ 

ŵŝŶĚ ƚŽ ƚŚŝŶŬŝŶŐ ͚ǁĞůů ŝĨ ƚŚĂƚ͛Ɛ ǁŚĂƚ I͛ŵ ƐĞeing here what does that mean for the future .. in terms of 

ƚŚĞ ĨŽƌĞĐĂƐƚ͕ ǁŚĂƚ ĂĐƚƵĂůůǇ ŝƐ ŚĂƉƉĞŶŝŶŐ͕͛ ƐŽ ƚŚĞǇ͛ƌĞ ŶŽƚ ƌĞƐƉŽŶĚŝŶŐ ƚŽ ĂŶ ĞǀĞŶƚ ͙͘ Iƚ͛Ɛ Ă ĨƵŶĚĂŵĞŶƚĂů 

ŝŶ ĐŚĂŶŐŝŶŐ ƚŚĞ ĐƵůƚƵƌĞ ŽĨ ƚŚĞ ƐŝƚĞ͛   

7. Discussion 

By using the mangle of practice we can view the social and technical aspects of each of the 

interventions to improve with the same lens.  This allows recoverable information to be gathered 

which can then be compared against previous research and, in the future, against further research.  

We have used this to analyse the results of the interventions and gather knowledge from the action 

research, see table 1 below.   

The table shows a common bridgehead of improved forecast use through better communication and 

enhanced data visibility, that come about as iterations to improve build on each other.  Resistance to 

change is addressed through visualisation of appropriate models that are developed in answer to 

qualitative data.  The qualitative aspects are opened up by the use of action research methods.  In a 

sociotechnical system, such as supply chain forecasting and planning, we need to make use of 

methods which allow for investigation of the social aspects of a system (Mumford, 2006).  In this 
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way a collaborative design process can emerge (Caniato et al., 2011) which increases alignment of 

the functions (Oliva & Watson, 2011) and breaks down individual functional biases (Oliva & Watson, 

2009).  The action research was initially started to investigate variability overall and look at the 

viability of production smoothing, but an emergent effect was improved forecast use and 

understanding in the supply chain. 

The accommodation afforded by all of the actors and their functional processes has a recurring 

theme of participation building understanding and increasing system knowledge as a cross 

functional group, allowing the transcription to be entrained at a common pace.  Intervention theory 

and action research, viewed through the mangle of practice, ensured that the work was decentred, 

without no primary role of expert or best method, allowing a dynamic interaction between all of the 

actors in which worldviews were freely altered. 

Many of the improvements came about by accident or by incidental learning that was taken up and 

used, hence the bridgehead of changing forecast understanding and use came about as a group act, 

like a boat on the water moving with the prevailing current.  This enabled the forecast use to be 

improved in a natural way which had internal commitment: they became the ƐƚĂŬĞŚŽůĚĞƌƐ͛ 

interventions so that CJP could step away whilst improvement was maintained.  The valid 

information was developed together so it was trusted and double loop learning was achieved 

(Argyris, 1977).   
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Table 1. Describes the evolving process of the Mangle of Practice (Pickering, 1995) 

Bridgeheads/emergent 

actions 
Resistance Accommodation Transcription/filling Prior research addressed 

Forecast laid bare, ready 

to improve, forecast audit,  

demand profiling. 

Most do not believe 

demand is smooth 

with a few spikes.  

System not fully 

understood. 

New software helps to create views for 

managing the exceptions enabled by analytics 

and good data management.  System 

understanding improves by taking different 

views. 

Staff help to source the data and create the 

views for managing by exception, eventually 

becoming the creators.  Awareness raised 

about judgemental adjustments and 

intermittency in sales.  

͚ƉƵƚƚŝŶŐ ŝƚ ŽŶ ƚŚĞ ƚĂďůĞ͛ (Deschamps et al., 2005) 

Forecast process improvement in practice. 

(Moon et al., 2003) Forecast audit. 

(Fildes et al., 2009) Biasing due to judgmental 

adjustments. 

(Syntetos & Boylan, 2001) Biased intermittent 

forecasts. 

A move toward a 

questioning data driven 

culture improves forecast 

quality in use. 

Large changes and 

new ideas are difficult 

to learn and 

accommodate. 

Being reflexive and ensuring analytics have a 

behavioural fit. Small iterations to improve 

͚solve a little pain͛ each time changing the 

path dependence of the group and forecast 

improvement. 

Participative actions use research 

knowledge.  Group derived knowledge and 

tools are put to use.  Contextualised 

visualisations enable transcription of models 

;Ğ͘Ő͘ MAPA͕ CDF͛Ɛ͕ lead time histograms) 

(Luoma, 2015) Behavioural fit. 

(Mello & Stahl, 2011) Culture change and 

forecasting.   

(Hämäläinen & Lahtinen, 2016) Path 

dependence and change. 

The above improvements 

require creation of new 

views of available data. 

Data stored in three 

different systems and 

matching difficult 

across levels. 

New software sourced.  Data blended and 

loaded into new databases.  Master data files 

and new data procedures created.   

Staff take up and use new software, asking 

for specific changes.  New knowledge 

emerges from new data views.  Creates 

improvements and prompts further 

changes.   

(Fildes & Hastings, 1994; Fildes & Petropoulos, 

2015) Data systems as barriers to improvement. 

(Li, Thomas, & Osei-Bryson, 2016) Knowledge 

emerging from analytics development. 

Many small changes to 

improve demand forecast 

use when planning create 

large systemic changes 

and savings. 

Large changes and 

new ideas are difficult 

to learn and 

accommodate. 

Agile participative design. Changes must be 

small and structured to fit working practice, 

entrained at the right pace for the user.  This 

way they build on each other. 

Better demand management leads to 

inventory reduction and reduced MPS 

nervousness. 

(Ancona & Chong, 1996) Entrainment of work. 

(Orlikowski, 2000) Structuring of technology and 

work. 

(Syntetos, Nikolopoulos, & Boylan, 2010) Large 

improvements in inventory from small changes 

at forecast. 

Forecast information 

sharing deficitʹ move to 

measure BullWhip Effect. 

Language barriers 

across functions. 

Necessary data is not 

recorded. 

Language barriers are opened up.  Data 

cannot be accommodated. Different methods 

of variation mapping and understanding are 

employed. 

Communication improves.  BWE is better 

understood aggregation effects are 

identified and managed by planners. 

(Croson & Donohue, 2006; Lee, Padmanabhan, 

& Whang, 1997b; Wang et al., 2014) Bullwhip 

effect and information sharing.  

(Oliva & Watson, 2011) cross functional 

alignment can be more important than 

information sharing.  

Information sharing and 

communication of forecast 

internally is improved. 

 

Did not want to have 

less information for 

fear of slow reaction. 

Models show how variation reduces if demand 

is temporally aggregated.  Staff admit gaming 

system to favour some items and learn how to 

help other areas.  Also gain knowledge re; 

demand variation and forecast accuracy. 

Forecast use is limited to demand planners.  

They manage by exception and plan is 

frozen at 14 weeks.  Understanding about 

forecast limitations and sales patterns is 

improved. 

We have found no other research noting a 

negative effect due to too much information 

sharing.  Poor communication of forecast 

information and risk has been observed in 

research (Moon et al., 2003; Oliva & Watson, 

2009, 2011) .   
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To understand how the action research requirement of reflexivity affected the research we can look 

at the intervention which did not occur; the attempt to map and control the bullwhip.  SM steered 

the research away from this goal although CJP was keen to pursue it; SM had an agenda to 

implement continuous flow in production and felt that smoothing via controlling the bullwhip would 

not help this, a case of instrumentalisation which is common in a reflexive environment (Westling et 

al., 2014).  CJP was interested in mapping the effect of bullwhipping and the possibility of controlling 

the WIP and inventory inputs using gain controllers, her standpoint as an analytics practitioner, 

ŬŶŽǁŶ ĂƐ ͚the practitioner͛s dilemma͛ (Corbett, Willem, & Wassenhove, 1995).  Had the data been 

available and the research not as reflexive ;ƚŽ “M͛Ɛ ĐŽŶĐĞƌŶƐͿ the bridgehead for the supply chain 

forecast part of the intervention could have focussed instead on an analysis, mapping and 

controlling of bullwhip.  This intervention would have reduced the opportunity for participation 

ƐŝŶĐĞ ŝƚ ǁĂƐ ƚĞĐŚŶŝĐĂůůǇ ŵŽƌĞ ĐŽŵƉůĞǆ ĂŶĚ ƌĞƋƵŝƌĞĚ ŵŽƌĞ ĨƌŽŵ ƚŚĞ ƚƌĂŶƐĐƌŝƉƚŝŽŶ ŽĨ CJP͛Ɛ ĞǆƉĞƌƚŝƐĞ 

and input from the data systems.  Using bullwhip controllers would also require much less 

collaboration in development, therefore organisational learning at an accessible level, and double 

loop learning, would have been less likely to occur.  

8. Conclusion 

In this research we have shown that if a researcher is actively engaged in the organisation under 

scrutiny the practitioners are receptive to new ideas as small positive iterations lead to larger 

changes.  We saw that forecast information can be used in unexpected ways which can cause 

disruption and that behaviour errs on the side of caution when it comes to being reactive.  The 

descriptive power of the mangle provided recoverable information which can be compared against 

other research findings and has proven to be a useful lens for studying sociotechnical systems 

through action research. 

If action research were used to develop and embed a new forecast function then the associated 

method of Design Science could be used (Holmström et al., 2009).  DĞƐŝŐŶ “ĐŝĞŶĐĞ͛Ɛ ŝŶƚĞƌǀĞŶƚŝŽŶ is 

artefact development and it has been used successfully in Information Systems and Decision 

Sciences research (Hevner et al., 2004; Li et al., 2016).  Design Science provides a possible way to 

study organisations that need new forecast support systems, or adendums to their existing systems, 

such that it satisfies both academic and practitioner requirements whilst opening up the socio-

technical aspects of forecasting systems.  When studying and attempting to improve interraction, 

functional alignment and forecast perception, action research and grounded theory, used to aid 

effective collaboration, helps us to satisfy both the practitioner͛Ɛ requirements and to further 

academic understanding. 
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This study is limited due to being a single case study, however it concurs and corroborates with the 

the results of the action research project described by Caniato et al. (2011).  We also found that 

collaboration enables an effective design process that opens up understanding and increases 

alignment.  The findings also agree with Propostion IV of Oliva & Watson (2011);  

͚TŚĞ ƉƵƌƐƵŝƚ ŽĨ ĂůŝŐŶŵĞŶƚ ŝŶ ŽƌŐĂŶŝǌĂƚŝŽŶĂů ƉůĂŶŶŝŶŐ ĐĂŶ ďĞ ŵŽƌĞ ŝŵƉŽrtant than achieving 

ƉĂƌƚŝĐƵůĂƌ ůĞǀĞůƐ ŽĨ ŝŶĨŽƌŵĂƚŝŽŶĂů Žƌ ƉƌŽĐĞĚƵƌĂů ƋƵĂůŝƚǇ͛ 

In this case study, when the planning and testing teams had perfect knowledge of the inventory 

position, they were over reacting to the information due to a lack of knowledge regarding the effects 

that this could have.  It was only after a period of cross functional engagement and knowledge 

creation through the action research that they were able to achieve a consensus regarding process 

that improved many aspects of the system.  A virtuous cylce was set up, where the positive impact 

of one intervention would mean that the next was taken up more readily ͚ƐŽůǀŝŶŐ Ă ůŝƚƚůĞ ƉĂŝŶ͛ as SM 

put it, this also concurs with Oliva & Watson (2011).   

More exercises of this kind, particularly if written using the mangle, would be valuable in providing a 

body of research regarding methods for integration and improvement of forecasting.  We have 

already confirmed some existing research surrounding interventions, modelling and forecast 

improvement (see Table 1).  In particular we saw that the procedure surrounding forecast use and 

integration is of primary importance for improving use in practice (Caniato et al., 2011; Oliva & 

Watson, 2009, 2011).  When we enable a cross functional collaboration between all parties using a 

forecast the structure of forecasting problems are laid bare; and we are able to go beyond accuracy 

measures and look at other supply chain performance metrics and efficiencies.  When improvement 

is performed in this way knowledge is created and assimilated allowing for a re-structuring of ideas 

and processes (Kellogg, Orlikowski, & Yates, 2006; Orlikowski, 2000) and an entrainment across 

functional boundaries (Ancona & Chong, 1996; Ancona & Waller, 2007). 

Many of the insights gained here can be built upon, the limitations of using visual analytics would be 

one avenue for further research as would the perceived need for high velocity information and the 

effects of unexpected use of forecast information: also perceptions surrounding aggregation effects 

in the supply chain, and how these differ across functions.  When presenting this work one reviewer 

noted that it is a time consuming process (this study took 3 years).  We hope that by extracting the 

͚ǁŚĂƚ ǁŽƌŬĞĚ͛ ĞůĞŵĞŶƚƐ ŽĨ ƚŚĞ ĂĐƚŝŽŶ ƌĞƐĞĂƌĐŚ ǁĞ ĐĂŶ ĞŶĂďůĞ ŽƚŚĞƌƐ ƚŽ ƵƐĞ ƚŚĞƐĞ ŵĞƚŚŽĚƐ ƚŽ 

engage effectively in shorter time frames;  

 All processes using the forecast need to be documented and laid bare and the creation of a 
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cross functional group to do this is desirable (Oliva & Watson, 2009, 2011).  

 A forecast audit with the inclusion of forecast users creates new knowledge and enables 

good process design (Caniato et al., 2011; Moon et al., 2003).  

 Qualitative techniques such as reflexive action research and grounded theory have the 

ability to illuminate forecast research relevance which helps to contextualise solutions for 

the practitioner. 

 Culture and change management are integral to good forecast process management 

(Caniato et al., 2011; Moon, 2006; Oliva & Watson, 2009) 

Visualised analytics and forecasting algorithms have shown their potential as a tool for expert 

forecasters and analysts to engage with practitioners effectively.  Relevant contextualised pictures 

that describe mathematical models can penetrate opaque processes if they achieve a behavioural fit 

(Luoma, 2015).  The relevant context can be found through interpretive methods like action research 

that encourage a free expression of views.  Large scale changes to improve forecasting awareness 

and use in the supply chain can succeed through small scale innovations and commitment and we 

have shown that this can be enabled by iterative, collaborative development that provides a catalyst 

for cultures to change from within.    

 

Acknowledgements and Funding 

This work was funded from: a) Welsh Government Strategic Insight Programme ʹ SIP, Project CS1070 

in 2012 covering initial scoping work for Professor K. Nikolopoulos, b)  Technology Strategy Board - 

Knowledge Transfer Programme sKTP, Project KTP1000811- in 2013 covering knowledge transfer 

work from Dr. C. J. Phillips supervised by Professor K. Nikolopoulos, and c) jointly funded blue-sky 

research by PharmCo and the College of Business Law Education & Social Sciences, Prifysgol Bangor 

University as part of a PhD studentship program from 2014-2017. PharmaCo want to maintain their 

anonymity in this section. 

 

 

 

  



28 

 

References 

Ancona, D., & Chong, C.-L. (1996). Entrainment: Pace, cycle, and rhythm in organizational behavior. 

Research in Organizational Behavior, 18, 251ʹ284. Retrieved from 

http://psycnet.apa.org/index.cfm?fa=search.displayRecord&UID=1996-98665-006 

Ancona, D., & Waller, M. J. (2007). The Dance of Entrainment: Temporally Navigating across Multiple 

Pacers. Research in the Sociology of Work. Emerald Group Publishing Limited. 

http://doi.org/10.1016/S0277-2833(07)17004-7 

Argyris, C. (1970). Intervention Theory & Method: A Behavioral Science View. Addison-Wesley 

Publishing Company, Reading, Masaacheusettes. 

Argyris, C. (1977). Double loop learning in organizations. Harvard Business Review, 55(5), 115ʹ125. 

http://doi.org/10.1007/BF02013415 

Baskerville, R. L., & Wood-Harper, A. T. (1996a). A critical perspective on action research as a 

method for information systems research. Journal of Information Technology, 11(3), 235ʹ246. 

http://doi.org/10.1080/026839696345289 

Baskerville, R. L., & Wood-Harper, A. T. (1996b). A critical perspective on action research as a 

method for information systems research. Journal of Information Technology, 11(3), 235ʹ246. 

http://doi.org/10.1080/026839696345289 

Caniato, F., Kalchschmidt, M., & Ronchi, S. (2011). Integrating quantitative and qualitative 

forecasting approaches: Organizational learning in an action research case. Journal of the 

Operational Research Society, 62(3), 413ʹ424. http://doi.org/10.1057/jors.2010.142 

Cecez-Kecmanovic, D., Galliers, Robert, D., Henfridsson, O., Newell, S., & Vidgen, R. (2014). The 

sociomateriality of information systems: Current status, future directions. MIS Quarterly, 38(3), 

809ʹ830. 

Checkland, P. (1999). Systems Thinking, Systems Practice: Includes a 30-Year Retrospective -. Wiley. 

Retrieved from http://eu.wiley.com/WileyCDA/WileyTitle/productCd-0471986062.html 

Checkland, P. (2000). Soft systems methodology: a thirty year retrospective. Systems Research and 

Behavioral Science, 17, 11ʹ58. http://doi.org/10.1002/1099-1743(200011)17:1+<::AID-

SRES374>3.0.CO;2-O 

Checkland, P., & Holwell, S. (1998). Action research: Its nature and validity. Systemic Practice and 

Action Research, 11(1), 9ʹ21. http://doi.org/10.1023/A:1022908820784 



29 

 

Chein, I., Cook, S. W., & Harding, J. (1948). The field of action research. The American Psychologist, 

3(2), 43ʹ50. http://doi.org/10.1037/h0053515 

Corbett, C. J., Willem, J. A. M. O., & Wassenhove, L. N. Van. (1995). Strands of practice in OR (The 

PƌĂĐƚŝƚŝŽŶĞƌ͛Ɛ DŝůĞŵŵĂͿ͘ European Journal of Operational Research, 87, 484ʹ499. 

Coughlan, P., & Coghlan, D. (2002). Action research for operations management. International 

Journal of Operations & Production Management, 22(2), 220ʹ240. 

Croson, R., & Donohue, K. (2006). Behavioral Causes of the Bullwhip Effect and the Observed Value 

of Inventory Information. Management Science, 52(3), 323ʹ336. 

http://doi.org/10.1287/mnsc.1050.0436 

Croston, J. D. (1972). Forecasting and Stock Control for Intermittent Demands. Journal of the 

Operational Research Society, 23(3), 289ʹ303. http://doi.org/10.1057/jors.1972.50 

Dejonckheere, J., Disney, S. M., Lambrecht, M. R., & Towill, D. R. (2003). Measuring and avoiding the 

bullwhip effect: A control theoretic approach. European Journal of Operational Research, 

147(3), 567ʹ590. http://doi.org/10.1016/S0377-2217(02)00369-7 

Deschamps, E. A. (Feature E., Mello, J., Gilliland, M., Tynes, D., & Jones, E. A. (2005). Special feature: 

The organizational politics of forecasting. Foresight: The International Journal of Applied 

Forecasting, (2), 5ʹ21. 

Eden, C., & Huxham, C. (2006). Researching Organizations Using Action Research. In S. R. Clegg, C. 

Hardy, T. B. Lawrence, & W. R. Nord (Eds.), The Sage handbook of organization studies (2nd ed., 

pp. 388ʹ408). London, New Delhi: Sage. Retrieved from 

https://books.google.co.uk/books?hl=en&lr=&id=TuE0NRH2U7UC&oi=fnd&pg=PA388&dq=coli

n+eden+1983&ots=bWRHiljK2F&sig=tJpWAnqDvWkS4t0ARbr52Xbq53w 

Eisenhardt, K. M. (1989). Building Theories from Case Study Research. Academy of Management 

Review, 14(4), 532ʹ550. http://doi.org/10.5465/AMR.1989.4308385 

Fildes, R., Goodwin, P., Lawrence, M., & Nikolopoulos, K. (2009). Effective forecasting and 

judgmental adjustments: an empirical evaluation and strategies for improvement in supply-

chain planning. International Journal of Forecasting, 25(1), 3ʹ23. 

http://doi.org/10.1016/j.ijforecast.2008.11.010 

Fildes, R., & Hastings, R. (1994). The Organization and Improvement of Market Forecasting. The 

Journal of the Operational Research Society, 45(1), 1ʹ16. http://doi.org/10.1057/jors.1994.1 



30 

 

Fildes, R., & Petropoulos, F. (2015). Improving Forecast Quality in Practice. Foresight: The 

International Journal of Applied Forecasting, Winter, 5ʹ13. 

Glaser, B., & Strauss, A. (1967). The Discovery of Grounded Theory: Strategies for Qualitative 

Research. 

Goodwin, P., Onkal, D., & Thomson, M. (2010). Do forecasts expressed as prediction intervals 

improve production planning decisions? European Journal of Operational Research, 205(1), 

195ʹ201. http://doi.org/10.1016/j.ejor.2009.12.020 

Hämäläinen, R. P., & Lahtinen, T. J. (2016). Path Dependence in Operational Research ʹ How the 

Modeling Process Can Influence the Results. Operations Research Perspectives, 3, 14ʹ20. 

http://doi.org/10.1016/j.orp.2016.03.001 

Hevner, A. R., March, S. T., Park, J., & Ram, S. (2004). Design Science in Information Systems 

Research. MIS Quarterly, 28(1), 75ʹ105. Retrieved from http://www.jstor.org/stable/25148625 

Holmström, J., Ketokivi, M., & Hameri, A.-P. (2009). Bridging Practice and Theory: A Design Science 

Approach. Decision Science, 40(1), 65ʹ87. http://doi.org/10.1111/j.1540-5915.2008.00221.x 

Howick, S., & Ackermann, F. (2011). Mixing or methods in practice: Past, present and future 

directions. European Journal of Operational Research, 215(3), 503ʹ511. 

http://doi.org/10.1016/j.ejor.2011.03.013 

Hyndman, R. J., Koehler, A. B., Ord, J. K., & Snyder, R. D. (2008). Forecasting with Exponential 

Smoothing: The State Space Approach (1st ed.). Verlag Berlin Heidelberg: Springer. Retrieved 

from 

http://books.google.com/books?hl=en&lr=&id=GSyzox8Lu9YC&oi=fnd&pg=PA2&dq=Forecastin

g+with+Exponential+Smoothing+state+space+approach&ots=1oaxCNrym3&sig=v_7jU4rwjfzbm

iggOssKfnCTC0M 

Jackson, M. C. (2003). Systems Thinking: Creative Holism for Managers. Chichester: John Wiley & 

Sons, Ltd. 

Kellogg, K. C., Orlikowski, W. J., & Yates, J. (2006). Life in the Trading Zone: Structuring Coordination 

across Boundaries in Postbureaucratic Organizations. Organization Science, 17(1), 22ʹ44. 

http://doi.org/10.1287/orsc.1050.0157 

Kourentzes, N., Petropoulos, F., & Trapero, J. R. (2014). Improving forecasting by estimating time 

series structural components across multiple frequencies. International Journal of Forecasting, 

30(2), 291ʹ302. http://doi.org/10.1016/j.ijforecast.2013.09.006 



31 

 

Kremer, M., Moritz, B., & Siemsen, E. (2011). Demand Forecasting Behavior: System Neglect and 

Change Detection. Management Science, 57(10), 1827ʹ1843. 

http://doi.org/10.1287/mnsc.1110.1382 

Kreye, M. E., Goh, Y. M., Newnes, L. B., & Goodwin, P. (2012). Approaches to displaying information 

to assist decisions under uncertainty. Omega, 40(6), 682ʹ692. 

http://doi.org/10.1016/j.omega.2011.05.010 

LĂǁƌĞŶĐĞ͕ M͕͘ GŽŽĚǁŝŶ͕ P͕͘ O͛CŽŶŶŽƌ͕ M͕͘ Θ OŶŬĂů͕ D͘ ;ϮϬϬϲͿ͘ JƵĚŐŵĞŶƚĂů ĨŽƌĞĐĂƐƚŝŶŐ͗ A ƌĞǀŝĞǁ ŽĨ 

progress over the last 25 years. International Journal of Forecasting, 22(3), 493ʹ518. 

http://doi.org/10.1016/j.ijforecast.2006.03.007 

Lee, H. L., Padmanabhan, V., & Whang, S. (1997a). Information Distortion in a Supply Chain: The 

Bullwhip Effect. Management Science, 43(4), 546ʹ558. http://doi.org/10.1287/mnsc.43.4.546 

Lee, H. L., Padmanabhan, V., & Whang, S. (1997b). Information Distortion in a Supply Chain: The 

Bullwhip Effect. Management Science, 43(4), 546ʹ558. http://doi.org/10.1287/mnsc.43.4.546 

Lewin, K. (1946). Action Research and Minority Problems. Journal of Social Issues, 2(4), 34ʹ46. 

http://doi.org/10.1111/j.1540-4560.1946.tb02295.x 

Li, Y., Thomas, M. A., & Osei-Bryson, K.-M. (2016). A snail shell process model for knowledge 

discovery via data analytics. Decision Support Systems, 91, 1ʹ12. 

http://doi.org/10.1016/j.dss.2016.07.003 

Luoma, J. (2015). Model-based organizational decision making: A behavioral lens. European Journal 

of Operational Research, 0, 1ʹ11. http://doi.org/10.1016/j.ejor.2015.08.039 

Mahmoud, E., DeRoeck, R., Brown, R., & Rice, G. (1992). Bridging the gap between theory and 

practice in forecasting. International Journal of Forecasting, 8(2), 251ʹ267. 

http://doi.org/10.1016/0169-2070(92)90123-Q 

Makridakis, S., & Taleb, N. (2009). Decision making and planning under low levels of predictability. 

International Journal of Forecasting, 25(4), 716ʹ733. 

http://doi.org/10.1016/j.ijforecast.2009.05.013 

Mello, J. E., & Stahl, R. A. (2011). How S&OP changes corporate culture: results from interviews with 

seven companies. Foresight: The International Journal of Applied Forecasting, (20), 37ʹ42. 

Mingers, J., & Brocklesby, J. (1997). Multimethodology: Towards a framework for mixing 

methodologies. Omega, 25(5), 489ʹ509. http://doi.org/10.1016/S0305-0483(97)00018-2 



32 

 

Moon, M. A. (2006). Breaking down barriers to forecast process improvement. Foresight: The 

International Journal of Applied Forecasting, 26ʹ30. 

Moon, M. A., Mentzer, J. T., & Smith, C. D. (2003). Conducting a sales forecasting audit. International 

Journal of Forecasting, 19(1), 5ʹ25. http://doi.org/10.1016/S0169-2070(02)00032-8 

Mumford, E. (2006). The story of socio-technical design: Reflections on its successes, failures and 

potential. Information Systems Journal, 16(4), 317ʹ342. http://doi.org/10.1111/j.1365-

2575.2006.00221.x 

Oliva, R., & Watson, N. (2009). Managing functional biases in organizational forecasts: A case study 

of consensus forecasting in supply chain planning. Production and Operations Management, 

18(2), 138ʹ151. http://doi.org/10.1111/j.1937-5956.2009.01003.x 

Oliva, R., & Watson, N. (2011). Cross-functional alignment in supply chain planning: A case study of 

sales and operations planning. Journal of Operations Management, 29(5), 434ʹ448. 

http://doi.org/10.1016/j.jom.2010.11.012 

Orlikowski, W. J. (2000). Using Technology and Constituting Structures: A Practice Lens for Studying 

Technology in Organizations. Organization Science, 11(4), 404ʹ428. 

http://doi.org/10.1287/orsc.11.4.404.14600 

Ormerod, R. J. (2014a). Critical rationalism in practice: Strategies to manage subjectivity in OR 

investigations. European Journal of Operational Research, 235(3), 784ʹ797. 

http://doi.org/10.1016/j.ejor.2013.12.018 

Ormerod, R. J. (2014b). The mangle of OR practice: towards more informative case studies of 

͞ƚĞĐŚŶŝĐĂů͟ ƉƌŽũĞĐƚƐ͘ Journal of the Operational Research Society, 65(8), 1245ʹ1260. 

http://doi.org/10.1057/jors.2013.78 

Pickering, A. (1995). TŚĞ ŵĂŶŐůĞ ŽĨ ƉƌĂĐƚŝĐĞ෴͗ ƚŝŵĞ͕ ĂŐĞŶĐǇ͕ ĂŶĚ ƐĐŝĞŶĐĞ. University of Chicago Press. 

Pickering, A., & Guzik, K. (2008). TŚĞ ŵĂŶŐůĞ ŝŶ ƉƌĂĐƚŝĐĞ෴͗ ƐĐŝĞŶĐĞ͕ ƐŽĐŝĞƚǇ͕ ĂŶĚ ďĞĐŽŵŝŶŐ. Duke 

University Press. 

“ĂŶĚďĞƌŐ͕ J͕͘ Θ TƐŽƵŬĂƐ͕ H͘ ;ϮϬϭϭͿ͘ GƌĂƐƉŝŶŐ ƚŚĞ LŽŐŝĐ ŽĨ PƌĂĐƚŝĐĞථ͗ TŚĞŽƌŝǌŝŶŐ ƚŚƌŽƵŐŚ ƉƌĂĐƚŝĐĂů 

rationality. The Academy of Management Review, 36(2), 338ʹ360. 

Susman, G., & Evered, R. D. (1978). An Assessment of the Scientific Merits of Action Research. 

Administrative Science Quarterly, 23(4), 582ʹ603. Retrieved from 

http://www.jstor.org/stable/2392581?seq=1&cid=pdf-reference#references_tab_contents 



33 

 

Syntetos, A. A., Babai, Z., Boylan, J. E., Kolassa, S., & Nikolopoulos, K. (2016). Supply chain 

forecasting: Theory, practice, their gap and the future. European Journal of Operational 

Research, 252(1), 1ʹ26. http://doi.org/10.1016/j.ejor.2015.11.010 

Syntetos, A. A., & Boylan, J. . (2001). On the bias of information estimates. International Journal of 

Production Economics, 71(2), 457ʹ466. http://doi.org/10.1037/h0026857 

Syntetos, A. A., Nikolopoulos, K., & Boylan, J. E. (2010). Judging the judges through accuracy-

implication metrics: The case of inventory forecasting. International Journal of Forecasting, 

26(1), 134ʹ143. http://doi.org/10.1016/j.ijforecast.2009.05.016 

Tako, A. A., & Kotiadis, K. (2015). PartiSim: A multi-methodology framework to support facilitated 

simulation modelling in healthcare. European Journal of Operational Research, 244(2), 555ʹ

564. http://doi.org/10.1016/j.ejor.2015.01.046 

Wang, X., & Disney, S. M. (2015). The bullwhip effect: Progress, trends and directions. European 

Journal of Operational Research, 250, 691ʹ701. http://doi.org/10.1016/j.ejor.2015.07.022 

Wang, X., Disney, S. M., & Wang, J. (2014). Exploring the oscillatory dynamics of a forbidden returns 

inventory system. International Journal of Production Economics, 147, 3ʹ12. 

http://doi.org/10.1016/j.ijpe.2012.08.013 

WĞƐƚďƌŽŽŬ͕ ‘͘ ;ϭϵϵϱͿ͘ AĐƚŝŽŶ ƌĞƐĞĂƌĐŚථ͗ Ă ŶĞǁ ƉĂƌĂĚŝŐŵ ĨŽƌ ƌĞƐĞĂƌĐŚ ŝŶ ƉƌŽĚƵĐƚŝŽŶ ĂŶĚ ŽƉĞƌĂƚŝŽŶƐ 

management. International Journal of Operations & Production Management, 15(12), 6ʹ20. 

Retrieved from http://dx.doi.org/10.1108/01443579510104466 

Westling, E. L., Sharp, L., Rychlewski, M., & Carrozza, C. (2014). Developing adaptive capacity 

through reflexivity: lessons from collaborative research with a UK water utility. Critical Policy 

Studies, 8(4), 427ʹ446. http://doi.org/10.1080/19460171.2014.957334 

White, L. (2016). Behavioural operational research: Towards a framework for understanding 

behaviour in OR interventions. European Journal of Operational Research, 249(3), 827ʹ841. 

http://doi.org/http://dx.doi.org/10.1016/j.ejor.2015.07.032 

 


