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Abstract

This paper investigates the characteristics and behaviour of learners on nine Massive
Open Online Courses (MOOCs) on the FutureLearn platform in 2014 and E2@dfzl carn’s
social constructivist approach, which emphasizes learning through social interaction, makes the
focus on forum posting within these MOOCs particularly appropriate. This study makes a
significant contribution to the research on MOOCs by exploring firstly the extent to which
learners on FutureLearn MOOCs make comments, secondly, whether groups of learners who
comment to a lesser or greater extent have different demographic characteristics and thirdly,
whether commenting activity is associated with MOOC completidhe study uses a large
dataset of over 25,00earners to examine learners who comment versus those who don’t, and
learners who generate many posts. The results show that learners who are older, work part-time
or not at all are more likely to post a comment, and those who are older, work part-time or not at
all, are better educated and have prior online experience make the most comments. Making
comments is also strongly associated with completing a MOOC, in particular for those who

make many comments.

Keywords MOOCs, social constructivism, commenting, MOOC completion,



I ntroduction

Massive Open Online Courses (MOOCSs) have proliferated dramatically since the afdtrent
modern form in Canada in 2008, and their popularity globally has risen rapidiyfirst MOOCs were
connectivist or cMOOCs where learners were encouraged to connect through leammingnities using
a variety of web tools, to create knowledge. These MOOCs were followed by xXM@®ICk,are more
didactic in nature, offered on platforms such as Coursera, edX and Udacity. Xil&Cs often
comprise a series of video lectures and assessments, with less emphasis on sodtianinByralanuary
2014, the main xXMOOC providers had offered almost 700 courses and enrolled more tham&iselis
worldwide (Perna et al., 2014), and this number is increasingly rapidly.rdingoto Dhawal Shah
founder of Class Central, a free online MOOC aggregator, the number oéregjiistudents added in
2015 is nearly equal to the previous three years combined (Wexler, 2015). In 21X s Open
University launched a new MOOC platform, FutureLearn, which has almost four millisstered
participants and partnerships with over 80 universities and other organidationsicross the world
(FutureLearn). FutureLearn differs from both the cMOOC and the xXMOOC approach by hadoigl
constructivist pedagogy underpinning its design, and is labelled as a social leaatfimignpldue to its
‘water-cooler’ style discussion areas provided alongside learning content intended to encourage social
interaction (Ferguson & Clow, 201%erguson & Sharples, 2014). A number of studies suggest that
social interaction within MOOCs can impact on retention of learners, is assbowith learner

engagement, and can help prevent feelings of isolation, a perceived problem in online, distance courses

Social interaction and retention in MOOCs

It is well known that MOOCs have low completion rates, and this has been a contineideoe
problem, with reported rates of between 5% and 12% (Jordan 2014; Pern2@t4). Consequently, it
is not surprising that there have been many studies examining the factoratadsah retention in

MOOCs (Breslow et al., 2013; Cisel, 2014; Guo & Reinecke, 2014; Kizilcec 043, Palin, 2014),



some of which have focused on the role of social interaction. Several studies have found ti@at MOO
learners who post in discussion forums are less likely to drop out than those who don’t (Balakrishnan &
Coetzee, 2013; Breslow et al., 2013; Kizilcec et al.,, 2013; Woodgate et al., 2@1&Rrighnan &
Coetzee (2013), examining data from a Coursera MOOC found that students who postedettya w
basis were very unlikely to dramt, whilst those who didn’t post were more likely to drop out but not as

likely as those whoidn’t read posts. Woodgate et al. (2015) examined data from six Coursera MOOCs
offered by the University of Edinburgh in 2013 and 2014 and found that learners who getsistin a
Statement of Accomplishment were more likely to have read a discussion forupr podtave posted
themselves than a learner who did not persist, and they were more likelyetaldvae it more often.
Breslow et al. (2013) found that although only 3% of learners participateMOQ@C discussion forum,

certificate earners used it much more, with 52% of certificate earners participating inuths. for

Engagement

Several studies suggest that social interaction and retention are related eeflbot a level of
motivation and engagement by the learner (e.g. Wen et al., 2014; Yang et al., 2018t #bng014).
Yang et al. (2013) examined data from a Coursera MOOC and found that late joiner# fhitficult to
integrate into the discussion forum, remaining at the periphery, and tended #&i pdstver rate than
those who joined earlier.arfg et al. (2014) examining data from three Coursera MOOCs, divided MOOC
learners into sub-communities based on the interest and focus of the dissuwssil found that drop
out/retention rate can be predicted by membership of these sub-communities. Thosewhaderpsess
lower levels of motivation and cognitive engagement, and are less comfortable with the coursegsrocedur
are more likely to drop out. Wen et al. (2014) reporting on further work fids team, found by
analysing discussion forum content, that the more personalised the posts by a stgdestjve of
higher cognitive engagement, the less likely they were to drop out. Ferguson &20ibY {n their work
exploring clusters of learners on four FutureLearn MOOCs suggest that thosesleaho make more

comments are generally more extensively engaged with the course, demonstrated by tkeierisses



being completed on time. Robinson (2011) however, suggests that discussion forums help to engage

students, rather than being a reflection of their level of engagement

MOOCsand isolation

Gasevic et al. (2014) report research that suggests that a lack of seraitioh can have a
negative impact and be one of the factors which leads to online and distance learmgrsstadated and
that such feelings may be more of a problem in MOOCSs, given‘thessiveness’. (Gasevic et al., 2014,
Muilenberg & Berge, 2001) It is thought that for distance learners, becomingfptonline learning
community can help alleviate these feelings of isolation, which Rovai (200®) foareases persistence,
although Hart (2012) suggests that these feelings of community and support atevehofthey don’t
persist from course to course. Much of the research on MOOCSs and the extent to which leamers com
has been derived from data from xMOOCs such as those developed on the Coursera platforrthatithi
platform, discussions take place in one or more forums, where learners can continue discithsibas w
same group of learners throughout the courses HittureLearn structure separates content and the
associated discussions into discrete ‘steps’, in order that the discussions take place alongside the content.

This means that the comments from step 1 are not connected to the comments in step 2etr. stée 3
existence of a ‘follow” function, howeverallows learners to keep track of educators’ and other learners’
posts. In this context, does a sense of community persist, evidenced by those whiopridgrassing
further in the MOOC?

In their highly influential work on communities of practice, Lave and Wenger (1991) asserted that
learning is a social process rather than something thaeiajust inside one’s own head. Reed et al.
(2010) use the term ‘social learning” when referring to the learning that occurs through social interaction
and processes between actors within a social network (Reed et al. 2010). Many othetgypested that
collaborative learning is valuable and positively influences student persistartattitudes towards
learning (Sharples et al., 2018tump et al., 2011). The FutureLearn approach has evolved from these

ideas of social learning and is informed, in particubgrLaurillard’s conversational framework, which



posits that a dialogue must exist between the learner and themselves, betweeneharidadeacher, and
between learners and other learners for learning to take place (Laurillard, BORE).Sharples,
Academic Lead for FutureLearn, arguést ‘the implementation of conversational learning on
FutureLearn habeen largely successful’ (Sharples, 2016, p.339), stating that 36% of learners engage in
social interaction on the platform (Sharples, 2016).

This study examines this approach more closely to assess firstly, whethesLBatn MOOC
learners participate in social learning by making comments and engagindjdfogue in the discussion
areas. Secondly, this study explores who the commenters are and who makes the most conaresnts, an
so far largely neglected when discussing the social interaction within theslkegiin MOOCS. In doing
so we hope to shed some light on the different commenting behaviours of learners within MOOCs. Morris
et al. (2015) explored the relationship between the demographic charactefisseseral thousand
FutureLearn MOOC learners and retention and found that learners who are oltdepriaitonline
experience, not working and having a degree or higher are more likely to cormulet of a MOOC.

This study will explore demographics to discover whether those groups otrhgamore likely to
complete, are the same as those who comment. Or are those learners who comment a different group with
different characteristics? Thirdly, this study will explore the relationshiywdmat social interaction and
engagement, in the form of completion. Does making comments have an impact on hésaioecs

stay in a MOOC, how far they progress through a MOOC? What about those leshoedon’t

comment? Are they unengaged with the MOOC and as a result drop out early?

Resear ch Questions

This study answers three research questions:

e 1: To what extent do FutureLearn MOOC learners make comments?

e 2: Who are the commenters, and who are the learners who make lots of cdlnments

e 3: Does making comments, and the number of comments made, have any relationship with

completion behaviour?



Method

This study uses two sources of data related to nine FutureLearn MOOCs developed by the
University of Leeds. The first source is a pre-course survey relating to deghars, motivation, prior
experience etc., which all learners are asked to complete. A second souaita isftte learner activity
within the MOOC. The two sources of data are combined via a unique learner ID. alierdhais study
were collected by FutureLearn and supplied to the University of Leeds. FutureLearn users are advised that
data collected on the platform may be used for research purposes, and this stumbnaveted in
accordance with the FutureLearn Code of Practice for Research Ethics. The study alsethaiakd
approval from the University of Leeds Ethics Committee. All data are complatelnymous and
individuals cannot be identified by the University of Leeds.

Previous work and preliminary analysis for this study has shown that diff®f®@OCs elicit
different learner behaviour and different MOOCs attract different typedearhers, sometimes
intentionally. For example, the Politics MOOC administered in the run up to the 20166dudKral
Election was marketed to AS level students, (a pre-university qualificatidre imain taken by 17-18
year olds) although other types of learners did take the MOOC. The mediahaafjee learners on this
MOOC is 21.5 years, whilst the first run of the World War 1 MOOC appeadpaogiiortionately to older
learners, having a median age of 50.5 years. Previous research has found thatroketer dem more
likely to complete more of a MOOC (Morris et al., 2015) and thus by inclualirapge of MOOCs we
hope to obtain a broader picture of commenting and completion behavior, not one based on a specific, and
possibly unrepresentative, cohort. We have included the nine University of Leeds MOOCs on the
FutureLearn platform for which data was available when we commenced this studyh lseeaon we
will provide results for the overall dataset from the nine MOOCs, ametevindividual MOOCs show
significant differencesve will report those too.Table 1 identifies the nine FutureLearn MOOCs irttlude

in this study, and the number of steps in each MOOC which have a discussion area.



Table 1

FutureLearn MOOC:s in this study and the number of steps with discussion areas

MOOC Year of | Abbreviated name | Steps  that

delivery allow

comments
(n)

Exploring Anatomy: The Human Abdomen | 2014 Anatomy 2014 66

Exploring Anatomy: The Human Abdomen | 2015 Anatomy 2015 37

World War 1: Changing Faces of Heroism | 2014 WWwW1 2014 37

World War 1: Changing Faces of Heroism | 2015 WW1 2015 36

Physical Theatre 2014 Actor 2014 46

Physical Theatre 2015 Actor 2015 32

Innovation: The Key to Business Success | 2014 Innovation 2014 45

Fairness and Nature: When Worlds Collide | 2014 WWC 2014 40

Politics 2015 Politics 2015 36

The abbreviated name will be used throughout this paper

Within these nine MOOCs there are six unique MOOCs, three of which have betmiagin
However, in all three reruns changes have been made to the content of the MOOC hetviesmmd run

2.

Participants

For the purposes of this paper the participants who are included in our dataset aieatimess who

complete at least two steps in any MOOC. We have categolitsecparticipants as ‘active learners’.



Table 2

Datasets used in this study

Dataset Number Research question/analysis

Active learners in nine MOOCs | 25316 RQ1(number of learners who comment)
RQ3 (relationship between being a commenter
completing)

Active learners who ar{ 8122 RQ1 (number of comments commenters make)

commenters RQ3 (relationship between number of comments n
and completing)

Active learners who completed| 5037 RQ2 (demographics of commenters and n

pre-course survey commenters)

Active learners who ar{ 2429 RQ2 (demographics of those who make fewest/n

commenters and completed comments)

pre-course survey

Superposters 1095 RQ1 (number of learners who make lots of comme
RQ3 (relationship between making lots of comme
and completion)

Superposters who completed| 445 RQ2 (demographics of those who make lots

pre-course survey comments)

Table 2 shows the datasets used to answer each of the research questions in thishgualgtiver
learners who make at least one eomt will be known as ‘commenters’ whilst those who make no
comments will be known as ‘non-commenters’. The total dataset contains 25,316 active learners, of
which 8,122 are commenter%,037 active learners (19.90%) across the nine MOOCs completed a pre-
course survey, and of these 2,429 are commenters.

Table 3

Number of commenters and non-commenters, and mean number of steps, by spomyers and non-
survey respondents

Survey respondents Survey non-respondents
n=25316 n=5037 n=20279
Commenters n (%) 2429 (48.2) 5693 (28.1)
Non-commenters n (%) 2608 (51.8) 14586 (71.9)
Total steps completed (mean, sd) 27.5 (sd = 19.9) 22.11 (sd = 20.2)
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Table 3 shows that survey respondents are more likely to be commenters than thosenshoathplete
a survey. The chi-square statisti £X751.820, df=1, p<0.090hows that this difference is significant.
Survey respondents also complete a higher mean number of steps than non-survey respondents. An
independent t-test shows this difference is significaft{X 199, df=7815.140, p<0.001) equal variances
not assumed. We recognise this as a limitation of the study but can only access thagtemdgta of
those who provided it in their survey responses, and we must take note thatiitsettpg higher median
number of comments in the demographics section than described when discussing the whelefsam
active learners in Table 4. This does not affect our analysis of the relaidretween commenting and
completion of steps as the whole sample of active learners is included itrespéctvhether they
completed a survey.
For the third research question, which examines completion and its relgtibms&gimmmenting,

learners have been categorized into four groups according to classifications adopted by FotureLear

Week one only - learners who only engaged in the first week of the course;

Returning learners - learners who complete the first week, and return to the second

week but do not complete the course;

Completers - learners who complete at least 50% of the steps and all of the assessment

(required by FutureLearn to be eligible for a certificate);

100% engaged - learners who complete all the steps and assessments.

Data analysis

Data were collated, organized and analysed using Microsoft Excel an®,38®8plore overall
trends and within MOOC differences. The analysis for this study has used a ratatisti€al tests. The
categorical demographic data has been analysed to compare commenters and non-commgritegs usi
chi-square test to look for group differences. The volume of comments data is skgwed and

therefore non-parametric tests have been used. Difference in volume of comments for gieanpers
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has been explored using Mann Whitney U. Where there are multiple groups of learners, for example when
the data set is split by employment status, their commenting behaviour has beerd arshg&ruskal-

Wallis test. Chi-square tests and independent t-tests have been used to assessé¢htat@ness of the
sample of survey respondents as a subset of the MOOC learner sample. Stitjeift@dnce has been

measured at the p<.05 level throughout.

Results

RQ1: To what extent do MOOC learners make comments?

Table 4

Extent to which active learners make comments within the nine MOOCs and overall

MOOC (year) Active Active % of active] Comments | Median

learners (n)| learners whg learners whg by active| comments

are are learners (n) | per
commenters | commenters commenter
(n) (n)

Anatomy (2014) 4382 989 22.6 4677 2.0

Anatomy (2015) 4100 766 18.7 3712 2.0

WW1 (2014) 2927 1342 45.9 11332 4.0

WW1 (2015) 1765 769 43.6 6802 4.0

Innovation (2014) | 5176 1955 37.8 12510 3.0

WWC (2014) 1256 605 48.2 3782 3.0

Actor (2014) 1436 573 39.9 3171 2.0

Actor (2015) 1525 568 37.2 3895 3.0

Politics (2015) 2749 555 20.2 3453 2.0

Overall 25316 8122 32.1 53334 3.0

The median has been calculated rather than the mean due to the higlelgl alatuve of the data.
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Of the 25,316 active learners, 8,122 (32.1%) make at least one comment. Table 4 shayp®therpof
learners who are commenters for each of the nine MOOCs, and shows that it vare=s1 BdOOCs.

The total number of comments made by active learners across these nine MOOCs isabigl 38

varies between MOOCs too. Most commenters tend to make a small number of cortimemisdian
number of comments is 3, whilst for individual MOOCs the median number of comraagesrfrom 2

to 4. These data suggest that even for those third of learners who malst abéde@omment, modbn’t

make many comments. However, a small number of commenters make lots of comments. (See Figure 1)

Figure 1. Number of comments made by active learners (all active learnerghoof ¢lae nine MOOCs
and overall

400

3004

Total comments

* *
200
* *
t * ]
*
100+ * -4 # k4 * i
* * * *
* *
A § "
*
* %

Anatomy Anatomy VW1 VWV Innovation VWWC Actor Actor Poltics ~ Overall
2014 2015 204 2015 2014 2014 2014 2015 2015

MOOC
The boxplots in Figure 1 show that all MOOC:Ss in this study and overall show a similar pattern in
this respect. Overall, 2,635 commenters (32.4% of all commenters) make one comment only and
1,185 commenters (14.6% of all commenters) make two comments only. There are also
commenters who make many commefig:. ‘superposters’ as Huang et al. (2014) call learners who

post most frequently, make tens and hundreds of comments (see Figline 19p 10% of commenters

make 16 comments or more; the top 5%, 23 comments or more, the top 1% 47 comments or more. 11
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commenters make over 100 comments and the highest number of comments by one learmagl®n a si
MOOC is 328. However, to be more rigorous we have taken a superposter to be the upper aabérs in
set of commenters for each MOOC. We have used the definition of an outiey &alue less than the
first quartile minus the interquartile range, or greater than the third lguals the interquartile range
(Horber, 2015). Using this definition, the number of superposters in the whole destd £&5 (13.48%

of all commenters) who made more than 13 comments.

RQ2: Who are the commenters, and who are the learners who make lots of cdmments

Table 5

Proportion of commenters, nhon-commenters and number of comments by demographiecbtcs dbr
the active learner sample of nine MOOCs

Commenter Non-commenter| Comments | Median
n=5037* n (%) n (%) (n) comments
(n)
Gender Male 878 (37.6) 887 (36.8) 7195 4
Female 1445 (61.9) 1497 (62.2) 12317 4
Under 18 158 (6.8) 310 (12.9) 628 2
18-25 years | 267 (11.4) 458 (19.1) 1253 2
26-35 years | 369 (15.8) 423 (17.6) 2710 3
Age 36-45 years | 324 (13.9) 314 (13.1) 2329 4
46-55 years | 424 (18.2) 340 (14.2) 4041 4
56-65 years | 467 (20.0) 346 (14.4) 4794 5
66+ years 325 (13.9) 211 (8.8) 3795 7
Work FT 840 (36.1) 875 (36.6) 6802 4
Employment | Work PT 422 (18.1) 393 (16.4) 3589 4
FT education | 315 (13.5) 576 (24.1) 1568 3
Not working | 750 (32.2) 547 (22.9) 7550 5
Less than
Prior high
education school/sec ed| 60 (2.6) 85 (3.6) 393 2
High
school/sec ed| 557 (24.0) 698 (29.4) 3392 3
Univ degree | 1026 (44.3) 992 (41.8) 8588 4
Univ masters | 574 (24.8) 482 (20.3) 5902 4
PhD 100 (4.3) 114 (4.8) 1131 6
Online Prior online | 1098 (47.3) 923 (38.9) 10499 4
experience | No prior
online 1223 (52.7) 1447 (61.1) 8894 3
UK 1432 (61.2) 1457 (60.9) 11716 3
Country Non-UK 907 (38.8) 935 (39.1) 7869 3

*n varies as not all survey respondents answered every question
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Age

The data in Table 5 show that commenters are more likely to be older than non-commentdtis. The ¢
square statistic shows this difference is significaft154.07, df=6, p<0.001). Standardised residuals (in
brackets) show that the significant difference is caused by more learners urfder) Ehd aged 18-25
(4.7) not commenting and more learners aged 46-55 (2.4), 56-65 (3.3) and 66 + (3.7) being asmmente
The data also show that older commenters make more comments. Kruskal Wallis test shows th

difference is significantyf=71.38, df=6, p<0.001

Employment status

Table 5 also shows that commenters are slightly more likely to work part-titm@ot work than

to work full time and much less likely to be in full-time education. €hiare shows this difference is
significant (?=109.125, df=3, p<0.001). Standardised residuals (in brackets) show that the significant
difference is caused by more of those in full-time education (5.9) not commenting amdfrtioose not
working (4.4) being commenters. Full-time workers and students who comment also enade f
comments than those working part-time or not at all. Using Kruskal Wallisyipa comparisons, the
adjusted values show that those in full-time education make signifidamtgr comments than all other
groups (p<0.001 for working full time and working part time, p<0.001 for ravkiwg) and those not

working make significantly more comments than those who work full time (p<0.001) .

Prior education

There is very little evidence to suggest that commenters are moretbkbly better educated.
Within the commenters group there is a slight tendency for those who are more@dacatke more
comments. Kruskal-Wallis test shows a significant differenge, 21.95, df=4, p<0.001), and pairwise

comparisons show that the significant difference is between those with a high schssmlondary
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education making fewer comments than those with a degree (p=0.002), masters (pe0.BOD

(p=0.004).

Prior online experience

Overall, commenters are more likely to have taken an online course previously and this difference
is significant {?>=33.44, df=1, p<0.001). A similar pattern is found for six of the nine MOOCs. However,
for three MOOCs (WW1 2015, WWC 2014 and Actor 2014), the proportion of commenters was highe
amongst those who had not previously taken a course online, although not sidyiicaiihe data also
show that commenters who have taken an online course previously tend to make more canuhtbigs
difference is significant (Mann Whitney U = 748,622.50, p<0.001).

The analysis also examined gender and country (UK vs. non-UK), but overall no significa

differences were found.

Superposters

We have already noted that most commenters don’t actually make very many comments, whilst a
substantial minority make lots of comments. Do théseerposters’ have similar demographic
characteristics to commenters generally? Amongst commenters who completed a pre-coeysbeyar
are 445 superposters and 1,984 commenters who are not superposters. Table 6 shows the different

demographic characteristics of these two groups.
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Table 6
Demographic characteristics of commenters, comparing superposters to non-supegosteradtive
learner sample of nine MOOCs

n=2429 Superposter Non-superposter
(n=445) (n=1984)
n (%) n (%)
Gender Male 168 (39.0) 710 (37.3)
Female 261 (60.6) 1184 (62.2
Under 18 8 (1.9) 150 (7.9)
18-25 years 21 (4.9) 246 (12.9)
26-35 years 49 (11.4) 320 (16.8)
Age 36-45 years 57 (133) 267 (14.0)
46-55 years 89 (20.7) 335 (17.6)
56-65 years 113 (26.3) 354 (18.6)
66+ years 93 (21.6) 232 (12.2)
Work FT 143 (33.3) 697 (36.7)
Employment Work PT 87 (20.2) 335 (17.7)
FT education 27 (6.3) 288 (15.2)
Not working 173 (40.2) 577 (30.4)
Less than high
Prior education | school/sec ed 5(1.2) 55 (2.9)
High school/sec ed| 75 (17.5) 482 (25.5)
Univ degree 190 (44.3) 836 (44.3)
Univ masters 136 (31.7) 438 (23.2)
PhD 23 (5.4) 77 (4.1)
Online Prior online 251 (58.9) 847 (44.7)
experience No prior online 175 (41.1) 1048(55.3)
UK 248 (57.5) 1184 (62.1)
Country Non-UK 183 (42.5) 724 (37.9)

The data in Table 6 show that superposters compared to other commenters arg=olt@896, df=6,
p<0.001, standardized residuals (in brackets) show that those under 18, (-3.9), 18-25 (-26)3&n@d
2.3) are less likely to be superposters, whilst those aged 56-65 (2.9) and 66+ (4.3) dilkeipdoebe
superposters. A significant difference is found for employment stafus 33,465 df=3, p<0.001).
standardized residuals (in brackets) show that those not working (2.9) arekelgriolbe a superposter
whilst those in full-time education (-4.1) are less likely to be a pager. There is a significant

difference by prior education® 25.073, df=4, p<0.001). Standardised residuals (in brackets) show that
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more superposters are likely to haweMaster’s degree (2.9) and be less likely to have secondary
education only (-2.8). Superposters are also more likely to have done a courséefoliag?= 28.228,

df=1, p<0.00). There is no significant difference based on gender or country.

RQ3: Does making comments, and the number of comments made, have any relationship wetltonomp
behaviour?

Morris et al. (2015) found that older learners, with a degree or higher, who asenkotg and
have done a course online previously are more likely to complete more of the MOO&w@ibas also
found that these learners are also more likely to make a comment or to comonenGiven that the
tendencies to comment, and to comment more, concur with the tendencies to complete, thilseraises

guestion as to what, if any, the relationship is between commenting and completing.

Table 7

Number and (percentage) of commenters and non-commenters in each of the completion groups, overall
n=25316 Commenter Non-commenter

Overall 8122 17194

Week 1 n (%) 2312 (28.5) 9243 (53.8)

Returning learner n (%) 2578 (31.7) 5428 (31.6)

Completer n (%) 728 (9.0) 660 (3.8)

100% n (%) 2504 (30.8) 1863 (10.8)

The completion groups of week 1, returning learner, completer and 100% areatigt atilinal as
returning and completer do overlap somewhat. However, generally the proportion of the MOOC
completed increases through these groups from week 1 to 100%. Figure 2 and shewlatian Table ;7
indicate that learners in the higher completion groups are more likddg tommenters and chi-square
shows this difference is significang® 2315.799, df=3, p<0.001). This pattern is found for each of the

nine MOOCs too (see Figuré.2
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Figure 2: Percent of active learners in each completion category for each MOOC, by commoenters/
commenters
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MOOC, by commenter and non-commenter

It is more difficult to assess the relationship between the number of @@ learner makes and
their completion category, because an individual commentanbi@sopportunity to make comments the
further they progress in a MOOC. The data in Table 8 support this showirthghaedian number of
comments made (by commenters) increases as the completion group increases. Kriiskadieg{al
(x>=1615.295, df=3, p<0.001) shows this difference is significant and pairwise comparisonshehow t

difference is significant in this direction between all completion groups.

Table 8

Median number of comments by each completion group

N=8122 Week 1 Returning learner | Completer 100%
(n=2312) (n=2578) (n=728) (n=2504)

Median no. off 1 3 5 6

comments
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Each MOOC has a different number of steps and thus a different number of steps need fdieccton
achieve 100% completion. In order to show the relationship between completion groups and volume of
comments made, each MOOC is shown separately in Figure 3. These graphs show that compéeting mor
steps is not consistently associated with an increase in comments (and s&e watil the number of

steps completed approaches the total number of steps in the MOOC. As total stepeda@ppleaches

100% the prevalence of those who make lots of comments, the superposters, increases greatly.

Figure 3: Scatterplots showing relationship between number of steps and number of comnaetitseper
learner who comments, on each MOOC, by completion group

Anatamy 2014 Anatomy 2015 WWw1 2014 Ww1 2015 Innovation 2014

WwcC 2014 Actor 2014 Actor 2015 Politics 2015

Figure 3 shows that the superposters tend to be in the 100% completion group, more than
any other completion group. The proportion of superposters in each MOOC who complete all of
the MOOC ranges from 53.6%, to 84.5%, (mean = &% 11.8). These active learners make
the most comments and complete every step. However, this is not to suggest that all learners who
complete all of the MOOC are makingdmf comments. There are a substantial proportion of

learners who complete 100% of the MOOC whilst making nho comments whatsoever. The
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complete dataset of active learners contains 4,367 learners who completed all the steps in their

MOOC. Of these 1,863 (42.7%) made no comments at all.

Discussion

The FutureLearn social constructivist approach emphasises the value that saeietiontdas
for the learning experience within their MOOCs and in order to facilitate rost steps within
FutureLearn MOOCs have a discussion area. This study has found that despite a strong emrduragem
for learners to get involved in the online discussions, most learners do not magenangnts and of
those learners who do post at least one comment, most make only a very small number of comments, with
47.0% of commenters making just one or two comments only. There are however, a smalloproporti
learners who make a lot of comments.

MOOC learners have a variety of motivations for enrolling on a cdtite® & Cheung, 2014),
some of which encourage social interaction. Zheng et al. (2015), use four categories € MOO
motivations in their research, one of whis ‘connecting with people’, and suggest that some learners
enroll on MOOC:s to find like-minded people with similar interests that tagyconnect with, and one
could suggest that those who enrol with this goal are more likely to get involdestirssions. However,
it is not so easy to predict commenting behaviour when the gdad iske to explore this subject area for
possible career change’ or ‘This subject is relevant to my academic field of study’ (both from the
FutureLearn pre-course survey). MOOC learners who do not complete the whole of therayussid
achieve their learning goal (Liyanagunawardena et al., 2014; Reich & Ho, 2014). The samefis true
commenting; learners can achieve their goals in a MOOC without making any comments at all.

The subject content of a MOOC, and the type of learners it attracts mayfatsalad extent to
which learners get involved in the discussions. For example, both runs of the WW1 kIQ{D&d a
relatively high number of comments and both also have an older cohort of learners, lzencevieund
that older learners are more likely to comment. Conversely, Politics 2015, whicimavksted to and

attracted many learners of school age, had the youngest cohort of learness,l@vveroportion of
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commenters and the lowest median number of comments. Previous research has shown th&bdnopout
MOOCs can often be caused by lack of time (Khalil & Ebner, 2014; Liu et al. Z0&byg et al. 2015),
and it seems reasonable to suggest that engaging in discussion forums may alsctdak pffime
constraints as those in full time occupations, working full time or intfiole education make fewer
comments. The 17-18 year olds in the Politics 2015 MOOC may have made fewer corbeganise
they’re younger and less confident, or it may be due to a lack of time due to prioritizing their ifioné t
studies. Those who are more highly educated may be more confident absuibjéed matter, or about
learning generally and believe they have something to offer to the discuskioh,makes such learners
more likely to make a comment. Alario-Hoyes et al. (2016) suggest that thosersgeaho make the
most comments sometimes take on the role of educatesamably feeling they are ‘expert’ enough in
the MOOC subject to take on such a role. Learners who have prior experience endits® anore likely
to make more comments, and this may also reflect a higher level of confideictederives from being
familiar with the environment and having had experience of commenting previoudligaiiet al.
(2013) found that cMOOC learners who were active in blogs and on Twitter werdikedyyto have
prior experience of participation in a cMOOC, whilst passive participants were not. They assert that ‘It
seems clear that learnersgnigarn how to learn in a cMOOC.” (2013: 156).This may well be the case for
FutureLearn MOOC learners too. Demographics of learners may go some way to explawof soene
different behavior of learners. Further research linking demographics, motivations ang iackd@OCs

is needed to shed further light on why some learners comment and why some do not.

In relation to the third research question, we found that learners who corhmentsimilar
demographic characteristics to those learners who complete more of the MOOC, andehsietisérong
relationship between being a commenter and completing. These findings concur withigporegearch
examining forum activity and retention (Balakrishnan & Coetzee, 2013; Breslaky 2013 Kizilcec et
al., 2013; Woodgate et al., 2015). However, for most commenters, those who makeyusbanments,
the volume of comments they make has only a weak relationship with complet®thdtsuperposters,

those active learners who make lots of comments, who are mmrehikely to complete. Without further
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analysis these relationships between commenting and completing cannot be said to be@aesat, it

is likely that similar characteristics which result in completion also make it mefg tdk comment; being
used to completing a course, being confident and self-assured, having experiencéypé tbfscourse
previously and having relatively more free time. It is digely that ‘engaged’ learners both comment

and complete. As Yang et al. (2014) have suggested, those students who express lowef levels
engagement are more likely to drop out. Is this the case in these MOOCs? Are ougntagm
completers more motivated than those wia’tdcomment and don’t complete? Or is the support they
receive from being socially interactive in the discussion areas kedmng focused and engaged to
complete the MOOC? This may well be the case for the superposters who are invadusthined
dialogue throughout the MOOC. However, for those who make just a few commentsyhasd
interactions cannot really be described as conversations and possibly having aniterexgderience to
non-commenters than superposters, are they falling away due to the unsustained natireanfighe
interaction and any support that may provide. For these learners, does a sensenafiritgaerist at all

or does it only exist in those steps in which they comment, making it even maotéiv@than Hart
suggest8 There is a small but significant proportion of those who go on to complete melsobtheir
MOOC who make no comments, a group who seemingly do not require support from educatws or ot
learners. The less educated, younger learners who are in full-time educatrbentgought to benefit
more from this kind of support and from social interaction than older, more educated learners. But it is the
older more educated learners making more comments. However, for most learn&rs ginsplistic to
describe the commenter / non-commenter groups as separate unrelated groups and safggetstive
and passive. This distinction does not take into account the other ways in whithrgeraction takes
place within MOOCSs; by reading posts, liking posts and following educators, mentorhantearners.

The commenters, and especially those who comment a lot, may well affecrthindeexperience of the
non-commenters. Those learners who choose to not comment may read many of the cpostexhts
they may like one or more posts, they may follow educators or other leanddsg doing so will almost

certainly feel more part of a learning community than the label of non-comraesuggests. The mere
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existence of the thousands of comments could make those non-commenters feel less isqlateitiand
them with what Hart (2012) caltincreased comfort” and a feeling of being part of a learning community.
Morris et al. (2005) found statistically significant differences in the amouiitnefgpent in engagement
activities between students who withdraw from a course and those who completegr aheéni
engagement activities include time spent reading as well as respondogggoBalakrishnan & Coetzee
(2013) found that students who did not read forum posts were more likely todras the course
progressed, whereas viewing just one thread a week made a student much mote bk&y. They
suggest that students can participate actively in the course withoubgtingy to a forum and suggest
that not making comments is not the greatest predictor of dropout, not reaimgsth more important
factor. Younger, less educated learners might well be getting the support they nedeégeéind af being

in a social community by doing precisely these things but without actually commenting themselves

Limitations

Unfortunately, at this time we do not have access to data relatifg textent to which non-
commenters (or commenters) read comments made by others, whether they like commeriig made
others or whether they follow other learners. Data of this nature woultipromore evidence about the
behaviour of non-commentetsid those who don’t comment somuch. How passive are they? It is likely
that it varies, with some non-commenters being very active within the G1&@ others less so. This is
research for the future when this type of data becomes available.

We also found that those learners who completed a pre-course survey are morto likely
commenters and to have completed more of the MOOC than non-respondents. We recognise this is a
limitation of the study in respect of the demographic analysis carried out tdeedescription of who
comments and who is more likely to complete a MOOC, although when comparing one demographic

group with another, they are all from the dataset of survey responderitauaritiis factor is present for
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all in this subset. Also this does not affect the analysis for RQ1 or RQ3 as theddétlst used, not the

sub-set of pre-course survey respondents

Conclusion

This study has found that around a third of FutureLearn active learners post at leastimeat;
of whom most make just a handful of comments. However, a small number of leaalersnany
comments. The study has found that older learners who work part-time or natrat @lbre likely to be
commenters, and those who are older, working part-time or not at all, arecoieitated and have prior
online experience make the most comments, and are very much more likely to be supeffiestaudy
has also found that there is strong relationship between those who commletsteps in a MOOC and
being a commenter, and in particular there is a strong relationship between being a supanpost
completing all of the steps in a MOOC. This is a first step in undersguide relationship that social
interaction within a MOOC has on engagement in the form of completing a MOOCIlimita¢gions of
this study related to other kinds of activity within MOOCSs, sucleading, liking and following will be

able to be overcome when this data becomes available, hopefully in the near future.
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